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Abstract

We introduce MeTaPHORIG, two small datasets comprising two genre-specific collections of spatial descriptions
for the study of linguistic creativity and Non-Literal Expressions (NLEs). The sentence-level spatial descriptions
were extracted from two distinct genre- and time-specific source corpora. Both source corpora comprise German
texts: literary prose from the 18th to the 20th century (KOLIMO) and factual travel reports from the 21st century
(Wikivoyage). Along with the spatial descriptions, the datasets contain sentence-level originality ratings obtained
through crowdsourcing and from four different LLMs (GPT-5, Qwen2.5-32B-Instruct, Mistral-Small-3.2-24B-Instruct,
and Llama-3.2-3B), and word-level metaphor annotations. We provide the MeTaPHORIG datasets, including all
annotations, to the community. The datasets can be used for further research on linguistic creativity or metaphor,
either in one specific textual domain or comparatively across the two domains. We conduct an illustrative study on
the datasets, treating originality as a proxy of textual creativity. In both datasets, we investigate potential correlations
between sentence-level originality ratings and the density of metaphorical expressions within each sentence. We find
the correlation to be present only in the KOLIMO dataset. A comparison of human and LLM originality ratings shows
that this pattern holds for both types of ratings.
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1. Introduction often assumed to enhance the perceived creativity

This paper introduces MeTAPHORIG, two small
datasets that aim to bridge the gap between holis-
tic, crowdsourced originality ratings at the text-level
and a fine-grained, linguistic analysis of individual
rhetorical devices. The exploratory study empha-
sizes metaphors, which are among the most promi-
nent Non-Literal Expressions (NLEs) as a potential
contributor to linguistic creativity.

According to the standard definition of creativity,
the phenomenon comprises the two dimensions
of originality and effectiveness (Runco and Jaeger,
2012). In this paper, we particularly focus on origi-
nality as its presumably most important dimension
(Diedrich et al., 2015). We understand original-
ity as the perceived novelty, unconventionality, or
unexpectedness of a text for a specific reader.

Studies in psychology or psycholinguistics often
aim to assess the creativity of ideas, artistic works,
or linguistic productions. To this end, human as-
sessments of creativity are oftentimes collected
through crowdsourcing or by ratings of domain ex-
perts (Qian and Plucker, 2017).

In contrast, linguistics and NLP rarely concep-
tualize creativity as a holistic property of an idea
or utterance. Instead, they tend to focus on spe-
cific textual features and formal characteristics that
may influence how creative an utterance is per-
ceived to be by humans (Weinstein et al., 2022;
Zedelius et al., 2019). Metaphors provide a particu-
larly salient example of such a feature, as they are

of a sentence. They are one of the most exten-
sively researched forms of potentially creative and
original language use (Kohl et al., 2020), and they
are widespread or even ubiquitous in language and
thought (Lakoff and Johnson, 2003). Yet, in NLP
research, there is relatively little work and hardly
any existing datasets that combine annotations of
metaphors, on the one hand, and of creativity or
originality, on the other hand.

According to Lakoff and Johnson’s Conceptual
Metaphor Theory (CMT), metaphor is a cognitive
mechanism that structures human understanding
by mapping complex experiences onto more con-
crete or familiar domains. Metaphorical expres-
sions vary widely across genres in form, function,
and cognitive effects, as well as in their degree of
creativity or originality (Steen et al., 2010a; Her-
rmann, 2015; Momen et al., 2026). Even in pre-
sumably creative domains such as advertisement
or literary texts, many metaphorical expressions
are conventional, but still contribute to perceived
creativity (Steen et al., 2010a; Dorst, 2015; Burgers
et al.,, 2015). In the context of NLP, metaphors thus
continue to pose challenges for current approaches
to annotation and detection because of their context
dependence and varying degrees of conventional-
ity (Maudslay and Teufel, 2022; Ye et al., 2025).

The MeTaAPHORIG datasets consist of two small,
genre-specific datasets of sentence-level descrip-
tions of spatial scenes, annotated with originality
ratings and metaphor labels. Spatial descriptions
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Rating Item

Example 1 (Literary)

Example 2 (Non-literary)

Original Text = Die Glastiren zur Veranda standen offen, S&o Roque: Diese Stadt liegt an der Nord-
und der Duft des Flieders drang herein, der  kiste von Pico und ist bekannt fiir ihre sché-
wie eine Mauer aus weiBem und hellblauem nen Naturschwimmbecken, in denen Be-
Gewdlk den Garten einhegte. sucher baden kénnen.

Translation The glass doors to the terrace were open, S&do Roque: This town is located on the north

(own) and the scent of the lilac drifted in, enclosing  coast of Pico and is famous for its beautiful
the garden like a wall of white and light blue  natural pools where visitors can swim.
clouds.

