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Abstract

Creative Commons (CC) licenses are prevalent in African natural language processing (NLP) corpus releases, but
their compatibility implications are rarely examined systematically. CC-BY-SA and CC-BY-NC cannot be combined in
a single published dataset; a NoDerivs (ND) clause prohibits redistribution of tokenised or annotated derivatives. This
paper presents an empirical audit of license provenance across more than twenty corpus families used in African
NLP, applying established compatibility rules to three case-study languages: Kituba/Munukutuba, Zarma, and Moore.
Four failure modes are documented with primary-source evidence: outright prohibition (JW300, removed from OPUS
after a legal audit confirmed a Terms of Service violation); composite license misrepresentation (WAXAL, whose
CC-BY 4.0 claim is contradicted by its HuggingFace dataset card); a ND restriction not reflected in the CC-BY label
(Tanzil); and data persistence failure (the Congolese Radio Corpus, where 402 of 405 source URLs are no longer
accessible). A due diligence checklist and a survey of legally compliant enrichment opportunities conclude the
paper. We argue that lawful data use is an ethical baseline: for African language communities with limited institu-
tional recourse, license violations are not only legal risks but ethical failures that compound existing power asymmetries.

Keywords: dataset licensing, license compatibility, data provenance, Creative Commons, African NLP, low-

resource languages, reproducibility, corpus auditing

1. Introduction

NLP researchers are typically not trained in law.
For high-resource languages, this is often not a
practical problem. Many widely used corpora have
been informally vetted through decades of use. For
low-resource African languages, these conditions
often do not hold.

Since 2019, parallel corpora, named entity recog-
nition (NER) datasets, sentiment benchmarks, and
speech resources have been released for dozens
of African languages. Much of this output has not
received systematic license review. The conse-
quences are beginning to surface. JW300 (Agi¢
and Vuli¢, 2019) was a parallel corpus covering
300+ languages, including many with no alterna-
tive source. It was built in violation of the Jehovah’s
Witnesses website Terms of Service, which prohibit
text and data mining. A legal audit by the Centre
for Intellectual Property and Information Technol-
ogy (CIPIT) in Nairobi confirmed this (Centre for
Intellectual Property and Information Technology
Law (CIPIT), 2020). OPUS subsequently removed
the corpus. Datasets, models, and benchmarks
that incorporated JW300 now carry a contaminated
provenance chain.

JW300 is not an isolated case. GEITje, a Dutch-
language model, was taken offline after copyright
enforcement action by Stichting BREIN (Rijgers-
berg, 2023; nu.nl / Tweakers, 2024; RTL Nieuws,
2024; Tweakers, 2024; GoingDutch.ai, 2024). For
high-resource languages, such incidents are dis-
ruptive but recoverable. For African languages,
losing a single corpus may mean losing the only
usable source for that language. Common Corpus
(Langlais et al., 2025), a roughly two-trillion-token
corpus curated for open licensing, illustrates the
baseline: in our audit of its training table, 15 na-
tive Sub-Saharan languages account for about 91

rows combined, compared with 18,485 for English
(Section 5.1).

The stakes are higher for low-resource African
languages than in many other NLP settings, for rea-
sons that compound: when a source is lost, there
may be no usable substitute; annotation investment
is sunk; a single license conflict can eliminate a
substantial share of the available data; and prob-
lematic sources can propagate through multilingual
benchmark releases.

This paper’s contribution lies in application rather
than framework. License compatibility logic and
machine-readable rights expression have been
standard tools in the library and open source com-
munities since the early 2000s; their limited adop-
tion in African NLP practice is a discipline-specific
gap, and documenting this gap is the paper’'s em-
pirical contribution. We also advance a normative
argument: lawful data use is an ethical baseline,
not a separate concern from the ethics of NLP re-
search. A corpus that violates its source’s license
is not only a legal risk but also an ethical failure to-
ward the communities whose language it encodes.
For African language communities with limited in-
stitutional recourse, such failures may compound
existing power asymmetries. We propose that data
provenance declarations become standard practice
in NLP ethics statements, analogous to Institutional
Review Board (IRB) approval statements in human
subjects research.

Three languages anchor the case studies. Ki-
tuba (ktu/mkw), the vehicular language of south-
ern Congo-Brazzaville, has 5-8 million speakers
but is absent from FLORES-200. Zarma (dje),
spoken by 5 million people in Niger, has MT and
NER resources but lacks representation in major
benchmarks; OCHA lists it as a priority communi-
cation language. Moore (mos), with FLORES-200
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coverage and active research groups in Burkina
Faso, serves as the upper bound for a relatively
well-studied low-resource language.

2. Related Work

Machine-readable rights metadata and license
interoperability. The challenges of license com-
patibility and machine-readable rights expression
predate NLP’s engagement with open data by two
decades. Open source license incompatibility, the
inability to combine code under the GNU General
Public License (GPL) with other copyleft licenses,
was recognised as an engineering and legal prob-
lem by the late 1990s. It led to practical responses
such as the SPDX (Software Package Data Ex-
change) identifier standard and the Open Source
Initiative (OSI) license approval process (Rosen,
2004; Linux Foundation, 2010). The Open Dig-
ital Rights Language (ODRL), a W3C standard
first published in 2001, proposed a formal ontology
for expressing permissions, prohibitions, and obli-
gations over digital content in machine-actionable
form (lannella and Villata, 2012). Creative Com-
mons addressed machine-readability directly. The
CC Rights Expression Language (ccREL, 2008)
embeds license metadata using RDFa, enabling
automated tools to parse the license of a webpage
without human interpretation (Abelson et al., 2008).
Library and information science communities en-
gaged these issues early. They debated machine-
actionable rights statements and digital repository
interoperability over the same period (Coyle, 2004).
These instruments have existed for over twenty
years. Their limited application in African NLP cor-
pora is therefore not due to novelty. The tools and
concepts are established. The gap is discipline-
specific, and documenting it is the central contribu-
tion of this paper.

