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Abstract
Generation Z’s mental health discourse has been uniquely shaped by digital saturation and the COVID-19 pandemic.
This study introduces a large-scale corpus of Gen Z mental health discourse on Reddit, comprising over 3 million
posts across 11 subreddits (2017–2025), identified through behavioral cross-posting between mental health and
Gen Z-identified communities. Using a hybrid methodology that integrates statistical corpus linguistics with NLP
techniques, we conduct diachronic keyness analysis, Transformer-based sentiment tracking and topic modeling to
examine lexical, syntactic, and semantic patterns across pre-, during-, and post-COVID periods. Our analysis reveals:
(1) ritualized support exchanges more pronounced in Gen Z where highly negative self-disclosure functions as an
authenticity signal; (2) a pandemic-induced reframing of existing mental health topics, particularly a rise in physical
symptoms, followed by a sustained post-pandemic sentiment decline; and (3) a generational divergence where Gen
Z favors abstract, existential concerns, unlike the pragmatic focus of non-Gen Z users. This study contributes a
replicable approach for analyzing youth discourse and underscores the importance of culturally and linguistically
informed digital mental health interventions, which can support Gen Z’s modes of expressing distress rather than
pathologizing them.

Keywords: Computational Linguistics, Corpus Analysis, Mental Health Discourse, Sentiment Analysis, Top-
ical Modeling, Generation Z, Social Media, COVID-19

1. Introduction

Generation Z, a commonly identified age group
born between the mid-1990s and the early 2010s,
have experienced increased mental health issues,
such as rising rates of anxiety, depression, self-
harm, and loneliness (Twenge, 2020). This gen-
eration is also heavily influenced by its digital ex-
posures, as they were growing up with internet
and social media an integral part to their daily
life from a very young age (Cismariu and Hosu,
2019). Furthermore, Gen Z’s adolescence and
early adulthood coincided with the COVID-19 pan-
demic. The resulted global level social isolation
and disruption have dramatically intensified their
mental health challenges, which also increasing
their dependence on digital interactions for sup-
port. Thus, comparing to prior generations, these
factors have profoundly shaped how Gen Z in ado-
lescence and early adulthood express distress and
seek support (Mastroianni, 2024), leading to in-
creased usage of online platforms. Among these,
Reddit has emerged as an important shared space
for these conversations and community-driven in-
teractions (Thukral et al., 2018). Its structure of
topic-specific forums, known as subreddits, creates
dedicated communities for mental health, provid-
ing spaces for self-disclosure, advice-seeking, and
peer-to-peer support, that are an essential window
to understand how this generation navigates and

validates its mental health experiences.
While increasing focus and studies documented

prevalence and risk factors of social media to Gen
Z mental health decline (Tang et al., 2024; Haidt,
2024), few studies examined how Gen Z’s own
linguistic practices, especially in social media con-
texts, mediate their experiences of distress and
support using a corpus-driven analysis. These ex-
isting discourse analysis on mental health is pre-
dominantly qualitative and focused on the general
population (Achterbergh et al., 2020; Crowe et al.,
2015; Peters, 2010), thus there remains a signif-
icant gap in corpus driven computational investi-
gation, specifically regarding the Gen Z cohort’s
linguistic behavior in social media. This gap is par-
ticularly critical given that the COVID-19 pandemic
uniquely and profoundly disrupted this cohort’s so-
cial development, making it a primary key to unlock
not just what they experience, but how they lin-
guistically construct and collectively navigate these
experiences in a post-pandemic world. Compu-
tational methods, such as corpus linguistics and
natural language processing (NLP), offer the op-
portunity to analyze millions of words of naturally
occurring text (Guetterman et al., 2018), yet their
potential regarding this field of research has been
relatively underexplored.

