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Abstract

Dialect resources occupy a unique position at the intersection of scientific description, cultural preservation, and
computational infrastructure. Large language models offer powerful capabilities for accelerating dialect resource
development through retrieval-grounded drafting, corpus navigation, metadata enrichment, and annotation workflow
support. However, the same systems pose substantial risks: they can contribute to dialect erasure by privileging
prestige varieties, homogenizing orthography, and enabling synthetic feedback loops that reduce linguistic diversity
over time. These risks are particularly acute for language varieties characterized by diglossia, limited written
standardization, or marginalized speaker communities. This paper makes three contributions. First, we integrate
insights from variationist sociolinguistics and corpus linguistics to formalize the generator-eraser paradox as
a theoretical framework for understanding the dual nature of LLM-assisted dialect work. Second, we derive 12
community guidelines that operationalize this framework into implementable design requirements for dialect
resource creation and documentation. Third, we provide an in-depth case study of Arabic dialects, including a
structured comparison of widely used resources, to demonstrate how these guidelines address language-specific
challenges including diglossia, orthographic variability, and community governance. The contribution is conceptual
and operational rather than experimental, with the goal of enabling dialect communities and resource builders across
languages to adopt LLMs without sacrificing authenticity, variation, or sovereignty.

Keywords: dialect resources, language variation, LLM governance, orthographic normalization, participa-
tory design, community guidelines, Arabic dialects

1. Introduction

Language variation is not noise; it is the system-
atic mapping of linguistic forms to social meanings
[Labov, 1972, Eckert, 2012]. Dialects, regional va-
rieties, and sociolects encode community identity,
geographic affiliation, social positioning, and cul-
tural knowledge in ways that standard varieties can-
not capture. For computational linguistics, dialect
resources serve multiple functions: they enable
training of dialect-aware NLP systems, provide eval-
uation benchmarks for measuring system fairness,
support language documentation and preservation
efforts, and create infrastructure for communities
to engage with technology on their own terms.

Yet dialect resources remain chronically under-
developed relative to standardized varieties. The
resource gap documented by Joshi et al. [2020]
applies not only across languages but within lan-
guages, where prestige varieties dominate corpora,
evaluation sets, and model training data. This
imbalance has measurable consequences. Au-
tomatic speech recognition systems exhibit higher
error rates for speakers of African American En-
glish [Koenecke et al., 2020]. Hate speech detec-
tion systems disproportionately flag dialect features
as toxic [Sap et al., 2019]. Part-of-speech taggers
trained on standard varieties degrade when applied
to dialect text [Hovy and Søgaard, 2015, Blodgett
et al., 2016]. The common thread is that systems
optimized for prestige varieties treat dialect features

as deviations rather than as systematic linguistic
patterns.

Large language models introduce both oppor-
tunity and risk into this landscape. On one hand,
LLMs can accelerate resource creation: they can
assist in drafting lexicographic entries from re-
trieved attestations, propose candidate annotations
for human confirmation, generate pedagogical ex-
amples grounded in dialect corpora, and help navi-
gate large collections of unstructured dialect data.
On the other hand, LLMs are trained on corpora that
reflect and amplify existing resource imbalances.
Their statistical priors favor high-frequency forms,
which in language contexts typically means pres-
tige varieties. When deployed in resource creation
workflows, they risk producing outputs that drift to-
ward dominant norms, homogenize orthographic
variation, and introduce synthetic material that, if
recursively incorporated into future training, can
narrow linguistic distributions and eliminate pre-
cisely the tail phenomena that constitute dialect
distinctiveness [Shumailov et al., 2024].

This paper addresses a gap in the literature: the
absence of a systematic framework for governing
LLM involvement in dialect resource work. Our
contributions are threefold:

1. We develop the generator-eraser paradox as
a theoretical framework that synthesizes varia-
tionist sociolinguistics, corpus linguistics, and
recent findings on model collapse to articulate
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the dual nature of LLM assistance in dialect con-
texts.

2. We derive 12 community guidelines from this
framework, written as implementable design re-
quirements with explicit checks and language-
specific considerations.

3. We provide an in-depth case study of Arabic
dialects, demonstrating how the guidelines ad-
dress challenges of diglossia, orthographic vari-
ability, and multi-stakeholder governance that
generalize to other diglossic and pluricentric lan-
guage situations.

The paper is deliberately non-experimental. We
do not report model performance metrics, and we
avoid unverifiable claims about system behavior.
Instead, we translate stable findings from sociolin-
guistics, corpus linguistics, and AI governance into
operational requirements for responsible dialect
resource development.