Legal scholarship on open licensing. Creative
Commons licensing has attracted sustained schol-
arly critique. Katz (2006) identifies two structural
problems: variant proliferation creates user con-
fusion, and ShareAlike terms create compatibil-
ity deadlocks that prevent the legal distribution of
derivatives. Boyle (2003) provides a theoretical
framing, arguing that restrictive intellectual prop-
erty (IP) licensing constitutes a second enclosure
movement.

Data provenance and license audits in NLP.
Gebru et al. (2021) and Bender and Friedman
(2018) propose structured documentation stan-
dards for datasets and NLP corpora. Both argue
that provenance and licensing should be treated as
first-class metadata. Dodge et al. (2021) applies
this approach to large webtext corpora, identifying
machine-generated text and benchmark contam-
ination that documentation would likely have re-
vealed. Kreutzer et al. (2022) audits 205 language-
specific corpora across five multilingual web-crawl
datasets and finds that at least 15 contain no usable
text, while many use ambiguous language codes.

The challenges of web-mined corpora for large lan-
guage models (LLMs) pre-training are surveyed in
Peretkiewicz and Poswiata (2024).

The closest prior work to this paper is the Data
Provenance Initiative (Longpre et al., 2023, 2024).
It audits 1,800+ text datasets used to LLMs, report-
ing license omission rates above 70% and error
rates above 50%. The initiative operates at the
level of general-purpose LLM training data and
does not focus on African languages, construct
a license compatibility matrix, or analyse the fail-
ure modes documented here. Mahari and Longpre
(2024) extends this line of work into legal analysis,
arguing that provenance documentation affects fair
use claims for fine-tuning data.

Legal analysis of Al training data. Henderson
et al. (2023) analyses the four fair use factors un-
der United States copyright law as applied to foun-
dation model training, concluding that fair use is
plausible but not guaranteed. Lee et al. (2023)
maps copyright questions across the full generative
Al supply chain. Jernite et al. (2022) proposes a
multi-stakeholder data governance framework that
addresses licensing at each stage of the data life-
cycle. None of these works applies this framework
to low-resource African languages.

African NLP data licensing. Nekoto et al. (2020)
is the founding Masakhane paper and one of the
first African NLP works to address data ownership
and licensing governance explicitly. It brought the
JW300 licensing issue to community attention and
motivated the subsequent CIPIT legal audit (Centre
for Intellectual Property and Information Technol-
ogy Law (CIPIT), 2020). Adelani et al. (2021, 2022)
document licensing decisions for MasakhaNER re-
leases. Okerie and Marivate (2024) surveys the
African NLP community on copyright barriers, find-
ing that the JW300 withdrawal created downstream
disruption for projects with no alternative sources.
Omino (2025) proposes the Nwulite Obodo Open
Data License (NOODL), a tiered community license
designed for African language datasets.

Tiedemann (2020) demonstrates the value of
Tatoeba for low-resource machine translation (MT)
benchmarking. Here, we focus on the African-
language subset and the licensing constraints gov-
erning which sources can be legally combined. The
compatibility matrix in Section 4 is the practical out-
put of this analysis.

3. License Taxonomy

| define six license tiers for African NLP text
corpora, ordered from least to most restrictive.
For non-specialist readers: NC (Non-Commercial)
means the resource may not be used for revenue-
generating purposes as defined by the license.
What constitutes commercial use is context-
dependent and jurisdiction-sensitive, but publishing
an annotated dataset via a paid service or commer-
cial APl is a clear case. ND (NoDerivs) means
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the license prohibits sharing modified, adapted, to-
kenised, or otherwise derived versions. Private use
may still be permitted under applicable law (e.g. fair
use or text and data mining (TDM) exceptions), but
annotated datasets derived from ND sources can-
not be legally distributed under the license terms.

Risk
None

Tier | Description

T1 CCO0 / public domain / govern-
ment text (where applicable).
No restrictions.

T2 CC-BY / MIT / Apache 2.0 (per-
missive licenses). Attribution
required; no share-alike, no
NC, no ND.

T3 CC-BY-SA. Share-alike propa-
gates to all published deriva-
tives.

T4a | CC-BY-NC. Non-commercial
restriction (NC): the resource
may not be used for revenue-
generating purposes. Incom-
patible with T3.

T4b | CC-BY-ND or CC-BY with
an undisclosed ND clause.
NoDerivs (ND): the license
prohibits distributing modified
or adapted versions; annotated
datasets derived from T4b
sources cannot be legally
distributed.

T5 Terms of Service violation, per-
mission denied, or copyright
holder prohibition.

Low

Medium

High

High

Prohibited

Table 1: License tier taxonomy. T4a and T4b are
separated because their restrictions operate differ-
ently and are mutually incompatible with T3.

The key practical distinction is between T3
(share-alike propagates but derivatives are per-
mitted) and T4b (derivatives are not permitted).
Many practitioners conflate these, treating all non-
T2 sources as merely requiring a more restrictive
output license. This is incorrect: a T4b source can-
not be incorporated into any published annotation
dataset, regardless of the output license chosen.

Database rights and web-mined corpora. The
tier taxonomy captures copyright license compati-
bility, but not database rights. In EU jurisdictions,
corpus collections may also be protected by sui
generis database rights, independent of copyright
in the underlying text. Licenses such as the Open
Database License (ODbL) govern extraction and
reuse of the database as a whole, but do not neces-
sarily clear rights in the underlying content (Open
Data Commons, 2007). This distinction is partic-
ularly relevant for web-mined corpora, where the
dataset license may apply to the collection while
the underlying text remains copyrighted. For anno-
tation datasets, which redistribute text, this creates
an additional layer of legal risk not captured by the
tier classification.

4. License Compatibility Matrix

Table 2 shows the legally valid output license
when two corpus sources are combined. “x” de-
notes an incompatible combination, where no sin-
gle license satisfies both sources’ requirements.

