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Abstract
Historical corpora, especially those compiled from magazines and periodicals, are complex due to the diversity of
text types and evolving genre conventions. Addressing these challenges requires systematic genre annotation
and well-defined classification schemes to support downstream NLP tasks. This paper introduces a dataset of
historical medical periodical texts in German and Swedish annotated for textual genre and additional features that
may influence genre identification, such as the presence of OCR errors. We describe the development of the genre
classification, annotator recruitment and training procedures, and provide an analysis of the annotator agreement.
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1. Introduction

Historical periodicals are highly heterogeneous ma-
terials that reflect the evolution of both printing
technologies and communicative practices. They
encompass multiple text types and genres, which
changed over time alongside increasingly diverse
and complex layouts. A substantial body of such
historical magazines has already been digitized by
the digital humanities community across various
domains. However, the temporal, linguistic, and
task-related coverage of these resources still varies
considerably. Consequently, the development of
new evaluation datasets to support downstream
NLP tasks and enhance the overall quality of re-
search in historical NLP remains an important goal.

The ActDisease project1 contributes to this ef-
fort by digitizing and developing tools for historical
medical periodicals. The project focuses on the
history of twentieth-century European patient orga-
nizations and employs mixed methods to analyze
a wide range of materials, including patient orga-
nization magazines, annual reports, and medical
journals.

In this context, genre segmentation serves not
only as a means of dividing the material into co-
herent textual units but also as a way to study the
evolution of communicative strategies within these
sources. However, existing genre classification
schemes vary widely, are often designed for differ-
ent domains, and fail to capture genres specific to
medical periodicals.

This paper presents a new dataset of OCR-
processed texts in German and Swedish, anno-
tated with textual genres and supplementary at-
tributes, such as the presence of OCR errors, which
may influence genre classification. In traditional

1ERC-2021-STG-101040999, Dept. of History of Sci-
ence and Ideas, Uppsala University, Sweden

annotation projects, the goal is to minimize dis-
agreement between annotators, typically followed
by reaching a single gold-standard by expert adjudi-
cation or aggregation (see e.g. Ide and Pustejovsky
(2017) for an overview). However, recently, there
has been an increased awareness of that variation
in annotations can be due to valid underlying ambi-
guity rather than errors or fuzzy guidelines (Plank
et al., 2014; Basile et al., 2021). In light of this,
our dataset contains the annotations from each an-
notator, and we provide an analysis of annotator
differences, related to genre labels.

In this paper, we provide a genre inventory tar-
geted at historical medical periodicals, and use it to
annotate data from four periodicals. We describe
the annotation procedure in detail and provide an
in-depth analysis of inter-annotator agreement. We
propose a framework for analyzing disagreements
across genre labels with respect to syntactic, se-
mantic and topic-based features, that we use to
further explore annotation differences. The code
and annotation guidelines are available on GitHub2.

2. Existing Genre Datasets and
Annotation Schemes

There are a very limited number of historical collec-
tions annotated with textual genre. A recent work
by Stahel et al. (2025) describes the annotation of
a dataset of 7k English-language articles from 106
historical newspapers (1839-1903) with soft genre
labels on article level. The genre scheme is custom
and based mainly on the prior knowledge of the
researchers about the dataset, as well as additional
information from previous research on newspaper
genres, the inventory of article categories and other

2https://github.com/ActDisease/
genre-annotation-project

https://github.com/ActDisease/genre-annotation-project
https://github.com/ActDisease/genre-annotation-project
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information. The authors report the Inter-Annotator
Agreement (IAA) Krippendorff’s α = 0.66 computed
based on the primary (best-fit) genre labels.

Harbers (2014) describes the manual coding
of Dutch, English, and French historical newspa-
pers into 18 journalistic genres, resulting in a meta-
data collection (no digitized editions were available).
Genre categories were based on historical journal-
istic practice, handbook definitions, and newspa-
pers’ self-classifications, with labels assigned at
the article level. The codebook, was applied by
two groups of bilingual coders—one for Dutch and
English, and one for French. While the authors
note that both students and project researchers
participated, the number of coders is not specified.
IAA (Krippendorff’s α) was 0.67 and 0.83 for the
two groups, respectively. In (Bilgin et al., 2018),
part of this metadata was later linked to a digitized
Dutch periodical, yielding 1424 articles used as a
gold standard for genre classification.

