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Abstract
Pontic Greek is a living but endangered Modern Greek dialect that lacks publicly available AI-oriented speech
resources and ASR benchmarks. This work reports on the first systematic inference-only (zero-shot) ASR evaluation
on authentic Pontic speech. Progress on Pontic ASR is hindered by two coupled challenges: the scarcity of
transcribed speech data and the absence of a standardized orthography, which makes it difficult to create consistent
reference transcriptions for evaluation. We address these challenges by releasing a new speech corpus of
contemporary Pontic as spoken in Northern Greece, derived from natural conversations and provided with manual,
utterance-level, time-aligned transcriptions. To reduce annotator bias and increase practical usability, we collect
community evidence on written-form preferences via a small questionnaire and use the observed patterns to guide
a consistent Greek-script transcription scheme. We use this corpus to perform inference-only (zero-shot) ASR
evaluation, benchmarking four state-of-the-art pretrained speech recognition models under a unified evaluation
protocol. Results show that zero-shot recognition remains challenging, establishing baseline figures and underscoring
the need for dialect-specific data and adaptation.
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1. Introduction

We initiate an effort to provide Pontic Greek, a liv-
ing, endangered dialect of Modern Greek, with AI-
oriented tools and resources to contribute to its
vitality. In this work, the first attempt to evaluate
Automatic Speech Recognition (ASR) tools against
authentic Pontic spoken data is presented. The
enterprise raises questions about the orthographic
representation of the dialect; this study makes a
first attempt to discuss this issue by consulting a
small part of the community and it appears to reveal
interesting requirements.

Our evaluation relies on ASR systems trained on
the related well-resourced language variety, namely
Standard Modern Greek (SMG). Using technol-
ogy developed for a standard variety in order to
work with related dialectal data is almost a rule-of-
thumb since standard varieties tend to have more
resources than the related dialects. However, the
fact is that the more distant the dialect from the
standard, the less accurate results are obtained.
Pontic turns out to be an excellent example of this
situation.

Our contributions are threefold: (i) a new Pon-
tic Greek speech corpus1 (Northern Greece) with
utterance segmentation and time-aligned man-
ual transcriptions (Praat/TextGrid), enabling repro-
ducible speech-text pairing for ASR evaluation; (ii)
community-informed, internally consistent transcrip-
tion conventions in Greek script (favoring broadly

1https://huggingface.co/datasets/ilsp/
pontic-speech-corpus

Figure 1: Geographic extent of the Pontus region
until 1922 (olive) and the main areas of Pontian
settlement in Greece following migration (blue).

usable forms and avoiding diacritics) to support re-
liable ASR references and other downstream work;
and (iii) the first systematic inference-only (zero-
shot) ASR baseline on authentic Pontic speech,
benchmarking state-of-the-art pretrained speech
recognition models using WER and CER.

The paper is structured as follows: An introduc-
tion to the history of Pontic is given along with a
brief description of its phonological features that
differentiate it from SMG. Next, we discuss rele-
vant work with a focus on work on other Modern
Greek dialects. The methodology we used to col-
lect, transcribe and prepare the data for the ASR
experiments is presented next followed by a de-
scription of the experimental work. We conclude
with a brief discussion of the results.

https://huggingface.co/datasets/ilsp/pontic-speech-corpus
https://huggingface.co/datasets/ilsp/pontic-speech-corpus
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Figure 2: Pontic idioms according to geographical criteria (Papadopoulos, 1953)

2. About Pontic Greek

Pontic Greek (ISO 639-3: pnt; Glottolog: pont1253)
is a Modern Greek dialect that belongs to the Indo-
European language family. The dialect was spoken
until 1922 along the southern coast of the Black
Sea and in the interior of Asia Minor, extending from
Inepolis (in the west) to Rizounta and Colchis (in
the east) as seen in Figure 1. Beyond the coast,
Pontic was spoken south of Trabzon, particularly in
the regions of Gemoura, Matsouka, Santa, Kromni,
Chaldia, and Cherianon, as well as in the mining
region, the most prominent of which being Gümüş-
Maden and Akdağmadeni (Tombaidis, 1988). In
several areas, Pontic speakers (Pontians) coex-
isted with Turkish-speaking populations, a factor
that significantly influenced the development of the
dialect (Drettas, 1997; Dimela, 2013).

