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Abstract
As previous research on annotator disagreement in discourse phenomena has shown, understanding text
coherence varies considerably from one individual to another. To explore this phenomenon, we created two
corpora with multiple annotations of Czech texts, accompanied by annotators’ explanations of their choices.
The first corpus consists of 1,024 contexts annotated in parallel by three annotators. It captures differences
in the identification of coreference across various text types and grammatical-semantic categories, including
pronouns, full noun phrases, and anaphoric adverbials. The second corpus comprises 512 contexts, annotated
in parallel by five annotators, and focuses on identifying discourse relations in attributive and non-attributive
constructions. Both corpora achieve a comparable inter-annotator agreement of approximately 60-65%. For
coreference annotation, agreement tends to be lower in cases where automatic coreference resolution models
disagree, suggesting that when the models disagree, the examples tend to be more difficult or ambiguous for
human annotators to interpret. The annotators’ comments, both for coreference and discourse relations, further
reveal differences in interpretation, varying levels of confidence in text understanding, and individual reading strategies.
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1. Introduction

During our long-term development of corpora fo-
cused on discourse relations, coreference, and in-
formation structure, we observed that certain lin-
guistic phenomena tend to produce lower inter-
annotator agreement than others. This observation
aligns with a growing body of research on anno-
tation evaluation taking into account different per-
spectives (Basile et al., 2021) and Human Label
Variation (HLV, Plank, 2022), which suggests that
disagreement in NLP is often a reflection of inher-
ent linguistic complexity rather than mere noise. It
is possible to identify several factors that appear
to contribute to this variation, ranging from the pol-
ysemy of synsemantic signals to word order pat-
terns (see, e.g., Zikanova, 2024). Furthermore,
annotator-related factors, such as the subjective
perception of the relative importance of text seg-
ments, play a significant role. Such interpretative
diversity is well-documented in large-scale projects;
for instance, Poesio et al. (2020) and Recasens et
al. (2010) have consistently observed that ambigu-
ity in textual meaning naturally reduces agreement
in coreference tasks.

In the present paper, we introduce two cor-
pora created to investigate human label variation.
Hlava Cor (Human Label Variation in Coreference
(Nedoluzhko et al., 2026)) contains annotations of
coreference and focuses on human label variation
related to genericity, subjectivity and underspecifi-
cation. Hlava AD (Human Label Variation in Attri-
bution and Discourse (Sérka Zikénova et al., 2024))
comprises annotations of discourse relations in at-
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tributive and non-attributive constructions.

In developing these corpora, we took into ac-
count various hypotheses about the possible
causes of annotation disagreement, based on our
previous annotation experience and analyses. For
the coreference corpus, we specifically distinguish
generic and specific expressions, as well as dif-
ferent grammatical-semantic categories, including
pronouns, full noun phrases, and anaphoric ad-
verbials. We further hypothesize that coreference
resolution models may partially predict cases of
underspecification, in the sense that where models
disagree, human annotators are also likely to find
the interpretation of coreference relations problem-
atic (see Section 4.3 and 4.4).

For discourse relations, we assume that in texts
with larger segments of direct or indirect speech,
it may be more difficult for recipients to recognize
which of the upcoming sentences are still related
to the direct/indirect speech (see Section 5).

We argue that multiple annotation, and espe-
cially the detailed comments accompanying each
annotation, provide rich material for investigating
the reasons and nuances of human label variation,
enhancing our understanding of how people inter-
pret texts differently. We understand our corpora
as datasets providing many types of commented
structures, and thus serving as a base for future
psycholinguistic experiments dealing with special
cases. Furthermore, these corpora may serve as
reference datasets for evaluating the reliability of
previously single-annotated corpora.
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2. Related Work

The interpretation of linguistic meaning is never
entirely fixed or uniform; it is shaped by context,
perspective, and the inherent ambiguity of natu-
ral language. This fundamental indeterminacy in-
fluences all levels of linguistic analysis, including
discourse and coreference annotation, where hu-
man judgments often diverge even under detailed
annotation guidelines. Researchers in discourse
annotation address this challenge in different ways.
For example, Marchal et al. (2022) discuss meth-
ods evaluating annotation quality across multiple
annotators. Building on the "ecologically valid" ex-
planations introduced by Jiang et al. (2023), recent
work by Weber-Genzel et al. (2024) utilizes a two-
round annotation procedure where participants jus-
tify their label choices through natural language
explanations. In these studies, annotators clas-
sify the relations between clauses as entailment,
contradiction, or neutral and provide commentaries
that allows researchers to distinguish between in-
terpretative variation and annotation errors. Other
studies emphasize the importance of explicitly cap-
turing interpretative plurality (Plank, 2022, Basile
et al., 2021, Crible et al., 2019).