Source Eduard von Keyserling, Abendliche Hduser = Wikivoyage, Pico (2023)

(1940)

Metaphors Metaphor Density: 0.23913 Metaphor Density: 0.047619
Direct Metaphors: 4 ("Mauer", "weiBen", Direct Metaphors: 0
"hellblauen”, "Gewdlk") Indirect Metaphors: 1 ("liegt")

Indirect Metaphors: 1 ("standen offen")
Originality Humans: 4.8 Humans: 2.1
Ratings GPT-5: 5.0 GPT-5: 1.0

Qwen?2.5-32B-Instruct: 4.6
Mistral-Small-3.2-24B-Instruct: 5.0
Llama-3.2-3B: 4.6

Qwen?2.5-32B-Instruct: 2.0
Mistral-Small-3.2-24B-Instruct: 3.0
Llama-3.2-3B: 3.3

Table 1: Example sentences from the METAPHORIG datasets with respect to metaphors and averaged

originality ratings by humans and LLMs.

commonly appear as textual elements in different
types of genres, including travel reports or novels.
Such descriptions are comparable content-wise
and can be understood in isolation. We therefore
assume that human raters can assess the linguistic
originality of these controlled sentences more eas-
ily than that of randomly selected passages which
would differ substantially in terms of content.

The spatial descriptions were extracted from two
fundamentally different textual domains, yielding
two genre-specific datasets: 18th to 20th century
literary prose on the one hand and factual travel
reports on the other (see the example sentence in
Table 1 from a literary prose text alongside a non-
literary sentence from a travel report). The older
literary prose presumably seems highly literary to
contemporary readers, while the travel reports are
characterized by factual and, presumably, more
non-figurative language.

For each sentence in both datasets, we addition-
ally collected originality ratings via online crowd-
sourcing and annotated word-level metaphors fol-
lowing the MIPVU procedure (Steen et al., 2010b;
Herrmann et al., 2019). These annotations result
in two original datasets of sentences matched with
both sentence-level originality scores and word-
level metaphor information.

We showcase a potential use-case of the
MeTaPHORIG datasets by presenting an analysis
that correlates metaphor density with originality ac-
cording to the human judgments as well as to LLM
ratings of originality. In a first step, the two very
different datasets are used to analyze the two for-
mally distinct textual domains in terms of originality
and metaphoricity. We examine whether the re-

lationship between human originality ratings and
metaphor use varies across them. In a second step,
we explore whether LLMs can be leveraged for rat-
ing originality similarly to a crowdsourced collec-
tion of ratings. In addition to the human originality
ratings, we thus collect ratings from four different
LLMs. We aim to explore not only the extent to
which LLMs approximate human originality judg-
ments, but also whether their originality ratings ap-
pear to be grounded in similar textual cues.

2. Background

2.1. Creativity Assessment

In creativity research, the goal of creativity assess-
ments is to determine the creativity of particular
products, as opposed to, e.g., the creativity of indi-
viduals (such as writers) or processes (their writing
processes). The creativity of products, such as
texts, is typically assessed through human ratings.
Most of these human-evaluation approaches in-
clude Likert scale ratings of novelty or originality
collected from experts or via crowdsourcing (Hen-
nessey et al., 2011; Kaufman et al., 2009), struc-
tured pairwise comparisons where raters select
the more creative item from a pair (Crompvoets,
2025; Cao et al., 2026), and ranking tasks in which
multiple items are ordered according to perceived
creativity or originality (Do Dinh et al., 2018). One
of the most influential approaches in this area is
the Consensual Assessment Technique (CAT) in-
troduced by Amabile (1982). While CAT raters are
usually domain experts, a certain degree of subjec-
tivity in the ratings is inevitable (Qian and Plucker,
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2017). Mozaffari (2013) proposed an analytical
rubric that assesses multiple sub-dimensions of
creativity rather than relying on one single, holistic
creativity score. All these approaches share the
common assumption that creativity can be inferred
from the collective judgments of human raters.

2.2. Metaphors and Creativity

The most influential approach to metaphor in lin-
guistics is the Conceptual Metaphor Theory (CMT),
introduced by Lakoff and Johnson in their seminal
work Metaphors We Live By (1980) (Lakoff and
Johnson, 2003). In linguistics, metaphor is still
predominantly understood according to CMT as
a cognitive mechanism by which a (typically ab-
stract) target domain is conceptualized in terms of
a more concrete source domain. While conceptual
metaphors, the underlying cognitive mechanisms of
a metaphor, are typically highly conventional, their
linguistic realizations can vary widely and may be re-
alized as novel and creative utterances (Kévecses,
2020). This can be observed especially in literary
text which allows authors and poets to create novel
linguistic metaphors by creatively re-interpreting
conventional and everyday conceptual metaphors
(Semino and Steen, 2008; Kévecses, 2010).

The Metaphor Identification Procedure (MIP)
(Pragglejaz Group, 2007) and its extension by VU
Amsterdam (MIPVU) (Steen et al., 2010b) are cur-
rently among the most common ways to annotate
metaphor in linguistics. However, these annotation
procedures do not capture the degree of creativity,
novelty, or deliberateness of a metaphor. Exist-
ing approaches to annotate metaphor novelty as
one dimension of creativity are based either on
crowdsourcing (Do Dinh et al., 2018) or they are
dictionary-based (Egg and Kordoni, 2022). Accord-
ing to Reimann and Scheffler (2024), dictionary-
based annotations align more reliably with expert
metaphor annotations.

Further, more detailed annotation protocols of
metaphors are based on Deliberate Metaphor The-
ory (DMT) (Steen, 2017) and aim to identify whether
a metaphor is used potentially deliberately (Rei-
jnierse et al., 2018; Dipper et al., 2024). DMT sug-
gests that non-deliberate metaphors are always
conventional.