To address these gaps, our study aims to collect
a large-scale Reddit corpus to examine Gen Z men-
tal health discourse, specifically the cohort’s linguis-
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tic and behavioral patterns in how they discuss men-
tal health online. Additionally, our study also hopes
to research how these patterns have shifted due to
the impact of COVID-19, applying diachronic key-
ness, Transformer-based sentiment analysis and
topic modeling to compare pre-, during-, and post-
COVID periods, as well as create a comparison
between Gen Z and non-Gen Z users. Leveraging
rich linguistic resources and building on recent LLM
technologies, we aim not only to detect patterns
but also explain the strategies Gen Z uses to frame
distress, claim authenticity, and negotiate support,
offering new insights into how digitally native youth
navigate well-being discursively in a rapidly evolv-
ing digital landscape. This paper is organized as
follows. Section 2 will talk about the literary review,
section 3 will explore the methodology, section 4-6
will explore our hypotheses, results, and relevant
discussions. Section 7 will summarize the paper.

2. Literary Review

Research on youth mental health consistently
shows that each generation’s well-being is shaped
by its distinct social, cultural, and economic context
(Reinherz et al., 1999). Linguistic expression plays
a crucial role in the manifestation and evolution
of mental health concerns over time (Collins and
Baker, 2023). Corpus studies have well demon-
strated the orthographic, grammatical, semantic,
lexical and pragmatic change of linguistic expres-
sions through time (Baker, 2017). Social media, as
a primary communicative platform widely used by
Gen Z, provides vast and authentic records of natu-
rally occurring language (Kern et al., 2016). Within
these digital spaces, Gen Z exhibits distinctive lin-
guistic practices, such as brevity, slang, multimodal
creativity, and syntactic looseness, that both mark
generational identity and coalesce into distinct on-
line communities (Sunday, 2025; Mitul, 2024). De-
spite this, most sociolinguistic research on social
media has emphasized themes such as identity, hu-
mor, or group belonging, often through small-scale
qualitative studies (Langman and Sayer, 2012).
Large-scale, corpus-based studies of Gen Z’s men-
tal health discourse remain limited.

In parallel, computational linguistics and NLP
research have been increasingly utilized to study
mental health through language data. Surveys
and empirical studies have identified a range of
linguistic and paralinguistic features associated
with depression and anxiety, including elevated
first-person pronoun usage, frequent negative af-
fect terms, and topic clusters revealed through pre-
trained emotion embeddings (Garg, 2023; Zhang
et al., 2022). Computational methods have also
scaled discourse analysis to detect patterns at pop-
ulation level. For instance, identifying thematic cor-

Figure 1: Overview Flowchart of This Study

relations of suicidal ideation during the pandemic
(Kumar et al., 2022). Some recent research em-
ployed large language models (LLMs) to improve
interpretability and domain-specific understanding
in mental health prediction (Yang et al., 2024). How-
ever, most of these studies have challenges in do-
main adaptation and tend to overlook generational
variation, often treating youth language as homoge-
neous rather than accounting for the distinct com-
municative norms of Gen Z.

The COVID-19 pandemic and its impact high-
lighted the relevance of studying Gen Z’s mental
health in digital contexts. Numerous studies have
documented the pandemic’s psychological impact
on adolescents and students worldwide (Marciano
et al., 2022; Chen and Lucock, 2022), highlighting
increased levels of stress, anxiety, and loneliness.
The resulting surge in online interaction has made
social media discourse an even more crucial space
for expressing and managing well-being. While
prior research has noted the general prevalence
and risk factors linking social media use to mental
health decline (Tang et al., 2024; Haidt, 2024), rel-
atively few studies have systematically compared
linguistic patterns across pre-, during-, and post-
pandemic periods, especially using corpus-driven
approaches.

3. Methodology

An outline of our methodology is shown in Figure 1.
It consists of three key components: corpus selec-
tion, corpus construction, and analytical framework.
More details of our corpus of mental health support
spaces are shown in Table 1.