TI T2 T3 Td4a T4b T5
T1 T+ T2 T3 T4a X X
T2 T2 T2 T3 T4a X X
T3 T3 T3 T3 X X X
T4a | T4a T4a x T4a X X
T4b X X X X X X
T5 X X X X X X

Table 2: License compatibility matrix. Each cell

shows the required output license when combining
a row-source and column-source in a published
dataset. x = incompatible combination; no valid
output license exists. T1+ = any compatible license
acceptable. T4b and T5 are incompatible with all
other tiers.

A note on provenance quality independent of
license tier. The compatibility matrix captures
output license requirements, not the trustworthi-
ness of the collection process. Two datasets can
carry the same license while having very differ-
ent provenance. ParaCrawl (Bafidn et al., 2020)
is a web-scale parallel corpus co-financed by the
EU Connecting Europe Facility, with the University
of Edinburgh as lead institution, and carries CCO.
ParaCrawl explicitly states that it does not own the
underlying text; CCO applies to the packaging and
database rights only. Its institutional context pro-
vides a degree of accountability that informal web
scrapes do not. JW300 also presented as open-
access but was built in violation of platform Terms
of Service. The license tier alone does not distin-
guish these cases; provenance must be assessed
separately. The matrix therefore addresses com-
patibility, not provenance; both must be evaluated
in practice.

4.1. Dataset License versus

Redistribution Rights

Several widely used corpora are web-mined,
meaning the dataset license reflects packaging or
database rights rather than rights in the underlying
text (Peretkiewicz and Poswiata, 2024). CCMa-
trix (Schwenk et al., 2021) is mined from Common
Crawl snapshots and does not state a text license
on OPUS or in its paper. NLLB mined bitext (NLLB
Team et al., 2022) uses Common Craw| Web Ex-
tracted Text (WET) files as a primary source; the
ODC-BY license on NLLB bitext governs database
rights, not the underlying text. WURA (Oladipo
et al., 2023) is built by auditing mC4 (itself de-
rived from Common Crawl) and additional focused
crawls. For these corpora, the dataset-level license
does not clear the underlying text for redistribution
or relicensing.

A use-case distinction is practically important.
Model training on mC4-derived text may be defen-
sible under fair use or EU TDM exceptions, depend-
ing on jurisdiction. Publishing an annotated dataset
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derived from the same text constitutes redistribution
of copyrighted content. The dataset’'s Apache 2.0 or
CC packaging label does not change this; it applies
to the collection, not the underlying text. This dis-
tinction is not captured by the compatibility matrix.
For the primary output of the African NLP commu-
nity, published annotation datasets, redistribution
risk therefore applies to mC4-derived sources re-
gardless of their stated license. Rights-cleared
sources (UDHR, TICO-19, FLEURS, SMOL, origi-
nal speech recordings) avoid this risk. Practitioners
who use WURA or Leipzig as annotation seeds for
published named entity recognition (NER) or part-
of-speech (POS) datasets are redistributing copy-
righted web text without explicit permission from
the original rights holders.

One indicator of provenance quality is institu-
tional context. Projects with identifiable institutional
backing, named investigators, and public ethics dis-
closures tend to provide more accountability than
anonymous uploads. This is a signal of lower risk,
not a guarantee. Institutional affiliation does not
substitute for verification of the actual collection
method.

ParaCrawl (Bafon et al., 2020) illustrates both
sides of this distinction. It is an EU-funded project
with named academic leads and documented col-
lection methods, but it is still web-mined. The
underlying text originates from websites across
multiple jurisdictions, and the CCO label applies
to the dataset as released rather than implying
rights over the individual texts. Institutional con-
text therefore reduces uncertainty but does not
resolve underlying rights questions. For African
languages, ParaCrawl’s bonus releases include
English—Swahili (132,517 sentence pairs, CCO0)
and English—-Somali (14,879 sentence pairs, CCO).

Three results from this matrix are practically im-
portant for African NLP:

(1) T3 x T4a = incompatible. Wikipedia (CC-BY-
SA, T3) and the 27Group Feriji Zarma corpus (CC-
BY-NC, T4a) cannot be combined in a single pub-
lished dataset under a valid license. A practitioner
who annotates Wikipedia sentences alongside Fer-
iji sentences and publishes the result would face
incompatible licensing requirements. Wikipedia’s
share-alike requirement implies CC-BY-SA output,
while Feriji’'s non-commercial restriction requires
CC-BY-NC. No single license satisfies both.

(2) T4b x anything = blocked. Any corpus with
a ND clause, including Tanzil, a widely used Quran
translation corpus (tanzil.net), cannot be used
to create a published annotation dataset under the
license terms. The annotation constitutes a deriva-
tive work. This is not a question of the output li-
cense; distributing an annotated dataset derived
from such sources is not permitted under the li-
cense, regardless of jurisdiction-specific exceptions
that may apply to private use.

(3) T3 propagates; T4a similarly. A T2 source
combined with a T3 source produces a T3 output.
A T2 or T3 source combined with a T4a source pro-
duces a T4a output, as the non-commercial restric-
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tion is inherited. Practitioners who use Wikipedia
as an annotation seed must therefore release under
CC-BY-SA 4.0. MasakhaNER 2.0 (Adelani et al.,
2022) uses Wikipedia text in its annotation pipeline.
The HuggingFace dataset card lists CC BY-NC 4.0
for the dataset release, while the source-text licens-
ing is heterogeneous. Practitioners should verify
the specific version they use. The key point is that
license decisions must be made before annota-
tion begins. Choosing CC-BY-SA may limit certain
downstream commercial uses.

5. African NLP Corpus Survey

Table A1 surveys corpus families used in African
NLP with their tier assignments (see Appendix A).
An asterisk (*) marks web-mined corpora where
the dataset license covers packaging or database
rights rather than the underlying text.