New corpora are published capturing multiple un-
derstandings of discourse relations, e.g. in the RST
approach (Peng et al., 2022, Polakova et al., 2024,
Hewett and Stede, 2025), or implicit discourse rela-
tions in the PDTB approach (Scholman et al., 2022,
Yung et al., 2024). None of these datasets include
annotators’ comments on their choices.

Comparative research on spoken and written
data further demonstrates that modality contributes
to interpretative diversity: spoken language tends
to involve more implicit and multifunctional relations
(Rehbein et al., 2016, Cuenca, 2017, Crible et al.,
2019), though its annotation consistency is not nec-
essarily lower than that of written texts (Zufferey
and Crible, 2015).

Ambiguity in textual meaning naturally reduces
inter-annotator agreement (IAA), as has been con-
sistently observed in large-scale coreference an-
notation projects (Weischedel et al., 2011; Zeldes,
2017; Recasens and Marti, 2010; Poesio, 2020).
While analyses of annotation disagreement have
occasionally been included (Recasens et al., 2011;
Pradhan et al., 2012), such studies are typically
limited to small, task-specific subsets of data (cf.
Levine and Zeldes, 2025). A few corpora ex-
plicitly encode ambiguous or near-identity cases
(Uryupina et al., 2020; Bourgonje and Stede, 2020;
Ogrodniczuk et al., 2013), but these remain statisti-
cally rare, leaving much of the natural variation in
human interpretation unexplored.

Poesio et al. (2019) present a preliminary analy-
sis of disagreements in a corpus of anaphoric in-
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formation in 542 English documents crowdsourced
through a game-with-a-purpose. The corpus con-
tains multiple concurrent annotations of about 108
thousand markables, with 20 judgments on average
per markable (12 annotations and 8 validations).
Expert analysis of a sample of the data shows, how-
ever, that genuine ambiguity occurs only in about
9% of the markables and the other cases of annota-
tors’ disagreement should be accounted to annota-
tors’ errors and to various limitations of the coding
scheme and the annotation interface.

In our analysis, we use the Prague Dependency
Treebank - Consolidated 2.0 (PDT-C 2.0; (Haji¢
et al., 2024)) as the primary data source for extract-
ing and then multiply annotating the data.

Namely, we use its subcorpus Prague Depen-
dency Treebank (PDT) for the written mode and
Prague Dependency Treebank of Spoken Czech
(PDTSC) for the spoken mode. The PDT represents
texts from the Czech newspapers from 1990’s,
while the PDTSC contains transcripts of conver-
sations between interviewers and Holocaust sur-
vivors or contemporary witnesses of communism.
The PDT-C 2.0 corpus contains manual annota-
tions of coreference and discourse relations, along
with multiple linguistic layers ranging from morphol-
ogy to tectogrammatics. Annotation in PDT-C 2.0
follows the principle of a single correct decision,
with approximately 10% of the data annotated in
parallel to assess inter-annotator agreement (IAA).
The collection comprises both spoken and written
subcorpora, enabling comparative analyses of dis-
course phenomena across modalities.

3. Hlava Cor and Hlava AD: General
Settings

To study human label variation, we extracted texts
primarily from different parts of the PDT-C 2.0 (see
detailed description in Sections 4.3 and 5) and cre-
ated Hlava Cor and Hlava AD. The overall statistics
for the annotated data are listed in Table 1. Hlava
Cor contains 1,024 cases annotated by three an-
notators, while Hlava AD contains 512 cases anno-
tated by five annotators."

