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Abstract
Uniform Meaning Representation (UMR) has cross-linguistic design principles that make it particularly well-suited
as a semantic representation framework for capturing all language-specific phenomena. Despite its growing
adoption, no UMR corpus currently exists for Persian. In this paper, we present the first version of a Persian UMR
dataset created through a rule-based conversion of existing Persian AMR annotations from The Little Prince corpus,
followed by manual mapping of split semantic roles from AMR to their finer-grained UMR counterparts. We report
detailed statistics on the conversion, analyze the challenges of mapping Persian AMR structures into UMR, and
provide illustrative examples. The resource is freely available and it lays the groundwork for subsequent enrichment
of Persian UMR with additional semantic layers, including co-reference, named entities, and discourse relations.
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1. Introduction

Meaning representation is a fundamental con-
cept in computational linguistics and natural lan-
guage processing (NLP) that uses formal sys-
tems to capture the semantic content of language
in structured, machine-processable format, and
can improve the performance of different applica-
tions such as machine translation (Gao and Vo-
gel, 2011; Song et al., 2019), summarization (Liu
et al., 2015), semantic search (Ribeiro et al., 2022),
data augmentation (Shou et al., 2022), or dia-
logue systems (Bonial et al., 2020; Kapanipathi
et al., 2021; Pan et al., 2015). Meaning repre-
sentation frameworks can be broadly categorized
into graph-based and non-graph-based structures
(Sadeddine et al., 2024). Among the graph-based
ones, AMR (Banarescu et al., 2013) has been
widely used to represent sentence-level meaning
as directed, rooted, acyclic graph in which each
node is associated with a specific concept and
edges connect concept nodes while showing dif-
ferent semantic relation types. However, despite
the widespread usage of AMR, the difficulties of ex-
tending it to diverse low-resource languages, cou-
pled with its lack of annotations crucial for logical
inference, such as modality, aspect, and scope,
necessitated the development of UMR (Van Gysel
et al., 2021). The present work is the first step in
developing a Persian UMR dataset, with the goal
of significantly enhancing cross-lingual semantic
understanding, enabling more effective compari-
son of meaning between Persian and other lan-
guages already covered by UMR. In particular, we

focus on split roles, following the methodology out-
lined by (Post et al., 2024).

This paper is structured as follows: Section 2 de-
scribes the related work within the context of both
AMR and the emerging UMR framework, highlight-
ing the gap in resources for Persian. Section 3 de-
tails the origin and characteristics of the initial cor-
pus that serves as the foundation for our conver-
sion effort. Subsequently, Section 4 describes the
conversion methodology and the set of rules de-
veloped for mapping AMR semantic roles to their
UMR counterparts. Section 5 provides a quanti-
tative overview of the resulting Persian UMR cor-
pus, analyzing the frequency and distribution of
role mappings to validate our methodology and re-
veal insightful linguistic patterns. Finally, the con-
clusion and future work section summarizes our
findings and outlines the critical next steps for ex-
panding this corpus into a comprehensive UMR re-
source.

2. Related Work

UMR research has progressively expanded across
diverse languages since its introduction. The
foundations of the framework were laid down by
Van Gysel et al. (2021), followed by the first data
release in 2023 (Bonn et al., 2023b), which in-
cluded datasets of varying sizes for six languages:
English, Chinese (358 sentences from Wikinews),
Navajo (Athabascan, USA; 522 sentences from
historical narratives), Arapaho (Algonquian, USA;
408 sentences from narrative texts), Kukama (Tu-
pian, Amazon; 105 sentences from traditional sto-
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ries), and Sanapaná (Mascoian, Paraguay; 602
sentences). In the second release (Bonn et al.,
2025), the English dataset grew substantially,
with 87,038 sentences being converted from exist-
ing AMR resources through semi-automated pro-
cesses. This release also added a dataset for
Latin (50 manually annotated sentences from the
Sallust treebank) and Czech (175,500 sentences
automatically converted from the Prague Depen-
dency Treebank, out of them 91 sentences also
annotated manually) (Štěpánek et al., 2025).