5.1. Common Corpus: African Language
Representation

We streamed the full Common Corpus training
split (Langlais et al., 2025) and filtered by the 1an-
guage field. All 91 native Sub-Saharan rows carry
CC-BY-SA licenses; the subset and url fields
are null throughout. Text content identifies the
source as Wikipedia 2023 via MediaWiki markup
(e.9. {{infobox tanana in Malagasy rows).

The 16 rows labelled “Various open data” (Lin-
gala 7, Kabyle 5, Wolof 3, Hausa 1) appear
to be language-identification errors on French
archival documents; none contains usable African-
language text. Common Corpus is therefore not
an independent African-language source: it largely
repackages the same Wikipedia dumps audited in
Table A1, with less detailed provenance metadata.
Researchers should not count both as separate
entries.

The ratio is approximately 200:1 (English 18,485
rows; all 15 native Sub-Saharan languages com-
bined, 91 rows); Afrikaans alone, with 11 rows,
exceeds the native total. This imbalance also re-
flects a structural feedback loop. Platforms such
as YouTube generate CC-licensed ASR transcripts
only for languages with an existing seed model.
Swahili is currently the only Sub-Saharan language
with YouTube ASR support. It accumulates more
CC text with each upload, while the same process
does not occur for Lingala, Kikongo, or Tshiluba. A
critical mass of labelled speech data is therefore a
prerequisite, not merely a goal.

5.2. Applying the Compatibility Matrix to
Case-Study Languages

Table 3 shows which source combinations are
legally valid for the three case-study languages and
the output license each combination requires.

For Moore, the license landscape is relatively
clean. The main sources (MT560, FLORES-
200, WURA, MooreFRCollections) are all T2
or T3 and compatible. One caveat applies:
the 125,695-row Moore sentiment dataset
(michsethowusu/mossi-sentiments—
corpus) assigns labels via English back-



Combination Valid?
Kituba (ktu/mkw)

Leipzig mkw + Yes
SMOL ktu

Leipzig mkw + Yes
kgwiki (CC-BY-SA)
Leipzig mkw + No
Mozilla TTS mkw
(NOODL)

Zarma (dje)

MT560 dje + Yes
27Group NER

MT560 dje + Yes
27Group noisy

GEC

MT560 dje + Yes
27Group Feriji

Output license

T2 (CC-BY)
T3 (CC-BY-SA)
NOODL-1.0

T2 (CC-BY 4.0)
T3 (CC-BY-SA 4.0)

T4a (CC-BY-NC 4.0)

Wikipedia + Feriji N/A No Wikipedia

Feriji + 27Group No T4a x T3 = x
GEC (T3)

Moore (mos)

MT560 mos + Yes T3 (CC-BY-SA 4.0)
FLORES-200 mos

MT560 mos + Yes T2 (CC-BY 4.0)
MooreFRCollec-

tions

MT560 mos + Yes T2 (MIT)

MossiSentiments
FLORES-200 + Yes
WURA mos

T3 (CC-BY-SA 4.0)

Table 3: Compatibility analysis for case-study lan-
guage combinations. “No” entries indicate legally
invalid combinations under the license terms.

translation through DistiBERT. In the NLP
annotation literature, silver labels are automatically
generated, while gold labels are human-annotated
in the target language. This dataset should
not be used as a gold standard for sentiment
benchmarking without human verification of a
stratified sample.

For Zarma, the combination of Feriji (T4a) with
the 27Group noisy GEC corpus (T3) is incompat-
ible. Both corpora are published by the same re-
search group. A practitioner who used both in a
single annotation pipeline would face incompatible
licensing requirements and could not release the
resulting dataset under a valid license.

6. Four Failure Modes

The four cases below are not intended as a ran-
dom sample of poor practice. They represent four
structurally distinct ways in which license compli-
ance can fail in African NLP, each with different
causes and implications. (a) Rights violation at
source (JW300): the corpus was built in breach
of the source’s Terms of Service; no downstream
license choice can remedy a prohibited collection.
(b) Label misrepresentation (WAXAL): a compos-
ite dataset was published with a uniform license
claim that contradicts the per-provider terms; practi-
tioners acting in good faith on the stated label may
unknowingly violate those terms. (c) Hidden re-
striction (Tanzil): a NoDerivs clause was present
on the license page but absent from the CC label

visible to aggregators; standard tier-based interpre-
tation fails when the label is incomplete. (d) In-
frastructure failure (Congolese Radio Corpus):
the corpus existed as a set of third-party platform
URLs; when those URLs became unavailable, the
resource could no longer be verified. These four
modes share a common structure: in each case,
an implicit legal assumption was made that would
not have survived explicit examination.

6.1. Prohibition: JW300

JW300 (Agi¢ and Vuli¢, 2019) was a parallel cor-
pus covering 300+ languages, built from the Je-
hovah’s Witnesses website jw.org. It was widely
used in African NLP from 2019 onward due to cover-
age of languages with little or no alternative parallel
text.

The legal issue is clear. The jw.org Terms of
Service (ToS) prohibit text and data mining. A legal
audit by CIPIT Nairobi confirmed this (Centre for
Intellectual Property and Information Technology
Law (CIPIT), 2020). OPUS removed the corpus fol-
lowing Masakhane’s formal request for permission,
which was denied (Walled Culture, 2020). This
corresponds to Tier 5 in the taxonomy above: pro-
hibited regardless of how the corpus was obtained.

The risk for current practitioners is indirect. LLMs,
cross-lingual embeddings, and benchmark sys-
tems trained before 2021 may incorporate JW300-
derived representations. Derivative datasets built
from such models may therefore carry uncertain
provenance. African NLP papers should include an
explicit statement: “This dataset does not include
JW300-derived text or derivatives thereof.” This is
analogous to ethics approval statements in human
subjects research: a reproducible declaration that
reviewers can verify.