3.1. Data Collection and Corpus
Construction

To capture the key findings of Gen Z mental health
discourse, we constructed a corpus 1 of user com-
ments and posts from 11 selected subReddits
from two main categories: mental health support

1The dataset used in this study is publicly
available at https://github.com/FMB678/
GenZ-Mental-Health-Reddit-Corpus.

https://github.com/FMB678/GenZ-Mental-Health-Reddit-Corpus
https://github.com/FMB678/GenZ-Mental-Health-Reddit-Corpus
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Subreddit GenZ Users Submissions Comments
Number AvgWords AvgPosts #Word AvgWord #Word AvgWord

r/depression 158669 81.48 7.04 195537 143.58 919371 44.05
r/Anxiety 84525 73.52 8.51 82190 154.54 634038 47.16
r/mentalhealth 92132 104.65 6.99 108350 183.56 534471 50.87
r/socialanxiety 49741 55.94 8.06 34061 150.49 362309 41.12
r/bipolar 25239 51.81 10.26 36006 121.55 465362 43.89
r/bipolar2 7716 58.71 23.90 9401 152.17 173857 49.01

Table 1: Corpus Dataset Overview

spaces (as shown in Table 1) and Gen Z iden-
tity forums (r/Teenagers, r/GenZ, r/teenagersnew,
r/TeenagersButBetter, and r/teenagersbuthot) re-
flecting both online mental health discourse of
broader population and those specific of Gen Z.
This dual-category design reflects both the online
mental health discourse of the broader population
and that which is specific to Gen Z. Crucially, it
enabled us to extract "Gen Z" discourse using a
behavioral inference method based on community
participation. Following established approaches in
computational social science (Zhang et al., 2021),
we identified users active in both categories as a
proxy for Gen Z membership, under the rationale
that sustained engagement in age-specific identity
forums is a reliable indicator of cohort affiliation.
These users were designated as the Gen Z cohort,
while those active only in mental health subreddits
served as the non-Gen Z control group.

In total, the corpus consists of more than 3 mil-
lion posts and comments from over 320 thousand
unique users from 2017-2025. This data time frame
was selected to enable comparison across three
key phases: pre-pandemic (2017-2019), pandemic
(2020-2022), and post pandemic (2023-2025), al-
lowing for the assessment of the impact of COVID-
19 on Gen Z mental health discourse.

3.2. Analytical Framework

To address our hypothesis, we combined multiple
computational methodologies including corpus lin-
guistics techniques and NLP approaches. Specifi-
cally, we applied keyness analysis, topic modeling,
and sentiment analysis to conduct a comprehen-
sive examination of Gen Z mental health discourse.
Keyness analysis was used to identify statistically
overrepresented lexical items among our corpus,
highlighting thematic and sentiment trends, as well
as how they have shifted over time. To study key-
ness, we programmed to create word clouds to
display a list of words occurring in the corpus, al-
lowing for a comparison of keywords. Furthermore,
we employed Transformer-based topic modeling
using BERTopic (Grootendorst, 2022), a power-
ful topic modeling tool using Transformers and c-
TF-IDF to generate interpretable topics from text

with high accuracy and flexibility, to uncover over-
all thematic structures in the corpus. We imple-
mented BERTopic using its official Python pack-
age, with all-MiniLM-L6-v2 as the sentence-
transformer embedding model, to uncover latent
thematic structures in the corpus. Finally, senti-
ment analysis was conducted using DistilBERT
(Sanh et al., 2019), a distilled, efficient variant of
BERT optimized for general-purpose language rep-
resentation. We utilized the distilbert-base-
uncased-finetuned-sst-2-english model
from Hugging Face2 to classify the affective tone of
posts and comments, enabling large-scale tracking
of emotional valence across time and user groups.
For validation purposes, we also experimented with
traditional approaches including LDA topic mod-
eling and VADER sentiment analysis, which pro-
duced comparable patterns; however, due to space
constraints, we report only the Transformer-based
results here.

4. Hypothesis Development

This study employs a computational linguistic ap-
proach to analyze mental health discourse on Red-
dit, focusing on the distinct communication patterns
of Generation Z. Three sets of hypotheses were de-
veloped to examine how this cohort expresses men-
tal stress, how these expressions were reshaped
by the COVID-19 pandemic, and how they differ
linguistically from older generations.