There has been relatively limited research on
meaning representation for the Persian language.
One notable exception is the work by Mirzaei
and Moloodi (2016), who introduced the Per-
sian Proposition Bank (PerPB). This resource ex-
tends the Persian Dependency Treebank (PerDT)
(Rasooli et al., 2013) with a semantic layer of
predicate-argument annotations, inspired by Prop-
Bank (Kingsbury and Palmer, 2002) and VerbNet
(Kipper et al., 2006). Their approach treats not
only verbs but also propositional nouns and ad-
jectives as semantic predicates, annotating over
29,000 sentences with detailed semantic roles.

The most recent research on Persian meaning
representation focused on creating a Persian AMR
dataset (Takhshid et al., 2022; Tohidi et al., 2024).
They developed this corpus by annotating the Per-
sian translation of “The Little Prince,” containing
1,562 sentences, and addressed the annotation
guidelines1 for Persian-specific constructions such
as light verb constructions, impersonal construc-
tions, and clitics.

Building on this line of research, the present
study introduces the first step towards a Persian
UMR corpus by converting and extending the ex-
isting Persian AMR dataset. Specifically, we apply
the AMR-to-UMR conversion framework proposed
by Post et al. (2024), which provides guidelines for
refining split semantic roles. This effort not only
highlights the applicability of cross-linguistic UMR
guidelines to Persian but also uncovers language-
specific challenges—such as complex predicates,
clitic behavior, and pro-drop—that shape the de-
sign and annotation of meaning representations.
The next section outlines the characteristics of the
Persian AMR dataset.

3. Source Data: Persian AMR Corpus

Due to the limited availability of UMR resources for
Persian, the present corpus aims to provide an ini-
tial annotated dataset that supports linguistic anal-
ysis and future development of Persian UMR anno-
tation. In this regard, we use the only available Per-
sian AMR (PAMR) dataset (Takhshid et al., 2021)

1https://github.com/Persian-AMR/
Annotation-Guidelines

introduced by Takhshid et al. (2022). This corpus
represents the first attempt to adapt AMR to Per-
sian and provides a valuable foundation for cross-
linguistic meaning representation. During the con-
struction of PAMR, certain AMR features were ad-
justed for the Persian language as follows:

• Light verb constructions: Persian uses exten-
sive light verb constructions (LVCs) where a
non-verbal element combines with a semanti-
cally lighter verb to form a predicate and due
to structural integrity they are considered as
single lexical verbs (Karimi-Doostan, 1997).
So, Persian AMR explicitly preserves them as
unified semantic units. For example, in “talâŝ
kardan” (to do an effort), the non-verbal ele-
ment “talâŝ” (effort) cannot be separated from
the light verb “kardan” (to do) in semantic rep-
resentation without losing essential informa-
tion. In AMR, “talâŝ kardan” is kept as one
concept node.

• Pro-drop characteristics: As a pro-drop lan-
guage, Persian allows null subjects realized
only through verb morphology. This creates
challenges for AMR’s more explicit argument
structure. Additionally, inanimate subjects
might not follow subject-verb agreement in
number, further complicating semantic repre-
sentation (Karimi, 2008).

• Clitics and possessive constructions: Persian
employs various clitics that can serve as sub-
jects, objects, or possessors. Some construc-
tions have no overt subject but use pronomi-
nal enclitics to indicate possession or experi-
encer roles.

As UMR is designed in a way that accommo-
dates languages across diverse typological spec-
trums, it effectively addresses these linguistic fea-
tures specific to Persian that were previously chal-
lenging for AMR. In particular, UMR allows for the
compositional semantic representation of Persian
LVCs by aligning the concept, representing the
LVC, back to the surface tokens (the light verb and
its object). It also systematically represents implicit
subjects common in Persian pro-drop contexts by
explicitly encoding inferred arguments. Further-
more, UMR is capable of clearly representing se-
mantic roles of Persian clitics, thus resolving the
ambiguity that AMR previously faced in encod-
ing possessive and experiencer relationships. It
should be also noted that since the corpus is de-
rived from Persian AMR annotations, some up-
stream annotation errors may propagate. Manual
inspection during split-role conversion mitigated
this risk by correcting inconsistent semantic struc-
tures when detected.

https://github.com/Persian-AMR/Annotation-Guidelines
https://github.com/Persian-AMR/Annotation-Guidelines
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In the next section, we describe the rule-based
mapping approach for converting split roles from
AMR to UMR, following the guidelines proposed
for English, and discuss how we adapt and apply
these rules to Persian.