6.2. Composite License
Misrepresentation: WAXAL

WAXAL (Diack et al., 2026) is a 2026 speech
dataset covering 19 African languages for auto-
matic speech recognition (ASR) and 16 for text-to-
speech (TTS). The associated arXiv paper claims
that the collection is released under a uniform CC-
BY 4.0 license. The HuggingFace dataset card
(Google, 2026) contradicts this, listing per-provider
licenses. Per-provider attribution can be traced
from WAXALs supplementary tables:

+ CC-BY 4.0 (T2): University of Ghana contri-
butions only: Akan, Ewe, Dagbani, Dagaare,
Ikposo (ASR); Fante, Twi (TTS).

« CC-BY-SA 4.0 (T3): All other contribu-
tions: Makerere University (Acholi, Luganda,
Masaaba, Nyankole, Soga), Digital Umuganda
(Fula, Lingala, Shona, Malagasy, Amharic,
Oromo, Sidama, Tigrinya, Wolaytta), Media
Trust (Fula, Igbo, Hausa, Yoruba, Nigerian
Pidgin), Loud and Clear (Kikuyu, Luganda,
Luo, Swahili), AIMS Senegal (Bambara, Pular,
Wolof).
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The dataset therefore combines contributions
under different licenses rather than a single uniform
license.

The composite misrepresentation creates a con-
crete legal failure. A practitioner who reads the
WAXAL arXiv abstract, downloads the Lingala sub-
set, annotates a NER dataset from its transcripts,
and publishes under CC-BY 4.0 would violate the
CC-BY-SA 4.0 share-alike requirement of the Dig-
ital Umuganda contribution. This occurs despite
acting in good faith on the stated license. Lingala,
Hausa, Igbo, Yoruba, and all Makerere-sourced
languages in WAXAL require CC-BY-SA 4.0 output
for any published derivative.

A noteworthy asymmetry exists. Digital Umu-
ganda’s standalone AFRIVoicE dataset, which cov-
ers the same Lingala recordings, is released under
CC-BY 4.0. The same speech data carries differ-
ent terms depending on which dataset packaging it
is accessed through. Practitioners cannot resolve
this without per-provider provenance tracing that
the arXiv paper does not facilitate.

Composite dataset papers should include a per-
language provenance and license table as a re-
quired metadata artifact.

6.3. Hidden NoDerivs Restriction: Tanzil

Tanzil (tanzil.net) provides Quran transla-
tions in approximately 40 languages, including sev-
eral African languages (Hausa, Swabhili, Somali,
Amharic, partial Yoruba). Its stated license is CC-
BY 3.0. In the NLP literature, CC-BY is typically
treated as Tier 2: permissive, derivatives allowed,
attribution required.

The Tanzil license page explicitly states: “You are
not allowed to modify this text in any way” (Tanzil
Project, 2010). This is a NoDerivs restriction (Tier
4b). It is not disclosed in the CC-BY label. A practi-
tioner who tokenises Tanzil text, aligns it to a par-
allel target, and publishes the result as a training
dataset has violated this restriction. The derivative
prohibition applies regardless of the output license
chosen.

The ND clause reflects the religious status of the
Quran in Islam. Tanzil’s policy holds that Quranic
text may not be altered, in order to preserve the
integrity of a text considered holy in Islamic tradition
(Tanzil Project, 2010). This restriction is therefore
not incidental but reflects a normative constraint
on modification. As a result, even technical trans-
formations such as tokenisation or alignment may
fall under the prohibition on distributing modified
versions.

An annotation dataset derived from Tanzil text
cannot legally be published under any open license.
The NoDerivs clause prohibits the derivative work
entirely. To the extent that Tanzil-derived text has
been incorporated into African NLP pipelines for
languages with Quran translation coverage, those
pipelines carry this undisclosed legal risk.

No modern African-language Quran translation is
available in a clearly public-domain or CC-BY (with-
out ND) machine-readable format. The classical
English translations of Sale (1734, Project Guten-

berg #7440), Rodwell (1861, #3434), and Palmer
(1880, Wikisource) are public domain. These En-
glish public domain translations provide no African-
language text and are of no direct utility for practi-
tioners building African-language NLP resources.

6.4. Data Persistence Failure: The
Congolese Radio Corpus

The CRC (Wheatley et al., 2020) for Lingala was
published with a claim of hundreds of hours of
broadcast audio sourced from YouTube. An au-
dit conducted in February 2026 found that 402
of 405 YouTube IDs referenced in the CRC are
no longer accessible, returning 404 errors due
to video removal or channel deletion. The repro-
ducible portion of the corpus is approximately 14.4
hours of elicited LRSC speech and Radio Okapi
broadcasts.

This is not a criticism of the original authors. It
highlights a structural limitation: corpora that de-
pend on third-party platform URLs are often
non-persistent. A published corpus that cannot
be reproduced by a subsequent researcher may
not function as a stable scientific resource. The
CRC is not an isolated case. Common Voice re-
moves recordings when contributors withdraw con-
sent. HuggingFace datasets are occasionally re-
moved by their owners. YouTube channels are
deleted routinely.

Corpora distributed via repositories with persis-
tent identifiers, such as Zenodo DOls, OpenSLR
stable IDs, or LDC catalogue numbers, have re-
mained reproducible over time. We recommend
that African NLP publication venues adopt a data
availability standard requiring either (a) a persistent
DOl-backed deposit for all corpus resources, or
(b) an explicit statement of which components are
platform-dependent and may become unavailable.

A related issue is the lack of provenance
documentation in community HuggingFace up-
loads. Several large parallel corpora for African
languages carry labels such as “MT560/0OPUS-
derived” with no source URLSs, translation pipeline
documentation, or quality filter parameters. For
example: michsethowusu/english-luba-
kasai_sentence-pairs_mt560 (292,000
rows, CC-BY 4.0), michsethowusu/english—
congo-swahili_sentence-pairs_mt560
(272,000 rows, CC-BY 4.0), and
michsethowusu/english-zarma_sentence-
pairs_mt560 (60,000 rows, CC-BY 4.0) fall into
this category. These datasets cannot be audited
for license provenance. A practitioner cannot verify
whether T5 sources were included in the pipeline,
making them legally ambiguous despite carrying
permissive license labels.