2. Background

2.1. Dialect Variation as Structured
Diversity

Three waves of variationist sociolinguistics have es-
tablished that dialect variation is systematic rather
than random [Eckert, 2012]. The first wave, pio-
neered by Labov [1972], documented correlations
between linguistic variables and social categories
such as class, age, and gender. The second wave
examined local communities and social networks,
revealing how dialect features index local identity
and group membership. The third wave reframed
variation as a resource for constructing social mean-
ing, emphasizing speaker agency in deploying di-
alect features for communicative purposes [Cham-
bers, 2013].

For resource creation, these findings imply that
dialect corpora are not merely collections of sen-
tences; they are archives of variation. The resource
object includes linguistic forms and their frequen-
cies, the contexts and registers in which forms ap-
pear, metadata about speakers and communities
where ethically available, and the orthographic prac-
tices and writing conventions that speakers employ.
Any processing pipeline that alters these dimen-
sions without traceability risks severing the link be-
tween form and social meaning.

2.2. Diglossia and Prestige Hierarchies
Many language situations involve diglossia: a sta-
ble relationship between a high variety associated
with formal contexts and low varieties associated
with everyday speech [Ferguson, 1959]. Arabic ex-
emplifies classical diglossia, with Modern Standard

Arabic occupying institutional domains while re-
gional dialects dominate spoken interaction [Holes,
2004, Versteegh, 2014]. However, diglossia is not
unique to Arabic. Similar configurations appear in
Swiss German, Haitian Creole, Tamil, and many
other language situations where written standards
diverge from spoken vernaculars.

Diglossia creates a prestige gradient that shapes
both human behavior and computational systems.
When models or preprocessing pipelines attempt
to normalize text, they tend to normalize toward
the institutionally privileged variety. In resource
work, such normalization can be an explicit design
choice, such as adopting a conventional orthogra-
phy, or an implicit side effect of preprocessing steps
such as spell-checking, tokenization, or automatic
correction [Eisenstein, 2013].

2.3. Corpus Representativeness and
Provenance

Corpus linguistics distinguishes size from repre-
sentativeness. A corpus must be designed or
sampled to reflect intended domains, registers,
and speaker groups, and it must include meta-
data enabling audit and interpretation [Biber, 1993,
McEnery and Hardie, 2012]. Dialect corpora are
frequently convenience samples from social me-
dia platforms with strong demographic and topical
skews. These skews may favor urban over rural
speakers, younger over older generations, particu-
lar countries or regions with higher platform pene-
tration, and specific genres such as political com-
mentary or entertainment.

Provenance matters because dialect variation is
socially indexed. Without provenance, a resource
cannot be reliably interpreted as a proxy for a dialect
community; it becomes a proxy for platform use.
Documentation frameworks such as datasheets for
datasets [Gebru et al., 2021] and data statements
[Bender and Friedman, 2018] provide templates for
recording this information, but adoption remains
uneven in dialect resource work.

2.4. LLM Risks: Representational Harm
and Synthetic Recursion

Two distinct bodies of research document LLM risks
relevant to dialect resources.

First, work on representational harms shows that
language models reproduce and amplify biases
present in training data [Blodgett et al., 2020, Ben-
der et al., 2021]. In dialect settings, this includes
bias toward prestige norms, stereotyped associ-
ations between dialect features and social cate-
gories, and performance degradation on dialect
text that cascades through downstream applica-
tions [Jurgens et al., 2017, Tan et al., 2020].
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Second, research on model collapse demon-
strates that training on recursively generated data
can eliminate low-probability events, leading to pro-
gressively impoverished distributions [Shumailov
et al., 2024]. For dialect resources, low-probability
events often correspond to precisely what makes
dialects distinctive: minority lexical items, region-
specific constructions, and socially marked forms
that occur infrequently in any given corpus but carry
substantial social meaning.

2.5. Existing Dialect Resources and
Shared Tasks

The NLP community has developed substantial
infrastructure for dialect processing. The Var-
Dial workshop series and associated shared tasks
have produced benchmarks for dialect identifica-
tion across multiple language families [Zampieri
et al., 2017]. For Arabic specifically, resources
include the Arabic Online Commentary Dataset
[Zaidan and Callison-Burch, 2011], the MADAR
multi-dialect corpus and lexicon [Bouamor et al.,
2018], the Gumar Gulf Arabic corpus [Khalifa et al.,
2016], and shared tasks such as NADI [Abdul-
Mageed et al., 2021]. Multi-dialect resources have
also been developed for tasks such as author pro-
filing [Zaghouani and Charfi, 2018], fine-grained
dialect annotation [Charfi et al., 2019], and hate
speech detection across Arabic varieties [Charfi
et al., 2024a, Zaghouani et al., 2024]. For African
American English, TwitterAAE provides a large-
scale resource with demographic annotations [Blod-
gett et al., 2016]. Earlier surveys of freely avail-
able Arabic corpora [Zaghouani, 2014] have doc-
umented the landscape of accessible resources,
revealing both the breadth and the gaps in existing
coverage.

