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Abstract

Culturally grounded speech remains underrepresented in existing Automatic Speech Recognition (ASR) resources
for Indian languages. We introduce Konkani Daan, a community-driven initiative to collect culturally representative
Goan Konkani speech via a participatory web platform, currently comprising over 43.9 hours of 16 kHz recordings
with region-specific metadata. To evaluate real-world language coverage, we test a strong Indian multilingual ASR
model, Al4Bharat IndicConformer-600M, in zero-shot mode on the Konkani Daan development set (379 utterances),
obtaining a Word Error Rate (WER) of 46.46% and Character Error Rate (CER) of 15.47%, indicating substantial
domain and cultural mismatch despite nominal support for Konkani. We additionally evaluate a previously developed
Konkani ASR model in a cross-corpus setting and conduct a qualitative error analysis of outputs from both systems,
identifying recurring challenges including compound-word segmentation, digit-word normalisation, named-entity
distortion, and orthographic variation. These findings highlight the need for culturally informed resource design and
normalisation-aware evaluation for low-resource Indian languages.

Keywords: Automatic Speech Recognition, Low-Resource Languages, Konkani Corpus, Multilingual Speech Models,
Cultural Linguistic Variation, Word Error Rate, Domain Adaptation

1. Introduction domain coverage.
In this work, we introduce Konkani Daan, a
Indian languages are characterised by rich morphol-  community-driven initiative for collecting culturally
ogy, dialectal diversity, oral traditions, and culturally  representative speech data through a participatory
embedded lexicons shaped by regional history, re-  web platform developed at the Vidyapati Lab, Goa
ligion, governance, and everyday social practice.  University. The corpus currently comprises over
Despite recent advances in multilingual Automatic ~ 43.9 hours of 16 kHz speech recordings in Devana-
Speech Recognition (ASR) that have significantly  gari script, enriched with region-specific metadata
expanded language coverage across Indian lan-  within Goa. By preserving authentic transcription
guages (Baevski et al., 2020; Gulati et al., 2020;  practices, including compound segmentation vari-
Anand et al., 2023), most large-scale speech mod-  ability and digit word alternation, the dataset inten-
els are trained on curated or domain-constrained  tionally reflects real-world linguistic usage rather
corpora. Prior work in low-resource speech pro-  than aggressively normalised forms, aligning with
cessing has shown that domain mismatch and lim-  calls for culturally informed data documentation and
ited in-domain data substantially affect recognition  resource design (Bender and Friedman, 2018).
performance (Besacier et al., 2014). As a result, To assess the impact of culturally grounded
culturally dense and community-level speech vari-  data on recognition performance, we evaluate
eties, particularly those reflecting localised named  a strong multilingual model, Al4Bharat Indic-
entities, compound constructions, mixed numeric ~ Conformer 600M (Anand et al., 2023), in zero-
formats, and contact-induced vocabulary, remain  shot mode using Connectionist Temporal Classifi-
underrepresented in existing training data. cation (CTC) decoding (Graves et al., 2006) on the
Konkani, the official language of Goa and a con-  Konkani Daan development set (379 utterances).
stitutionally recognised language of India, presents  The model achieves a Word Error Rate (WER)
a compelling case for culturally grounded speech  of 46.46% and a Character Error Rate (CER) of
resource development. Goan Konkani exhibits ~ 15.47%, indicating substantial domain and cultural
significant intra-state variation, morphological rich-  mismatch despite nominal support for Konkani.
ness, and lexical influence from Portuguese and  Through qualitative error analysis, we show that
neighbouring Indo-Aryan languages. Everyday recognition discrepancies frequently arise from
speech frequently includes temple names, admin-  compound boundary variation, differences in nu-
istrative terminology, historical references, and  meric normalisation, distortion of culturally specific
region-specific expressions that are rarely captured  named entities, and orthographic flexibility typical
in generic multilingual corpora. Consequently, nom-  of community-generated text.
inal language support in multilingual ASR systems This work foregrounds cultural specificity as a
does not necessarily imply adequate cultural or  core design principle in corpus creation and evalu-
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ation for low-resource Indian languages. Our con-
tributions are threefold: (i) we introduce a culturally
grounded, community-collected speech corpus for
Konkani; (ii) we provide baseline evaluation us-
ing a strong multilingual ASR model; and (iii) we
analyse culturally driven error patterns to motivate
normalisation-aware and culturally informed evalu-
ation strategies for low-resource Indian languages.