4.1. Gen Z mental health online
discourse

With the increasing integration of social media into
daily interaction, prior research suggests that self-
disclosure and authentic emotional expression are
central mechanisms in online communication and
support exchange (De Choudhury and De, 2014).
Within the specific context of online platforms such
as Reddit, this often creates a clear discursive divi-
sion: posts initiating a topic are typically framed
through personal vulnerability, while replies are

2https://huggingface.co/distilbert/
distilbert-base-uncased-finetuned-sst-2-english

https://huggingface.co/distilbert/distilbert-base-uncased-finetuned-sst-2-english
https://huggingface.co/distilbert/distilbert-base-uncased-finetuned-sst-2-english
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characterized by empathy, advice, and normaliza-
tion (De Choudhury et al., 2016). Thus, we think
this dynamic is central to Gen Z’s online mental
health communication. Hence, it is hypothesized
that:

H1a. : Gen Z topic initiators often display au-
thentic, negatively valenced distress, while Gen Z
respondents use standardized, positively valenced
support language that reinforces community soli-
darity.

Furthermore, given that Gen Z’s social develop-
ment has been uniquely mediated by digital envi-
ronment, it is hypothesized that:

H1b. : The linguistic divergence (characterized
by self-disclosure and negative sentiment) between
initiators and respondents will be more pronounced
in the Gen Z group than the non-Gen Z group.

4.2. Change in Discussion of Impact
Across the COVID-19 Pandemic
Period

The COVID-19 pandemic precipitated a dramatic
expansion in online mental-health discussions, in-
creasing both their volume and thematic diversity
(Shen et al., 2025). Given this cohort’s lower medi-
cal risk profile, the pandemic’s primary impact on
Gen Z mental health discourse stems from social
disruption and isolation (lockdowns, school clo-
sures) rather than direct health fears related to the
virus itself. Although the pandemic introduced new
social and emotional stressors, many digital com-
munities still focus on the pre-existing patterns and
the heightened emotional intensity. This leads to a
dual hypothesis: that the pandemic act as a reorga-
nizing force for discussion topics without fundamen-
tally inventing new themes of Gen Z communities,
and that it exerted a measurable negative impact
on the overall emotional tone of discourse. Hence,
it is hypothesized that:

H2a. : COVID-19 reorganized Gen Z men-
tal health discussion topics without substantially
changing the thematic structure.

H2b. : Average sentiment in Gen Z mental
health discussions became progressively more neg-
ative from the pre- (2017–2019) to the during-
(2020–2022) and post-pandemic (2023–2025) pe-
riod.

4.3. Gen Z Versus Non-Gen Z Discourse
Characteristics

Linguistic research indicates that generational co-
horts often exhibit systematic differences in lan-
guage use, and such stylistic contrasts align with
findings from stance and affect studies. Younger
speakers, in particular, more frequently use meta-
discursive markers and subjective framing (e.g.,
I feel like, honestly, literally) (Biber and Egbert,

Category Variables Example
Terms

Interpretation

Authen-
ticity

First-person
pronouns

I, me, my High score
indicates high
self-disclosure
and personal
authenticity

Self-reference
phrases

I feel, I think

Cognitive pro-
cess words

realize, un-
derstand

Distress
Sentiment
score

(DistillBERT
output)

High score
indicate high
levels of
distress and
negative
emotion

Negative emo-
tion words

anxious, wor-
ried

Anxiety terms panic, anxi-
ety

Table 2: Gen Z Mental Health Categories

Figure 2: Topic Modeling Examples of r/Anxiety

2018; Kiesling, 2019). This aligns with psycho-
logical linguistics frameworks that distinguish be-
tween abstract, existential reasoning and concrete,
embodied experiences (Barsalou et al., 2008; Brys-
baert et al., 2014). These dimensions will reveal
a generational dichotomy in how mental health is
articulated between generations. Hence it is hy-
pothesized that:

H3. : Compared to the mental health discourse
of non-Gen Z users, the discourse of Gen Z ex-
presses more abstract and existential concerns,
whereas non-Gen Z discourse emphasizes physi-
cal symptoms and practical difficulties.

5. Empirical Study

5.1. Gen Z mental health online
discourse

Feature engineering: To test H1a and H1b, we
conducted independent two-sample t-tests com-
paring linguistic features between initiators’ posts
and replies from respondents, utilizing weighted
composite scores (details in Table 2).