Both corpora consist of short Czech text seg-
ments containing the relevant linguistic phenom-
ena. Each text segment was multiply annotated
by several annotators. The annotations were per-
formed on the linear texts presented in an Excel
spreadsheet.

"The discrepancy in the size of the two corpora and
the number of participating annotators does not stem
from a specific theoretical or methodological requirement,
but rather reflects the successive stages of their devel-
opment and the varying availability of resources during
each phase of the project.



Table 1: Overall Statistics for Hlava Cor and Hlava
AD

Corpus Name

Number of Cases Number of Annotators

Hlava Cor 1,024 3
Hlava AD 512 5

The annotation team consisted of native Czech
speakers, primarily philology students (aged
18-30) with a basic linguistic background but no
formal training in specific theoretical frameworks.
This lack of prior exposure was intentional to en-
sure that text comprehension was not biased by
theoretical presuppositions. While a core group of
five annotators worked on Hlava AD, the Hlava Cor
corpus was annotated by six individuals organized
into two groups by three annotators. This larger
group included the same five participants from the
Hlava AD task plus one additional annotator.

The annotation process is designed not only
to capture the final annotation decisions but also
to elicit the annotators’ interpretative considera-
tions. For this reason, all annotations obligato-
rily include annotators’ comments explaining their
choices which are crucial for our investigation.

4. Hlava Cor: Human Language
Variation in Coreference

The annotation task for Hlava Cor was defined as
the identification of coreference, i.e. reference to
the same extra-linguistic entity, concept, or situa-
tion.

4.1.

Annotators were instructed to read the column Sen-
tence with a highlighted expression in question
and the left-hand context in columns Adjacent
Context and Distant Context (see Table 2)?
and to find a potential antecedent in the preceding
context if any. No potential antecedents have been
pre-annotated.® Each annotation output contains
() the antecedent expression if it appeared in the
preceding context, (ii) a numeric value indicating
the degree to which context was required for in-
terpretation (0 = no distant context needed, 1 =
distant context necessary, 2 = even wider context
needed), and (iii) a free-text comment explaining
the annotator’s reasoning or uncertainty.

Hlava Cor: Annotation Process

2The column Distant Context is not shown inthe
example for space reasons.

3In Table 2, two antecedents are highlighted in bold
because the table shows an already completed anno-
tation. The bold highlighting is used only to make the
example easier to read in this paper; the annotators did
not see these highlights during the annotation process.
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The annotation guidelines specified detailed con-
ventions for the form and syntactic scope of an-
tecedents. Annotators were required to record the
full nominal phrase as it appears in the text, ex-
cluding prepositions unless they constitute part
of a named entity or are internal to the referring
expression. Dependent modifiers were to be in-
cluded, while relative clauses were to be excluded.
Deviations from these rules had to be explicitly
documented in the comment field. Further spec-
ifications addressed the treatment of references
to clauses or larger textual segments, possessive
and other adjectival expressions, coordinated and
discontinuous antecedents. When no suitable an-
tecedent was found, annotators entered NE (“no
antecedent”), and in cases of complete indecision
they recorded a question mark.

4.2. Hlava Cor: Annotation Example

An example of the annotated segment is presented
in Table 2. For the expression vozidlo ‘vehicle’ in
the column Sentence, the annotators were asked
to identify an antecedent (if any) and record it in the
ANN_ante column. In the ANN_comment column,
the annotators were asked to justify their decision
or provide any additional remarks.

This example illustrates the annotation by two
annotators out of three who arrived at different con-
clusions. Annotator 1 (ANN1) selected viz ‘car’ as
the antecedent of vozidlu ‘vehicle’ in Sentence,
arguing that the expression does not refer to the
specifically described model driven by the journal-
ist, but rather to the vehicle in general. Annotator 2
(ANN2), on the other hand, chose vozu ‘car (gen-
itive)’ as the antecedent, noting that both expres-
sions refer to the same entity.

For space reasons, the annotation of the third
annotator is not shown; this annotator made the
same decision as ANN1 but expressed more uncer-
tainty in the comment. We also omit the annotation
of the need for context, which was zero for all three
annotators in this case.