In the context of working with potentially creative
or deliberate metaphors, the distinction between
direct and indirect metaphors introduced by MIPVU
is also worth considering (Steen et al., 2010a). Di-
rect metaphors, often comprising longer phrases,
are typically realized in the form of similes (compar-
isons) and explicitly marked in the discourse, e.g.,
by ‘as’ or ‘like’ (Steen et al., 2010a) (see example (1)
in Table 1). They are particularly important when
studying creativity because they might be strongly
related to originality and deliberate usage. Indirect
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metaphors, by contrast, largely occur on the word
and phrase level and are far more frequent, conven-
tionalized, and more often used non-deliberately
(Steen, 2017). They are less likely to contribute
strongly to a sentence’s overall originality.

When creating the MeTapHORIG datasets, we
opted for a parallel annotation setting: we collected
standard creativity ratings on the sentence-level,
and independent metaphor annotations on the word
level according to MIPVU.

2.3. LLMs in creativity and metaphor
research

To date, a variety of computational approaches
have been developed to assess creativity. Acar
(2025) provides an overview of the evolution of
computational methods for assessing creativity.

Research on using LLMs to predict creativity rat-
ings has so far come mainly from the social sci-
ences and from psychology. Many of these ex-
periments rely on human creativity ratings of either
texts of different domains or of responses to creativ-
ity tests, such as the Alternative Uses Task (AUT).
Luchini et al. (2025) demonstrated that LLMs out-
perform measures of semantic distance in terms of
predicting human originality ratings of creativity test
responses. Organisciak et al. (2023) found similar
results for AUT responses and Laverghetta et al.
(2025) for solutions to design problems. Rabeyah
et al. (2024) point out the high correlation of mul-
tiple LLMs with each other in creativity scoring of
AUT responses. More specifically, in the humani-
ties, in a study with a particular focus on creative
writing, Kim and Oh (2025) could demonstrate high
consistency and performance of LLM ratings. Not
specifically related to originality, but in terms of as-
sessing the quality of narrative text, Chiang and
Lee (2023) demonstrated that LLMs are a potential
alternative to human ratings.

Specific work on annotating metaphors or their
originality or novelty in the context of NLP and Dig-
ital Humanities has been carried out by several
researchers. Some studies aimed to apply LLMs
as annotators of word-level metaphors (Hicke and
Kristensen-McLachlan, 2024; Reimann and Schef-
fler, 2025; Sanchez-Montero et al., 2025). They
demonstrate that under certain conditions, LLM-
based annotations can approximate human ones,
but also highlight the brittleness of prompting ap-
proaches and the sensitivity to specific prompts.
DiStefano et al. (2024) fine-tuned two language
models on human creativity ratings of metaphors,
suggesting that these models may be able to ap-
proximate certain aspects of how humans interpret
figurative language. Momen et al. (2026) explored
LLM surprisal as a predictor of metaphor novelty.
They found a positive correlation between word-



level surprisal of metaphors and their novelty rat-
ings in multiple datasets. In the present paper,
we focus on comparing LLM originality ratings to
human ratings, leaving the modeling of (creative)
metaphor detection for future work.

3. Introducing the METAPHORIG
datasets

This section describes the construction of the two
datasets of METAPHORIG. We provide the datasets,
including all annotations on GitHub.

3.1. Spatial descriptions datasets

Both MeTaPHORIG datasets consist of 100 spatial
descriptions extracted from German texts. They
were selected randomly from two larger datasets
of sentences that have been annotated manually
based on annotation guidelines for identifying de-
scriptions of spatial scenes (Sitter et al., 2025).
Such spatial descriptions aim to describe concrete,
static spatial, scenic surroundings without any im-
mediate actions. We focus on spatial descriptions
for several methodological reasons: First, spatial
descriptions are common and integral textual ele-
ments across different genres and can be found in
both source corpora of the METAPHORIG datasets.
Second, their comparability in terms of content fa-
cilitates the assessment of originality at the linguis-
tic level, as it reduces the risk that raters conflate
linguistic creativity with originality of the content.
Third, the selected spatial descriptions are com-
prehensible in isolation and can be presented to
raters without additional textual context. This re-
striction allows for stronger experimental control
and ensures a substantial degree of comparability
between individual items, although it may limit the
generalizability of the findings to entire texts.

3.2. The KOLIMO dataset

The first small dataset consists of 100 spatial
descriptions that originally were extracted from
KOLIMO, the “Corpus of Literary Modernity”,
(Horstmann, 2019; Horstmann and Akazawa, 2024;
Herrmann and Lauer, 2018). This corpus com-
prises literary fictional prose texts mainly from the
18th to 20th centuries, while most of the sentences
have been extracted from texts published in the
19th century. We chose a literary source corpus
for building the dataset because metaphors are a
particularly important rhetorical device in literary
writing and we expected a high amount of non-
literal expressions in these texts. Moreover, to the
best of our knowledge, there is currently no prior
study that systematically collected originality ratings

for individual literary sentences using crowdsourc-
ing methods. Using 18th—20th century language
complicates comparisons with contemporary texts.
However, it is difficult to obtain and distribute an-
notated data for contemporary literary texts due to
copyright reasons. This limitation particularly af-
fects highbrow canonical works, which are often
regarded as the most creative representatives of
their genre. Consequently, we opted for texts that
are both publicly accessible and literary prestigious
in character instead of contemporary text material.