We also proposed composite formulas for the
two categories respectively:
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Authenticity Distress First-person Sentiment
Subreddit IvsR GvN IvsR GvN IvsR GvN IvsR GvN
Anxiety 221.92*** 13.62 225.78*** -8.24 221.48*** 13.77 -157.25*** 7.71***
depression 293.89*** 3.74 65.82*** -2.53 292.18*** 3.63 -222.05*** 6.35***
mentalhealth 257.31*** -0.07 192.35*** -16.14 254.85*** -1.68 -143.71*** 59.78***
Socialanxiety 138.62*** 8.63 108.95*** -4.96 138.12*** 8.20 -41.26*** 11.37***
bipolar 121.63*** 4.66 81.79*** -6.33 120.27*** 4.32 -53.79*** 6.59***
bipolar2 63.82*** 6.02 41.83*** -2.56 62.88*** 5.80 -26.09*** 5.41***

Table 3: Hypothesis 1 Analysis: T-statistics for linguistic differences. IvsR: GenZ initiators vs respondents.
GvN: GenZ vs Non-GenZ difference. ***p < 0.001. Positive IvsR values indicate higher initiator scores;
negative IvsR sentiment reflects more negative emotion. Positive GvN values indicate phenomenon is
stronger in GenZ.

auth = fpp ∗ 0.4 + self_ref ∗ 0.3 + cog ∗ 0.3
sent = sent ∗ (−0.4) + neg ∗ 0.3 + anxiety ∗ 0.3
The weighting was selected to balance various

measures and their expressiveness in terms of Au-
thenticity or Distress, for example, direct reference
to first-person pronouns tends to show more keenly
self-expression subconsciously, thus increase the
authenticity, where self-reference phrases or Cog-
nitive process words also improve such connection,
though to a less degree (Garg, 2023).

Results. As shown in Table 3, Hypothesis 1 re-
ceived strong but nuanced support across our anal-
yses. For H1a, we found consistent and highly sig-
nificant linguistic differences between GenZ initia-
tors and respondents across all mental health sub-
reddits. Authenticity scores showed the largest ef-
fects (t = 63.82-293.89), followed by first-person us-
age (t = 62.88-292.18), distress (t = 41.83-225.78),
and negative sentiment (t = -26.09 to -222.05).
The depression subreddit exhibited the strongest
initiator-respondent differences across all dimen-
sions, while bipolar2 showed the smallest but still
highly significant effects.

For H1b, examining generational differences re-
vealed a more complex pattern. While sentiment
polarity divergence between initiators and respon-
dents was significantly more pronounced in Gen
Z communities across all subreddits, differences
in authenticity, distress, and first-person usage
showed no statistical significance between gen-
erations. This pattern was remarkably consistent,
with sentiment showing strong GenZ effects (t =
5.41-59.78) while other dimensions remained non-
significant. Notably, the mentalhealth subreddit
displayed the largest generational difference in sen-
timent (t = 59.78), suggesting this platform exhibits
the strongest GenZ-specific emotional polarization.

Therefore, H1a receives strong support with con-
sistent initiator-respondent differences across all
linguistic dimensions, while H1b receives partial
support: GenZ demonstrates uniquely strong emo-
tional polarization in support exchanges, but pat-
terns of authentic self-disclosure and distress ex-
pression appear consistent across generations.

Category Top 10 Key Words
Abstract
Existential

purpose, meaning, life death, reality, don’t
know, why, feeling, thought, empty

Physical
Symptom

body, heart, headache, pain, hurt, dizzy, nau-
sea, fatigue, exhaust, panic

Realistic
Trouble

college, money, family, work, friend, home,
living, deadline, project, responsibility

Table 4: Topic Category Definition

Pre-Pandemic
(2018-2019)

During Pandemic
(2020-2022)

Post-Pandemic
(2023-2025)
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Anxiety Topic Category Trends Across Pandemic Periods

Topic Categories
Abstract
Existential
(T2 T4 T5 
T6 T8 T10 
T11)
Physical
Symptoms
(T3 T7 T9)
Realistic
Troubles
(T1 T12)