These resources demonstrate mature method-
ological practices but also reveal fragmentation.
Different datasets adopt different orthographies, an-
notation frameworks, and access conditions. This
fragmentation creates barriers to scalable dialect
resource development and cross-resource interop-
erability.

3. The Generator-Eraser Paradox

We propose the generator-eraser paradox as a
framework for understanding the dual nature of LLM
involvement in dialect resource work. The paradox
captures a fundamental tension: the same proper-
ties that make LLMs useful for resource creation
also make them dangerous for dialect preservation.

3.1. The Dual Nature of LLM Assistance
LLMs can accelerate dialect resource development
through several mechanisms. Retrieval-grounded

drafting allows LLMs to draft lexicographic en-
tries, example sentences, or educational materials
grounded in retrieved dialect attestations; retrieval-
augmented generation [Lewis et al., 2020] reduces
hallucination and anchors outputs in authentic di-
alect data. Corpus navigation and clustering helps
resource builders explore large unstructured collec-
tions, identify patterns, and cluster similar items for
batch annotation. Metadata enrichment enables
LLMs to propose metadata such as topic labels, reg-
ister classifications, or dialect sub-variety tags for
human confirmation. Annotation workflow support
allows LLMs to generate candidate annotations
that human experts review, revise, and approve,
reducing annotation time while maintaining human
authority over final decisions.

However, the same LLMs can erode dialect dis-
tinctiveness through countervailing mechanisms.
Prior-driven normalization occurs because LLMs
trained predominantly on prestige varieties have
statistical priors that favor standard forms; with-
out explicit constraints, generated outputs drift to-
ward these priors. Orthographic homogenization
reduces the variability that reflects phonological dif-
ferences, community conventions, or the absence
of written standardization. Synthetic recursion oc-
curs when LLM-generated content enters training
pipelines for future models or becomes part of di-
alect corpora without adequate labeling; model col-
lapse research shows this effect is particularly se-
vere for low-frequency events [Shumailov et al.,
2024]. Prestige drift, which we define as the system-
atic substitution of dialect-specific markers (phono-
logical, morphological, lexical, or syntactic) with
high-variety equivalents over iterative processing,
may be imperceptible in any single interaction but
cumulative over project lifecycles.

3.2. Amplifying Factors

Several factors amplify the paradox in particular
language situations. In diglossic settings, the high
variety dominates written corpora and institutional
language, creating severe training data imbalances
that LLMs inherit and reproduce unless explicitly
constrained. Dialects with limited standardization
exhibit higher orthographic variability and less con-
sistent lexicographic documentation; LLMs may
treat this variability as error rather than as authen-
tic variation. Platform sampling from social me-
dia introduces demographic, topical, and temporal
skews that LLMs trained on such data may amplify.
Community power differentials mean that dialect
communities often lack institutional power to shape
how their language is documented and processed;
without participatory governance, external resource
builders may make decisions that do not reflect
community priorities.
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4. Design Requirements

This section converts the theoretical framework
into explicit design requirements that the proposed
guidelines must address.

Preserving Distributional Properties. Dialect
resources must preserve the distributional proper-
ties of authentic language use, including the fre-
quency and context of variant forms, the presence
of low-frequency items, and the orthographic diver-
sity of written representations.

Layered Orthographic Representation. Ortho-
graphic normalization should be implemented as
a reversible transformation with documented map-
pings, not as a destructive rewrite.

Transparent Provenance. All resource artifacts
should include clear provenance information dis-
tinguishing human-produced content from LLM-
assisted content.

Human Authority. Human experts, particularly
native speakers and community members, must
retain authority over final resource decisions.

Community Governance. Dialect communi-
ties should participate in scope setting, annotation
framework design, release decisions, and harm
review [Costanza-Chock, 2020, Bird, 2020].

Recursion Avoidance. Synthetic data must be
transparently labeled and must not enter training
pipelines or corpus additions without explicit evalu-
ation of diversity impacts.

5. The 12 Community Guidelines

Each guideline is written as an implementable re-
quirement with rationale, checks, and considera-
tions for language-specific adaptation.

5.1. Guideline 1: Real Data Primacy
Requirement. Human-produced dialect data re-
mains the primary substrate for all resource arti-
facts. Synthetic text can only serve as an explicitly
labeled augmentation layer, never as a replacement
for authentic data.

Rationale. Model behavior follows training dis-
tributions and resource composition [Bender et al.,
2021]. Synthetic recursion can eliminate tail events
that constitute dialect distinctiveness [Shumailov
et al., 2024].

Checks. Maintain a datasheet documenting col-
lection methods, coverage, and limitations [Gebru
et al., 2021]. Store synthetic content separately
with full provenance metadata including prompts,
models, and generation parameters.