4. Conversion Methodology

UMR inherits the overall graph-based architec-
ture of AMR2 but introduces finer-grained seman-
tic roles that better capture cross-linguistic distinc-
tions. Bonn et al. (2023a) provide the most com-
prehensive cross-mapping to date and show that
AMR roles must undergo four distinct types of
change when converted to UMR:

1. New roles: UMR introduces roles that have
no direct AMR equivalent — such as :actor,
:experiencer, and :force — to cap-
ture semantic distinctions (e.g., initiator vs.
causer) that are crucial across languages.

2. Renamed roles: Certain AMR roles remain
conceptually similar but are given more ty-
pologically neutral labels to improve clarity,
consistency, and cross-linguistic applicability.
For example, the :location tag becomes
:place, and :beneficiary is changed to
:affectee.

3. Split roles: Some AMR roles are underspec-
ified and may correspond to multiple UMR
roles depending on context. For example,
AMR’s :cause must be resolved to either
:cause (physical causation) or :reason
(motivational explanation); :source may
map to :source (animate giver), :start
(origin of motion), or :material (sub-
stance).

4. Unchanged roles: A number of roles, such
as :purpose, :instrument, and :manner,
transfer directly with no modification because
they already align well with cross-linguistic se-
mantic needs.

Among these categories, split roles are particu-
larly critical because they require detailed linguis-
tic analysis and often language-specific cues to re-
solve. Accordingly, this paper focuses on identify-
ing and converting split roles as the essential first
step toward a full Persian UMR corpus.

2Here we refer specifically to what is known as the
sentence-level graph in UMR. In addition, UMR defines
document-level relations, which are beyond the scope
of the present paper.

4.1. AMR to UMR Conversion Principles
A key challenge in AMR to UMR conversion is the
presence of split role cases where a single AMR re-
lation can map to multiple possible UMR roles de-
pending on context such as animacy, event type,
or discourse function. Post et al. (2024) employ
the animacy feature together with a probability dis-
tribution derived from gold-standard frequencies to
define conversion rules (a - f) as follows:

(a) :cause →
:cause if animate

:cause, if inanimate
:reason

(1)

(b) :destination →
:goal if animate

:recipient, inanimate
:goal

(2)

(c) :source →

:source if animate

:source,
:material, inanimate
:start

(3)

(d) :consist-of →

:group if animate

:group,
:part, inanimate
:material

(4)

There are two other tags, called :mod and
:part, that are considered “split roles” within the
context of this conversion task for two key reasons.
First, :part is a potential outcome of the gen-
uinely non-deterministic AMR role :consist-of
(which can also map to :group or :material).
For the model to be complete, it must be able to
predict :part as a target label, hence its inclusion
in the set of “split” outcomes.

Second, for :mod, the split is not based on ani-
macy but on semantic vagueness. In AMR, :mod
denotes a dependent whose function does not fit
into more specific relations. In UMR, there are
two such vague roles: :mod for adjunct-like op-
tional modifiers, and :other-role for entities
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that seem to be core parts (participants) of the
event but do not cleanly fit into any of the specific
participant roles. Hence the converting rules for
these tags are as follows:

(e) :mod →

:mod

:other-role, if vague-modifier

(f) :consist-of, :part →
{

:part

As no robust animacy parser or large animacy-
annotated corpus currently exists for Persian, and
our objective was to achieve high-precision UMR
annotations, we adopted the same role-mapping
logic described above and adhered to the official
UMR guideline3 and all split-role decisions in our
Persian corpus were performed manually. More-
over, linguistic characteristics such as LVCs, clitics,
and pro-drop features create ambiguity when map-
ping AMR relations to UMR roles, since multiple
UMR interpretations may be possible depending
on contextual and semantic factors. Consequently,
manual analysis was required to ensure consistent
role assignment. The next section describes our
manual adaptation of these rules for the Persian
AMR (PAMR) corpus.