Figure 3: H2a Topic Trends for r/Anxiety

5.2. Change in Discussion of Impact
Across the COVID-19 Pandemic
Period

Feature engineering: To examine topic reorga-
nization (H2a), we applied BERTopic topic mod-
eling with top 12 components to the corpus seg-
mented into three periods: pre-pandemic (2017-
2019), during-pandemic (2020-2022), and post-
pandemic (2023-2025). A topic modeling results
can be found in Figure 2. The resulting topics were
qualitatively categorized into 3 thematic groups
based on keyword analysis: Abstract Existential,
Physical Symptoms, and Realistic Troubles (as
shown in Table 4). Topic prevalence was tracked
across periods based on the categorized results.
For H2b, we computed sentiment scores for all
posts and aggregated by period.

Results: For H2a, our analysis revealed that
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Figure 4: Temporal Sentiment Analysis for Gen Z
in r/Anxiety from pre- to post-COVID

Subreddit Pre vs During During vs Post
Anxiety 4.41*** 9.98**
depression 7.93*** 8.41***
mentalhealth 6.24*** -3.87*
socialanxiety 0.44 1.90
bipolar 0.09** 4.57
bipolar2 -0.28 2.21

Table 5: Hypothesis 2 Analysis: T-statistics for sen-
timent changes across pandemic periods. Signifi-
cance: *p < 0.05, **p < 0.01, ***p < 0.001. Positive
values indicate increased scores in the later period.

while the pandemic did not fundamentally trans-
form the thematic structure of GenZ mental health
discourse, it did induce significant topic reorganiza-
tion. As shown in Figure 3, three distinct patterns
emerged across topic categories:

• Abstract Existential topics remained largely
stable throughout the period. Abstract Exis-
tential is seen as most stable, with modest
reduction during pandemic but largely flat post-
Pandemic, demonstrating resilience in how
Gen Z engages with fundamental questions of
identity and meaning.

• Realistic Troubles topics were barely im-
pacted during pandemic, but seem some no-
table drop post-pandemic (∼30%), potentially
indicated some delayed effect of the pandemic
impact.

• Physical Symptoms topics show a consistent
and substantial increase (∼80%) across all
three periods, indicating a growing somatic
focus in mental health discussions.

This reorganization without structural transforma-
tion confirms H2a, demonstrating the pandemic’s
role as a redistributive rather than transformative
force in mental health discourse.

For H2b, as shown in Table 5, sentiment anal-
ysis revealed significant pandemic-related emo-
tional shifts across mental health communities. The

Figure 5: Gen Z vs. non-Gen Z Topic Word Fre-
quency Comparison

2.0 1.5 1.0 0.5 0.0 0.5 1.0 1.5
Difference in Topic Prevalence (GenZ - Non-GenZ)

Topic 9

Topic 5

Topic 3

Topic 7

Topic 10

Topic 1

Topic 2

Topic 11

Topic 8

Topic 6

Topic 4

Topic 12

#9 dont, know, want,
scared, really, anymore

#5 people, friend, thing,
think, life, make

#3 feel, like, feeling,
body, make, weird

#7 sleep, night, asleep,
wake, hour, bed

#10 anxious, feeling, does,
make, really, super

#1day, week, got,
today, felt, started

#2attack, panic, calm,
disorder, fear, trigger

#11help, need, advice,
really, calm, tried

#8heart, pain, chest,
symptom, rate, blood

#6job, work, new,
working, quit, home

#4anxiety, does, symptom,
bad, health, experience

#12ive, year, medication,
taking, month, med

1.45

1.19

-1.20

-1.76

Anxiety Topic Prevalence Difference: GenZ vs Non-GenZ Users

Prevalence Direction

More prevalent in GenZ
More prevalent in Non-GenZ

Figure 6: Gen Z vs. non-Gen Z Topic Prevalence
Difference in r/Anxiety

depression and anxiety subreddits exhibited the
strongest and most consistent negative trends, with
highly significant sentiment declines in both pre-to-
during (t=4.47-7.93, p<0.001) and during-to-post
comparisons (t=8.41-9.98, p<0.01). However, the
mental health community showed a significant ini-
tial decline during the pandemic (t=6.24, p<0.001)
followed by partial recovery post-pandemic (t=-
3.87, p<0.05), suggesting adaptive resilience. In
contrast, socialanxiety and bipolar2 communities
demonstrated no significant sentiment changes, in-
dicating their emotional responses to the pandemic
were less pronounced than in communities dealing
with more severe conditions like depression and
anxiety.