Adaptation. For languages with minimal written
dialect tradition, spoken transcripts may constitute
primary data, with transcription conventions docu-
mented.

5.2. Guideline 2: Retrieval Before
Generation

Requirement. For resource drafting tasks, prefer
retrieval-augmented generation over unconstrained
prompting. Outputs should cite or derive from au-
thenticated dialect attestations.

Rationale. Retrieval-augmented generation con-
ditions outputs on evidence rather than priors
[Lewis et al., 2020], reducing drift toward prestige
norms.

Checks. Log retrieval sources for generated con-
tent. Implement verification that generated forms
appear in the retrieval set. Monitor retrieval qual-
ity through: (1) coverage metrics measuring what
proportion of dialect marker types in outputs are
attested in retrieved sources; (2) recall for low-
frequency markers that are most vulnerable to pres-
tige substitution; and (3) source diversity ensuring
outputs draw from multiple attestations rather than
over-relying on single sources.

Adaptation. For under-documented dialects, re-
trieval sets may be small; in such cases, additional
human validation compensates for limited ground-
ing. When retrieval fails to return sufficient dialect-
specific attestations, flag outputs for mandatory
expert review rather than allowing fallback to un-
constrained generation.

5.3. Guideline 3: Orthographic
Preservation

Requirement. Preserve raw orthographic forms
as the archival layer. If normalization is required
for processing, implement it as a reversible trans-
formation with documented mappings.

Rationale. Orthography encodes phonological,
social, and identity information. Conventional or-
thography frameworks such as CODA for Arabic
[Habash et al., 2012] provide principled approaches
to reversible normalization.

Checks. Maintain three layers: raw orthogra-
phy, normalized orthography, and the mapping
between them. Document what information is
lost or ambiguous in normalization. Mappings
should specify: (1) the normalization rule applied;
(2) whether the mapping is one-to-one (fully
reversible) or many-to-one (lossy); and (3) the
linguistic rationale. For example, a Gulf Arabic
raw form chinna normalized to CODA kinna would
be documented as: raw: chinna → norm:
kinna | rule: ch→k | type: lossy
(ch/k merger) | note: ch reflects
/tš/ pronunciation.

Adaptation. For languages with Latin script, nor-
malization may address capitalization and diacrit-
ics; for non-Latin scripts, language-specific conven-
tions apply.
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5.4. Guideline 4: Dialect-Aware
Prompting

Requirement. Prompts must explicitly specify di-
alect identity and instruct against implicit translation
to prestige varieties. Prompts should request un-
certainty marking rather than confident guessing.

Rationale. LLMs default to dominant norms un-
der ambiguity. Explicit constraints can reduce pres-
tige drift.

Checks. Include dialect specification in all
prompts used for resource creation. Log prompts
with outputs for audit.

Adaptation. Dialect names and boundaries vary
by language; use community-preferred terminol-
ogy.

5.5. Guideline 5: Human Validation Gate

Requirement. No LLM-assisted resource artifact
is released without review by native speakers and
domain experts. Review covers orthographic au-
thenticity, semantic accuracy, pragmatic appropri-
ateness, and cultural acceptability.

Rationale. Representational harms are system-
atic and unevenly distributed [Blodgett et al., 2020].
Only community-grounded review can detect subtle
errors that automated metrics miss.

Checks. Define review rubrics. Record reviewer
judgments and disagreements as signals of varia-
tion rather than errors to resolve.

Adaptation. Reviewer selection should priori-
tize diversity across dialect sub-varieties, speaker
demographics, and expertise types.

5.6. Guideline 6: Synthetic Data
Governance

Requirement. Synthetic data must be transpar-
ently labeled in all resource artifacts and must not
be incorporated into recursive training pipelines
without controlled evaluation of diversity impacts.

Rationale. Recursive training on synthetic data
causes model collapse and diversity loss [Shu-
mailov et al., 2024].

Checks. Implement content-level
provenance using structured metadata
fields (e.g., in JSON/JSONL schemas:
is_synthetic: boolean, genera-
tion_model: string, generation_date:
timestamp, prompt_hash: string). Main-
tain separate partitions for human and synthetic
content. For large-scale pipelines, consider
dataset-level synthetic ratio caps (e.g., ≤20%
synthetic content) with periodic contamination
audits.

Adaptation. For shared tasks, clarify whether
synthetic augmentation is permitted and require

participants to report synthetic content ratios and
generation methods.

5.7. Guideline 7: Diversity Monitoring
Requirement. Track whether resource releases
retain dialect markers and do not exhibit drift toward
prestige varieties or dominant regional norms.

Rationale. Representativeness and balance
require monitoring, not assumption [Biber, 1993,
McEnery and Hardie, 2012].

