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Abstract
Natural language processing (NLP) and speech technologies have made significant progress in recent years; however,
they remain largely focused on standardized language varieties. Dialects, despite their cultural significance and
widespread use, are underrepresented in linguistic resources and computational models, resulting in performance
disparities. To address this gap, we introduce Saar-Voice, a six-hour speech corpus for the Saarbrlicken dialect
of German. The dataset was created by first collecting text through digitized books and locally sourced materials.
A subset of this text was recorded by nine speakers, and we conducted analyses on both the textual and speech
components to assess the dataset’s characteristics and quality. We discuss methodological challenges related to
orthographic and speaker variation, and explore grapheme-to-phoneme (G2P) conversion. The resulting corpus
provides aligned textual and audio representations. This serves as a foundation for future research on dialect-
aware text-to-speech (TTS), particularly in low-resource scenarios, including zero-shot and few-shot model adaptation.
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1. Introduction and Background of the dialect.

The field of natural language processing (NLP)
has seen substantial advances in recent years,

driven by large-scale models and increased com- g Saarland is one of Germany’s 16 federal states
putational resources. Nevertheless, research and (Bundeslander), located in the southwest of the
tools remain heavily focused on standardized lan- country and bo}dering France and Luxembourg.

guage varieties, leaving dialectal varieties under- T gaarland has around 1 million inhabitants. The
represented despite their widespread use and im- state is, much like the rest of Germany, a linguis-

portance to speakers’ cultural identity (Blasi et al., tically diverse region, with many variants of the
2022). In Germany, for example, more than 40% of  gtanqard language, from regiolects to dialects.
the population regularly speaks regional dialects, A typical problem in linguistics is defining which
yet these varieties are often subject to social stereo- . - f Gialect is meant with a given name. In the
ftypi_ng (_Adler and I_—|ansen, 2022). _This marginal- region of the Saarland, the broad range of regi-
ization is reflected in the technological landscape: \cuts and dialects are loosely referred to as “Saar-
Iarge_ language models (LLMs) and sp_eech_ Pro= Jandisch”, but this is not a precise term. On a large
cessing _systems frequently stru.ggle W'th_ dialec- scale, “Saarlandisch” consists of two different di-
tal vanatpn, as they are predomlpantly trained on 5ot areas: Rhine Franconian and Moselle Franco-
étandard|zec|i language data (ﬁrUCkl etal, 2025).  ian (see Figure 1). Both dialect areas are rather
onsequently, recent years have seen growing  gjyersg on all linguistic levels, mainly phonology,
eﬁorts_to_ develop language resources _for dialec- morpho-syntax and lexicon. Looking more closely,
tal varieties (Blaschke et al., 2024; Faisal e_t al., there is large variance even within the two regions.
2024; Blaschke et al,, 2025) aer .to systematically We decided in this paper to consider the Rhine
evaluate the performance of existing NLP systems Franconian dialect spoken in and around the capital

ggszUCh data (Bui et al.,, 2025; Mufioz-Ortiz et al., of and largest city in the Saarland, Saarbriicken, for
)- which a grammar (Steitz, 1981) and a suggested

In this_ paper, we contripute to _this line of work dictionary (Braun and Mangold, 1984) exist, both
by focusing on the Saarbriicken dialect of German authored by linguists, as well as a community of

spokenin th.e state o.f Saarland th.rough the creation active authors (with no background in linguistics).
of Saar-Voice, a six-hour multi-speaker speech

corpus.' In the following subsections, we provide
some basic background about the Saarbriicken  1.2. Spelling
dialect, including the main linguistic characteristics

1.1. Dialect areas

One big advantage of a standard language is the

"The dataset is availlable on https: existence of a standard spelling. For (German)
//huggingface.co/datasets/UdS-LSV/ dialects standardized orthographies are missing,
Saar-Voice. which leads to high variance in spelling between
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Karte 6

das

Figure 1: The isogloss dat-das-line distinguishing
areas in which Rhine Franconian dialects (“das”)
and Moselle Franconian dialects (“dat”) are spo-
ken (Drenda, 2008) in Saarland (smaller area in
the south-west marked with thin border lines) and
Rhineland-Palatinate.