4.3. Hlava Cor: Data Description and
Statistics

The corpus consists of 1,024 cases, each marked
by three annotators. The segments for annotation
were selected according to several dimensions of
data division. First, we took the same number of
spoken and written text segments. Most of the text
segments have been excerpted from the PDT-C 2.0,
a few segments come from the Czech Academic
Corpus 2.0 (CAC) (Hladka et al., 2008). For the
written data, we additionally used examples from



Table 2: Example of coreference annotation by two annotators

Adjacent Context Sentence

ANNT1 ante

ANN1 comment ANN2 ante| ANN2 comment

Firma Renault Ceska republika ndm k|Vénujeme se vSak radéji viz
redakénimu testu poskytla verzi s tur-|samotnému vozidlu, nebot
bodieselovym motorem s ozna¢enim RT.|svezeni s nim opravdu stoji
Sice jsme v Uvodu uvedli, komu lIze|za to.

viz [ANN1] predevs$im doporuéit. Snad
nam nebudou mit pfipadni zajemci z kat-
egorie ‘mladd rodina s vice détmi’ za
zlé, kdyz jim neprozradime, kde vzit
potfebnych 969820 korun. V pfipadé
testovaného vozu [ANN2] dovybaveného
dvéma stfeSnimi okny, autoradiem s
ovladanim pod volantem a ve vinové met-
alize pak jesté pres 66 tisic korun navrch.

Neodkazuje na detailné popsany,|  vozu Oba vyrazy oznacduji stejnou
konkrétni model vozu, s nimz skute¢nost.

zrovna jel novinat, ale obecné na
vozidlo.

Adjacent Context: The company Renault Czech Republic provided us with a version featuring a turbo diesel engine,
designated RT, for an editorial test. Although we mentioned at the beginning who this car [ANN1] can primarily be
recommended to, we hope that potential buyers from the category of “young families with several children” will not
hold it against us if we do not reveal where to get the required 969,820 crowns. In the case of the tested car [ANN2],
additionally equipped with two sunroofs, a car radio with steering-wheel controls, and metallic paint, the price

increases by more than 66,000 crowns.

Sentence: However, let us turn to the vehicle itself, since driving it is really worth the experience.

ANN1 ante: viz ‘car’

ANN1 comment: Does not refer to the specifically described model that the journalist was driving, but rather to the

vehicle in general.
ANN2 ante: vozu ‘car’(genitive)

ANN2 comment: Both expressions refer to the same entity.

the archive of iRozhlas.* Table 3 shows the data
distribution from these resources.

Table 3: Structure of Hlava Cor: written vs. spoken
modes

Mode Source Corpus Number of Cases
Spoken PDT-C 2.0 505
Czech Academic Corpus 2.0 (CAC) 7
Total Spoken 512
PDT-C 2.0 461
Written  iRozhlas 40
Czech Academic Corpus 2.0 (CAC) 11
Total Written 512
Grand Total 1,024

We also considered the referential status of nom-
inal groups for all categories, and divided the seg-
ments according to the specific and generic refer-
ence of the nominal groups and pronouns in coref-
erential relations (see Table 4). The division of
the specific/generic reference did not apply for the
cases with the local pronominal adverb tam ‘there’.

Table 4: Structure of Hlava Cor: specific vs. generic
reference

Reference Category Number of Cases

full NPs + to ‘i’ with specific reference 384
full NPs + to ‘i’ with generic reference 384
tam ‘there’ (division is not relevant) 256
Total Cases 1,024

Another dimension was the division of our data

“the internet archive of the Czech news outlet iRozh-
las, https://www.irozhlas.cz/zpravy—-archiv

into coreference types where the anaphoric expres-
sion is a full nominal group (noun, noun + adjective,
etc.), pronominal coreference with fo ‘it’, or local
coreference with the pronominal adverb tam ‘there’
(see Table 5).