3.3. The Wikivoyage dataset

The second small dataset consists of 100 spatial
descriptions extracted from the Wikivoyage corpus
(Nolda, 2024; Wikimedia Foundation Inc., 2025).
Wikivoyage is a collection of non-literary travel re-
ports (21st century). Most sentences are factual
and plain (see example (2) in Table 1). This dataset
can thus be expected to contain less figurative
and less original language use, compared to the
KOLIMO dataset.

4. Ratings and annotations

For each of the textscMetaphOrig datasets, we
collected originality ratings via crowdsourcing and
from four different LLMs. The metaphors in the
sentences were annotated by trained experts fol-
lowing the MIPVU procedure (Steen et al., 2010b).
This section describes the obtained ratings and the
annotations.

4.1. Human originality ratings

We collected the ratings for all sentences in both
small datasets as part of a large-scale rating study
on linguistic creativity on Prolific. Prolific is a crowd-
sourcing platform that is primarily used in the social
sciences and aims to ensure the high quality of the
data collected through quality checks. Remuner-
ation for the raters was calculated based on the
German minimum wage at the time of data collec-
tion (May 2025).

Atotal of 120 L1 German speakers rated all items
on a six-point Likert scale for originality. 10 people
in total rated each individual item in an incomplete
between-groups design that was applied to reduce
the cognitive load on the participants.

Participants were presented with 50 items each
(one third each from the KOLIMO and the Wikivoy-
age dataset, one third filler items). We provided no
explicit genre information and stated that all pre-
sented items were taken from everyday language
texts. This was intended to ensure a uniform extra-
textual context for both datasets and thus maximize
the comparability of the ratings. At the same time,
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our aim was to examine the extent to which tex-
tual genre cues alone affect originality judgments,
without explicitly priming raters toward a literary
reading mode or evoking genre expectations that
might influence their ratings (Knoop and Blohm,
2025). However, given that humans are often able
to infer genre solely by reading a text without rely-
ing on any explicit extra-textual genre cues (Knoop
et al., 2024), the KOLIMO example (1) in Table
1 is still likely to be considered as literary but not
the Wikivoyage example (2). Some participants
explicitly commented in the feedback field at the
end of the study that they identified the KOLIMO
sentences as passages from literary text despite
being presented as everyday language.

In addition to a German instruction text (Appendix
A), participants received examples of one very orig-
inal and one very conventional sentence. Rating
each individual sentence was not mandatory. The
mean number of raters per sentence is thus 9.97
(range 9-10, SD = 0.171). The inter-rater agree-
ment is moderate (Krippendorff’'s Alpha = 0.525),
likely reflecting the inherently subjective nature of
perceived originality.

Importantly, we do not aim to model how texts of
the KOLIMO dataset were perceived at the time of
their publication. We are rather interested in mod-
eling the “synchronous” originality judgments of
today’s readers which are made from a contempo-
rary perspective. The temporal distance to the texts’
publication presumably contributes to a higher de-
gree of literariness as perceived by today’s read-
ers. From a contemporary perspective, literariness
may not always be clearly separable from original-
ity. We assume that the perceived literariness of
these historically distant texts may contribute to
higher originality ratings among today’s readers.
By contrast, readers at the time of publication may
not necessarily have perceived texts with similar
stylistic features as equally marked or original.

4.2. LLM originality ratings

We obtained LLM annotations by three instruction-
tuned locally hosted LLMs, covering a spectrum of
different sizes, and one commercial LLM, GPT-5.
The largest locally hosted model, Qwen2.5-32B-
Instruct (Yang et al., 2024), has previously proven
particularly well suited for the automatic extraction
of spatial descriptions (Sitter et al., 2025). This
suggests that it might be well adapted to this kind of
data. Mistral-Small-3.2-24B-Instruct-2506 (Mistral
Al, 2025) represented another family of LLMs and a
medium-sized model. The smallest model, Llama-
3.2-3B (et al., 2024), was chosen to investigate how
well a relatively small LLM works for this task.

All LLM prompts were standardized as much
as possible to emulate the human annotation pro-
cess. The models received basic information about

the rating study in the system prompt. The user
prompt contained the same instructions the human
raters received. Following a few-shot prompting
approach, the user prompt contained examples
for one highly original and one highly conventional
sentence. In addition to the instructions for human
raters, we specified the desired output format in the
LLM instructions (see appendix B).

To approximate the Prolific study setup with 10
human raters per sentence, we prompted each
model 10 times per sentence. Temperature was
set to 1.0 to introduce variability and approximate
the diversity of human raters. A final score per sen-
tence for each model was obtained by averaging
all 10 ratings.

4.3. Metaphor annotations

We annotated metaphors at the word level applying
the Metaphor Identification Procedure of VU Ams-
terdam (MIPVU) (Steen et al., 2010b) and particu-
larly its specification for German (Herrmann et al.,
2019). Applying MIPVU, annotators assessed for
each individual word in a sentence whether its con-
textual sense shows a meaning that is distinct from
its more basic, typically concrete sense, while un-
derstood by comparison to it (such as “enclosing” in
example (1), referring to a scent instead of a physi-
cal enclosure). More basic senses were looked up
in Duden.