In the web genre domain, stable genre schemata
have long been the focus, and several publicly avail-
able datasets have been produced. The largest
and most comprehensive ones are CORE (Egbert
et al., 2015) and FTD (Sharoff, 2018), which serve
as the basis for neural genre classification models.
In both, the annotation is on the document level.
The IAA (Krippendorff’s α) is 0.66 (main categories)
and 0.76, respectively.

Unlike previous studies that annotated genres
at the document level, our dataset applies genre
labels at a more fine-grained level—the paragraph.
The annotation schema accounts for genres spe-
cific to our historical medical periodicals, while also
incorporating categories from earlier schemata de-
veloped for comparable materials.

3. Genre Categories

There is no universal genre scheme that can
be readily applied across all contexts. Historical
datasets illustrate this complexity particularly well,
as they reflect how genres evolved over time and
mirrored the communicative strategies of editors
and authors.

In this project, our primary goal is to segment
historical medical magazines where genres3 are
specific to this material type. These genres served
as vehicles for different kinds of audience inter-
action — for example, promoting products (adver-
tisement), informing about events (announcement),
advocating certain viewpoints (argumentative), or
providing entertainment (fiction, quizzes, humour).

In the context of our dataset of historical medical
periodicals, genre classification became a practi-
cal means of segmenting materials, allowing texts

3We use the definition of genre as a group of texts that
share a communicative purpose (Kessler et al., 1997).

with similar communicative functions to be ana-
lyzed together. The creation of our genre scheme
was guided both by insights from historians of
medicine in the project and by established genre
and communicative-purpose classifications (Kuz-
man and Ljubešić, 2023; Caselli et al., 2022).

We distinguish the following genres in the
dataset:

1. Academic: Inform or report on research in an
accessible way, often referencing prior work.

2. Administrative: Report on administrative ini-
tiatives in healthcare, social services, or gov-
ernance (outside of Patient Organizations).

3. Advertisement: Promote a product or service
with intent to sell.

4. Announcement: Inform or report about the
upcoming events and activities within the or-
ganization. Unlike invitations, announcements
are objective and informative; they do not
include promotional elements or encourage
readers to make purchases.

5. Appeal: Call to action without a commercial
goal, request for support, typically for a non-
profit campaign (e.g., appeals for donations or
participation).

6. Argumentative: Express opinion or viewpoint
with intent to persuade the readers, typically
authored by editors or contributors.

7. Bio: Narrate or report a life story or personal
experience (often patient stories).

8. Fiction: Entertain or engage emotionally
(short stories, poems, humour pieces).

9. Guidance: Instruct or recommend, e.g., di-
etary advice, recipes, manuals.

10. Informational: Explain a concept factually,
similar to encyclopedia entries or definition.

11. Interactive: Engage or entertain, e.g.,
quizzes, crosswords, chess parties.

12. Invitation: Invite or promote participation in
an event (e.g., patient cruises), contains pro-
motional elements and descriptions with intent
to sell.

13. Legal: Explain legal terms, regulations, or poli-
cies.

14. News: Report on a recent event (what hap-
pened, when, and where), outside of the pa-
tient organization domain.

15. QA: Explain or resolve doubts in ques-
tion–answer sections, e.g., “Frågan är fri”
(“The question is free”).

16. PO_report: Report or narrate activities of pa-
tient organizations or publication updates.

4. Annotator Recruitment

We recruited eight annotators, four each for Ger-
man and Swedish, for up to 75 hours of annotation
in a month, asking them to annotate as much as
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they could within that time. The annotators were
compensated according to university guidelines.
A call for applications was circulated via mailing
lists of Humanities departments, with the main re-
quirement being proficiency in either German or
Swedish.