Table 5: Structure of Hlava Cor: nominal and

pronominal anaphors

Anaphor Type Number of Cases
full NPs 512
pronominal coreference with to ‘it’ 256
local coreference with tam ‘there’ 256

Total Segments 1,024

Being interested in exploring multiple readings
of coreference, we aimed to extract examples that
exhibit ambiguous or otherwise vague instances
of coreference, and at the same time to allow for
comparison with cases where coreference appears
to be easily identifiable. In an effort to assess such
a distinction in potential examples automatically,
we have first passed the examples to five differ-
ent Transformer-based coreference resolution mod-
els.> All potential examples were pre-selected to be
theoretically ambiguous, i.e., based on morpholog-
ical properties, at least two possible antecedents
were present within a five-sentence context, making

®We trained 14 models on CorefUD 1.2 (Popel et al.,
2024) using the coreference resolution system Cor-
Pipe (Straka, 2024), the winner of the CRAC 2024 shared
task (Novak et al., 2024), and selected 5 achieving the
best results on the two Czech CorefUD datasets.
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disagreement possible. Based on the output of the
five models, the potential examples were divided
into two groups: (i) examples where all five models
agreed on the antecedent, and (ii) examples where
at least two models disagreed, with preference for
examples with larger number of disagreements. Fi-
nal examples for annotation were selected from
these two groups and included in Hlava Cor in a
1:2 ratio. The ratio was uneven intentionally, as
we assumed that cases of models’ disagreement
would provide more informative material for analy-
sis. Table 6 presents the data distribution according
to the models’ agreement and disagreement.

Table 6: Structure of Hlava Cor: model agreement
vs. model disagreement

Coreference Status Number of Cases

model agreement 352
model disagreement 672
Total Cases 1,024

Table 7 shows how various categories and di-
mensions in Tables 3 to 6 relate to each other. For
example, the first line states that there are 128
cases with an NP type of the anaphor in spoken
data with generic coreference (in 84 of them the
coreference resolvers disagreed, in 44 cases they
were in agreement). The features can be combined
to larger groups of equal size, for example ’to’ spo-
ken (128 cases) vs. ’to’ written (128 cases), or ‘tam’
(256 cases) vs. 'to’ (256 cases), or spoken (512
cases) vs. written (512 cases).

Table 7: Numbers of cases for detailed combina-
tions of features in Hlava Cor

Feature Models Models Total
Combination Disagreed Agreed

NP spoken GEN 84 44 128
NP spoken SPEC 84 44 128
NP written GEN 84 44 128
NP written SPEC 84 44 128
tam spoken 84 44 128
tam written 84 44 128
to spoken GEN 42 22 64
to spoken SPEC 42 22 64
to written GEN 42 22 64
to written SPEC 42 22 64
Total 672 352 1,024

4.4. Hlava Cor: Inter-Annotator
Agreement

For each category described in Section 4.3 (and
summarized in Tables 3, 4, 5, and 6) we calculate
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the inter-annotator agreement of our three human
annotators for setting the coreferential antecedent.®
Table 8 presents the |AA results for coreference
annotation in Hlava Cor. Overall, the agreement
of all three annotators reached 49%, while partial
agreement (at least two out of three annotators)
reached 83%. The average pairwise agreement
for Hlava Cor reaches 60.4%.’

Table 8: Hlava Cor: Inter-Annotator Agreement
Overview

Category All3 AtlLeast2
Text Mode (from Table 3)

written data 45% 81%
spoken data 53% 86%
Referential Status (from Table 4)

generic coreference (GEN) 45% 82%
specific coreference (SPEC) 48% 82%
Grammatical Form (from Table 5)

full NPs 51% 86%
pronominal (to ‘it’) 38% 75%
local (tam ‘there’) 57% 88%
Model Status (from Table 6)

model agreement 66% 91%
model disagreement 39% 79%
All data 49% 83%

The inter-annotator agreement results reflect the
inherent complexity of coreference annotation, par-
ticularly in naturally occurring data and in cases
involving vague or underspecified referential rela-
tions. When broken down by referential status,
agreement for generic coreference (45%) and spe-
cific coreference (48%) is relatively similar, suggest-
ing that both types of reference pose comparable
challenges for human annotation. This contradicts
our initial observations and is possibly related to
the lexical composition of generic nominal phrases
in Hlava Cor. Regarding grammatical form, the
pronominal coreference with to ‘it’ showed the low-
est (38%) agreement as compared to full nominal
groups (51%) and the local adverbial tam ‘there’
(57%), confirming that non-nominal and underspec-
ified fo ‘it may be more ambiguous. A more de-
tailed analysis of these patterns will be the subject
of further research.