According to Papadopoulos (1953), the Pontic
dialect was divided into six different idioms based
on geographical criteria: (i) the idiom of Trebizond,
Matsouka, Santa, and Chaldia (the most populous),
(ii) Ofi and Sourmainon, (iii) Kerasounta and Tripoli,
(iv) Oinoi, (v) Amisou, and (vi) Inepolis, as seen in
Figure 2.

After the population exchange in 1923, follow-
ing the signing of the Treaty of Lausanne, Pontian
refugees settled in various areas of Greece, mainly
in Northern Greece (Macedonia and Thrace) and,
to a lesser extent, in Attica (Figure 1); Pontians also
settled out of Greece, namely in the Caucasus re-
gion and Ukraine. Currently, the dialect is estimated
to be spoken by approximately 400.000 speakers
in Greece according to Ethnologue (Eberhard et al.,
2026). UNESCO (UNESCO, 2010) classifies the
Pontic dialect as “definitely endangered” as its use

is declining and younger generations tend to adopt
Standard Modern Greek (SMG).

In this study, we focus on the variety of Pontic
as spoken today in Northern Greece, which is the
most widespread contemporary form of the dialect.

A primary challenge for the development of ASR
tools for the Pontic dialect is the total lack of pub-
licly available datasets of recorded and transcribed
speech. In addition to the lack of data, the internal
variation of the dialect is significant.

Pontic Greek exhibits characteristic phonological
features that complicate the development of ASR
models since they differentiate it from SMG:
1. The vowels as /æ/ and /ø/, often represented
orthographically with letters of the Greek alphabet
plus diacritics (e.g. α̈, ο̈); they originate from vowel
coalescence phenomena (e.g. ια, εα > α̈).
2. The consonants /S/, /kS/, /pS/, typically rendered
as σ̌, ξ̌, ψ̌, which are absent from SMG phonology.

Like many other dialects of Modern Greek, Pon-
tic includes spoken features like the ones listed
above, that are not represented with the ortho-
graphic conventions of SMG. Several proposals
have been made regarding the orthography of Pon-
tic: Papadopoulos (1955, 1958), Symeonidis and
Tombaidis (1999), Oikonomidis (1958), Valavanis
(1892), and Parcharidis (1885), in a comprehensive
study (Katsouda, 2012). However, these proposals
do not agree among themselves, and, most impor-
tantly, they have not been adopted by the Pontic
community widely, see Section 4.2.1: Pontic has
not been standardised so far.

Overall, Pontic Greek constitutes a representa-



302

tive case of a low-resource dialect, where the com-
bination of limited data availability, phonological
and orthographic variability, and lack of standardis-
ation poses significant challenges for the develop-
ment of reliable ASR systems.

In this paper, where we present the first system-
atic evaluation of ASR models for the Pontic Greek
language, we pay particular attention to transcrip-
tion choices by consulting the community in an
effort to better capture the phonetic characteristics
of the dialect and improve model compatibility.

3. Related Work

Recent progress in ASR technologies has been
driven by large-scale multilingual models capable
of handling multiple languages with minimal task-
specific adaptation. Prominent examples include
Whisper (Radford et al., 2022) and XLS-R (Babu
et al., 2022), which have demonstrated strong per-
formance on a wide range of languages, including
low-resource settings. These models benefit from
training on large and diverse speech corpora, en-
abling robust generalisation and competitive zero-
shot capabilities.

Dialectal ASR turns out to be rather challenging.
Dialects are typically under-resourced. While turn-
ing to ASR systems of the related well-resourced
varieties -typically of the standard variety- is the
obvious choice, recent research suggests that di-
alects behave as distinct acoustic-linguistic do-
mains rather than minor variants of a canonical
form (Torgbi et al., 2025; Dhasmana et al., 2026).
Likewise, the MADASR initiative highlights persis-
tent performance gaps across closely related South
Asian varieties (Singh et al., 2023).

In the case of SMG, for which sufficient data is
available, several studies report relatively strong
ASR performance. Fine-tuned variants of Whisper
achieve WER in the range of 13-16%, while XLS-R-
based models achieve comparable or slightly better
results on benchmark datasets such as Common
Voice (Ardila et al., 2020). Recent work leveraging
weakly supervised data, such as large-scale pod-
cast corpora, demonstrates that increasing data vol-
ume and domain diversity can significantly improve
ASR performance for SMG (Paraskevopoulos et al.,
2024).