Pairs of annotators were given the same mate-
rial. One Swedish annotator later withdrew and
could not be replaced, resulting in a portion of the
Swedish dataset being annotated by a single an-
notator. This single annotator has a strong back-
ground in benchmark annotation for AI training. The
overview of annotators’ background is provided in
Tab. 1. Annotators were paid by the hour up to a
maximum number of hours. Because annotators
had different speeds and many did not reach the
maximum number of hours allocated, the number
of annotations per annotator varied.

We conducted separate training sessions for the
Swedish and German annotators to introduce the
annotation procedure. During these meetings, we
reviewed the guidelines, hosted on a shared No-
tion workspace, and clarified their application by
discussing challenging examples. The workspace
was continuously updated with answers to the an-
notators’ questions and additional information. An-
notators were encouraged to communicate with
project researchers throughout the process.

5. Annotation Procedure

5.1. Sampling

To ensure temporal and topical diversity, we sam-
pled pages from various time periods of several
Swedish and German medical journals: 1) Di-
abetiker Journal (1951–1990), published by the
German Diabetes Association; 2) Der Allergiker
(1959–1985), published by the German Associa-
tion for Allergy and Asthma; 3) Diabetes (1949,
1952–1990), published by the Swedish Diabetes
Association; 4) Status (1938–1991), published by
the Swedish Association for Lung Diseases.

Materials from Diabetes were included for both
Swedish and German because the collaborating
historians of medicine were already familiar with
these publications and their text types. Their ex-
pertise can further provide valuable insight into in-
terpreting and validating the genre classification
results. The Status periodical was included due
to its greater genre diversity – particularly a higher
proportion of entertainment-related genres – thus
contributing to a richer representation of text types
within the dataset.

Overall, historians assessed the genre distribu-
tions to be broadly comparable across the peri-
odicals. Nevertheless, individual publications ex-
hibit systematic preferences for particular genres,

a pattern that is also reflected in the sampled
data. For instance, the German Diabetes Asso-
ciation periodical predominantly features academic
texts, whereas its Swedish counterpart focuses
largely on organisational and administrative report-
ing. Such naturally occurring imbalances make it
difficult to obtain a uniform genre distribution across
languages.

In contrast to title-based candidate selection
methods (e.g., Stahel et al. (2025)), we adopted
a diversification strategy based on temporal and
issue-level variation, sampling pages from differ-
ent time periods within each periodical. Concretely,
for each journal, the material was divided into two
time periods: pre-1960 and post-1960. Since 1960,
layouts of periodicals have become significantly
more complex, dynamic, and visually driven. For
each periodical, 200 pages were randomly sam-
pled from each time period. Annotation was carried
out by two groups per language, with each group
assigned to one of the two time periods (pre-1960
vs. post-1960).

Each group of annotators was provided with files
containing text segments extracted from XML out-
puts generated by the ABBYY OCR engine.4 These
XML files encode detailed, multi-level recognition
results, where elements ranging from characters to
lines, paragraphs, and blocks (i.e., bounding boxes
encompassing multiple paragraphs) are enriched
with formatting attributes such as font size and font
face.

Preliminary experiments with different segmen-
tation levels revealed that block-level units were
overly coarse, often merging paragraphs from dis-
tinct genres. In contrast, paragraph-level segmen-
tation offered a more coherent and reliable unit of
analysis. Accordingly, we extracted paragraphs
with their associated formatting attributes (font size,
font face, bold, italic). Paragraphs sharing identical
formatting patterns—defined as a full match across
these attributes—were subsequently merged.

Due to the complexity of page layouts, the OCR
process was unable to consistently recover com-
plete article text. The resulting output was noisy,
both in terms of orthographic accuracy and read-
ing order. Paragraph-level annotation, therefore,
provided a practical compromise, corresponding to
the smallest reliable unit obtainable from the OCR
output. Moreover, performing genre classification
at the paragraph level facilitates the reconstruction
of semantically coherent article units, which can
improve OCR post-processing and support down-
stream NLP applications.