4.2. Manual Split-Role Conversion for
Persian

A single expert annotator with a background in
computational linguistics and Persian semantics
systematically re-labeled every AMR edge that cor-
responds to a split role. For each occurrence, the
annotator examined the full Persian sentence and
animacy feature to select the correct UMR label.
To assess the reliability of manual split-role anno-
tation, an additional linguist independently anno-
tated a subset of 100 instances containing split-
role phenomena. Inter-annotator agreement was
measured using Cohen’s κ, yielding a score of
κ = 0.845. Disagreements were subsequently re-
solved through expert adjudication by a third lin-
guist following the official UMR guidelines. The
adjudicated labels constitute the final gold anno-
tations. Most disagreements occurred between
roles such as :goal vs. :recipient and :source vs.
:material, reflecting subtle distinctions encoded in
UMR role definitions. The next sections outline the
conversion of AMR structures to UMR role repre-
sentations and we demonstrate the mapping pro-
cess through concrete examples drawn from the
Persian data.

3https://github.com/ufal/
umr-guidelines/blob/master/guidelines.md

4.2.1. Mapping Modifier Role

Based on the UMR guidelines, the :mod role (mod-
ifier) is a general-purpose semantic label used to
indicate a property or attribute of an entity or event.
It is applied as a default when the modification
does not fit a more specific semantic role, such
as :place or :time. The following list shows the
categorization of words that can be annotated with
this label:

• Adjectives (e.g., large in “large house”)

• Adverbs denoting manner (e.g., quickly in “run
quickly”)

• Demonstratives (e.g., this in “this book”)

• Participial modifiers (e.g., broken in “broken
window”)

• Attributive nouns (e.g., steel in “steel bridge”)

In (1), there is an example of an adjective that
has the same :mod label in both AMR and UMR.4

(1) زيبا خانه
zibâ xâne-ye
beautiful home
‘beautiful home’

The AMR and UMR graphs of the above exam-
ple are identical:

خانه (home)

زيبا (beautiful)

:mod

4.2.2. Mapping Destination Role

A significant refinement in UMR concerns the map-
ping of the AMR role :destination. In AMR,
:destination is a general role denoting any
endpoint of motion or transfer. UMR, informed by
cross-linguistic typology, splits this role into two
more semantically precise roles based on animacy
and the nature of the transfer: :goal for inani-
mate endpoints and :recipient for animate end-
points that gain possession. This distinction al-
lows UMR to more accurately capture the semantic
roles of participants across diverse linguistic con-
structions. Examples (2) and (3) illustrate how to
map AMR :destination role to UMR roles:

4Examples are presented with Persian text in the first
line, transcription in the second line, English gloss in the
third line, and English translation in the fourth line. Note
that the words are ordered right-to-left, following the Per-
sian writing system.

https://github.com/ufal/umr-guidelines/blob/master/guidelines.md
https://github.com/ufal/umr-guidelines/blob/master/guidelines.md
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(2) دادم او به را كتاب
dâdam u be ketâb râ
gave him to the book
‘I gave the book to him’

دادن (give)

person
من (I)

كتاب (book) person
او (he)

:ARG0 :ARG1 :recipient

(3) رفت مدرسه به او
raft madrese be u
went school to he
‘He went to school’

رفتن (go)

person
او (he)

مدرسه (school)

:ARG0 :goal

4.2.3. Mapping Source Role

In UMR, the :source role specifically marks an
animate entity from which a theme separates or
originates. It is distinct from the inanimate :start
(location) and :material (composition) roles, re-
flecting a typologically-motivated split of AMR’s
general :source based on animacy. This role is
typically applied to nouns and pronouns denoting
people, animals, or organizations. The following
examples show this role mapped to UMR roles.