Paper Structure: The remainder of this paper
is organised as follows. Section 2 introduces the
Konkani Daan initiative and describes the corpus
design, data-collection methodology, and quality-
control procedures. Section 3 presents the experi-
mental setup and baseline ASR evaluation. Sec-
tion 4 provides a qualitative error analysis highlight-
ing culturally driven recognition challenges. Sec-
tion 5 discusses implications and future research
directions. Section 6 presents the ethics and data
governance statement. Section 7 concludes the

paper.

2. Related Work

Recent advances in self-supervised learning and
multilingual speech modelling have significantly
improved Automatic Speech Recognition (ASR)
for low-resource languages. Models such as
Wav2Vec 2.0 (Baevski et al., 2020) and Conformer
(Gulati et al., 2020) have demonstrated strong
performance across diverse speech recognition
benchmarks. Building on these approaches, the
Al4Bharat IndicConformer model (Anand et al.,
2023) introduced large-scale multilingual ASR for
Indian languages, aiming to expand language cov-
erage across the Indian linguistic landscape.

Despite these advances, domain mismatch re-
mains a major challenge in low-resource speech
recognition (Besacier et al., 2014). Recent work in
self-supervised and multilingual ASR has shown
that models trained on large, curated corpora often
degrade in performance when applied to out-of-
domain or conversational speech (Baevski et al.,
2020; Radford et al., 2023). This limitation is partic-
ularly relevant for Indian languages, which exhibit
substantial dialectal variation, orthographic flexibil-
ity, and culturally embedded vocabulary.

In parallel, the NLP community has increasingly
emphasised the importance of culturally grounded
data collection and documentation. Bender and
Friedman (Bender and Friedman, 2018) argue
for better documentation and contextualisation of
language resources to ensure responsible and
representative language technology development.
Within the Indian-language context, several initia-
tives have focused on building speech and text
resources; however, community-driven, culturally
embedded speech corpora remain limited.
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For Konkani specifically, available speech re-
sources remain limited in scale and diversity, and
existing datasets are primarily oriented toward
benchmark-style ASR experimentation rather than
community-driven, culturally grounded data collec-
tion. Prior work has relied largely on curated or
institutionally collected corpora, whereas partici-
patory platforms incorporating regional metadata
and culturally embedded vocabulary remain rela-
tively scarce. Konkani Daan is intended to com-
plement these earlier efforts by emphasising de-
centralised collection, community participation, and
representation of real-world linguistic variation in
Goan Konkani.

Our work contributes to this area by introducing
a participatory, culturally grounded speech corpus
for Konkani and evaluating multilingual ASR sys-
tems under cross-corpus conditions. By focusing
on culturally dense community speech and quali-
tative error analysis, we complement existing mul-
tilingual ASR research and highlight the need for
normalisation-aware evaluation in low-resource set-
tings.

3. The Konkani Daan Initiative and
Corpus Description

Konkani Daan(KD) is a community-driven speech
data collection initiative developed under the Vidya-
pati Lab at Goa University. Designed as a partici-
patory platform, the initiative enables native speak-
ers to contribute speech recordings through a web-
based interface, thereby decentralising speech re-
source creation and foregrounding community in-
volvement. Community-driven and participatory
approaches to language data collection have been
increasingly recognised as essential for the devel-
opment of low-resource languages and for equi-
table NLP resource creation (Bird, 2020; Joshi et al.,
2020). In contrast to centrally curated corpora,
Konkani Daan explicitly seeks to capture culturally
grounded, regionally diverse speech reflective of
everyday communication in Goa.

Speech in Konkani Daan is collected primarily
through a prompted reading interface rather than
spontaneous conversation. Contributors log into
the platform, view text prompts displayed on the
screen, and record themselves reading randomly
assigned utterances using their own devices. The
prompts are drawn from a curated pool of culturally
grounded textual material sourced from existing
linguistic and speech resources, including exam-
ple sentences from the Konkani WordNet corpus
(Prabhugaonkar et al., 2017) (32,804 sentences)
and the DMU dataset (Al4Bharat, 2022) devel-
oped by Al4Bharat (31,894 sentences). These
sources collectively provide a diverse range of cul-
turally relevant content, including administrative ref-



Statistic Value
Total speech collected 43.9 hours
Total onboarded contributors 42
Active contributors (>50 recordings) 18

Highest individual contribution

Lowest (within active group) 55 recordings

1450 recordings

Table 1: Participation statistics for Konkani Daan.

erences, historical narratives, devotional expres-
sions, region-specific place names, and commonly
used named entities relevant to Goan Konkani us-
age. In this way, culture-specific vocabulary is in-
corporated directly through prompt design and se-
lection during data collection rather than added
retrospectively through post hoc annotation. The
resulting dataset therefore reflects read speech with
culturally embedded lexical content rather than free
conversational speech.