All metaphor information was annotated collabo-
ratively by three different annotators trained on the
MIPVU procedure (one of whom was the first au-
thor of this paper). The annotators cross-checked
each other’s annotations; cases of disagreement
were discussed in detail.

MIPVU allows to annotate both direct and indirect
metaphors regardless of their degree of conven-
tionality or novelty. Dictionary-based approaches
to annotating metaphor novelty would not be able
to capture all direct metaphors and possibly fail to
do justice to the creative potential of literary texts.
The main annotation categories are “Non-MRW”
for words used in their literal sense, “indirect”, and
“direct”, as well as “WIDLII” ("When in doubt, leave
it in.”) for borderline cases. Markers of direct
metaphors are annotated as “Mflag”. Following
MIPVU, each word of a direct metaphor has to be
annotated as metaphorical.

MIPVU annotations can be used to calculate a
“metaphor density” for each sentence. Metaphor
density is the ratio of metaphorically to non-
metaphorically used words in a sentence. To pre-
vent the metaphor density score from being overly
skewed toward direct metaphors, we consider only
content words and annotated non-content words
within direct metaphors as “stopwords”. Stopwords
within direct metaphors can themselves be indirect
metaphors and therefore annotated as “indirect”:
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KOLIMO Wikivoyage
Mean sentence length 23.38 16.15
Median sentence length 21.00 16.00
Metaphor words overall 16.60% 8.57%
Direct metaphor words 2.46% 0.00%
Indirect metaphor words 14.14% 8.57%
Mean metaphor density 0.1374 0.0870
per sentence
Sentences with at least 86% 69%

one metaphorical word

Table 2: Descriptive statistics for datasets of
MEeTAPHORIG

(1) In der Moderluft schlotternd, sahen sie
Froschlach als eine Stadt aus griinen
Kacheléfen [...].

Shivering in the cold air, they saw
Froschlach as a city of green tiled stoves
[...]- (own translation)

In Example (1), the word als ‘as’ is annotated as
“Mflag”, marking the onset of a direct metaphor. The
phrase eine Stadt aus griinen Kacheléfen ‘a city of
green tiled stoves’ constitutes the direct metaphor
as a whole, whereas the article eine ‘a’ and the
preposition aus ‘of’ can be treated as stopwords.
Strictly applying MIPVU, the preposition aus itself
is a (highly conventional) metaphor and thus anno-
tated as “indirect”.

When calculating the metaphor density, we
do not differentiate between direct and indirect
metaphors. Ambiguous metaphors (“WIDLII") are
counted as half. Multi-word expressions are treated
as single words. The metaphor density thus repre-
sents a comparable score of metaphoricity for all
sentences across both entire datasets (Steen et al.,
2010a).

5. Analysis

To demonstrate a potential use of METAPHORIG,
we analyze the relationship between human and
LLMs’ originality ratings and examine the role of
metaphors in shaping these ratings. All statisti-
cal analyses were conducted in R. Relationships
between metaphor density, human, and LLM origi-
nality ratings were modeled using Cumulative Link
Models (CLMs), which allow the analysis of ordinal
data. We used the ordinal package for ordinal
regression models (Christensen, 2023). To facili-
tate comparison across models, we also compute
Spearman’s rank correlations. To ensure compara-
bility across corpora and raters, metaphor density
and all ratings were rescaled to the same range
using the rescale () function from the scales
package in R (Wickham et al., 2011).

5.1.

Descriptive Statistics The source and genre
differences between the datasets of METAPHORIG
yield substantial differences in linguistic form. Even
very basic descriptive statistics reflect that the spa-
tial descriptions extracted from KOLIMO are highly
literary, i.e., descriptions from KOLIMO exhibit a
higher average sentence length and a higher de-
gree of metaphoricity (Table 2) in comparison to
Wikivoyage descriptions. Yet, it is worth noting that
even in Wikivoyage, 69% of sentences feature at
least one metaphor.

Previous comparative research has shown dif-
ferences in metaphor type use between genres.
Even though literary texts do not necessarily ex-
hibit the highest overall metaphor density, they do
have the highest frequency of direct metaphors
(Steen et al., 2010a; Dorst, 2015; Herrmann, 2015).
Such a difference in the use of direct metaphors is
also evident in our datasets (Table 2). Since most
direct metaphors are deliberate, literary spatial de-
scriptions such as those from KOLIMO can also be
expected to contain considerably more deliberate
metaphors.

Figure 1 reports the mean, median, range, and
standard deviation of the averaged human and LLM
originality ratings for each small dataset. Mean and
median ratings in each rating setting are higher
for the KOLIMO dataset than for the Wikivoyage
dataset.

The boxplots also show bigger ranges of orig-
inality ratings (by both humans and LLMs) for
the KOLIMO dataset than for the Wikivoyage one.
Moreover, they reveal that only humans and GPT-5
assign ratings of 1 (not original at all), while the
other three LLMs assign ratings of at least 1.6.
LLMs tend to give higher ratings than humans, ex-
cept GPT-5 in the Wikivoyage dataset.