(4) خريدم او از را ماشين
xaridam u az mâŝin râ
bought him from the car
‘I bought the car from him’

خريدن (buy)

person
من (I)

ماشين (mâŝin) person
او (he)

:ARG0 :ARG1 :source

(5) كرد حركت تهران از قطار
harekat kard Tehrân az qatâr
departed Tehran from the train
‘The train departed from Tehran’

كردن حركت (depart)

قطار (train)

(city)

تهران (Tehran)

:ARG1

:start

:name

(6) شد ساخته چوب از خانه
sâxte ŝod ĉub az xâne
was built wood from the house
‘The house was built of wood’

ساختن (build)

خانه (house) چوب (wood)

:ARG1 :material

4.2.4. Mapping Consist-of Role

In the UMR schema, the AMR role :consist-of
is decomposed into three semantically more pre-
cise roles based on the nature of the part-whole
relationship:

• :group for collections of animate entities
(e.g., team, committee, herd; the relation is di-
rected from the group concept to the member
concept)

• :part for integral components of an inani-
mate whole (e.g., chapter, branch, piece; the
relation is directed from the whole to the com-
ponent)

• :material for the constituent substance an
entity is composed of (e.g., wood, steel, water;
the relation is directed from the entity to the
material)

The examples of (7) and (8) show how to map
the :consist-of tag to the UMR :group and
:part labels (in this case, :part is inverted
to :part-of because the whole is presented
as a modifier). Moreover, some instances of
:consist-of denote raw material, and like with
:source, we map them to the UMR :material
role (see the example 6).

(7) ديدم گوسفند گله يك
didam gusfand galle yek
saw sheep herd a
‘I saw a herd of sheep’
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ديدن (see)

person
من (I)

گله (herd
:quant 1)

گوسفند (sheep)

:ARG0

:ARG1

:group

(8) خواندم را كتاب فصل يك
xândam ketâb râ fasl-e yek
read the book chapter a
‘I read a chapter of the book’

خواندن (read)

person
من (I)

فصل (chapter
:quant 1)

كتاب (book)

:ARG0

:ARG1

:part-of

4.2.5. Mapping Cause Role

In the UMR schema, the representation of causal-
ity is refined through distinct strategies depend-
ing on the syntactic and discourse context. The
AMR :cause role is split into :cause for inan-
imate entities that directly bring about an event
and :reason for entities that motivate an action.
This distinction enhances semantic precision. Ex-
amples (9) and (10) show causative constructions.
Furthermore, UMR handles inter-sentential causal-
ity differently from intra-sentential causality. When
a causal relationship links two separate sentences
within a corpus, the abstract concept cause-01 is
invoked to reify the relation, with :ARG1 pointing to
the causing event and :ARG2 to the resulting event
(see example 11).

It should be noted that the UMR guidelines also
define a :causer role, to be used in causative
constructions such as “Grandmother made the kid
drink the water.” However, that role is defined
as Stage 0 role, to be used in languages that
have no lexical resources with rolesets for predi-
cates. Persian UMR qualifies as Stage 1 project,
as the source AMR annotation already contains

numbered PropBank-style arguments. Therefore,
causative agents should be annotated as :ARG0
and would not result from conversion of :cause.5

(9) شكست شيشه گرما به خاطر
šekast šiše garmâ be xâter-e
broke glass heat because of
‘The glass broke because of the heat’

شكستن (break)

شيشه (glass) گرما (heat)

:ARG1 :cause

(10) كردند ازدواج عشق خاطر به آنها
ezdevâj
kardand

?eŝq be xâter-
e

ânhâ

married love because
of

they

‘They got married because of love’

كردن ازدواج (marry)

person
آنها (they)

عشق (love)

:ARG0 :reason

(11) a. كرد طغيان رودخانه
toqiyân kard rudxâne
flooded river
‘The river flooded.’

b. شدند نابود محصولات و
nâbud ŝodand mahsulât va
was destroyed crops and
‘And, the crops were destroyed’