A distinctive feature of the platform is the integra-
tion of region-specific metadata collection. Contrib-
utors are requested to indicate the region of Goa
to which they belong, enabling the corpus to re-
flect intra-state dialectal variation. Goan Konkani
exhibits phonological, lexical, and prosodic differ-
ences across regions, and associating speech sam-
ples with speaker-region information supports fu-
ture dialect-aware analysis and region-sensitive
ASR adaptation. Prior research has demonstrated
that dialectal variation significantly impacts ASR
performance and that metadata-aware modelling
improves robustness (Koenecke et al., 2020; Ragni
et al., 2014). By embedding regional metadata into
corpus design, the initiative aligns with culturally
informed language resource development.

As of the time of writing, the platform has on-
boarded 42 contributors and collected approxi-
mately 43.9 hours of speech. This corresponds
to an average of roughly 1.05 hours of recorded
speech per onboarded participant, although the dis-
tribution of contributions is uneven, with a smaller
active group accounting for a substantial portion
of the recordings. The corpus currently consists of
prompted speech recordings rather than conversa-
tional dialogue.

Audio quality control is integrated directly into
the data capture interface. The platform performs
real-time environmental sound monitoring before
recording and provides contributors with feedback
on ambient noise levels. Capture-time screening of
acoustic conditions is a recommended best practice
in speech corpus development to ensure baseline
recording quality in distributed data collection set-
tings (Besacier et al., 2014). All audio is collected at
a sampling rate of 16 kHz in WAV format to ensure
compatibility with contemporary ASR frameworks.

Transcripts are provided in Devanagari script and
reflect authentic community writing practices. The

27

corpus content includes culturally embedded ma-
terial such as administrative references, historical
narratives, devotional expressions, region-specific
place names, temple names, and vocabulary influ-
enced by Portuguese and English language con-
tact. As a result, the dataset captures morphologi-
cal constructions and culturally specific lexicon that
are often underrepresented in large multilingual
training datasets (Bender and Friedman, 2018).

At the time of writing, the corpus comprises over
43.9 hours of collected speech data. For experi-
mental purposes, the dataset was partitioned into
training, development, and test splits. Before ex-
perimentation, preliminary structural validation was
performed, including transcript presence checks
and audio-text pairing verification for the evalua-
tion subset. Comprehensive manual transcription
verification remains ongoing as part of the corpus
expansion process.

Notably, the Konkani Daan corpus intentionally
preserves community transcription characteristics
rather than enforcing aggressive normalisation.
Naturally occurring orthographic variation is re-
tained to reflect authentic usage. Such decisions
align with emerging calls for documentation-aware
and culturally grounded corpus design in NLP (Ben-
der and Friedman, 2018; Bird, 2020).

We note that Konkani is written in multiple scripts
across different communities, including Devanagari,
Roman, Kannada, Malayalam, and Perso-Arabic.
In the present work, transcription is restricted to
Devanagari because it is widely used in institutional
and educational contexts in Goa and provides a
practical starting point for corpus development and
ASR evaluation. We acknowledge that this choice
does not capture the full script diversity of Konkani,
and future extensions of the platform will explore
multi-script support and script-sensitive interfaces.

4. Experimental Setup and Baseline
Evaluation

To assess the robustness of contemporary mul-
tilingual ASR systems on culturally grounded
Konkani speech, we evaluated two systems: (i)
a strong multilingual zero-shot baseline, Al4Bharat
IndicConformer-600M (Anand et al., 2023), and (ii)
a Wav2Vec2-based model (Baevski et al., 2020)
trained and adapted using available Konkani cor-
pora and further fine-tuned with Konkani Daan data.

The evaluation was conducted on the develop-
ment split of the Konkani Daan corpus, consisting
of 379 utterances. All recordings were collected
at 16 kHz in WAV format and evaluated in mono
configuration. Recognition performance was mea-
sured using standard Word Error Rate (WER) and
Character Error Rate (CER), which are widely used
metrics in automatic speech recognition evaluation



(Graves et al., 2006). Only minimal normalisation
(whitespace and punctuation standardisation) was
applied to preserve naturally occurring orthographic
variation in community transcripts.