Another relevant observation supports our hy-
pothesis that instances where the models dis-

& Exact match was required. In order to avoid typo-
related errors, the annotators were asked to copy/paste
the segments from the original text; also, the disagree-
ments were manually checked by an expert to find and fix
cases of insignificant omissions (for example, a comma
at the end of the coppied text, a missing character etc.).

"This number is not included in Table 8.



agreed tend to be more difficult for human anno-
tators as well. Human annotation on the model-
disagreement subset reached only 39% inter-
annotator agreement (IAA), whereas cases where
the models agreed showed considerably higher
consistency, with an IAA of 66%. Notably, an IAA
of 66% is still relatively low, especially given that the
models themselves were in agreement. This fact
clearly deserves special attention and can be par-
tially explained by the inherent implicitness and am-
biguity of coreference relations in our data. Model
agreement in such cases likely reflects a combina-
tion of chance and biases induced by the training
data. Overall, these findings suggest that model
disagreement may serve as an indicator of inter-
pretative complexity in the data.

Taken from a slightly different perspective, we
can also examine how many distinct annotation
choices were made for a single case, see Table 9.
The table presents the absolute numbers of unique
coreference choices per context annotated by the
three annotators. The specific reasons for inter-
annotator disagreement are not analyzed in detail
here; however, in general, they often stem from
differences in the level of detail or interpretation of
the referential scope of the entities.

Table 9: Hlava Cor: Distribution of Coreference
Choices by Annotator Agreement (absolute num-
bers).

Choice Type Agreement Level Cases
One choice Full (3/3) 503
Two different antecedent Partial (2/3) 351
Three different antecedents No agreement (1/3) 170
Total Annotated Choices 1,024

5. Hlava AD: Human Label Variation
in Attribution and Discourse

The corpus contains 512 short Czech text seg-
ments with explicit inter-sentential discourse rela-
tions, multiply annotated by five annotators. All
texts in Hlava AD come from PDT-C 2.0.

Similarly to Hlava Cor, we separately considered
the written and spoken modalities.

Based on our previous findings of frequent cases
of inter-annotator disagreement on discourse re-
lations (Zikanova, 2024), we hypothesized that a
higher measure of disagreement in inter-sentential
relations might be related to the presence of attribu-
tive constructions (sentences with verbs of thinking
or saying). The supposed reason is that it may be
difficult for recipients to recognize whether the up-
coming sentence is related to the governing clause
(author’s speech) or to the dependent direct or in-
direct speech.

Table 10: Structure of the Hlava AD (number of
items)

Spoken data  Written data  Total
Attribution 96 125 221
Other 173 118 291
Total 269 243 512

To analyze the influence of attributive construc-
tions on interpretive variation, we divided the Hlava
AD data into two subsets: one containing attribu-
tive constructions with verbs of thinking and saying
(including both direct and indirect speech) and a
control subset with non-attributive constructions.
Table 10 summarizes the structure of Hlava AD
concerning the spoken/written and attribution/non-
attribution dimensions.

The text segments were chosen from the orig-
inal source (PDT-C 2.0) based on the syntactic
and discourse structure. We searched for explicit
inter-sentential discourse relations with a complex
sentence in the role of the left argument. This com-
plex sentence contained at least one dependent
clause and its governing verb was either a verb of
thinking or saying (attributive constructions) or not
(non-attributive constructions). In non-attributive
items, we filtered out all the text segments contain-
ing verbs of thinking or saying in any other role.

5.1.

The annotators were shown pairs of sentences
which had been related by an explicit discourse
relation in the previous annotation of PDT-C 2.0.
The Right sentence column contains a dis-
course connective (marked green, see Figure 1).
The Left sentence column consists of several
clauses; in the attributive group of items, the left
sentence contains a governing verb of saying / think-
ing, whereas in the control group, another semantic
type of verb is used instead. For better understand-
ing of the text, annotators were additionally given
the three preceding sentences in the Preceding
context column.

The annotators’ initial task was to identify the
clause in the left sentence, to which the dis-
course connective relates the right sentence (they
searched for the so-called “target of the relation”).