These findings provide strong but nuanced sup-
port for H2b, revealing that while the pandemic
corresponded with significant negative sentiment
shifts in most mental health communities, the mag-
nitude and persistence of these effects varied sub-
stantially across different mental health conditions.
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5.3. Gen Z Versus Non-Gen Z Discourse
Characteristics

Feature engineering: similarly to analysis used
in 5.2, we applied topic modeling with 12 compo-
nents to the corpus across 3 periods, and con-
ducted a keyness analysis to identify lexical items
and topic clusters that were statistically overrep-
resented in each generational group. To quantify
group-level differences, we calculated topic preva-
lence for each generational cohort by assigning
each post to its most probable topic based on the
BERTopic model’s posterior probability distribution,
then aggregating the count of posts assigned to
each topic per group. This approach allowed us
to compare the relative frequency with which Gen
Z and non-Gen Z users engaged with specific the-
matic content across the corpus.

Results: Our analysis revealed systematic gen-
erational differences from keyness analysis as
shown in Figure 5: GenZ vocabulary emphasizes
personal feelings ("make", "think", "like", "hate")
while non-GenZ language centers on clinical and
practical terms ("medication", "therapy", "doctor",
"experience", ). Supporting evidence from topic
comparison further demonstrates this divergence.
Take r/Anxiety for example (as shown in Figure
6, GenZ discourse is significantly overrepresented
in topics characterized by existential and interper-
sonal concerns (Topic 9 & 5). Conversely, non-
GenZ discourse shows stronger prevalence in top-
ics focused on practical management and clinical
experiences (Topic 4 & 11).

These findings strongly support H3, demonstrat-
ing that generational identity systematically shapes
both the thematic focus and linguistic framing of
mental health discourse, with GenZ emphasizing
internal emotional experiences and non-GenZ fo-
cusing on practical management and clinical inter-
vention.

6. Discussion

Our analysis reveals three interconnected patterns
in how Generation Z articulates mental health con-
cerns online. The examples in Table 6, all drawn
from r/Anxiety posts, illustrate how digital nativity,
pandemic disruption, and developmental life stage
collectively shape a distinct communicative ecol-
ogy.

The examples demonstrate the high-authenticity,
negatively-valenced initiator discourse identified in
H1. GenZ initiators consistently employ intensive
first-person focus ("I," "me," "my") and emotional
vulnerability ("paranoid," "insecure," "scared") that
characterizes their initiating posts. This pattern
aligns with our quantitative findings showing sig-
nificantly higher authenticity scores and negative

sentiment in GenZ initiators compared to respon-
dents and non-Gen Z. The raw emotional exposure
in these posts, such as the 16-year-old’s detailed
social anxiety description, exemplifies the authentic
distress expression that distinguishes GenZ initiator
discourse.

H2 shows that COVID-19 acted as a psycho-
logical intensifier rather than thematic disruptor
for GenZ. The pandemic-era example shows how
health crises amplified existing anxieties about
social connection and identity, while the post-
pandemic example demonstrates recovery and
adaptation. This pattern reflects H2’s finding that
sentiment declines were most pronounced in men-
tal health related communities.

For H3, we observe marked generational dif-
ferences in how mental health is conceptualized.
GenZ discourse centers on internal states and iden-
tity formation, characterized by deep self-reflection
and social anxiety. This contrasts sharply with non-
GenZ initiator discourse, which emphasizes practi-
cal management and clinical intervention. Notably,
while both generations show authentic initiator ex-
pression, the content and focus of that authenticity
differs fundamentally: GenZ initiators disclose emo-
tional and existential struggles, while non-GenZ
initiators share systematic treatment experiences.