4.1. Zero-Shot Multilingual Baseline

The Al4Bharat IndicConformer-600M multilingual
model (Anand et al., 2023) was evaluated in zero-
shot mode using Connectionist Temporal Classifi-
cation (CTC) decoding (Graves et al., 2006) with
the language code set to kok. Despite nominal
support for Konkani within the multilingual training
framework, the model achieved: IndicConformer
(zero-shot): WER = 46.46%, CER = 15.47%.

These results indicate substantial domain and
cultural mismatch between the multilingual pre-
training data and the culturally dense speech pat-
terns present in the Konkani Daan corpus. Prior
work has shown that domain mismatch signifi-
cantly affects ASR performance, particularly in low-
resource settings (Besacier et al., 2014). The rel-
atively high WER suggests that compound con-
structions, named entities, digit-word alternations,
and region-specific vocabulary significantly affect
recognition accuracy.

4.2. Konkani-trained Wav2Vec2 Model

We additionally evaluated a Wav2Vec2-based ASR
system (Baevski et al., 2020) that had been previ-
ously developed and trained in earlier work (Shiv-
olkar et al., 2026) on a combination of available
Konkani speech corpora (Kunchukuttan et al., 2020;
Srinivasan et al., 2023; Prasad et al., 2023) and
subsequently adapted using domain-relevant data.
Importantly, this model was not trained jointly on
the full combined dataset used in the current
experimental setting. The results reported here
correspond strictly to evaluation on the Konkani
Daan development split (379 utterances), without
additional retraining for this specific configuration.

On this development set, the Konkani-trained
model achieved: Wav2Vec2 (Konkani-trained),
KD eval only): WER = 49.56%, CER = 15.84%.

These results reflect cross-corpus evaluation per-
formance and should not be interpreted as perfor-
mance after unified multi-corpus training, including
the full KD dataset. Although the model had prior
exposure to related Konkani data, recognition ac-
curacy remains challenging under strict token-level
evaluation on culturally grounded speech.

Qualitative inspection suggests that many mis-
matches arise from orthographic variation, differ-
ences in compound boundaries, and digit-word nor-
malisation rather than from complete semantic mis-
recognition.
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Model WER (%) CER (%)
IndicConformer (zero-shot) 46.46 15.47
Wav2Vec2

(Konkani-trained,

evaluated on KD) 49.56 15.84

Table 2: Evaluation performance on the Konkani
Daan development set (379 utterances). The
Wav2Vec2 model was trained on previously avail-
able Konkani corpora and evaluated on Konkani
Daan in a cross-corpus setting without additional
fine-tuning.

4.3. Comparative Summary

The comparable CER values across systems in-
dicate that many word-level discrepancies are at-
tributable to token boundary variation and ortho-
graphic flexibility rather than severe character-level
corruption. This observation motivates deeper qual-
itative analysis of culturally driven error patterns and
supports the need for normalisation-aware evalua-
tion metrics.

5. Qualitative Error Analysis and
Cultural Patterns

To better understand the interaction between cultur-
ally grounded speech and ASR performance, we
conducted a qualitative analysis of recognition out-
puts from both the zero-shot IndicConformer model
and the Konkani-trained Wav2Vec?2 system. Rather
than focusing solely on aggregate WER values, we
examined recurring error types to identify patterns
specific to culturally embedded Konkani speech.

Our analysis reveals four major categories of
culturally driven recognition challenges: (i) com-
pound word segmentation and boundary variation,
(il) numeric and date normalisation differences, (iii)
distortion of culturally specific named entities, and
(iv) orthographic and loanword variation.

5.1.

Compound Word Segmentation and
Boundary Variation

Konkani frequently employs compound construc-
tions that may be written either as single lexical
units or as separated components. Community
transcripts preserve this variability. For example:
Compound boundary.

REF: SieTereet
HYP: SieT Tregt

The compound form is segmented into two to-
kens in the hypothesis, and minor orthographic

variation is observed in (& V8 HIT) g0k dif-



ferences inflate WER under strict token-level com-
parison despite limited semantic divergence. This
pattern suggests that culturally grounded corpora
require evaluation metrics sensitive to compound
variation and boundary flexibility.

5.2. Numeric and Date Normalisation

Digit-word alternation is another prominent source
of mismatch. For instance:

REF: 8 3ifaciar 2010
HYP: 3713 3ifacIeR S &R &1

The hypothesis represents numeric values in spo-
ken word form rather than digit format. Although
semantically equivalent, this variation results in sig-
nificant WER penalties. Similar patterns were ob-
served for administrative identifiers and year ref-
erences. These findings motivate the adoption of
normalisation-aware evaluation (nWER) that ac-
counts for acceptable numeric representation vari-
ants.