To technically simplify the task for the annotators,
we pre-marked the finite verbs (or parts of verbal
forms) in clauses in the Left sentence in red,
see Figure 1. Thus, the verbs served as identi-
fiers of the whole clauses; annotators entered the
chosen verb into the corresponding column.

In case of coordination between two verbal forms
(clauses), the entire construction could be anno-
tated as the target of the relation. Coordination was

Hlava AD: Annotation Process
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Figure 1: Annotators’ prompt in the Hlava AD annotation task

Preceding context Left sentence Right sentence

Kwasniewski opako- Co vSak je
vané zdlraznil, ze vazné, je
z cesty zasadnich nevelky zajem
promén zemé nelze vefejnosti o véci
sejit: pravice a levice verejné.

se budou pfit se stfe-

dem o tempo zmén,

ale o zakladni vzorec

reforem neni sporu.

Spanélska sekce prestizni Asociace evropskych nov-
inafa pozvala jiz po Sesté riznorodé spektrum stfedo-
evropskych politikd, publicistd a filosofu, aby pocet-
nym posluchaéim letniho universitniho seminare s
nazvem Sttedni Evropa mezi Bruselem a Moskvou
prednesli své Uvahy o tom, co se uprostfed kontinentu
déje. Pozornost od pocatku budila polskd ucast. Vitéz
nedavnych voleb Aleksander Kwasniewski a premiérka
porazené vlady Hanna Suchockd, kazdy ze svého uhlu,
ale stejné presvédcivé popsali, co se stalo v Polsku.

[Preceding context: The Spanish section of the prestigious Association of European Journalists has
invited for the sixth time a diverse spectrum of Central European politicians, publicists and philosophers
to present their reflections on what is happening in the middle of the continent to the numerous audience
of the summer university seminar entitled Central Europe between Brussels and Moscow. The Polish
participation attracted attention from the beginning. The winner of the recent elections, Aleksander
Kwasniewski, and the Prime Minister of the defeated government, Hanna Suchocka, each from their own
perspective, but equally convincingly described what happened in Poland.

Left sentence: Kwasniewski has repeatedly emphasized that the country cannot be diverted from the
path of fundamental changes: the right and left will argue with the center about the pace of change, but

there is no dispute about the basic formula of reforms.
Right sentence: What is serious, however, is the public’s lack of interest in public affairs.]

identified by the pre-marked (blue) conjunctions or
punctuation marks.

Thus, the annotators could mark red verbal forms
or blue conjunctive phrases/marks as targets of the
relation expressed by the green discourse connec-
tive. Additionally, they had a possibility to use an
exclamation mark (!) to indicate that the target was
in the preceding or far left context, and they used
a question mark (?) to signal that they could not
find any target in the given text (e.g., they did not
understand the text segment as a whole).

The second annotation task was to mark to what
degree the annotator needed the previous context
(before the left sentence) to understand the dis-
course relation expressed by the discourse con-
nective. There were three possible answers: 0 (I
did not need the previous context); 1 (I needed the
previous context to understand and it helped me);
and 2 (I needed the previous context to understand,
but it did not help me).

The third annotation task required annotators to
explain their choice of the target of the relation by
entering comments in a separate plain text field.

5.2. Hlava AD: Annotation Example

Figure 1 presents an example with an attributive
construction in the left sentence (Kwasniewski em-
phasizedthat...). Annotators interpret this segment
in two different ways. Some annotators identify the
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main clause with the governing verb emphasized
as the target of the discourse relation expressed
by the discourse connective however. Their com-
ments explain that Kwasniewski emphasized politi-
cal happenings. On the other hand, the annotators
stress that what is truly important is what is going
on among ordinary people. This group of annota-
tors does not see the right sentence as a part of
the Kwasniewski’s speech.

Conversely, other annotators mark the clause
that the country cannot be diverted... as the target.
They claim in their comments that Kwasniewski
knows about the upcoming changes and is con-
cerned about the public’s lack of interest in public
affairs. Thus, they understand the right sentence
as a part of the Kwasniewski’s speech.