Metadata were preserved, including file name,
periodical title, year, volume, issue, and page num-

4ABBYY FineReader 14 Server: https:
//help.abbyy.com/en-us/finereaderserver/
14/help/introduction/

https://help.abbyy.com/en-us/finereaderserver/14/help/introduction/
https://help.abbyy.com/en-us/finereaderserver/14/help/introduction/
https://help.abbyy.com/en-us/finereaderserver/14/help/introduction/
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No. Course / Degree Relevant Experience Language
1 M.A. in Language Technology Benchmark annotation for AI training Swedish (native)
2 M.Sc. in Organic Chemistry Medical periodicals German (native)
3 M.A. in Language Technology Proofreading and translation German (C1)
4 B.A. in Linguistics — German (native)
5 M.A. in Digital Humanities Annotation and periodicals German (native)
6 M.A. in Linguistics Translation Swedish (native)
7 M.A. in History of Ideas Transcription Swedish (native)

Table 1: Background information of annotators.

ber. Paragraphs were presented in their original
page order to maintain contextual coherence, and
duplicate entries were removed.

5.2. Annotation Framework
Annotators accessed detailed guidelines via a
shared document, which included:

(1) annotation fields and color coding;
(2) decision trees illustrated with diagrams;
(3) workflow instructions;
(4) detailed genre definitions; and
(5) examples.
Additional sections provided logistical informa-

tion, answers to annotator queries, and sample
page images.

We designed the annotation framework to be as
simple and transparent as possible. Each annota-
tor received an individual spreadsheet file in which
semantic blocks were visually highlighted using
color coding. To reduce cognitive load and maintain
consistency, we employed hard assignments (bi-
nary 1/0 labels) rather than graded or probabilistic
annotations. This choice was also motivated by the
observations that, although soft labeling schemes
are sometimes introduced in similar tasks, in prac-
tice, a single-consensus label is often produced,
and no systematic benefit from soft labeling is ob-
served (Jamison and Gurevych, 2015).

5.3. Procedure
Annotators were instructed to assign exactly one
genre category (see Section 3) to each paragraph
by marking 1 in the relevant genre column (and 0
otherwise). If most of a paragraph corresponded
to a primary genre, that genre received the label
1. In cases where it was too difficult to identify
a genre, annotators could leave the genre fields
blank. To help annotators maintain contextual
awareness, each file contained sequences of con-
secutive pages from a single issue, allowing them
to refer back to the broader textual setting during
annotation. Annotators were instructed to assess
the degree to which a paragraph’s genre was inde-
pendent from that of the surrounding text. If a para-
graph clearly stood out as belonging to a different
genre – exhibiting its own distinct communicative

function that differed from neighboring paragraphs
– they were instructed to assign it that specific genre
label.

They also annotated several auxiliary attributes:
- ocr_errors Contains OCR errors (misspellings).
- contents_page Is a table of contents.
- publication_info Metadata (editorial informa-

tion).
- art_author Contains an article author’s name.
- art_title Is an article title or subheading.
- opinionated Contains opinion (but not Argumen-

tative).
- dialogue Multi-speaker discussion (e.g., inter-

view).
- caption Is a caption (e.g., “Foto: Lala Aufsberg”).

After the first 300 annotations, annotators pro-
vided feedback on the process. They reported that
genre categories were generally clear and easy to
apply, but that auxiliary attributes — especially cap-
tion — were sometimes difficult to determine due
to limited context or OCR layout issues. In such
cases, annotators were provided access to original
page images for clarification.

Annotators were also encouraged to leave com-
ments in a special column if uncertain about a para-
graph’s label, particularly when encountering hy-
brid genres. They were asked to indicate which
genres co-occurred according to their judgment.
Annotators processed their files individually and
did not discuss the annotation process between
themselves5.