However, performance degrades substantially
with dialectal distance from the Standard variety.
Vakirtzian et al. (2024) provide the first systematic
evaluation of ASR models on multiple Greek di-
alects, including Aivaliot, Cretan, Griko, and Messe-
nian. Their results show that state-of-the-art mod-
els that achieve low WER on SMG (11-14%) experi-
ence severe degradation with dialectal data: WER
often exceeds 50% and even surpasses 100% in
zero-shot settings. In the same line, a recently

published expanded benchmark for low-resource
Modern Greek dialects (Tsoukala et al., 2026) cov-
ers Aperathiot, Cretan, Lesbian, and Cappadocian,
which are varieties with varying degrees of diver-
gence from SMG. The benchmark provides tran-
scriptions following SMG-based orthographic con-
ventions, while preserving dialectal lexical and mor-
phophonological forms. Zero-shot results with sev-
eral ASR models reveal a clear performance gra-
dient with dialectal distance from SMG, with best
WERs ranging from about 60-70% for southern di-
alects, which are close to SMG, to over 80% for
Lesbian and nearly 97% for Cappadocian. Fine-
tuning substantially reduces error rates (up to 47%
relative WER improvement), with Cappadocian re-
maining the most challenging variety (best WER
68.17%).

Despite the growing body of work on Greek di-
alects, Pontic Greek remains largely underexplored
in the context of ASR, and there is currently no sys-
tematic evaluation of speech recognition models
specifically targeting this variety. Nevertheless, ev-
idence from closely related NLP tasks suggests
that Pontic Greek poses significant challenges
for modern language technologies. In particular,
(Chatzikyriakidis et al., 2025) demonstrates that
large language models (Llama-3-8B (Grattafiori
et al., 2024), Llama-3.1-8B, Krikri-8B (Roussis et al.,
2025)) exhibit substantially degraded performance
on dialectal Greek, with Pontic Greek being among
the most difficult cases. The authors further show
that targeted fine-tuning on dialectal data leads to
notable improvements, highlighting both the limita-
tions of pretrained models and the importance of
dialect-specific adaptation. Given the shared chal-
lenges across speech and text modalities, such
as lexical variation, non-standard orthography, and
scarcity of annotated speech data, these findings
provide strong indirect evidence that ASR systems
are also likely to struggle with Pontic Greek. This
gap in the literature underscores the need for ded-
icated evaluation and modeling efforts for this di-
alect.

4. Methodology

The recordings were carefully collected, tran-
scribed, and annotated to create a consistent and
reliable dataset for ASR evaluation. Manual tran-
scription ensured orthographic standardisation and
precise time-aligned segmentation of the audio.
The resulting dataset was then used to evaluate
ASR performance using the Whisper and XLS-R
models, with WER and CER as evaluation metrics.
The following subsections describe the decisions
and procedures employed to ensure accuracy, con-
sistency, and fidelity to the Pontic Greek dialect.
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4.1. Data Collection
Three native speakers of the Pontic dialect partici-
pated in the audio recordings, namely two females
and one male, aged between 70 and 80. Originally
from Neokaisareia (currently known as Niksar), the
speakers were raised in Kallithea and Lofos, two vil-
lages in the Elassona region, and share a common
variety of the Pontic dialect. This variety reflects
the spoken form currently spoken by Pontic com-
munities in different regions of Greece, mainly in
Northern Greece, and does not correspond to his-
torical or regional variants such as Ofitic.

The recordings were designed to capture sponta-
neous, natural speech through informal discussion.
Participants were prompted to speak about topics
related to everyday life, cultural memories, tradi-
tional food, local customs, games, and schooling.
The aim was to elicit authentic dialectal usage in
a conversational context, producing speech that
reflects the natural patterns, vocabulary, and pro-
nunciation of the Pontic dialect as it is spoken today.

The total recording duration is 1 hour, 26 min-
utes, and 38 seconds. It was conducted in Katerini,
Greece, where the speakers currently reside, in a
quiet indoor environment with minimal background
noise to ensure high audio quality. This controlled
setting allowed for clear capture of speech, facili-
tating subsequent transcription, segmentation, and
annotation for the creation of a reliable and repre-
sentative dataset for ASR evaluation.

4.2. Transcription & Annotation
This section describes the methods used to tran-
scribe, segment, and annotate the recordings, as
well as how the evaluation of models on Pontic
Greek was conducted. It provides details on the
orthographic decisions, manual transcription pro-
cess, and time-aligned segmentation that together
produced a consistent and reliable dataset for ASR
evaluation.