and even within speakers. Often, speakers use
spontaneous spelling, orthographically represent-
ing the phonology each word as they best see fit.
For instance, the exact spelling of “es gebbd” (e.
‘there is’, ‘there are’) can vary a lot: “es gebbd,
gebd, gabbd, gabd, gebbt, gabt”; or “Zeidung” (e.
“newspaper’) as “Zeidung, Tseidung, Dsaidung”.
Generally, speakers use the letters available in
the Standard German alphabet (“a-z, &, 6, 0" and
“3”). Additionally, depending on the speaker, cer-
tain diacritics that are not part of the standard lan-
guage may be used. For example, “0” may be
used to represent the phoneme /o/ (such as in “do”,
“do0o”, “do” or "doo”, all representing /do:/, mean-
ing “there”), and in some cases 4 to represent the
phoneme // as in “védkaafe” (/feka:fo/, e. ’sell’).

1.3. Differences between dialect and
standard language

Were dialects simply accents of the standard lan-
guage, the approach to creating any speech system
would be to simply 'translate’ the standard pronun-
ciation to the regional pronunciation (ideally with
the intonation of the accent). However, dialects
are not just the standard language with regional ac-
cents. In fact, they often differ to written standard
language on various levels:

» Orthography and phonology: Dialectal writ-
ing reflects phonological distinctions that are
not represented in Standard German orthog-
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raphy. For example, vowel quality and length
may be encoded differently, and consonant
correspondences do not always align with stan-
dard spelling conventions.

Morpho-syntax: Grammatical markers such
as case or gender markings may differ be-
tween the dialect and standard language,
among other morpho-syntactic differences.

— Standard German: ein (indefinite arti-
cle, masc./neut.) + schén (nice) + Uber-
raschung (surprise; fem.) — eine schéne
Uberraschung

— Dialect: e (indefinite article, generalized
form) + scheen (nice) + lwwerraschung
(surprise) — e scheeni Iwwerraschung

Here, both the article system and adjectival
inflection differ from Standard German.

Lexical variation: Dialects employ vocab-
ulary items that are absent from Standard
German or derived from different etymolog-
ical sources, e.g., Gellerieb (‘carrot,, from
“gelbe Ribe”, in Standard German “Karotte”
or “Méhre”), Grumbier (‘potato’, from “Grund-
birne”, in Standard German “Kartoffel”), or
Troddwaa (‘sidewalk’, from French “trottoir”,
in Standard German “Gehsteig” or “Biirger-
steig”).

An important feature of dialect texts is that they
are rarely found in the everyday ’linguistic land-
scape’. This has not only consequences for feelings
of insecurity of spelling among speakers, includ-
ing inconsistencies of spelling of identical words in
the same text, but also for potential readers. Most
speakers of dialects are not very good readers of
dialect text, though they are very fluent and com-
petent readers of standard language (but maybe
speakers with a regional accent).

1.4. Text sources

There are different sources of dialect-writing, for
example:

» web-based: chats, blogs

books written by (non-professional) dialect au-
thors

research pieces, e.g. dictionaries, mono-
graphs and translations of local dialects

texts from authors organized in dialect clubs

public media, e.g. news in local radio stations,
glosses in local newspaper



Source \ Domain # Sent # Words # U. Words
Printed Books

An da Saar gefonn Poetry 698 6,228 1,978
Geschaffd - Gelaabd Poetry; Prose 394 3,302 1,214
Saa, was de willschd Prose; Poetry 2,216 19,711 3,147
Was waas dann isch Poetry; Prose 2,525 18,445 3,490
Locally Sourced

(Locally Sourced Texts) \ Prose; Folktale; Poetry 2,838 26,789 5,221
Localized Translation

MASSIVE German | Localized Data 101 805 394
Total 8,772 75,280 11,303

Table 1: Textual corpus statistics of the collected texts for the Saarbriicken dialect.