6. Description of the Resulting
Dataset

The dataset contains a total of 23,031 unique
labeled paragraphs (both single and double-
annotated). In the first iteration of the annotation,
there are 17,439 single-annotated paragraphs and
5592 double-annotated paragraphs. For each lan-
guage, the data were annotated by two indepen-
dent groups. Within each group, both annotators

5The shared document (Notion workspace linked from
the GitHub repository) included example paragraphs to
assist annotators in understanding the task.
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Language Group Annotator (Size) µ σ

German 1 4 (1304), 3 (4443) 30.6 45.5
2 2 (816), 5 (3405) 41.0 47.0

Swedish 1 1 (10362) 33.7 38.4
2 7 (3788), 6 (4505) 23.8 29.7

Table 2: Number of labeled paragraphs (Size) per
language, group and annotator. µ and σ corre-
spond to the average paragraph length in tokens
and its standard deviation, respectively.

worked on the same set of files to enable IAA anal-
ysis. The distribution of labeled data across lan-
guages, groups, and annotators is shown in Tab. 2.
As the table indicates, the number of annotations
varies considerably among annotators. Within each
group, the annotations completely overlap: the an-
notator with the smaller set labeled a subset of the
sentences annotated by the other annotator. An-
notator No.1, who reported having the strongest
professional background in annotation, contributed
the largest portion of the labeled material. However,
since their assigned annotation partner was un-
able to participate, these annotations are all single-
annotated.

Tab. 2 also reports the distribution of paragraph
lengths in tokens (based on whitespace) in each
group for both languages (µ and σ). In German,
the average paragraph length is slightly higher in
group 2 than in group 1 (41 vs. 30.6). In Swedish,
the paragraphs are on average shorter in group 2
compared to group 1 (23.8 vs. 33.7).

Tab. 3 shows the number of labeled paragraphs
for each periodical (double and single-annotated).
Annotator No.1 (without a pair) labeled a large num-
ber of Diabetes paragraphs (9376), which led to
the highest coverage of the Diabetes periodical in
the dataset. Moreover, Annotator No.1 annotated
986 Status paragraphs, while group 2 provided a
balanced coverage of its Diabetes sample (4505
and 3788 paragraphs).

All annotators contributed to labeling paragraphs
for the presence of OCR errors (binary label: error
vs. no error). In total, 1127 paragraphs containing
OCR errors were identified. In the German material,
the number of detected errors is 1.7 times higher
than in the Swedish material. Advertisements ac-
count for the largest share of OCR errors (30% of
all detected errors), followed by Informational and
Academic texts, which account for 21% and 10%,
respectively.

6.1. Inter-Annotator Agreement
IAA was calculated separately for each group using
standard coefficients (Artstein and Poesio, 2008).
These metrics are appropriate for assessing agree-
ment between two annotators assigning categor-

Language Periodical Size (s / d)

German Der Allergiker 2702 / 1127
Diabetiker Journal 3122 / 945

Swedish Diabetes 10629 / 3520
Status 986 / —

Table 3: Total number of paragraphs by language
and periodical (s – single / d – double annotations).

Language Group α κ % Size
Swedish 2 0.67 0.67 73 3.5k
German 1 0.64 0.64 69 1.3k
German 2 0.46 0.47 57 778

Table 4: IAA per Language and Group: α - Krip-
pendorff’s Alpha, κ - Cohen’s Kappa, and % - per-
centage agreement.

ical labels: simple (observed) percentage agree-
ment, the chance-corrected Cohen’s κ6, and Krip-
pendorff’s α7.

Tab. 4 shows agreement per annotator group.
The Swedish group achieved α of 0.67 and κ of
0.67, corresponding to moderate and substantial
agreement respectively, according to standard inter-
pretations (Marzi et al., 2024; Artstein and Poesio,
2008). German Group 1 exhibited slightly lower
levels of agreement, whereas Group 2, with a sub-
stantially smaller amount of material, had lower
agreement numbers.

In our study, we acknowledge the inherent sub-
jectivity of genre annotation, as noted in previous
research (Kuzman and Ljubešić, 2023; Stahel et al.,
2025), and the added difficulty posed by paragraph-
level annotation of historical, domain-specific ma-
terial. Annotators also reported that longer para-
graphs were generally harder to label consistently.
Previous work on genre annotation (Stahel et al.,
2025; Harbers, 2014) have reported α values of
0.66–0.83 across several languages, being rela-
tively comparable to ours. These findings suggest
that agreement levels in genre annotation tasks
can fluctuate considerably across languages and
datasets, reflecting both linguistic variation and the
differing interpretive challenges inherent to histori-
cal texts.