Results

Correlating human originality ratings and
metaphor density To analyse the effect of word-
level metaphors on human originality ratings of full
sentences, we modeled humans’ and LLMs’ orig-
inality ratings with CLMs as an ordinal outcome
predicted by the metaphor density, the dataset, and
these predictors’ interaction. Table 3 reports the ef-
fect of metaphor density on the originality ratings in
both datasets. Figure 2 displays the human original-
ity ratings by metaphor density, along with the ordi-
nal regression lines computed by the CLM. Similar
plots for all rater LLMs can be found in Appendix C.
Only in the KOLIMO dataset, metaphor density has
a significant positive effect on the human originality
ratings. The Wikivoyage dataset shows no effect of
metaphor density on originality ratings. While the
human raters consistently rate KOLIMO sentences
as more original than Wikivoyage sentences even
when not metaphorical at all, Figure 2 shows that as
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Human Raters GPT-5

Qwen2.5-32B-Instruct

Mistral-Small-3.2-24B-Instruct Llama-3.2-3B

Mean: 3.62
SD: 1.17

Mean: 3.72
SD: 1.61

Mean: 3.49
SD: 1.12

KOLIMO

Mean: 4.01
SD: 0.67

Mean: 4.18
SD: 1.06

Mean: 2.12
SD: 0.41

Mean: 1.39
SD: 0.55

Mean: 1.82
SD: 0.56

~
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Mean: 3.36
SD: 0.51

Mean: 2.74
SD: 0.74

Figure 1: Summary statistics for originality ratings (scale 1-6) for humans and LLMs across the averaged

ratings.
Rater Data B-coef SE
Human Ratinas KOLIMO 5.57*** 1.00
9 Wikivoyage 0.79 0.94
KOLIMO 4.60*** 0.89
GPT-5 Wikivoyage 1.10 0.96
KOLIMO  4.21*** 0.99
Qwen2.5-328 Wikivoyage ~ 0.83 1.54
. KOLIMO 3.94**  0.99
Mistral-Small-3.2-24B Wikivoyage 051 096
KOLIMO 2.06* 0.78
Llama-3.2-38 Wikivoyage ~ -0.26 0.93

Table 3: Effect of word-level metaphor density
on originality ratings (from humans and instruct-
tuned LLMs). Higher g-coefficients indicate that
higher metaphor density predicts higher originality
ratings. Stars denote significance (*p < .05, **p <
.01, **p < .001). Standard Error (SE) quantifies
the uncertainty of the estimated coefficient.

metaphor density increases, the gap between the
KOLIMO and Wikivoyage dataset regression lines
widens. This illustrates that (i) literary language is
generally perceived as more original by humans in
our data, and that (ii) within the literary genre, there
is a strong impact of metaphors on originality for
human readers.

Correlating human and LLM originality ratings
To assess the alignment of human and LLM origi-
nality ratings, we fitted one CLM for each rater LLM
with the human rating as ordinal dependent variable
and the LLM rating, the source corpus (KOLIMO

o
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Originality Rating (Scaled) from Human Raters
o
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o

0.25 1.00

0.50 0.75
Metaphor Density (Scaled)

Figure 2: Averaged human ratings per sentence
and ordinal regression lines for each corpus (blue
= KOLIMO, red = Wikivoyage)

vs. Wikivoyage), and their interaction as predictors.
These complex models provided significantly better
fits than simpler alternatives with less predictors.
We also computed Spearman rank-order correla-
tions between each LLM’s ratings and human rat-
ings. Results of the CLMs and Spearman correla-
tions are reported in Table 4. The beta coefficients
of the CLMs indicate significant alignment between
humans and LLMs for both datasets. Rank-order
correlations between human and LLM ratings are
stronger for the KOLIMO dataset across all four
models. GPT-5 shows the highest correlation with
human ratings in the KOLIMO dataset, followed by
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Qwen2.5-32B-Instruct, whereas Mistral-Small-3.2-
24B-Instruct shows the highest correlation in the
Wikivoyage one.

Correlating LLM originality ratings and
metaphor density The analysis shows that
metaphor density has a generally positive effect
on the ratings; i.e. the higher the metaphor density,
the higher the originality rating. Just as for the
human raters, this effect is significant only in the
KOLIMO dataset (highly significant for GPT-5,
Qwen2.5-32B-Instruct, and Mistral-Small-3.2-24B-
Instruct; significant for Llama-3.2-3B) but not in the
Wikivoyage dataset. Similar to humans, LLMs rate
sentences in the KOLIMO dataset as more original,
regardless of their metaphor density—however,
the higher the metaphor density, the stronger its
impact on originality ratings (see Figure C).

5.2. Discussion

Using the MeTAPHORIG datasets, the showcase
study investigated correlations between originality
ratings and metaphor density, as well as between
human ratings and LLM ratings.

We find that in general, sentences in the liter-
ary KOLIMO dataset are perceived as considerably
more original (Figure 1). The statistical analysis
also gives reason to assume that originality corre-
lates with metaphor density in the literary KOLIMO
dataset. This effect does not hold in the Wikivoyage
dataset (Table 3). Generally, these results indicate
interesting and potentially complex relationships
between creativity, NLEs, and genre, calling for
more research on this understudied topic.