Depending on selected types of text, the styles
can hugely differ. For instance, many dialect writers
produce poems, in which the stanzas often rhyme
at the end. In contrast, in chats reduced forms of
written conversations can be observed which are
again quite different to some dialect prose. Thus,
the selected text source used for later steps can
have a strong bias of style. This is especially im-
portant when creating a speech corpus, which may
in the end contain biases in pronunciation and into-
nation.

2. Related Work

German Speech Resources Several resources
exist for German spoken language research, but
most are limited in dialectal coverage. Exist-
ing datasets include unannotated speech collec-
tions for speech representation learning, such
as VoxLingua107 (Valk and Aluméae, 2020), Vox-
Populi (Wang et al., 2021), JesusDramas, Wiki-
Tongues, and MMS ULAB v2 (Chen et al., 2024),
which are mostly derived from social media, reli-
gious texts, or read speech for Standard German.
Automatic speech recognition (ASR) datasets in-
clude FLEURS (Conneau et al., 2022), and dataset
from initiatives like Mozilla Common Voice provide
more structured recordings, while TTS datasets
such as MLS (Pratap et al., 2020) (also useful for
ASR), FLEURS-R (Ma et al., 2024), Thorsten-Voice
Dataset (Mller, 2024), and CML-TTS (Oliveira
etal., 2023), created from MLS, include high-quality
recordings of standard German.

In recent years, some efforts have targeted Ger-
man dialects for ASR and TTS, covering vari-
eties such as Swiss German (PlUss et al.), Vien-
nese (Schabus et al., 2013; Pucher et al., 2010),
non-Vienna Austrian (Pucher et al., 2017), Luxem-
bourgish (Steiner et al., 2017), and three dialect
groups spoken in Southeast Germany (Franconian,
Bavarian, Alemannic) (Blaschke et al., 2025). How-
ever, several dialects, such as the Saarbriicken
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dialect, remain underrepresented, and to the best
of our knowledge only a small corpus is available
in Bible MMS (Lux et al., 2024). Furthermore, a
recent survey (Blaschke et al., 2024) showed that
German speakers are interested in language tech-
nologies that can process dialectal (audio) input,
and creating and evaluating such systems requires
developing speech corpora for underrepresented
dialects.

To address these gaps, we introduce Saar-Voice,
a multi-speaker speech corpus for the Saarbriicken
dialect, providing high-quality recordings suitable
for training and evaluating modern TTS systems.

Speech Corpora for Dialects and Low-Resource
Languages Beyond German-specific efforts, the
creation of speech corpora for dialectal and low-
resource settings has been widely explored across
languages (Zampieri et al., 2020; Ramponi, 2024;
Lent et al., 2022; Guellil et al., 2021; Alabi et al.,
2025c). Studies on dialectal variants across a
range of languages, such as Arabic (Malmasi and
Zampieri, 2016; Djanibekov et al., 2025; Talatha
et al., 2025), English (Ahamad et al., 2020; Xiao
et al., 2023; Olatuniji et al., 2023), and African lan-
guages (Ahia et al., 2024; Emezue et al., 2024),
highlight the importance of accounting for re-
gional and social variation when developing speech
datasets, as models trained on standardized va-
rieties often fail to generalize to non-standard
speech (Diab, 2016; Aji et al., 2022; Ahia et al.,
2024; Alabi et al., 2025b).

In parallel, a substantial body of research has
focused on speech data collection for low-resource
and underrepresented languages. These settings
are typically characterized by limited availability
of speakers, scarce linguistic resources, and, in
some cases, the absence of standardized orthogra-
phy (Blaschke et al., 2024). As a result, corpus con-
struction in such contexts often relies on adaptable
methodologies, including crowd-sourced data col-
lection, community-driven recording initiatives, and



Speakers

Total speakers 9
Gender ratio 4F / 5M
Speech

Recorded sentences 4,871
Total duration (hh:mm:ss) 05:54:48
Avg. duration per sent. (sec) 4.37
Min duration of sent. (sec) 1.59
Max duration of sent. (sec) 14.02

Table 2: Saar-Voice Corpus Statistics.

semi-supervised or lightweight annotation strate-
gies (Emezue et al., 2024; Olatuniji et al., 2023).