Checks. Recommended approaches include:
(1) compiling dialect marker inventories (diagnos-
tic lexemes, morphological patterns, phonological
spellings) validated by community experts; (2) com-
puting marker frequency distributions across re-
source versions; (3) measuring distributional diver-
gence using Jensen-Shannon divergence or similar
metrics between current and baseline versions; (4)
tracking type-token ratios for dialect-specific vo-
cabulary; and (5) applying mixed-effects models
controlling for topic and register when comparing re-
leases. Flag statistically significant drift for manual
review.

Adaptation. Marker selection should reflect
language-specific features that distinguish dialects;
community input is essential for validating marker
inventories and setting acceptable drift thresholds.

5.8. Guideline 8: Participatory
Governance

Requirement. Dialect communities participate in
defining resource scope, annotation frameworks,
release conditions, and harm review processes.

Rationale. Participatory design supports com-
munity self-determination and reduces extractive
dynamics [Bird, 2020, Costanza-Chock, 2020].

Checks. Document community consultation
processes. Include community representatives in
project governance.

Adaptation. Community structure varies; some
dialects have organized advocacy groups, others
require identifying representative speakers through
sociolinguistic fieldwork.

5.9. Guideline 9: Data Sovereignty and
Access Control

Requirement. Clarify ownership and access rights
for all resource components. Adopt tiered access
when community safety, privacy, or cultural sensi-
tivity requires restriction.

Rationale. Some dialect communities face po-
litical risk, discrimination, or cultural appropriation
concerns. This guideline aligns with the CARE
Principles for Indigenous Data Governance [Carroll
et al., 2020].
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Checks. Specify licensing terms. Document
rationale for access restrictions. Consider benefit-
sharing arrangements that return value to contribut-
ing communities.

Adaptation. Legal frameworks vary by juris-
diction; consult local expertise on data protection
and indigenous language rights where applicable
[Rainie et al., 2019].

5.10. Guideline 10: Pipeline
Documentation

Requirement. Publish a pipeline card docu-
menting all preprocessing steps, orthography han-
dling, prompting strategies, retrieval configurations,
model versions, and validation procedures.

Rationale. Transparency enables audit, repro-
duction, and identification of potential harm sources
[Gebru et al., 2021, Mitchell et al., 2019].

Checks. Use structured documentation tem-
plates. Version control pipeline configurations.

Adaptation. Documentation should be acces-
sible to both technical and community audiences;
plain language summaries complement technical
specifications.

5.11. Guideline 11: Prestige Drift Audits
Requirement. Conduct periodic audits to detect
systematic replacement of dialect-specific forms
with prestige variety equivalents.

Rationale. Drift may be imperceptible in individ-
ual outputs but cumulative over project lifecycles.

Checks. Audit procedures should include: (1)
random sampling of outputs for manual expert re-
view against dialect authenticity criteria; (2) auto-
mated comparison of dialect marker frequencies
against baseline corpora using the metrics from
Guideline 7; (3) targeted review of high-risk cate-
gories (e.g., function words, verbal morphology, dis-
course markers) where prestige substitution is most
common; and (4) documentation of detected drift
with root cause analysis (prompt design, retrieval
gaps, or model limitations). Establish correction
workflows for identified issues before release.

Adaptation. Audit frequency should reflect
project pace; high-throughput workflows require
more frequent checks, potentially automated con-
tinuous monitoring with periodic manual validation.

5.12. Guideline 12: Long-Term
Stewardship

Requirement. Treat dialect resources as living
infrastructure with periodic review, correction mech-
anisms, and versioned releases.

Rationale. Languages evolve, communities’
needs change, and resource harms may emerge
over time.

Checks. Establish maintenance schedules. Pro-
vide error reporting channels. Document version
histories with changelogs.

Adaptation. Sustainability planning should con-
sider institutional support, community capacity, and
succession planning for key personnel.

6. Case Study: Arabic Dialects

Arabic provides a compelling case study because
it exhibits the full range of challenges the guide-
lines address: classical diglossia, substantial or-
thographic variability, multiple regional varieties
with distinct features, and complex political and
cultural dynamics. This section demonstrates how
the guidelines apply to Arabic while extracting gen-
eralizable lessons.

6.1. Diglossia, Orthography, and the
Arabic Script System

Arabic diglossia involves Modern Standard Arabic
(MSA) as the high variety used in formal writing,
education, and media, alongside regional dialects
that serve as primary spoken languages across the
Arab world [Ferguson, 1959, Holes, 2004]. Sub-
sequent scholarship emphasizes a continuum of
registers and mixed styles, including extensive
code-switching between MSA and dialect elements
[Badawi, 1973]. For resource creation, this contin-
uum means that dialect corpora frequently contain
MSA elements, and annotation frameworks must
decide how to represent mixture without forcing ar-
tificial binaries. The prestige gradient associated
with diglossia shapes both human linguistic behav-
ior and computational system outputs; when mod-
els or pipelines normalize, they tend to normalize
toward MSA.