Even though the MIPVU annotations do not pro-
vide information on the deliberateness or novelty of
metaphors, the absence of direct metaphors in the
Wikivoyage dataset and the presence of similes in
the KOLIMO dataset (Table 2) may partially explain
the observed differences. Because of their textual
literariness (comparably more frequent and more
patterned rhetorical devices), we assume that texts
in the KOLIMO source corpus generally contain
more deliberate metaphors. A promising direction
for future research would be to explicitly annotate
and systematically analyze this type of metaphor
in the MeETAPHORIG datasets.

Correlating human and LLM ratings of sentence
originality demonstrates that LLMs’ assessments
significantly align with how humans rate original-
ity. This alignment is much stronger in the KOLIMO
dataset than in the Wikivoyage travel report dataset.
Just as for human raters, higher LLM originality
ratings in the KOLIMO dataset appear to be asso-
ciated with greater metaphor density. This aligns
with our aim of investigating whether LLMs rely on
textual cues similar to those underlying human orig-

inality judgments, and suggests that metaphor den-
sity may function as one such shared cue. Among
the LLMSs tested, GPT-5 shows the highest Spear-
man correlation with human ratings for the KOLIMO
dataset. For the non-literary Wikivoyage dataset,
Mistral-Small-3.2-24B-Instruct-2506 performs best,
however, with GPT-5 yielding almost similar results.
Overall, this suggests that for this specific rating
task of sentence originality, GPT-5 is the most suit-
able model (Table 4). However, since GPT-5 can
be accessed only via OpenAl’s API, its usage in-
curs a certain monetary cost ($4.48 for the batch
API in total for both datasets).

One possible further usage of the introduced
small datasets could be a more explicit focus on
the application of LLMs for metaphor identification
in different textual domains. Using an LLM to gen-
erate the metaphor annotations that we obtained
manually would enable a direct comparison be-
tween human and model-based annotations.

Importantly, in this illustrative study, we do not
aim to explain any variation in both human and
LLM originality ratings by metaphors alone. Origi-
nality is likely influenced by a range of interacting
stylistic and rhetorical features, such as sentence
length, grammatical patterns, or repetition schemas
that were not controlled in this study. While the
results indicate that metaphors are a particularly
salient feature for perceived originality in literary
texts, other linguistic features may play a more
prominent role in non-literary domains. Future work
with the introduced small datasets should therefore
consider metaphor as only one feature of a broader
set of rhetorical and stylistic devices that can occur
in the sentences.

In addition, many sentences in the KOLIMO
dataset might automatically seem more poetic and
thus more original because of their temporal dis-
tance from contemporary language. While iden-
tical analyses can be applied to both introduced
datasets, this aspect of their design should there-
fore be treated with caution. In future work, the
dataset collection could be expanded with addi-
tional genre-specific subsets. This would enable
more fine-grained comparisons between different
types of literary genres (e.g., highbrow and lowbrow
literature) and allow for more systematic analyses
across historical periods.

6. Conclusion

We introduce the METAPHORIG datasets, consist-
ing of two small datasets of sentence-level spa-
tial descriptions from different source corpora. We
provide the sentences, sentence-level originality
ratings from humans and LLMs, and word-level
metaphor annotations following the MIPVU proce-
dure.
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Model Corpus B-coefficient SE  Spearman Correlation
GPT-5 KOLIMO 8.76*** 0.90 0.8306
Wikivoyage 9.02*** 1.82 0.5169
Qwen2.5-32B KOLIMO 6.27*** 0.74 0.7731
Wikivoyage 3.80* 1.50 0.3506
Mistral-Small-3.2-24B KOLIMO 9.00%** 0.93 0.7631
Wikivoyage 5.96*** 1.03 0.5294
Llama-3.2-3B KOLIMO 7.10%* 0.92 0.6658
Wikivoyage 417 1.05 0.3799

Table 4: Slopes from CLMs showing the strength of alignment (5-coefficient) between human and
instruction-tuned LLM originality ratings in the two corpora. Stars denote significance (*p < .05, **p < .01,
***p < .001). Standard Error (SE) quantifies the uncertainty of the estimated coefficient. Spearman

correlations are for direct comparison between LLMs.

MeTAPHORIG is thus among the first datasets
combining approaches from psychological creativ-
ity research assessing originality holistically with
approaches from linguistics and rhetoric that fo-
cus on specific, smaller textual units. Through the
inclusion of LLM ratings, the datasets allow for sys-
tematic comparisons between human and LLM per-
ceptions of originality.

A showcase study demonstrates how analyses
can explicitly connect these perspectives in prac-
tice. It suggests that human ratings of originality
can be traced back to metaphor density in a liter-
ary textual context and a similar pattern applies to
LLM ratings. However, deliberateness of metaphor
needs to be explored in future work, including con-
ventionality and novelty of metaphor, as well as
other stylistic factors and historical distance. Such
analyses can draw on our small datasets and build
upon the showcase study presented in this paper.