We hypothesized that IAA would vary substan-
tially across genres, and to examine this, we com-
puted Cohen’s κ for each genre within each group.
The results are presented in Tab. 5, which also
includes the number of annotations per annotator
and genre.

6https://scikit-learn.org/stable/
modules/generated/sklearn.metrics.cohen_
kappa_score.html

7https://pypi.org/project/
krippendorff/

https://scikit-learn.org/stable/modules/generated/sklearn.metrics.cohen_kappa_score.html
https://scikit-learn.org/stable/modules/generated/sklearn.metrics.cohen_kappa_score.html
https://scikit-learn.org/stable/modules/generated/sklearn.metrics.cohen_kappa_score.html
https://pypi.org/project/krippendorff/
https://pypi.org/project/krippendorff/
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Genre Lang/Group Cohen’s κ

Academic
DE1 0.27 (16/41)
DE2 0.32 (33/115)
SE2 0.75 (211/188)

Administrative
DE1 0.27 (3/19)
DE2 0.00 (6/0)
SE2 0.36 (21/94)

Advertisement
DE1 0.88 (303/313)
DE2 0.87 (130/137)
SE2 0.77 (685/485)

Announcement
DE1 0.38 (63/49)
DE2 -0.01 (7/9)
SE2 0.40 (26/73)

Appeal DE1 0.42 (25/17)
SE2 0.40 (5/20)

Argumentative
DE1 0.32 (36/91)
DE2 0.63 (57/29)
SE2 0.58 (160/282)

Bio
DE1 0.28 (16/38)
DE2 0.10 (3/33)
SE2 0.68 (20/18)

Fiction
DE1 0.88 (45/57)
DE2 0.00 (0/11)
SE2 0.75 (12/20)

Guidance
DE1 0.88 (327/290)
DE2 0.00 (0/59)
SE2 0.74 (452/423)

Informational
DE1 0.43 (146/106)
DE2 0.46 (402/208)
SE2 0.35 (418/433)

Interactive DE2 0.00 (0/10)

Invitation
DE1 0.46 (23/32)
DE2 -0.01 (16/7)
SE2 0.57 (191/134)

Legal
DE1 0.50 (104/125)
DE2 0.00 (0/5)
SE2 0.25 (34/36)

News
DE1 0.21 (9/37)
DE2 0.24 (64/89)
SE2 -0.01 (12/73)

PO_report
DE1 0.08 (106/5)
DE2 0.71 (38/55)
SE2 0.86 (1204/1241)

QA
DE1 0.97 (72/74)
DE2 0.66 (22/11)
SE2 0.00 (69/0)

Table 5: IAA across Genre, Language, and Group.
Counts (A1/A2) for each group are shown in brack-
ets. Substantial agreement for Cohen’s κ is high-
lighted with bold, moderate agreement – with cur-
sive.

For the Swedish material, substantial agreement
was observed for several genres, including patient
organization reports (PO_report)—the largest and
most characteristic genre of Swedish patient orga-
nization periodicals—as well as Guidance, Fiction,
Biographical, Advertisement, and Academic texts.
In the German material, similarly strong agreement
was found for QA, PO_report, Guidance, Fiction, Ar-

gumentative, and Advertisement genres, although
the agreement was not always consistent across
groups.

In some cases, κ values dropped to zero, typ-
ically when one annotator assigned multiple in-
stances to a given genre while the other classified
all of them differently. We interpret these discrep-
ancies as stemming from differences in annotators’
weighting of contextual versus local information —
that is, whether they prioritized the broader page
context or the paragraph’s own content when de-
termining the genre.