4.2.1. Orthographic Decisions & Community
Validation

Due to the lack of a standardized orthography,
written representation practices vary considerably
among speakers of Pontic, rendering the establish-
ment of consistent and reliable reference transcrip-
tions for ASR evaluation challenging. Our method-
ology prioritised developing a consistent set of tran-
scriptions while minimising annotator bias in ortho-
graphic choices.

To inform the transcription strategy, we designed
a written form questionnaire that targeted native
speakers of the Pontic dialect. Ten participants
aged between 40 and 80, with varying levels of daily
dialect use (3/10 speakers speak the dialect daily,

4/10 occasionally, and 3/10 rarely), contributed writ-
ten responses. The questionnaire included isolated
lexical items, focusing on key phonological phe-
nomena that would pose a problem in transcrip-
tion. Participants were instructed to write words
as they would naturally represent them, without
looking them up in dictionaries or using copy and
paste; the aim was to obtain evidence that captures
authentic variation in orthographic practices.

The analysis of the responses identified recur-
ring spelling patterns and informed the orthographic
strategy for the transcription of the spoken data.
The consonants "/S/", "/pS/", "/kS/", and "/tS/",
and the vowel "/æ/" at the ends of words, where the
phenomenon of synizesis is observed are not repre-
sented in the Greek alphabet. Their representation
in the proposed Pontic orthographies is done with
Greek letters plus diacritics. Table 1 shows these
representations and the responses of the speak-
ers of Pontic. Regarding the phoneme /S/ (e.g.
χέρι=hand), the responses of speakers of Pontic
were divided between renditions with "σ" and "χ",
with variations such as "σσιέρ", "χεριν", and "σshέρι".
Although there was no clear majority among the
speakers, most researchers agree on the use of "χ"
(Katsouda, 2012). For this reason, the spelling "χ"
was chosen to ensure consistency with theoretical
guidance and maintain scientific validity. /pS/ (e.g.
ψυχή=soul) and /tS/ (e.g. καλατσεύω=speak) were
represented by the majority of speakers with "ψ"
and "τσ", with minor variations such as "ψι", "ψύ",
"ψυη", or "καλατζευω" and "καλατshεύω". Regard-
ing /kS/ (e.g. ρίχνω=throw), speaker responses
varied, partly due to influence from SMG which
uses the verb forms ρίχναμε, ερίχναμε; as a result,
only five interesting spelling choices were obtained.
Among these, the majority favored "ξ" over variants
such as "έκχ̌υναμε" and "εκσσσιναμε". Finally, al-
though the vowel /æ/ (e.g. ποτήρια=glasses) cannot
be represented with the Greek alphabet, speaker
responses showed strong agreement in rendering
it as "ε".

These orthographic decisions favored the most
frequently attested forms, adopted simplified rep-
resentations, which are all characters of the Greek
alphabet, and eliminated the use of diacritics. This
approach provided an internally consistent refer-
ence set suitable for evaluating ASR models while
reflecting the authentic linguistic patterns of Pontic
Greek.

4.2.2. Transcription, Segmentation and
Annotation

The transcription of the Pontic Greek recordings
was performed semi-automatically, combining au-
tomatic transcription with manual post-editing to
ensure accuracy and consistent application of the
orthographic conventions. Whisper large-v2 was
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IPA Prompt Responses (10) Decision Papadopoulos
1955/58

Parcharidis
1885

Valavanis
1892

Oikonomidis
1908

Oikonomidis
1958

Symeonidis–
Tombaidis

1999
/S/ e.g. χέρι

(hand)
σιέρ (2), σεερ (1), χ̌έρ΄
(1), χερα (1), σσσερ
(1), σshέρι (1), χεριν
(1), χέρι (1), σσερ (1)

χ χ̌ χ̇ χ χ̇ χ̂ χ̌

/pS/ e.g. ψυχή
(soul)

ψυ (2), πσι (1), ψή (1),
πσσσσυ (1), ψυη (1),
ψύ (1), ψshιν (1), ψυμ
(1), ψυν (1)

ψ ψ̌ ψ̇ ψ′ ψ̇, ψ′χ̇ ψ̂, ψ′χ̂ ψ̌

/tS/ e.g.
καλατσεύω

(speak)

καλατσευω (3),
καλατσέυω (2), λαλώ
(1), καλατσσσεύω (1),
καλατσέβω (1),
καλατσshεύω (1),
καλατζευω (1)

τσ τσ̌ τ̇, κ̇ τ̇σ, τ́σ τ̇σ τ̂σ τσ̌

/kS/ e.g. ρίχνω
(throw)