Data persistence and digital sovereignty. The
CRC failure is not only a technical problem; it also
raises questions of data sovereignty. The plat-
forms implicated in African NLP data loss, includ-
ing YouTube, HuggingFace, GitHub, and OPUS,
are maintained by US or European organisations
with limited direct accountability to African language
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communities. When a corpus becomes unavailable
on these platforms, there may be no institution with
the mandate or capacity to recover it. This suggests
a role for African-controlled digital infrastructure for
language data. Initiatives such as SADILAR (South
African Centre for Digital Language Resources)
and the ISLRN persistent identifier system point to-
ward a model in which African language resources
are deposited in regionally managed archives with
persistent identifiers (Nekoto et al., 2020; Omino,
2025). The CRC case illustrates a practical con-
sequence of this dependency: a published corpus
may become an unverifiable resource.

7. Enrichment Opportunities Within
the Open-License Landscape

The foregoing analysis may appear pessimistic.
The legal constraints are significant, several docu-
mented corpora have licensing issues, and authen-
tic open-license text for under-resourced African
languages is limited. A more productive reading
is that clearly identifying these constraints makes
enrichment tractable.

Transcribing untranscribed speech. WAXAL
includes speech subsets for which transcripts are
not released. The University of Ghana subsets
(Akan, Ewe, Dagbani, Dagaare, Ikposo ASR; Fante,
Twi TTS) carry CC-BY 4.0 licensing. Transcribing
these recordings with community annotators and
releasing them under CC-BY 4.0 would produce
new, derivative-safe text corpora without requiring
additional data collection.

Annotation of existing T2/T3 seeds. For each
case-study language, T2 seed text exists and
can be annotated for named NER, POS, or senti-
ment. The key legal decision is whether to include
Wikipedia (T3, requiring CC-BY-SA 4.0 output) or
restrict annotation to T2 sources (permitting CC-BY
4.0 output). This decision must be made before
annotation begins, as it affects downstream com-
mercial usability. A further distinction applies to
web-mined T2 sources such as WURA and Leipzig:
their packaging license does not clear the underly-
ing text for redistribution. Publishing an annotated
dataset whose seed sentences come from WURA
constitutes redistribution of mC4-derived content.
Rights-cleared T2 sources (FLEURS, SMOL, TICO-
19) do not carry this risk and are preferable as an-
notation seeds when coverage is sufficient.

For Kituba, the Leipzig Corpora Collection (Gold-
hahn et al., 2012) mkw_community_2017 entry
(143,476 sentences, CC-BY, T2) is, to the author’s
knowledge, the largest available Kituba text corpus
and has not been used in published NLP work.
Combined with the SMOL gatitos__en_ktu
pairs (863 sentences, CC-BY 4.0, T2), it provides
an NER annotation seed with known provenance
that permits CC-BY 4.0 output without share-alike
propagation.

For Zarma, the MT560 parallel corpus (60,515
sentences, CC-BY 4.0, T2) provides a suitable an-

notation seed for CC-BY 4.0 output. The 27Group
noisy GEC corpus (508,869 sentences, T3) is also
available but requires CC-BY-SA 4.0 output and is
incompatible with Feriji (T4a).

Parallel and bridged resources. For zero-pivot
African—African pairs, the UDHR (T1, public do-
main) provides the same 30 articles across 570+
language editions in sentence-aligned form on
OPUS. Any two editions can be paired directly with-
out an English or French intermediary. NTREX-128
(Federmann et al., 2022) provides 1,997 profes-
sionally translated news sentences in 24 African
languages under CC-BY-SA 4.0; the shared source
enables direct pairing of any two languages. For
languages outside these resources, bridge con-
struction via FLORES-200 (T3, CC-BY-SA) or TICO-
19 (T1, CCO) is possible where both languages
have segments aligned to the same pivot. English,
French, Arabic, and Portuguese cover the main
regional pivot groups. Global Voices (OPUS, CC-
BY 3.0) provides human-translated Swahili (=20K
pairs) and Amharic (=~1K). None of these resources
substitutes for large training corpora, but all are
legally clean and currently available.

The kgwiki discovery. A finding with direct en-
richment implications is that the Kongo Wikipedia
(kgwiki), labeled and indexed as Kongo, is written
in Kituba/Munukutuba. This is supported by arti-
cle content inspection and the Ssvngoku dataset
card, which explicitly invites speakers of Munuku-
tuba, Kituba, and Kikongo ya Leta to contribute.
As a result, 1,200+ articles of usable Kituba text
(CC-BY-SA 4.0, T3) may have been overlooked
by practitioners searching under the standard ISO
codes (ktu, mkw). The same mislabeling appears
in FLORES-200’s kon_Latn entry. Researchers
building Kongo NLP systems may therefore have
trained on Kituba data, while researchers building
Kituba systems may have missed this resource.
Resolving this ISO code confusion, which involves
at least five codes (kon/kg, ktu, mkw, kwy), is a
prerequisite for systematic enrichment.

Toward African-controlled data infrastructure.
The enrichment opportunities identified above de-
pend on existing open-license resources. They do
not address the structural issue that African lan-
guage data is predominantly hosted, licensed, and
controlled by non-African institutions. A comple-
mentary approach is gated access: corpus holders
deposit resources under standard CC license terms
but control who can access them.