Despite progress, many speech datasets focus
only on common languages and pay little atten-
tion to dialect differences. In addition, datasets
for low-resource languages often lack consistent
annotation or enough speakers, which limits their
usefulness for training and evaluating models. To
address these challenges, we introduce a care-
fully curated speech corpus of a German dialect,
with nine speakers and about six hours of record-
ings. The dataset is designed to provide a compact
but high-quality resource for studying non-standard
German speech and for training and benchmarking
speech models, especially TTS, in low-resource
dialect settings.

3. Corpus Design

This section describes the methodology used to
create the Saar-Voice corpus.

3.1.

Digitization of Printed Books For this study, we
digitalized four books available in print at the Saar-
land University library. The books are “An da Saar
gefonn: volkstimliche Gedichte in Saarbriicker
Mundart” (Jungmann, 1993), “Geschaffd - Gelaabd:
Mundarttexte” (Fox, 1994), “Saa, was de willschd:
Mundart-Kolumnen” (Fox, 2012) and “Was waas
dann isch...?!” (Eckert, 1995). These texts were
scanned and digitized using an online OCR soft-
ware?. This OCR software was chosen in particular
as it was one of the few softwares that had close
to no issue recognizing the special characters “a”
and “0”, which caused great problems with other
softwares and were usually misclassified as “4” and
“d”, respectively. Remaining errors introduced by
the OCR process were removed through manual
review by a native speaker of the dialect, while also
cross-referencing the original source texts. 5,833
sentences were collected this way, amounting for
66.6% of the full dataset.

Text Collection

2https://ocr.ac/de
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Locally Sourced Texts 2,838 sentences, ac-
counting for 32.4% of the total data, were collected
from internally available texts written by authors
from the local community. These texts were already
available digitally and only checked for possible
spelling errors by a native speaker.

Localized Translations Lastly, we sampled 101
German sentences from the MASSIVE dataset
(FitzGerald et al., 2023). These sentences were
manually translated with the support of the dictio-
nary of Braun and Mangold (1984). After transla-
tion, the data was localized by replacing entities
with localized entities, such as locations and per-
sonal names. These localized entities were manu-
ally inserted to further emphasize dialect-specific
variation. Localized location hames were taken
at random from Braun (1991), as in Example 1.
Additionally, numbers were spelled out in dialect or-
thography rather than given as numerals, as in Ex-
ample 2, to ensure consistent pronunciation across
speakers.

(1) German Original: Bitte plane ein Treffen mit Petra
in Wiesbaden am Mittag.
German Original (Entities Replaced): Bitte plane
ein Treffen mit Anna in Oberbexbach am Mittag.
Translated: Bidde plaan e Dreffe midd Anna in
Oberbexbach am Middaach.
Localized: Bidde plaan e Dreffe midd Anna in
Owwerbeddschbach am Middaach.

German Original: Erinnere mich an Lauras Geburt-
stag 24 Stunden vorher.

German Original (Entities Replaced): Erinnere
mich an Melanies Geburtstag 19 Stunden vorher.
Translated: Erinner misch an Melanies Geburds-
daa 19 Schdunne voorhaar.

Localized: Erinner misch an Melanies Geburdsdaa
neindsehn Schdunne voorhaar.

An overview over text statistics for each of the
collected resources can be found in Table 1. This
includes an estimation of the domains each of the
resources cover, as annotated by a native speaker.
Most resources are collections of texts rather than
a single running texts. Therefore, for resources that
are associated with multiple domains, domains are
reported in descending order of frequency.

3.2. Speaker Recruitment

A total of nine participants were recruited using
convenience sampling from people known to the
research team. The speaker group consisted of
four female and five male speakers. Age of par-
ticipants was collected in categorical ranges. The
largest age group was 26-30 years (n=3), followed
by 31-35 years (n=2). The remaining participants
were distributed across the ranges 18-25, 51-55,
56-60 and 61-65 (n=1 each).