To better understand how specific genres were
overlapping within each group’s annotations, we ex-
amined the corresponding confusion matrices. In
particular, for Swedish Group 2 (Fig. 2), the same
paragraphs were frequently annotated as Adver-
tisement by the first Annotator in pair (A1) and as
Informational texts by the second one (A2). This
appears to result directly from differing interpreta-
tions of local versus global context on the page.
Advertisements in these periodicals often include
detailed descriptions of goods, drugs, or medical
equipment, which may or may not employ explicitly
promotional language. Similar overlap can be ob-
served between the Argumentative and Guidance
genres, where factual or descriptive passages are
often embedded within argumentative reasoning or
instructional explanations.

In the German groups (Fig. 1), a similar
pattern can be observed for the Informational
genre. In both groups, A1 consistently assigned
the label Informational, whereas A2 distributed
these same paragraphs across several other gen-
res—Argumentative and Biographical in Group 1,
and Academic, Biographical, Guidance, and News
in Group 2. An additional overlap in Group 1
occurred between Academic and Advertisement,
likely because some advertisements include de-
scriptions of research studies. Depending on how
much contextual information the annotators consid-
ered, these could be interpreted either as research-
related content or as part of an advertisement. In
Group 2, Academic also overlapped with Argumen-
tative, Informational, and News. This pattern may
reflect A2’s stronger reliance on lexical cues, as
scientific terminology frequently appears across
multiple genres in these periodicals, even though
the underlying communicative function can differ
substantially.

6.2. Data Availability
The annotated dataset is available for research
purposes upon request. A link to the dataset’s Hug-
ging Face page is provided in the project’s GitHub
repository8. The repository also contains access

8https://github.com/ActDisease/
genre-annotation-project

https://github.com/ActDisease/genre-annotation-project
https://github.com/ActDisease/genre-annotation-project
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(a) Group 1. (b) Group 2.

Figure 1: IAA in German annotation groups.

Figure 2: IAA in Group 2, Swedish Language

to the project’s Notion workspace, which includes
additional documentation and project materials.

7. Re-Annotation

A new round of annotation of the Swedish material
was conducted over several months to provide a
second opinion on the labels assigned by Annota-
tor No.1 (see Tab. 1). This iteration involved two
annotators: a project member and computational
linguist familiar with the material and its genres,
and a PhD student in the History of Science and
Ideas. Both followed the same annotation guide-
lines within the Notion framework. The PhD student
received the same training as previous annotators,
including instruction on the annotation file, guide-
lines, and example cases.

The re-annotated sample comprised 996 para-
graphs: 214 from Diabetes and 782 from Status.
Across the three annotators (including Annotator
No.1), Krippendorff’s α was 0.82, with a percentage
agreement of 82%.

Figure 3: Label distribution in the Final Dataset

Language Periodical Group 1 Group 2

German Der Allergiker 3 (382),
4 (353)

5 (3405),
2 (816)

Diabetiker Journal 3 (4061),
4 (951)

—

Swedish Diabetes 1 (9376),
8 (214),
9 (214)

6 (4505),
7 (3788)

Status 1 (986),
8 (782),
9 (782)

—

Table 6: Distribution of annotated paragraphs by
periodical and group. Group cells show Annotator
number and Size in round brackets.

8. Final Dataset Description

The distribution of genres in the final dataset is
displayed in Fig. 3. The majority of annotated para-
graphs belong to the genre “PO_report” (patient
organization report), the most frequent genre in the
Diabetes periodical and a defining feature of patient
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organization publications. These reports combine
narrative accounts, patient experiences, and infor-
mational content, reflecting the communicative goal
of such periodicals — to inform and engage the pa-
tient community. Other common genres include
Informational, Advertisement, and Guidance texts,
which together characterize the patient periodical
domain. Through these genres, editors and health-
care stakeholders communicate educational and
promotional content, fostering interaction with their
readership.

Tab. 6 summarizes the number of annotated
paragraphs per periodical and language for each
annotator group. Following the re-annotation pro-
cess, we achieved near-complete coverage of the
Status periodical sample with three annotators. Sta-
tus is particularly rich in entertainment genres, with
Fiction representing 45% and Interactive content
93% of such texts. Because fiction often overlaps
with biographical patient narratives and domain-
specific language, re-annotation was especially
valuable for ensuring double coverage of this com-
plex genre and improving annotation reliability.