This model is already used at scale by Hugging-
Face gated datasets and PhysioNet. Its value for
African language communities is twofold. First, le-
gal clarity is maintained without introducing new
license instruments, as standard CC terms con-
tinue to govern data use. Second, access requests
create researcher-to-researcher contact: corpus
holders can see who is using their data and for
what purpose, supporting community coordination.
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Africa Arxiv (africarxiv.org) demonstrates that
African-controlled academic infrastructure can be
community-maintained without large institutional
backing. Zenodo restricted deposits with ISLRN
identifiers could provide a practical implementa-
tion, combining persistent identification with con-
trolled access. The remaining challenge is gover-
nance and sustained funding, which is organisa-
tional rather than technical.

The checklist in Section 7 and this infrastructure
model operate at different levels. The checklist ad-
dresses what individual researchers can do with
existing resources. The gated access model ad-
dresses what the community may need to build to
avoid future losses such as the CRC and JW300
cases.

8. A Legal Due Diligence Checklist

A practical due diligence procedure. The fol-
lowing five-step procedure provides a minimal work-
flow for license-compliant dataset construction.

Step 1: Inventory sources. Consult Wikipedia,
Leipzig, UDHR, Tatoeba, FLORES-200, FLEURS,
WAXAL, WURA, TICO-19, Common Voice, and
OPUS. Avoid: CCMatrix (no license), TED2020
(T4b), JW300 (T5), and Tanzil (T4b).

Step 2: Assign tiers. Use Table 1. Verify li-
censes against original sources: Tanzil is T4b de-
spite its CC-BY label; WAXAL subsets are T3 de-
spite a CC-BY 4.0 claim. Distinguish model train-
ing (TDM exceptions) from dataset redistribution
(higher risk).

Step 3: Apply compatibility. Use Table 2. Re-
solve x by: (a) dropping one source; (b) adopt-
ing the most restrictive license; or (c) requesting a
waiver. Dropping ShareAlike favours commercial
use; dropping Non-Commercial protects commu-
nity rights.

Step 4: Verify and Archive. Cross-reference
ISO codes (e.g. kgwiki is Kituba, not Kongo).
Record license versions and checksums. De-
posit snapshots in persistent archives (Zen-
0do/SADILAR) and include a provenance decla-
ration in the paper’s ethics statement.

9. Discussion

None of the errors documented here were wilful;
each reflects a legal assumption that NLP practice
has not consistently made explicit. The compatibil-
ity matrix (Table 2) requires no legal expertise: it
is a lookup table. Tier assignments require a one-
time provenance check. The checklist requires
discipline.

ShareAlike as protection. Wikipedia’'s CC-BY-
SA requirement is often framed as a constraint:
share-alike propagates and limits commercial use.
This framing merits scrutiny. ShareAlike prevents a
well-resourced actor from taking community data,
adding proprietary value, and closing the derivative.
For African communities producing resources for
languages with limited commercial incentive, SA
may be the appropriate choice precisely because it

prevents that scenario. CC-BY maximises ecosys-
tem adoption, while CC-BY-SA protects resources
from enclosure. Both are legitimate goals. The
checklist in Section 6 provides the vocabulary for
this intentional decision.

Omino (2025) extends this logic. NOODL is a
community-designed instrument with guardrails for
Global South data communities, reflecting recog-
nition that standard CC licenses may not address
community sovereignty. As a 2025 proposal, it re-
mains a direction rather than a tested instrument.

Ethics of Lawful Use. The NLP community has
established ethics statements for human subjects
and consent, but not yet for data provenance. For
low-resource African languages, where a single
corpus loss is unrecoverable, documentation is an
ethical necessity. A corpus that violates its source’s
license is both a legal risk and an ethical failure
toward the communities it encodes, reinforcing ex-
isting power asymmetries.

We propose a standard data provenance decla-
ration in ethics statements, analogous to IRB ap-
proval:

All corpus sources were reviewed for
provenance. No ToS-violating or prohib-
ited sources are included. Tier assign-
ments are documented in the supplemen-
tary material.

This requires only one-time provenance checking
per source. Peer review can help establish this as
a community norm.

Database Rights. One dimension this paper
does not resolve is the sui generis database right
in EU jurisdictions. A corpus holder may hold
rights over a collection independently of copyright
in its text. The Open Database License (ODbL) ad-
dresses this right explicitly; standard CC licenses
do not (Open Data Commons, 2007). Whether
a text corpus constitutes a “database” under this
framework remains an open legal question with con-
sequences for those redistributing corpora assem-
bled by European institutions. This underexplored
dimension warrants further attention.

10. Conclusion

The four case studies show a common pattern:
implicit legal assumptions that would not survive
examination. JW300 was used because it ap-
peared open; Tanzil because its label indicated
CC-BY; WAXAL because per-provider terms were
not traced; and CRC because URL persistence
was not verified. All were avoidable.

Concrete outcomes include: the incompatibil-
ity of Feriji (T4a) and GEC (T3) within a single
dataset; the discovery of the Leipzig mkw entry as
the largest open Kituba corpus; and the mislabeling
of Kituba text in the Kongo Wikipedia (kgwiki) and
FLORES-200. Data logging and persistent archiv-
ing should become standard publication practices
for African NLP work.
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11. LRE Map

This paper does not introduce new language re-
sources; it audits the license provenance of exist-
ing ones. No new LRE Map entries are created.
All resources cited here are existing catalogued
resources; their identifiers (ISLRN, HuggingFace
dataset IDs, OPUS corpus IDs, or GitHub reposito-
ries) are referenced in the bibliography. The LRE
Map URL is http://lremap.elra.info

12. Ethical Considerations

This paper audits the license provenance of ex-
isting resources; no new datasets, models, or per-
sonal data were collected. The analysis draws on
published reports, license page text, and dataset
cards retrieved in January—February 2026. None
of the corpora identified as legally problematic
(JW300, Tanzil, TED2020) were used to produce
any outputs. Licenses may change after the re-
trieval date; practitioners should verify them inde-
pendently. This paper does not constitute legal
advice. Future annotation work on the languages
surveyed should follow community consent proto-
cols as outlined by Nekoto et al. (2020).