Participants were either native speakers of a
Rhine Franconian dialect, or native speakers of
a closely related regional dialect with high fa-
miliarity and regular, long-term exposure to the
target dialect. Self-identified dialect labels in-
cluded: Saarlandisch / Saarlandischer Dialekt
(Saarland Dialect; n=5), Moselfrankisch (Moselle
Franconian, n=1), Rheinfrankisch (Rhine Franco-
nian n=1), Rhein-Moselfrankischer Grenzdialekt
(Rhine-Moselle Franconian Border Dialect, n=1),
and Platt (local term for the dialect, n=1).

All speakers reported speaking the dialect daily
(n=6) or at least multiple times a week (n=3) in the
present time, and the majority (n=7) reports having
spoken mainly the dialect during their childhood.

All speakers are also (native) speakers of Stan-
dard German and were “alphabetized” with Stan-
dard German spelling.

3.3. Recording Setup

Participants were invited to the departmental sound-
proof recording booth for audio recordings. The
texts were presented to the speakers sentence by
sentence on a 21.5-inch Full HD monitor. Audio
was recorded at a sampling rate of 44.1kHz using
a DAP 2011 microphone, a high-quality directional
microphone, using the SpeechRecorder Software
(Draxler and Jansch, 2004). Each recording ses-
sion took around 1 hour, during which, depend-
ing on the participant, 200-300 sentences were
recorded in batches of 100.

The speakers controlled their own pace of sen-
tence presentation and recording by mouse clicks
on a specified icon. If the speaker felt unsure or
had a slip of the tongue s/he had the option for a
new recording. Also, the recording supervisor (the
first author) had the possibility to ask the speaker
to restart the recording of a sentence.

Sentences presented to the speakers were not
sampled independently, but derived from a longer,
coherent text corpus. The entire textual corpus was
concatenated, segmented into sentences and then
grouped into chunks of 100 consecutive sentences.
For each session, such chunks were randomly se-
lected. This semi-randomized procedure ensured
topical and lexical continuity within one session,
while still maintaining coverage across the corpus
and across domains.

Recording continuous passages like this offers
several advantages. Besides keeping the speaker
engaged in a cohesive story, it supports a more
natural prosody and fluency, leading to consistent
pronunciation of recurring and possibly unfamiliar
lexical items, and enabling the resulting book sub-
set to be used for long-context TTS experiments.
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4. Saar-Voice Corpus

This section presents an overview of the created
corpus.

4.1.

Table 2 summarizes the dataset statistics of Saar-
Voice. The dataset consists of approximately six
hours of speech, comprising 4,871 utterances
from nine participants. The average length of the
recorded sentence is about four seconds, with min-
imum and maximum durations of two and 14 sec-
onds, respectively; these are moderately short but
of good quality.

Data Statistics

4.2. Phoneme Coverage

We applied Epitran (Mortensen et al., 2018) a multi-
lingual grapheme-to-phoneme (G2P) model on the
recorded text in Saar-Voice. Our analysis shows
that the dataset contains 38 distinct phonemes,
which lies in the typical range of phonemes esti-
mated for Standard German (Kohler, 1990) and
also the Saarbrlcken dialect (Steitz, 1981) and
(Braun and Mangold, 1984), if the vowels of Ger-
man loan words are included. The most common
phoneme is /d/, likely due to the voicing of many
occurrences of consonants in the dialect that are
typically unvoiced in Standard German (e.g., /t/ —
/d/). It occurs 13,963 times within the speech cor-
pus, and is followed by /n/ (11,284 occurrences),
/s/ (10,963), /r/ and /e/ (both 10,547 occurrences).

The least common phoneme is /g/, occurring only
4 times in the entire speech corpus, followed di-
rectly by /@&/ (6 occurrences). Both are realizations
of the Umlaut “6¢”, which is rather rare in the text
itself, appearing only 10 times in total. They are fol-
lowed by /v/ (13 occurrences), /y/ (26 occurrences)
and /3/ (64 occurrences). All rounded front vow-
els /&, v, y/ can be regarded as phonemes from
Standard German loan words.

The Epitran G2P model is multilingual and de-
signed to cover standard German rather than the
Saarbriicken dialect. While generally effective for
estimating the phoneme coverage of this dialect
corpus, the implications of this mismatch are dis-
cussed in Section 5.