έκχ̌υναμε (1),
εκσσσιναμε (1),
έξιναμ (1), έξυναμε
(1), εξύγαμεν (1)

ξ ξ̌
˙
ξ ξ′ ξ̇, ξ′χ̇ ξ̂ ξ̌

/ae/ e.g.
ποτήρια

(glasses)

ποτήρια (2), ποτήρε
(2), κενό (2), ποτηρε
(1), ποτυρε (1),
ποτήρεα (1), ποτίρε
(1)

ε ..α
εα iα α̈ α̈ ..α

Table 1: Comparison of consonant and vowel representations across Pontic Greek orthographic systems.
(Katsouda, 2012)

used to generate rough transcriptions as an initiali-
sation step. Automatically-generated transcriptions
were carefully reviewed and corrected by a linguist
who is a speaker of the Pontic dialect, ensuring
adherence to the spoken language while following
the orthographic guidelines established through the
community validation step.

Audio segmentation divided the recordings into
individual utterances with the Praat tool (Boersma
and Weenink, 2022). Each utterance was aligned
with its corresponding audio segment to provide
accurate timing information. The transcriptions
and their time-aligned segments were stored in
TextGrid files, which labeled each utterance with
start and end times. From the original 1 hour, 26
minutes, and 38 seconds of recording time 39 min-
utes and 58 seconds of speech free from significant
background noise were obtained.

The combination of manual verification, Whisper-
assisted initialisation, and precise segmentation
resulted in a high-quality dataset suitable for evalu-
ating ASR models while maintaining linguistic and
orthographic accuracy.

4.3. Corpus Construction and ASR
Evaluation

The manual transcription and time-alignment pro-
cess described above resulted in a set of Praat
TextGrid files, where each utterance is associ-
ated with start/end timestamps and an orthographic
transcription in the Greek script. To enable ASR
benchmarking, we converted these annotations
into a standard speech-corpus format consisting of
audio–text pairs. The resulting corpus is thus an
utterance-segmented version of the original record-
ing, aligned to the dialectal transcriptions.

Preprocessing. To ensure consistency with com-
mon ASR benchmarking practices for Greek di-
alectal data, we applied lightweight preprocessing
similar to prior work on Modern Greek dialect ASR
evaluation resources (Vakirtzian et al., 2024)2. Au-
dio was converted to mono wav at 16 kHz. On the
text side, we lowercased and removed punctuation.
Note that we evaluate dialectal transcription rather
than dialect-to-standard normalisation.

Segmentation and filtering. Utterance bound-
aries were defined in Praat and exported from the
TextGrid annotations. During this step, non-speech
material (e.g., long pauses and other non-linguistic
intervals) was excluded. The resulting segments
constitute the evaluation units used for all ASR
runs.

Models and inference-only setup. Given the
small size of the corpus (single recording ses-
sion, limited speaker and domain diversity), we
report inference-only (zero-shot) performance with-
out dialect-specific adaptation, to avoid overfitting
and to quantify the out-of-the-box robustness of
current ASR models on Pontic Greek. We evalu-
ated two families of pretrained ASR models with-
out dialect-specific adaptation: (i) Whisper-based
(Radford et al., 2022) multilingual sequence-to-
sequence models (Large-v2, Large-v3, Medium),
and (ii) a Greek-adapted XLS-R (Babu et al., 2022)
model3 (wav2vec2/CTC-style).

All models were run on the utterance-segmented
corpus created from the TextGrid annotations,

2https://github.com/athena-ilsp/greek-dialects-asr
3huggingface.co/jonatasgrosman/wav2vec2-large-

xlsr-53-greek

https://huggingface.co/jonatasgrosman/wav2vec2-large-xlsr-53-greek
https://huggingface.co/jonatasgrosman/wav2vec2-large-xlsr-53-greek
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producing a hypothesis transcription per segment.
For Whisper, we used standard transcription in-
ference with the language set to Greek (lan-
guage="el") and no user-supplied initial prompt.
No external language model or additional decod-
ing constraints were used. For evaluation, both
references and hypotheses were lowercased and
stripped of punctuation; no further text normal-
ization was applied. We computed Word Error
Rate (WER) and Character Error Rate (CER) on
the normalised text (lowercased, punctuation re-
moved). Reporting both WER and CER is particu-
larly useful for dialects, where orthographic variabil-
ity and dialect-specific phonological realisations
may disproportionately impact word-level errors,
while character-level scoring can better reflect par-
tial matches and subword robustness.