(cause-01)

نابودكردن (destroy)

محصولات (crops)

:ARG2

:ARG1

4.2.6. Mapping Part Role

Within the UMR schema, the AMR role :part rep-
resents a specific case within the broader reclassi-

5We did not encounter such sentences in the data,
though.
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fication of part-whole relationships. While its sur-
face mapping is deterministic—AMR :part maps
directly to UMR :part—it is conceptually grouped
under the umbrella of “split roles.” This classifica-
tion arises because :part is one of three possible
outcomes (alongside :group and :material)
resulting from the decomposition of the more gen-
eral AMR role :consist-of. Thus, it is consid-
ered a “split role” not due to a change in its label,
but because it is a key member of the new, more
precise set of roles that collectively replace the un-
derspecified AMR :consist-of. Example (12)
illustrates the usage of :part annotation in UMR.

(12) گيتار سيم
gitâr sim-e
guitar string
‘Guitar string.’

سيم (string)

گيتار (guitar)

:part-of

The next section will discuss a quantitative pro-
file of the final Persian-UMR dataset and highlight
the key role-mapping results.

5. Corpus Statistics and Analysis

PAMR contains 1,562 manually annotated sen-
tences of the Persian translation of “The Little
Prince” story. Table 1 summarizes the main statis-
tics of the dataset.

Feature Value

Number of sentences 1,562
Number of unique words 3,520
Number of tokens 14,427
The shortest sentence length 1
The longest sentence length 65

Table 1: Corpus statistics for Persian AMR.

The quantitative analysis of the annotated cor-
pus reveals critical insights into the complexity of
converting AMR roles to UMR. Table 2 highlights
the varying degrees of determinism and ambiguity
inherent in the mapping process.

According to Table 2, the AMR role :mod maps
deterministically to UMR :mod in all 1,236 in-
stances (100% of cases), meaning that the anno-
tator did not identify any of the instances as be-
ing integral event participants. This is not too sur-
prising given the nature of :other-role: it is in-
tended as a last resort, but at present it is not used
(needed) in any of the 8 languages in UMR 2.0.

AMR Role #AMR UMR Role #UMR

:mod 1,236 :mod 1,236

:destination 5 :goal 5
:recipient 0

:cause 2 :cause 75
cause-01 126 cause-01 38

:reason 11
:purpose 2
:result 1

:condition 1

:source 27 :source 17
:start 7
:cause 2

:manner 1

:part 76 :part 76

:consist-of 13 :part 3
:material 5

:unit 3
:group 2

Total 1485 Total 1485

Table 2: Mapping of Persian AMR to UMR roles.
Note that cause-01 is an abstract concept rather
than a role; switching between it and a role in-
volves changes in the graph structure.

Moreover, as explained before, the conversion
of the :part role is deterministic and all 76 AMR
:part instances are unchanged in UMR.

Conversely, other roles demonstrate significant
splitting, necessitating disambiguation. The lim-
ited sample of :destination (5 instances) maps
entirely to :goal, suggesting a potential bias in
the data sample towards inanimate endpoints. A
larger corpus would be required to observe the ex-
pected split with :recipient for animate entities.

The :source role is observed as a complex
non-deterministic role, as it mapped to :source
and :start based on Section 4.2.3. However,
while analyzing the data, we encountered unex-
pected6 mapping of the :source role to :cause,
:location, and :manner. For example, in sen-
tence (13) from the Persian AMR corpus, the word
’همين‘ (this) is annotated as :source but it was con-
verted to :cause in UMR.

(13) است همين از غصه م
ast hamin az qosse-am
is this from my sorrow
‘My sorrow is from this’

In the case of the :cause role, we can see
that the majority of mappings are to :cause and

6By ‘unexpected’ we mean that it was not observed
by Post et al. (2024) as an option in English, hence we
did not list it in Section 4.1.
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then cause-01. Moreover, contrary to the En-
glish conversion rules, there were some :cause
annotations in the Persian AMR corpus that
had to be mapped to :result (example (14)),
:condition (example (15)), and :purpose (ex-
ample (16)) in UMR.