4.3. Speaker Variability

Analysis of speaker variability shows that mean FO
(pitch) differs by gender. For male speakers, the
mean FO ranges from 115 Hz to 171 Hz (with a
median of 107-164 Hz), while for female speakers
it ranges from 201 Hz to 251 Hz (with a median of
196-249 Hz). These statistics indicate moderate
inter-speaker variability in both pitch and tempo, re-
flecting natural differences in speech across male



Speaker Gender Total audio (hh:mm:ss) # sentences Mean FO Median FO FO range (5-95%) Wi/s

PO1 F 00:23:17 301 203 200 141-278 1.8249
P02 F 01:02:28 1075 251 249 203-312 2.4166
P03 M 01:15:37 899 115 107 80-176 1.7352
P04 M 00:27:56 400 143 140 100-196 2.2056
P05 F 00:27:18 399 213 212 175-256 2.0203
P06 M 00:18:43 300 119 115 84-160 2.3334
P07 M 00:53:21 597 171 164 102-258 1.5016
P08 F 00:44:45 600 201 196 156-265 1.7920
P09 M 00:21:22 300 147 141 101-203 1.8053

Table 3: Speaker-level acoustic statistics. FO in Hz. W/s = words per second.

SNR (dB)

40 60

Density

80 100

Figure 2: SNR distribution on Saar-Voice.

and female voices. We also observe speech rates
ranging from 1.5 to 2.4 words per second across
both genders, with values evenly distributed within
each gender. Table 3 provides a detailed break-
down for all speakers.

4.4. Audio Quality

We evaluate the signal-to-noise ratio (SNR) for all
the recorded audio samples in Saar-Voice using
the WADA-SNR (Kim and Stern, 2008) algorithm
and plot the distribution in Figure 2. The results
show that most samples fall within the clean audio
threshold, with SNR values ranging from 20 to 99,
confirming the high overall quality of the Saar-Voice
dataset.

5. lIssues

In this section, we discuss the practical challenges
and issues encountered during the corpus creation
process.

5.1. Data-Specific Issues

A central challenge of building a corpus for a low-
resource dialect like the variant of Rhine Franconian
discussed in this project is the absence of standard-
ized orthography for the target dialect. Unlike Stan-
dard German, the dialects of the Saarland do not
have any official spelling conventions or vocabulary
lists. Although dialect dictionaries like Braun and
Mangold (1984) can serve as guidance, they do
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not provide an official, normative reference. Ortho-
graphic variation is thus unavoidable and inherent
to the dialect. It further affects vocabulary size esti-
mates, as orthographic variants of the same lexical
item are counted as distinct types.

Ignoring such variation or attempting to impose
a standardized orthography would in many cases
even go against what native speakers actually de-
sire: Blaschke et al. (2024) show that 65% of their
participating speakers of German dialects explicitly
oppose the introduction of a standardized orthog-
raphy. Our own questionnaire showed no clear
consensus regarding standardization. Taken to-
gether, these results suggest that there is no sta-
ble community-wide preference for standardization,
and the more representative survey by Blaschke
et al. (2024) indicates the opposite. Any attempt at
standardization would risk privileging one subset
of speaker preference over others, potentially mis-
representing actual usage practices, and harming
user trust.

The choice of OCR software presented an addi-
tional technical challenge. Most available systems,
such as Python’s tesseract library, are optimized
and effective for Standard German, but showed
a substantial difficulty processing dialect-specific
characters such as “a” or “0”, as well as recog-
nizing entire character strings which are not part
of Standard German’s inventory. This resulted in
recognition errors and, even with the final choice
of OCR software, required manual corrections, in-
troducing additional processing effort and potential
inconsistencies.

Further issues with available technologies arise
in the lack of dedicated tokenization tools for the
dialect. This led to being able to provide only an
approximate vocabulary segmentation by whites-
pace tokenization. Without dialect-specific morpho-
logical or tokenization resources, which are hard
to create due to data sparseness, word boundary
detection may be imperfect. This in turn affects
vocabulary size estimation and lexical frequency
calculations.