5.3. Culturally Specific Named Entities

The corpus contains region-specific temple names,
place names, and administrative references that
are deeply embedded in the Goan cultural context.
Recognition errors frequently occur in such cases.
For example:

REF: hedT0IaR Sda3T
HYP: fopeTToToER Saost

Minor phonetic substitutions or vowel shifts in
named entities can substantially affect word-level
scoring. These entities are often absent from
large multilingual training corpora, which increases
recognition difficulty. This highlights the need for
culturally informed lexicons and domain-aware lan-
guage modelling.

5.4. Loanwords and Contact-Induced
Vocabulary

Goan Konkani reflects extensive lexical borrow-
ing resulting from centuries of Portuguese colonial
administration and subsequent English influence
in trade, governance, education, and media. As
a result, many English-origin administrative and
commercial terms are routinely used in everyday
speech, phonologically nativised, and written in De-
vanagari script. These borrowed forms often lack
standardised orthographic conventions, leading to
variation across speakers and transcription prac-
tices.

Such contact-induced vocabulary poses chal-
lenges for multilingual ASR systems, which may
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not adequately model the phonetic realisation of
these adapted loanwords. For example:

REF: SRS
HYP: TRE

In this example, the English loanword " ‘T "

(“import”) is recognised as "YH¢ ", reflecting partial
phonetic matching but substantial lexical distortion.
This type of error indicates that the model captures
coarse acoustic patterns but struggles to correctly
map them to culturally specific borrowed vocabu-
lary that is underrepresented in multilingual training
corpora.

These observations highlight the importance
of incorporating culturally informed lexicons and
domain-adapted language models when working
with community-collected speech that reflects real-
world multilingual contact.

5.5. Orthographic and Minor
Morphological Variation

A substantial portion of mismatches arises from
small orthographic shifts, spacing differences, or
morphological inflexion changes rather than seman-
tic misrecognition. The similarity of CER values
across systems (approximately 15.47%) supports
this observation, suggesting that many errors occur
at the word boundary or tokenisation level rather
than at the character sequence level.

5.6. Implications for Culturally Grounded

ASR Evaluation

Taken together, these patterns demonstrate that
standard WER conflates multiple sources of varia-
tion, including acceptable orthographic alternatives,
numeric format differences, and culturally specific
lexical items. While such variability presents gen-
uine modelling challenges, it also reflects the au-
thenticity of community-driven corpora. Therefore,
culturally grounded speech resources require evalu-
ation methodologies that incorporate normalisation
strategies and culturally informed lexicons to distin-
guish between semantic errors and orthographic
divergence.

These patterns collectively suggest that cultur-
ally grounded corpora challenge not only acoustic
modelling but also the orthographic standardisa-
tion assumptions embedded in multilingual ASR
systems.

6. Discussion and Future Directions

The findings of this study highlight the critical im-
portance of culturally grounded resource design in



low-resource speech technology. Although large
multilingual ASR systems such as IndicConformer
(Anand et al., 2023) nominally support a wide range
of Indian languages, zero-shot evaluation on the
Konkani Daan corpus reveals substantial perfor-
mance degradation when confronted with region-
specific vocabulary, compound constructions, digit-
word alternations, and culturally embedded named
entities. Prior work has shown that domain mis-
match significantly affects ASR performance in low-
resource contexts (Besacier et al., 2014). These
results suggest that language coverage alone does
not guarantee cultural coverage.

The comparatively high WER observed across
both evaluated systems underscores the intrinsic
complexity of community-driven speech data. Un-
like curated broadcast or read-speech corpora,
Konkani Daan reflects authentic linguistic usage,
including orthographic flexibility, morphological rich-
ness, contact-induced lexical forms, and informal
punctuation practices. Such variation aligns with
broader concerns regarding representational bias
and under-documentation in NLP datasets (Joshi
et al., 2020; Bender and Friedman, 2018). While
these characteristics pose challenges under strict
token-level evaluation, they are essential for cap-
turing real-world speech variability. In this sense,
the corpus intentionally prioritises representational
authenticity over aggressive normalisation.