Arabic dialect writing occurs in Arabic script,
Latin script (Arabizi), and mixed forms. Even within
Arabic script, writers differ substantially in their or-
thographic choices. Several features of Arabic
script are particularly relevant for understanding
why orthographic variability is so pervasive in di-
alect writing and why preservation matters for re-
source creation (for a comprehensive treatment,
see Habash 2010):

• Hamza placement: The glottal stop (hamza) can
be written on different carriers (alif, waw, ya) or
standalone, with placement rules that differ be-
tween MSA and dialect conventions. Dialect writ-
ers often omit or misplace hamza according to
local pronunciation, creating systematic variation
that carries phonological information.

• Ta marbuta vs. ha: The feminine marker ta
marbuta () is sometimes written as ha () in dialec-
tal text, reflecting pronunciation patterns. This
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alternation is phonologically motivated in many
dialects and should not be treated as a spelling
error.

• Alif variants: The initial alif can appear with or
without hamza, and with hamza above or below
( vs. vs. ). Dialect writers frequently use bare
alif regardless of MSA rules, reflecting actual pro-
nunciation.

• Dialect-specific phonology in script: Certain
sounds that exist in dialects but not in MSA re-
quire creative orthographic solutions. For exam-
ple, Gulf Arabic speakers may write the affricated
/tš/ as ch in Arabizi or use the letter kaf () in Ara-
bic script, creating many-to-one mappings that
complicate normalization.
The CODA framework proposes a conventional

orthography designed to reduce sparsity while pre-
serving dialect identity [Habash et al., 2012], and
CODA* extends these principles across multiple
dialects [Habash et al., 2018]. CODA provides ex-
actly the kind of reversible normalization layer that
Guideline 3 requires; resources should maintain
raw orthography as an archival layer, with CODA
normalization applied as a separate, documented
transformation.

6.2. Resource Landscape
Table 1 compares major Arabic dialect resources
across dimensions relevant to LLM-assisted work-
flow design. This comparison highlights both the
strengths of existing resources and the gaps that
new projects must address.

6.3. Applying the Guidelines: Practical
Strategies

Several guidelines have particular relevance for
Arabic, and we outline both the challenges and
concrete strategies for addressing them.

Guideline 1 (Real Data Primacy): Arabic di-
alect corpora should explicitly distinguish human-
produced content from any synthetic augmenta-
tion. Given MSA dominance in training data, syn-
thetic Arabic text is particularly prone to MSA drift.
Practical strategy: Implement metadata fields at
the sentence level marking provenance (human
vs. synthetic), and enforce separation in storage.
For shared task organizers, require participants to
declare synthetic data usage and report synthetic
content ratios.

Guideline 2 (Retrieval Before Generation): Re-
trieval from authenticated dialect sources reduces
drift toward MSA synonyms. Practical strategy:
Build retrieval indices over authenticated dialect
corpora such as MADAR’s parallel lexicon for lexi-
cographic work, or Gumar for Gulf-specific vocabu-
lary. Configure retrieval to prioritize dialect-specific

sources and flag outputs where retrieval coverage
falls below a defined threshold (e.g., fewer than
60% of generated dialect markers attested in re-
trieved sources).

Guideline 3 (Orthographic Preservation): CODA
provides a principled normalization framework,
but raw orthography must be maintained as the
archival layer. Practical strategy: Store resources
in a three-layer format: raw user text, CODA-
normalized text, and a structured mapping log that
records each normalization decision along with its
type (reversible or lossy) and linguistic rationale.
For the Arabic-specific features described above
(hamza, ta marbuta, alif variants), the mapping
log should flag instances where normalization col-
lapses phonologically meaningful distinctions. Ex-
isting tools such as CAMeL Tools [Obeid et al.,
2020] can support automated components of this
pipeline.

Guideline 4 (Dialect-Aware Prompting): Prompts
must specify the target dialect using community-
preferred terminology (e.g., Egyptian, Tunisian,
Gulf) and explicitly instruct against MSA substi-
tution. Practical strategy: Develop prompt tem-
plates that include (a) explicit dialect specification,
(b) instructions to preserve dialect-specific lexical
items and morphological patterns, (c) requests
to flag uncertainty rather than defaulting to MSA
forms, and (d) example dialect-specific outputs to
anchor generation. For instance, when generating
Tunisian Arabic content, prompts should specify
that negation uses ma...sh rather than MSA la/lam,
and that future tense uses besh rather than MSA
sawfa.