These patterns collectively reveal how life stage
shapes mental health discourse. GenZ’s intensive
first-person focus reflects both developmental iden-
tity exploration and the platform’s function as a
space for working through contemporary digital-age
challenges. The high engagement and reciprocal
support observed in GenZ communities suggest
these platforms serve as crucial developmental
sanctuary where identity work, social connection,
and emotional support intersect, representing a sig-
nificant evolution from previous generations’ more
instrumental use of support communities.

The consistency across hypotheses demon-
strates that GenZ’s mental health discourse is not
merely a translation of traditional concerns into dig-
ital spaces, but represents a fundamental shift in
their mental health expression, shaped by their
unique developmental position at the intersection
of digital immersion and global crisis.

7. Conclusion

This study presents a corpus-based, computational
linguistics review of Gen Z mental-health discourse
on Reddit from 2017 to 2025. By integrating lin-
guistic feature analysis, NPL sentiment analysis,
and topic modeling across multiple subreddits, we
closely examine how youth construct and respond
to mental distress through the online interaction.

There are clear indications that COVID impact
on various focus groups was nuanced and also
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Topic Generation Example Excerpt Date

Social and
Existential

GenZ
“I feel like this pandemic has made me forget how to make friends...
I get SO paranoid and insecure... I constantly think everyone
will hate me...” [16-year-old discussing social anxiety]

2020-10

Non-GenZ
“I thought about suicide as a way to relieve the uncomfort and
panic I get from interacting with people... I have no idea how to
summarize this...” [Adult reflecting on long-term struggles]

2017-04

Pandemic
Impact

GenZ
“Anyone else feel like this pandemic has made them forget how
to make friends?... Zoom college as a first year undergrad, with
no friends...” [Direct pandemic impact]

2020-10

Non-GenZ

“I grew up as a shy quiet person and take forever to let my guard
down. I moved to CA from NC during Covid which was my junior
year, and it was hard for me to make friends when everyone
already had pre established friendships. I thrived in my freshman
and sophomore year....” [Post-pandemic recovery]

2023-01

Medical
Treatment

GenZ
“I’ve been having success with GABA supplements... I’ve become
close with after a year of therapy and medication... I’ve had ups
and downs...” [Young adult discussing treatment journey]

2023-02

Non-GenZ
“I’ve dealt with generalized anxiety for years... I’ve spent 4-8
weeks on the below medicines... I’ve not found relief. Is this
normal?” [Detailed medication history]

2022-02

Table 6: Representative Examples from r/Anxiety Illustrating Generational and Pandemic-Era Discourse
Patterns in Mental Health Communities

differed based on their context and focusing top-
ics. However we did observe several consequential
themes: Gen Z initiators likely would express au-
thentic, more negatively valenced emotion, while
respondents more often used positive, supportive
language; and compared with non-Gen Z, they
tended to be more positive in response showing the
support in the online communication. Furthermore,
through examination of the impacts of COVID-19
pandemic, we haven’t found overwhelming evi-
dence that pandemic had become a topic mate-
rially impacting GenZ in general, however, the in-
creased topic emphasis toward physical aspects
was observed. Lastly, when conducting the gen-
erational comparison, the results demonstrated a
clear trend that Gen Z likely focused more on topics
about abstract and existential framing, centered on
emotion, reflection, and meaning, while non-Gen Z
users emphasized practical experiences of distress.
These findings demonstrate that Gen Z’s mental
health discourse is deeply shaped by the increase
of digital use and the sociohistorical context.

From a methodological perspective, this study
illustrates the benefits of bridging social media
corpus-based computational linguistics with mental-
health discourse analysis, and laid out a repro-
ducible approach for future interdisciplinary re-
search connecting language, psychology, and so-
cial science to better understand how emerging
generations articulate distress and in the online
community. Future study can introduce a qualita-
tive discourse analysis with embedding-based se-

mantic modeling to enhance interpretability, poten-
tially extending to multilingual and cross-platform
corpora (e.g., TikTok, Discord).
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