Beyond orthography issues, the composition of
the corpus itself raises questions of linguistic rep-
resentativeness. The genre of poetry makes up



over one third (35.9%) of the dataset. This may,
due to the genre’s metrical and rhyming conven-
tions, introduce lexical and especially prosodic and
suprasegmental patterns that are unlikely to re-
flect the natural spoken dialect. More broadly,
all textual resources, including prose and local-
ized translations, represents the written register
language, which inherently diverges from sponta-
neous speech. Nonetheless, it accurately repre-
sents the distribution of written data within this spe-
cific dialectal landscape. Additionally, the dataset
lacks spontaneous speech. While this is less criti-
cal for the dataset’s primary intended use case of
TTS synthesis, it may limit its application to down-
stream tasks such as ASR. Future work should
therefore focus on expanding the corpus with tran-
scribed spontaneous speech to improve linguis-
tic representativeness and genre coverage, and
broaden its utility.

5.2. Speaker-Specific Issues

Although all speakers were carefully selected as
Rhine Franconian speakers, variation within the
speaker pool naturally remains inevitable. A variety
of self-assessment data from the provided question-
naire indicates high overall proficiency / fluency, but
variance appears in dialect usage patterns. Only
one speaker reports speaking predominantly ex-
clusively dialect with little to no Standard German
influences, while most described their speech as
a mixture of dialect and standard language. Some
even indicated that they predominantly speak Stan-
dard German.

These differences, as well as considering small
regional differences in the dialect, suggest that the
corpus reflects not a uniform dialect realization, but
rather a spectrum of usage patterns. This intro-
duces additional variability for downstream model-
ing tasks.

5.3. G2P-Specific Issues

Beyond general data limitations, several issues
emerged specifically during the G2P conversion
process. Representative examples for each of the
following issues can be found in Table 4.

Firstly, the most frequent detected IPA symbol in
the output is the length mark /:/, indicating that the
model predicts a high number of lengthened vowels.
However, through manual inspection, it becomes
clear that vowel length is often assigned incorrectly.
Words ending in the letter “e”, are often transcribed
to endin/e:/, whichis incorrect. This mistake stands
out in particular as the correct transcription would
generally be /o/, just like in Standard German. Also,
it appears to misclassify double vowels, which are
common in dialectal writing, as a sequence of two
lengthened vowels.
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Additionally, a common phenomenon in dialectal
writing is the occurrence of a doubling of the letter
“d”, which is rather rare in Standard German and
instead often corresponds to the Standard German
“tt”. This double consonant is misinterpreted by the
model as /td/ on several occasions, which reflects
an incorrect segmentation.

Lastly, the Epitran (Mortensen et al., 2018) G2P
model generated some characters which are im-
possible in the German phoneme inventory, such
as /m/, showing expected issues with processing
the special characters “a4” and “0”.

6. Dialectal TTS Modeling

The primary motivation behind creating Saar-Voice
is to enable the development and evaluation of
multi-speaker TTS systems. With recent advances
in multilingual and multi-speaker (zero-shot) TTS
models, such as XTTS (Casanova et al., 2024)
and ZMM-TTS (Gong et al., 2024), it is now possi-
ble to investigate how well multilingually pretrained
systems can generalize to closely related dialectal
varieties, even when only limited data are available.

Both models include German in their pretraining,
making adaptation to Saarbriicken dialect poten-
tially feasible. However, recent research on low-
resource Bildts (a Dutch variety) (Do et al., 2025)
observed speaker—language entanglement when
adapting ZMM-TTS for unseen speakers (zero-
shot), and for seen speakers, there were also multi-
ple cases of mispronunciation (Alabi et al., 2025a).
In contrast, Pine (2025) shows that combining
Dutch and Bildts and using the StyleTTS (Li et al.,
2023) architecture is sufficient for the same task.
Hence, our dataset will help to better understand
how multilingually pretrained TTS models and ar-
chitectures generalize to closely related dialectal
varieties.

Such evaluation of zero-shot and fine-tuned TTS
models using the dataset are a goal of future work.