Guideline 7 (Diversity Monitoring): Arabic’s rich
dialectal variation requires monitoring along mul-
tiple dimensions simultaneously. Practical strat-
egy: For each target dialect, compile a validated
inventory of diagnostic markers spanning phono-
logical spellings (e.g., Gulf ch for /tš/), morpholog-
ical patterns (e.g., Egyptian bi- prefix for present
tense), lexical items (e.g., Maghrebi barsha for “a
lot”), and syntactic constructions. Track the fre-
quency of these markers across resource versions
and flag declines exceeding community-defined
thresholds for manual review.

Guideline 8 (Participatory Governance): Arabic-
speaking communities span multiple countries with
distinct political contexts. Practical strategy: Es-
tablish advisory boards that include speakers from
diverse dialect regions, balancing representation
across Mashreqi and Maghrebi varieties, urban and
rural speakers, and different age groups. For pan-
Arabic resources, governance should involve rep-
resentatives from multiple countries to avoid privi-
leging any single national variety.

Guideline 9 (Data Sovereignty): Some dialect
communities face political sensitivities related to
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Resource Coverage Domain Guideline Implications LLM Workflow Role
AOC [Zaidan and
Callison-Burch,
2011]

Multiple dialects News com-
ments

Retrieval grounding (G2); privacy
and access control (G9)

Retrieval source for lex-
icographic work; dialect
identification training

MADAR [Bouamor
et al., 2018]

25 city dialects Travel do-
main

RAG grounding (G2); represen-
tativeness monitoring (G7)

Parallel lexicon for cross-
dialect retrieval; genera-
tion anchoring

Gumar [Khalifa et al.,
2016]

Gulf Arabic Forum nov-
els

Gulf-specific retrieval (G2); drift
detection (G11)

Gulf variety benchmark-
ing; orthographic varia-
tion archive

QADI [QCRI, 2020] 18 countries Tweets Reproducibility (G10); documen-
tation (G10)

Country-level dialect clas-
sifier training

NADI [Abdul-
Mageed et al., 2021]

Country/province Tweets Nuanced labels (G7); privacy
(G9)

Fine-grained dialect
identification; evaluation
benchmark

CODA* [Habash
et al., 2012, 2018]

Cross-dialect or-
thography

Standardization Reversible normalization (G3);
layered representation

Normalization pipeline
component; orthographic
mapping reference

BOLT [Linguistic
Data Consortium,
2021]

Egyptian Arabic SMS/Chat Evaluation (G5); tiered access
(G9)

Egyptian variety bench-
mark; informal register
source

AraP-Tweet [Za-
ghouani and Charfi,
2018]

16 countries, 11
regions

Tweets Demographic balance (G7); di-
versity (G8)

Multi-dialect profiling;
dialect-demographic
correlation

ADHAR [Charfi et al.,
2024a]

MSA + 4 dialect
groups

Tweets Multi-dialect balance (G7); harm
review (G8)

Dialect-aware hate
speech detection; bias
auditing

Table 1: Arabic dialect resources with guideline implications and LLM workflow roles.

regional identity or minority status. Practical strat-
egy: Implement tiered access for resources con-
taining location-identifiable content, with stricter
controls for data from politically sensitive regions.
Consider removing or anonymizing fine-grained ge-
ographic metadata when full access is granted.

Guideline 11 (Prestige Drift Audits): Audits
should monitor for MSA substitution and for drift
toward high-visibility dialects at the expense of
less-represented varieties. Practical strategy: At
each release, sample outputs and compare dialect
marker frequencies against baseline corpora. Pay
particular attention to high-risk categories: func-
tion words (where MSA alternatives are common),
verbal morphology (where dialect-specific conju-
gation patterns may be replaced by MSA forms),
and discourse markers (which are highly dialect-
specific). Prior work on multi-dialectal stance detec-
tion [Charfi et al., 2024b] demonstrates that annota-
tion frameworks can effectively track cross-dialect
variation, providing methodological models for drift
auditing.

6.4. Generalizing Beyond Arabic

The Arabic case illustrates patterns that generalize
to other language situations. Diglossic languages
such as Swiss German, Haitian Creole, and Tamil
exhibit similar high-low variety configurations requir-
ing similar attention to prestige drift. Pluricentric
languages with multiple standard varieties (Ger-
man, Portuguese, Spanish) face analogous ques-
tions about which variety receives implicit priority
in LLM outputs. Languages with limited written
tradition, including many indigenous and minority
languages, lack established writing systems; the
orthographic preservation principle (Guideline 3)
applies through documentation of transcription con-
ventions. Politically sensitive contexts exist wher-
ever communities face discrimination, persecution,
or cultural appropriation risks; the data sovereignty
principle (Guideline 9) generalizes accordingly.