13. Limitations

Jurisdiction-specific law (e.g., EU TDM excep-
tions under the DSM Directive) may affect prac-
tical conclusions; redistribution of modified cor-
pora would remain restricted. Tier assignments
for MT560/HuggingFace datasets are provisional
due to undocumented provenance. This audit does
not demonstrate a downstream NLP application;
future work building annotated corpora for the three
case-study languages would test the practical value
of the checklist. The tier assignments in Table A1
are also provided as a structured data file in the
supplementary material to support reuse and cita-
tion.
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Corpus Tier License African coverage Notes

UDHR TT Public domain 570+ Tanguages Directly parallel: same 30 articles across all
editions; zero-pivot A-B pairs; available sentence-
aligned via OPUS.

Wikidata labels T1 CCo Many languages Structured data; not running text.

TICO-19 T1 CCo amh, hau, kin, lin, lug, 3,071 professionally translated segments; COVID
orm, som, swc, swh, tir, domain; CCO (not CC-BY as sometimes cited);
zul (16 total) the only OPUS resource with swc and lin as dis-

tinct codes.

GoURMET T1 CCo ambh, hau, ibo, swa, tir, EU Horizon-funded; University of Sheffield lead;

(GoURMET Consor- yor institutional provenance equivalent to ParaCrawl.

tium, 2020)

NLLB bitext (NLLB T2* ODC-BY 1.0 35+ African languages Web-mined; ODC-BY governs database rights,

Team et al., 2022) incl. mos, lin, bam, fuv  not rights in the underlying text; contains Com-
mon Crawl-derived content; covers Moore and
Bambara not in other T1/T2 sources.

FLEURS transcripts = T2 CC-BY 4.0 20 sub-Saharan lan- Text transcripts of speech; high quality.

guages

WURA (Oladipo  T2* Apache 2.0 16 African + Built on mC4 (Common Crawl-derived) plus fo-

et al., 2023) eng/fra/por/arz cused crawls; also includes English, French, Por-
tuguese, and Arabic (Egyptian); Apache 2.0 ap-
plies to packaging only; underlying text is copy-
righted web content; redistribution as published
annotation seed carries higher legal risk than
model training use.

MT560/HuggingFace T2 CC-BY 4.0 Many; varies Provenance often undocumented; treat as T2 with
caution.

SMOL/gatitos T2 CC-BY 4.0 Selected pairs incl. ktu  Source sentences selected from Common Crawl;
professional translations; small.

Common Voice T2 CCO (recordings) kin, swa, hau, yor, oth- Speech only; text prompts vary.

ers

Wikipedia T3 CC-BY-SA 4.0 40+ language editions  High entity density; propagates SA.

FLORES-200 T3 CC-BY-SA 4.0 30 African languages 1,012 sentences/language; propagates SA.

Leipzig Corpora T2* CC-BY 250+ languages Downloadable sentence corpora are CC-BY; the
NC restriction applies to online portal tools only;
corpora are built via web crawling.

African Storybook T2/T4a CC-BY or CC-BY-NC 60+ languages incl. Per-story license; NC stories incompatible with

dje T3 if mixed.

BibleTTS T3 CC-BY-SA 4.0 aka, twi, ewe, hau, lin, Speech with text alignment; SA propagates.
yor

ParaCrawl T1* CCo swa (132,517), som EU CEF-funded; university-reviewed; CCO covers
(14,879) the packaging only; ParaCrawl explicitly does not

own the underlying text.

NTREX-128 T3 CC-BY-SA 4.0 24 African languages 1,997 professionally translated news sentences;
same source enables direct African—African pair-
ing; evaluation scale only.

Global Voices T2 CC-BY 3.0 swa (=20K), amh Human-translated citizen journalism; no Share-

(OPUS) (=1K) Alike; only two African languages with meaningful
coverage in OPUS.

eBible.org T1-T3 Variable per translation 1,000+ languages Must verify per translation; some T1, some T3,
some T5.

Tanzil T4b CC-BY 3.0 + NoDerivs hau, swa, som, amh, ND clause explicit on license page; mislabeled as

yor (partial) CC-BY on aggregator sites; distributing annotated
derivatives is not permitted under the license.
27Group Feriji T4a CC-BY-NC 4.0 dje (Zarma) Incompatible with T3 (Wikipedia).

Mozilla TTS mkw T4b NOODL-1.0 mkw (Kituba) Community-protective instrument designed for
African language data; restricts redistribution and
Al derivatives without permission in order to pro-
tect community sovereignty over the resource.
T4b here reflects compatibility behaviour only;
NOODL is not a CC instrument. As a 2025 pro-
posal it has not yet undergone legal validation;
treat as direction rather than tested instrument
(Omino, 2025).

NaijaSenti T2 CC-BY 4.0 hau, ibo, yor, pcm Twitter-sourced; follow platform ToS for redistri-
bution.

bible-uedin T1 CCo dje, hau, swa, amh, Both OPUS and the source repository assert CCO.
yor, others Practitioners should verify that the licensors hold

the rights to apply CCO to each translation before
relying on this label. Covers Zarma (dje).

TED2020 T4b CC-BY-NC-ND 4.0 swa, others Both NC and ND; derivative annotation datasets
prohibited regardless of output license. Fre-
quently cited without noting T4b status.

CCMatrix Unknown  Unstated Many (automatically Mined from Common Crawl; no stated license
mined) on OPUS or in paper; derived datasets carry an

irresolvable provenance gap.

JW300 T5 ToS violation 300+ languages Prohibited; OPUS removed; provenance contam-

ination risk.

Table A1: License tier assignments for major African NLP corpus families. Asterisk (*) marks web-mined
corpora where the dataset license applies to packaging or database rights rather than the underlying text.
Italic entries in the Tier column represent cases where the stated license differs from the effective license
after review.
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