7. Conclusion

This paper presented the creation of a multi-
speaker corpus for a low-resource German dialect.
The dataset was constructed using partially OCR-
based text extraction and manual normalization,
and speech was produced by a variety of speakers.
The resulting corpus provides both textual and pho-
netic representation suitable for speech technology
research, with the option to expand the quantity of
speech data. The challenges faced in the creation
of the corpus reflect broader issues in low-resource
dialect modeling. While they may introduce vari-
ability, they capture what authentic dialect usage
looks like in native speakers.



Word English Epitran Ours
berechne calculate (Imp.) borexne: borexno
bidde please brtde: bide
Midde middle mitde: mido
odder or otdor ode
buuch book (Imp.) burux bu:x
aaner one LILIMOR  &INR
oomens inthe evening  o:omhons  ommns
Schdigg  piece Jdick Jdig

Table 4: Examples of G2P Errors. Corrections of transcriptions are estimates by a native speaker.

Empirical validation of the dataset through down-
stream experiments remains an important next step.
TTS synthesis experiments using the corpus are
left for future work. Through possible zero-shot in-
ference, model fine-tuning and training approaches,
further evidence of the dataset’s utility for speech
technology applications in this low-resource dialect
setting may be provided.

Beyond the dataset creation and proposing use
cases, we aim to emphasize the necessity of collab-
orating with the speaker community. Without direct
engagement with the dialect writers’ scene and the
speakers, the amount of texts would have been
dramatically reduced. The existence of this corpus
is therefore closely tied to the active dialect-writing
community.

In dialectal research and Natural Language Pro-
cessing (NLP) as a whole, methodological deci-
sions should not be guided solely by technical fea-
sibility or research interest, but also by the expec-
tations and preferences of the speaker community
itself. Especially in low-resource and non-standard
contexts, technological developments interacts di-
rectly with questions of representation, identity, lan-
guage maintenance and culture.

Our questionnaire, following Blaschke et al.
(2024), asked speakers directly whether they would
welcome more digital applications supporting di-
alect spoken in the Saarland. The large majority
of our participants expressed agreement (strong
agreement: n=6; agreement: n=2; neutral: n=1).
Similarly, most respondents agree that language
technologies can contribute to dialect preservation
(strong agreement: n=5; agreement: n=3; neu-
tral: n=1). Despite the limited sample size and
biased participant pool, these responses suggest
that technological support may be perceived rather
positively within the community.

Thus, we consider it an important detail that di-
alect NLP projects have a contact to the various
communities using dialects for getting

* access to written texts and spoken materials,

» recommendations for book authors and rele-
vant sources,

19

* insights into possible or prominent spelling pat-
terns / conventions and variations,

« feedback on acceptable and desirable techno-
logical applications.

Community engagement does and should not
only serve as a practical resource for data collec-
tion, but also as a means of aligning technological
development with actual users.
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9. Supplementary Materials

9.1.

Informed consent. Participants signed a con-
sent from in which they agreed to the process of
the recording as well as the anonymized storage,
sharing and processing of the recorded data. No
personally identifying information of speakers was
recorded, and all data is exclusively linked to an
anonymized, randomized speaker ID. Participants
were also informed that they could withdraw their
consent at any time.

Data protection. All recorded data is stored in
an anonymized form, only linking to the randomized
speaker ID, on secure university servers.

Voluntariness. Participation was completely vol-
untary and occurred without compensation. No ma-
terial incentives were offered to participants, and
participation had no academic or professional con-
sequences in any way.

Participant well-being. Great care was taken
of keeping the duration of recording sessions to

Ethical Considerations



around one hour, though participants were free to
end their sessions early if they wished. Breaks
were always possible, but taken at least after the
recording of 100 sentences. Participants had the
option to prepare for the recording, as they received
the material to be read during their session digitally
around one week in advance.

Community sensitivity. The dataset represents
just a subset of the regional dialects of the Saar-
land. The process of curating the data involved
no evaluation of dialectal “correctness”, including
no aim to standardize or change dialect varieties.
The textual content of the dataset reflects the origi-
nal authors’ perspectives and was not modified or
filtered to promote or follow any particular set of
views.
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