The similarity in Character Error Rate (CER)
across systems further suggests that many recog-
nition discrepancies occur at token boundaries or
involve minor orthographic variations rather than
complete lexical substitutions. This observation
motivates the exploration of orthography-aware nor-
malisation and evaluation strategies. Recent dis-
cussions in ASR research have emphasised the
limitations of raw WER as the sole evaluation metric
and advocate for linguistically informed alternatives
(Morris et al., 2004). Future work will investigate a
normalisation-aware Word Error Rate (hWER) that
accounts for digit-word equivalence, compound
segmentation variation, and standardised spelling
mappings. Such approaches may provide a more
linguistically grounded assessment of recognition
performance in culturally diverse contexts.

Another promising direction involves incorporat-
ing culturally informed lexicons and expanding lan-
guage models. Named entities specific to Goan re-
gions, temple names, administrative identifiers, and
contact-influenced vocabulary could be integrated
into decoding frameworks to improve robustness.
Additionally, leveraging the regional metadata col-
lected through the Konkani Daan platform may en-
able dialect-aware modelling or region-sensitive
adaptation strategies, an approach shown to im-
prove ASR fairness and robustness across speaker
communities (Koenecke et al., 2020).
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Beyond ASR performance, the broader contribu-
tion of Konkani Daan lies in its participatory method-
ology. Community-driven data collection has been
increasingly recognised as essential for equitable
and sustainable language technology development
in low-resource settings (Bird, 2020). By engaging
speakers across Goa and capturing region-specific
linguistic variation, the initiative demonstrates a
scalable model for culturally anchored speech re-
source development.

In summary, the results presented in this pa-
per demonstrate that culturally dense, community-
collected speech corpora reveal limitations in cur-
rent multilingual ASR systems while simultane-
ously offering opportunities for linguistically in-
formed modelling innovations. Addressing these
challenges requires not only architectural improve-
ments but also evaluation frameworks and resource
design principles that centre on cultural variability
as a primary consideration.

7. Ethical Considerations and Data
Access

Konkani Daan is a community-driven speech data
collection initiative designed with voluntary partici-
pation and transparency as core principles. Contrib-
utors register on the platform and provide informed
consent before submitting recordings. Participa-
tion is optional, and contributors may choose the
content they wish to record.

During registration, limited demographic and re-
gional metadata are collected to support research
on dialectal variation and fairness in ASR systems.
These may include the region within Goa and basic
speaker information. The collection of such meta-
data is intended solely for research purposes and
to enable dialect-aware and bias-aware modelling.
No personally identifiable information is released
with the dataset.

The platform performs real-time environmental
noise monitoring to ensure recording quality at the
time of capture. The dataset is intended strictly for
academic and research use in low-resource speech
technology.

To protect contributor privacy and ensure respon-
sible usage, the Konkani Daan dataset is **not pub-
licly downloadable**. Access to the data is provided
**on a request basis*™*, subject to review and au-
thentication at the administrative level of the hosting
institution. Approved users must agree to ethical
and non-commercial usage guidelines before re-
ceiving access to the data.

8. Conclusion

In this paper, we introduced Konkani Daan, a
community-driven, culturally grounded speech cor-



pus developed under the Vidyapati Lab at Goa
University. The corpus, comprising over 43.9 hours
of Goan Konkani speech with region-specific meta-
data, captures authentic linguistic variation includ-
ing compound constructions, digit-word alterna-
tions, culturally embedded named entities, and
contact-influenced vocabulary.

Through zero-shot evaluation of a strong mul-
tilingual ASR model (IndicConformer-600M) and
comparison with a Konkani-trained Wav2Vec?2 sys-
tem, we demonstrated that culturally dense speech
presents significant recognition challenges. De-
spite nominal language coverage, the zero-shot
multilingual model achieved a WER of 46.46% on
the Konkani Daan development set, indicating sub-
stantial domain and cultural mismatch. Qualita-
tive analysis revealed that many mismatches stem
from differences in compound segmentation, nu-
meric normalisation, named-entity distortion, and
orthographic variation, rather than purely semantic
recognition failure.

Our findings underscore the importance of cul-
turally informed resource development and eval-
uation methodologies for low-resource Indian lan-
guages. Future ASR research should incorporate
normalisation-aware metrics, culturally grounded
lexicons, and dialect-aware modelling strategies to
more accurately assess and improve recognition
performance in real-world settings.

By centring community participation and regional
diversity, Konkani Daan provides both a practical
speech resource and a conceptual framework for
integrating cultural specificity into language technol-
ogy development. The Konkani Daan corpus will be
progressively released to the research community
following ongoing validation and ethical review.
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