7. Discussion

7.1. Relationship to Existing Frameworks

The proposed guidelines complement existing doc-
umentation frameworks. Datasheets for datasets



217

[Gebru et al., 2021] provide templates for record-
ing corpus composition and intended use. Data
statements [Bender and Friedman, 2018] empha-
size speaker demographics and situational context.
Model cards [Mitchell et al., 2019] document model
characteristics and limitations. Our guidelines add
dialect-specific requirements that existing frame-
works do not fully address: orthographic layering,
prestige drift monitoring, and synthetic recursion
avoidance.

For community governance and data sovereignty
(Guidelines 8–9), our framework aligns with the
CARE Principles for Indigenous Data Governance
[Carroll et al., 2020], which emphasize Collective
benefit, Authority to control, Responsibility, and
Ethics. While CARE was developed for indigenous
communities, its principles translate well to dialect
communities facing similar concerns about data
extraction, misrepresentation, and loss of control
over linguistic heritage [Rainie et al., 2019].

7.2. Implementation Challenges and
Scalability

Implementing the guidelines raises practical chal-
lenges. Participatory governance (Guideline 8)
requires identifying community representatives,
which may be difficult for dispersed dialect popula-
tions. Diversity monitoring (Guideline 7) requires
defining quantitative metrics for dialect marker pres-
ence, which presupposes linguistic analysis of diag-
nostic features. Long-term stewardship (Guideline
12) requires institutional commitment and sustained
funding. We view these challenges as tractable
rather than fundamental. The guidelines provide a
framework for identifying what needs to be done;
implementation pathways will vary by language,
community, and institutional context.

A related concern about participatory and human-
centered approaches is that they limit scalability.
We argue that the guidelines support scalable prac-
tices: retrieval-augmented generation (Guideline
2) scales better than unconstrained prompting be-
cause it reduces review burden; automated drift
monitoring (Guideline 11) enables early detection
without exhaustive manual review; pipeline docu-
mentation (Guideline 10) enables knowledge trans-
fer across projects. The critical constraint is that
scalability must not come at the cost of distribu-
tional fidelity.

8. Conclusion

Large language models can support dialect re-
source creation when they are embedded in
archival-first infrastructures, constrained by re-
trieval, governed by transparent documentation,
and validated by dialect communities. Without such

safeguards, the same systems can accelerate or-
thographic homogenization, prestige drift, and syn-
thetic recursion that reduces linguistic diversity.

This paper contributes a theoretical framework,
the generator-eraser paradox, and 12 community
guidelines for responsible LLM-assisted dialect re-
source creation. The Arabic case study demon-
strates application to a language situation char-
acterized by diglossia and orthographic variability,
while highlighting patterns that generalize across
language families.

We invite the research community to adopt,
adapt, and critique these guidelines, and to de-
velop shared resources that make responsible LLM-
assisted dialect resource creation accessible to all
communities.

9. Limitations

This paper does not present new experiments and
cannot quantify the magnitude of risks for specific
models or dialects. The guidelines are intentionally
conservative, prioritizing archival integrity and com-
munity governance. We have not conducted user
studies with resource builders to evaluate usabil-
ity. The Arabic case study, while detailed, may not
capture all relevant phenomena in other diglossic
or pluricentric language situations.

While we provide concrete metrics and pro-
cedures for diversity monitoring and drift audits
(Guidelines 7, 11), we acknowledge that empirical
validation would strengthen these recommenda-
tions. Future work should include: (1) pilot stud-
ies comparing prestige drift rates with and with-
out dialect-aware prompting; (2) longitudinal track-
ing of dialect marker distributions across staged
resource versions using the metrics we propose;
(3) controlled comparisons of RAG-grounded ver-
sus unconstrained generation for dialect resource
tasks; and (4) user studies evaluating the usability
of pipeline cards and review rubrics by resource
builders with varying technical backgrounds.

We also note that extending these guidelines
to multimodal settings (speech, vision-language)
raises additional challenges not fully addressed
here, including interaction between orthographic
variation and ASR/OCR errors, and the need for
audio-level provenance tracking.

Future work should evaluate guideline adoption
across diverse language contexts, develop shared
checklists and templates as community resources,
and explore how different dialect communities prior-
itize preservation versus standardization in applied
settings.
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10. Ethical Considerations

This work synthesizes existing research and does
not collect new data. The guidelines are designed
to reduce representational harm and support com-
munity sovereignty over dialect resources. We rec-
ommend tiered access, opt-out mechanisms, and
participatory governance where dialect communi-
ties face safety, privacy, or cultural sensitivity risks.

We acknowledge that adopting these guide-
lines requires resources that may not be avail-
able to all teams, potentially creating barriers for
under-resourced communities. We encourage well-
resourced projects to share infrastructure, docu-
mentation templates, and lessons learned to re-
duce adoption barriers.
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