5.3. Hlava AD: Inter-Annotator
Agreement

We calculate the inter-annotator agreement on set-
ting the target of a discoure relation, expressed by
the discourse connective in the right sentence. We
can obtain theoretically 1-5 solutions from 5 anno-
tators; nevertheless, some syntactic structures in
the left sentences are simpler, they do not provide
up to 5 potential targets of the discourse relation.
On the other hand, the disagreement can be in-
creased by the possibility to use the mark "?" (not
understandable) and "!" (relation to a distant left



Table 11: IAA on the target of a discourse relation
in Hlava AD (percentage points)

Agreement
(1 solution from
5 annotators)

Disagreement
(2-5 solutions from
5 annotators)

In general 38% 62%
Simple structures 48% 52%
(2 possible targets)

Complex structures 27% 73%

(3-10 pos. targets)

context). The average pairwise agreement disre-
garding the syntactic complexity reached 64.9%.
The results for the 1AA regarding the syntactic com-
plexity of the left sentence (and, subsequently, a
different number of potential targets) is presented
in Table 11.

A more detailed analysis of the IAA on the target
of a discourse relation can be found in Zikanova et
al. (2025), where the multiple annotation serves as
a test dataset for the default golden data. According
to the authors, the measure of the IAA in Hlava AD
is strongly affected by the syntactic complexity of
the left sentence; however, it is influenced neither
by the presence of the attribution, nor by the text
mode (spoken or written).

6. Observations across Hlava Cor
and Hlava AD

Given that Hlava Cor covers a dataset twice the
size of Hlava AD, and that Hlava AD was annotated
by five annotators while Hlava Cor involved only
three parallel annotations, the results are not fully
comparable. However, it is possible to compare the
average pairwise agreement on target identification,
which neutralizes the difference in the number of
annotators. For Hlava AD, the average pairwise
agreement reaches 64.9%, while for Hlava Cor it
is 60.4%.

In both corpora, annotators marked the need
for context (see Sections 4.1 and 5.1). The analy-
sis of the annotations reveals substantial variation
across annotators, while the overall tendencies re-
main similar in both corpora. What we observe
likely reflects, to some extent, the annotators’ de-
gree of confidence in their interpretation of the text,
as well as individual differences in annotation style.
Some annotators tend to consult a broader preced-
ing context to verify their interpretation, while others
consider their immediate reading sufficient without
referring to additional context. To a certain degree,
this also mirrors the annotator’s thoroughness and
attention to detail.

Particular attention should be paid to the annota-
tors’ comments, which, in our view, represent the
most interesting part of our annotation. Comments
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were mandatory in both corpora, and they certainly
deserve a separate study beyond the scope of this
paper. They capture the annotators’ doubts about
their chosen decisions, indicate possible alterna-
tive interpretations, and often describe in detail the
strategies underlying their choices. Especially in-
triguing is the overlap between the annotators’ com-
ments and their decisions in other tasks. In some
cases, the antecedents were chosen identically
(inter-annotator agreement), yet the comments still
mentioned alternative options. Conversely, in cer-
tain cases of inter-annotator disagreement, the ana-
lysis shows that the annotators reasoned in a very
similar way but ultimately arrived at different deci-
sions.

7. Conclusions

In this paper, we presented and described two
datasets created to study human label variation:
Hlava Cor (Nedoluzhko et al., 2026), focused on
coreference, and Hlava AD (éérka Zikanova et al.,
2024), focused on attribution and discourse rela-
tions. Hlava Cor explores coreference with respect
to the reference status of anaphoric expressions
(specific or generic), their form (pronouns, full noun
phrases, and anaphoric adverbials), and the extent
to which coreference resolution models agree on
identifying these relations. Hlava AD pays special
attention to attribution and non-attributive construc-
tions. Both corpora include spoken and written data
and consider both registers equally.

The introduced corpora offer space for a more
detailed analysis of label variation in human anno-
tation. Preliminary observations suggest individual
differences between annotators and the presence
of personal annotation styles. Of particular interest
are the annotators’ comments, which often explain
annotation choices, reflect subjective judgments,
and point to interpretative ambiguity. These and
related aspects will be the focus of our future work
based on the data obtained from the corpora.
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