(14) كش خواهدآمد روز راه برو مي خواهي استراحت هروقت
keŝ
xâhad
âmad

ruz râh
boro

mixâhi esterâhat har
vaqt

will
stretch

day walk want rest when
ever

‘Whenever you want to rest, walk.
Then the day will stretch.’

راه رفتن (walk)

person
تو (you)

خواستن (want)

استراحت كردن (rest)

كش آمدن (stretch)

روز (day)

:ARG0

:time

:ARG1

:result

:ARG1:ARG0

(15) مي مرد براستي وگرنه مي كنم تظاهر پرستاري  به
mimord be

râsti
vagar
na

tazâhor
mikonam

be
parastâri

die truly other
wise

pretend to nurse

‘I pretend to nurse.
Otherwise, He would truly died.’

تظاهركردن (pretend)

person
من (I)

پرستاري كردن (nurse)

مردن (die)

person
او (he)

براستي (truly)

:ARG0 :ARG1

:condition

:ARG1 :mod

(16) a. مي فروشي؟ قرص چرا
miforuŝi qors ĉerâ
sell pills why
‘Why do you sell pills?’

b. وقت در صرفه جويي براي
dar vaqt sarfe

juyi
barây-e

time save to
‘To save time.’

e1 (event)

صرفه جويي (save)

وقت (time)

:purpose

:ARG1

Furthermore, in cases where there is insufficient
evidence to determine if the causer is animate
or motivational (e.g., the :ARG0 is unknown in
the AMR graph), the annotator often defaulted to
the more general role :cause. This conservative
strategy is employed because :cause is semanti-
cally broader, it does not assume intention (which
would be required for :reason), and it can ac-
commodate both physical forces and abstract, non-
motivational causes. For instance, in a sentence
like “The event was caused by [an unknown fac-
tor],” where the factor’s nature is unclear, :cause
serves as a safe, neutral default.

For the :consist-of role, we faced a similar
issue as well and some AMR data were mapped
to the :unit role. This occurred in contexts like
“a box of colour pencils,” where the annotator inter-
preted the relationship not as material composition
(:material) or integral parthood (:part), but pri-
marily as quantification and containment—the box
serves as a quantitative unit for the pencils.

(17) مدادرنگي جعبه يك
medâd rangi ja?bey-e yek
colour pencils box of a
‘A box of colour pencil’

مدادرنگي (colour pencils
:quant 1)

جعبه (box)

:unit
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6. Conclusion and Future Work

This paper presented the first Persian UMR cor-
pus created by systematically converting an exist-
ing Persian AMR resource using rule-based map-
ping combined with manual annotation. Like its
AMR source, the UMR corpus is freely available
for research.7 We focused on split semantic roles,
which present the greatest challenge for AMR to
UMR conversion because a single AMR role can
correspond to multiple UMR roles depending on
context. This study provides the critical foundation
for a comprehensive Persian UMR infrastructure.
The immediate next step can be the systematic ex-
pansion of this initial corpus. This entails anno-
tating the full range of UMR tags not covered in
this study, particularly those for document-level se-
mantics such as coreference chains, event tempo-
rality, and cross-sentence modality; also, the align-
ment between surface tokens and UMR nodes
cannot be extracted from AMR data and will have
to be obtained using other methods.

7. Ethics Statement

We are not aware of any ethical concerns related
to this work. The corpus was manually anno-
tated as part of academic research. In addition
to the primary annotator, independent linguistically
trained annotators contributed to annotation vali-
dation and agreement assessment. All annotation
work was conducted voluntarily for research pur-
poses, and no sensitive or personal data were in-
volved, as the corpus is based on a publicly avail-
able literary text.

8. Limitations

At the present stage, the resource does not pro-
vide the full range of annotations specified in UMR
guidelines; we list the main omissions in Future
Work. This is a limitation, but given the complexity
of UMR, the same limitation currently applies even
to some datasets in the official UMR 2.0 release.
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