Limitations

The model hyperparameters for the prompting ex-
periments were not individually optimized. Adjust-
ing parameters such as the model temperature
could potentially improve alignment with human
ratings. Likewise, prompt design introduces vari-
ability. Different structuring of the prompts might
have yielded different outcomes. Another limitation
of this study is that it only considers the originality
criterion of creativity. For a more comprehensive
view on creativity, follow-up studies must take a
closer look at the dimension of success as well.
Moreover, we acknowledge that the provided con-
textual information (presenting the sentences of the
KOLIMO dataset as everyday language) in the rat-
ing study may have shaped the ratings, for instance
by making stylistic features that are conventional
in literary texts appear more original. A follow-up
study will therefore systematically investigate how
different priming conditions and explicit genre la-
bels affect originality ratings.
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A. Rater Instructions

A.1. Original German Instruction

Wie originell und Uberraschend ist diese Beschrei-
bung fir Sie? Wird in der Textstelle ein Ort so
beschrieben, wie Sie es in einem alltagssprach-
lichen Text nicht erwartet hatten? Gibt es eine
frische Perspektive oder einen unerwarteten oder
neuen Ausdruck?

Originelle Beschreibungen missen nicht unbe-
dingt extrem kunstvoll und ausgeschmuckt sein.
Entscheidend ist, ob Sie Uberrascht sind darlber,
dass jemand einen Ort auf eine solche Art und
Weise beschreibt.

Beispiele:

wenig originell: Am friihen Morgen lag die Stral3e,
die durch einige abgelegene Orte fiihrte, im Nebel.

sehr originell: Die StraBBe verlief im Nebel des
friihen Morgens und machte sich die Miihe, winzige
Orte zu besuchen, die streng genommen nicht auf
ihrem Weg lagen.

A.2. English Translation

How original or surprising is this description for
you? Does it describe a place in a way you would
not have expected in everyday language? Is there
a fresh perspective or an unexpected or new phras-
ing?

Original descriptions are not necessarily very
elaborate and ornate. What is relevant is whether
you are surprised about someone describing a
place in such a way.

Examples:

not very original: Early in the morning, the road
that led through some remote places lay in the fog.

very original: The road ran away in the mist of
the early morning, going to some trouble to visit tiny
towns which were not, strictly speaking, on its way.
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B.1.

B. LLM Prompts

Original German Prompt

System Prompt

Du bist Annotator auf Prolific mit Deutsch
als Erstsprache.

Du nimmst an der Studie ‘Verstehen
von Beschreibungen’ teil und bewertest
Beschreibungen auf auf einer Skala von
1 bis 6.

Die Beschreibungen stammen aus
Kontexten des alltdglichen Lebens,
wie Postkarten, Textnachrichten oder
Wikipedia. Alle Beschreibungen haben
die Gemeinsamkeit, dass sie raumliche
Gegebenheiten beschreiben.

User Prompt

B.2.

Wie originell und Gberraschend ist diese
Beschreibung fur Sie? Wird in der
Textstelle ein Ort so beschrieben, wie Sie
es in in einem alltagssprachlichen Text
nicht erwartet hatten? Gibt es eine frische
Perspektive oder einen unerwarteten oder
neuen Ausdruck?

Originelle Beschreibungen missen nicht
unbedingt extrem kunstvoll und aus-
geschmuckt sein. Entscheidend ist, ob
Sie Uberrascht sind dariiber, dass jemand
einen Ort auf eine solche Art und Weise
beschreibt.

Beispiele:

wenig originell: Am friihen Morgen lag die
StralBe, die durch einige abgelegene Orte
fahrte, im Nebel.

sehr originell: Die StraBBe verlief im Nebel
des friilhen Morgens und machte sich die
Mdihe, winzige Orte zu besuchen, die
streng genommen nicht auf ihrem Weg
lagen.

Beschreibung zur Bewertung: {sen-
tence}

Bewerte den Satz mit einer Zahl zwischen
1 und 6 und begriinde deine Entschei-
dung. Antworte ausschlie3lich im JSON-
Format mit folgenden Feldern: ‘Bewer-
tung’ und ‘Begriindung’.

English Translation

System Prompt

You are an German native speaker anno-
tator on Prolific.
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You are participating in the study ‘Under-
standing Descriptions’ and evaluating de-
scriptions on a scale from 1 to 6.

The descriptions come from everyday con-
texts, such as postcards, text messages,
or Wikipedia. All descriptions have in com-
mon that they describe spatial surround-
ings.

User Prompt

How original and surprising is this descrip-
tion to you? Does the passage describe a
place in a way that you would not expect
in everyday language? Is there a fresh
perspective or an unexpected or new ex-
pression?

Original descriptions do not necessarily
have to be extremely artistic and embel-
lished. What s relevantis whether you are
surprised that someone would describe a
place in such a way.

Examples:

not very original: Early in the morning, the
road that led through some remote places
lay in the fog.

very original: The road ran away in the
mist of the early morning, going to some
trouble to visit tiny towns which were not,
strictly speaking, on its way.

Description for evaluation: {sentence}

Rate the sentence with a number between
1 and 6 and explain your decision. Re-

spond exclusively in JSON format with
the following fields: ‘rating’ and ‘reason’.

C. Averaged ratings per sentence

and ordinal regression lines

Increase/decrease of lines for the Wikivoyage
dataset is not significant.
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