Model WER (%) CER (%)
Whisper large-v2 91.24 52.77
Whisper large-v3 86.59 47.72
Whisper medium 105.47 65.41
XLS-R-53-greek 111.70 98.88

Table 2: Inference-only ASR results on the Pontic
Greek corpus.

5. Experimental Results

Table 2 reports inference-only ASR performance
on the Pontic Greek corpus. Overall, zero-shot
recognition is challenging: WERs are high across
all models, and in some cases exceed 100%, indi-
cating that the number of edit operations (substi-
tutions, insertions, deletions) surpasses the num-
ber of reference words. These findings are consis-
tent with prior work on Greek dialectal ASR eval-
uations (Vakirtzian et al., 2024; Tsoukala et al.,
2026), where zero-shot evaluations on Cappado-
cian and Griko similarly yielded WER values above
100%, underscoring the broader difficulty of rec-
ognizing non-standard varieties without dialect-
specific adaptation.

The inference-only results indicate that the
Whisper-based models outperform the Greek-
adapted XLS-R model on the Pontic Greek corpus.
Among the Whisper models, large-v3 achieves the
best performance, with a WER of 86.59% and a
CER of 47.72%, followed by large-v2. The medium-
sized Whisper model exhibits substantially higher
error rates, suggesting that model capacity strongly
impacts zero-shot recognition quality for this low-
resource dialect.

The Greek-adapted XLS-R model performs
poorly in this zero-shot setting (WER 111.70%,
CER 98.88%), indicating limited generalization to
Pontic speech despite adaptation to SMG. The very

high CER suggests that the model frequently fails
to recover even approximate character sequences
under the combined acoustic, lexical, and ortho-
graphic mismatch induced by the Pontic dialect.

Taken together, these results establish strong
zero-shot baselines and indicate that Pontic Greek
is difficult for current general-purpose ASR. By re-
leasing an utterance-segmented and time-aligned
Pontic speech corpus with consistent transcriptions,
we aim to support reproducible benchmarking and
to enable future work on dialect-specific adaptation
and evaluation protocols.

6. Discussion

It was already known that Pontic Greek is dialec-
tologically distant from SMG as compared to other
Modern Greek dialects. This fact is demonstrated
in the ASR inference-only results, for instance, Pon-
tic results match those of Cappadocian, another
Modern Greek dialect of Asia Minor that is quite
distant from SMG dialectologically (Tsoukala et al.,
2026). These results underline the need for more
Pontic data as well as the application of a variety of
techniques to develop ASR models for the Pontic
dialect.

Another interesting point touched upon in this
work is the orthography issue. Despite the small
number of native speakers who responded to a first
simple questionnaire about the orthography of the
dialect, the tendency that emerged is clear: native
speakers of unstandardised varieties do not adhere
to detailed, more precise orthographies and tend
to cling to the orthography of the Standard variety
which is taught in school and has all the neces-
sary technical support (of course, dialectal speak-
ers speak both varieties, Pontic and the Standard).
This is a tendency that should be investigated in
more depth and, probably, taken seriously into ac-
count in the development of AI-oriented technology
for Pontic.

7. Conclusion

We have presented the first evaluation of ASR tech-
nology on data from Pontic Greek, which is a living
but endangered dialect of Modern Greek. Although
Pontic Greek is spoken by a community of about
400K people, it is considered endangered as trans-
mission to newer generations has largely ceased.
Our results show that substantial data requirements
and the adoption of techniques developed for low-
resource languages are necessary to achieve high-
quality ASR performance for Pontic.

Nevertheless, this study is the first of its kind
and establishes an initial benchmark for the devel-
opment and evaluation of ASR technologies that
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may contribute to the vitality of this Modern Greek
dialect.

Future work is planned towards expanding the
dataset by incorporating the speech of a larger num-
ber of native speakers of the dialect. In parallel,
we plan to conduct a large-scale survey on ortho-
graphic preferences and to experimentally evaluate
the effects of different orthographic conventions on
transcription consistency and downstream tasks.

8. Limitations

We are aware that the body of the data is small,
which has dictated inference-only experiments. In
addition, the number of speakers contacted for oth-
ography issues is small as well as the range of
phenomena discussed.

9. Ethical considerations

Speech data were collected with the speakers’ writ-
ten permission for recording and public release.
The corpus is openly available under a Creative
Commons license.
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