9. Agreement Analysis

To further understand what contributes to annotator
agreement, we analyze the relationship between
paragraph- and genre-level features and annotator
agreement.

Paragraph-level analysis To investigate whether
overlapping annotations are related in terms of read-
ability, lexical, and structural complexity, we com-
pute a range of linguistic features for each para-
graph using spaCy9 and textstat10. The ex-
tracted features include measures of sentence and
word structure (average sentence length, average
word length), lexical diversity (type–token ratio),
informational content (lexical density), and a com-
posite readability score (Wiener–Sachtextformel
(Bamberger and Rabin, 1984) for German and
LIX (Björnsson, 1968; Falkenjack et al., 2013) for
Swedish).

To capture syntactic complexity, we extract the
average dependency tree height and average de-
pendency distance between heads and depen-
dents. We further calculate part-of-speech (PoS)
ratios to quantify the distribution of linguistic cate-
gories, including nouns, verbs, adjectives, adverbs,
adpositions, pronouns, subordinating and coordi-
nating conjunctions, particles, auxiliaries, numer-
als, proper nouns, and punctuation marks. To-
gether, these features characterize lexical choice,

9https://spacy.io
10https://pypi.org/project/textstat/

syntactic structure, and stylistic variation across
texts.

For each feature, we fit a logistic regression
model predicting annotator agreement (1) versus
disagreement (0). The predictive performance of
each feature is evaluated using the Area Under the
Curve (AUC)

Genre-level analysis At the genre level, we use
three types of representations for each genre and
annotator: (1) a vector of averaged linguistic fea-
tures, as described above, (2) a semantic embed-
ding vector, and (3) a topic vector. For the seman-
tic vectors, all paragraphs are embedded using
the Qwen3-4B-embeddings model11. Topic rep-
resentations are derived using BERTopic (Groo-
tendorst, 2022), applying UMAP (McInnes et al.,
2020) and HDBSCAN (McInnes et al., 2017) clus-
tering of the Qwen 4B embeddings to identify latent
topic clusters.

For the first two representations mean pairwise
cosine similarity is computed between each pair of
genres across annotators (using sklearn).

Topic overlap between genres of each pair of
annotators is then quantified as follows based on
the topic vectors. For each pair of genres assigned
by the two annotators, we extract the correspond-
ing sets of unique topics. We then compute the
overlap as a percentage by dividing the number of
shared topics (the intersection) by the total number
of unique topics across both sets.

For each representation, both the agreement ma-
trix and the resulting similarity matrix are flattened
into 1D arrays to compute Spearman’s rank corre-
lations. This calculation is conducted on two levels.
A full-matrix correlation is first calculated to capture
general trends across all annotator decisions. Sub-
sequently, to isolate and reflect relationships specif-
ically associated with annotator disagreement, the
matrices are filtered by removing their diagonal ele-
ments (which represent perfect agreement) before
computing the off-diagonal correlations.

Association between topic and agreement To
further examine whether agreement patterns de-
pend on topic distribution, we apply a Chi-squared
test, with the strength of the association quantified
using Cramér’s V (Agresti, 2007). Higher values
indicate a stronger alignment between topic and
annotator agreement.

Results Tab. 7 summarizes the strength and sig-
nificance of the association between topic distribu-
tion and annotator agreement (Cramér’s V), along-
side the correlations between genre-level similarity

11https://huggingface.co/Qwen/
Qwen3-Embedding-4B

https://spacy.io
https://pypi.org/project/textstat/
https://huggingface.co/Qwen/Qwen3-Embedding-4B
https://huggingface.co/Qwen/Qwen3-Embedding-4B
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Group V Sem. ρ Struct. ρ Topic ρ

DE1 0.70** 0.19** 0.33** 0.47**

DE2 0.59** 0.21** 0.47** 0.44**

SE1 0.71** 0.50** 0.52** 0.71**

SE2 0.57** 0.01 0.50** 0.61**

Table 7: Association between topic distribution
and annotator agreement (V–Cramér’s V), and the
correlations between similarity measures and dis-
agreement. (**) – p < 0.01

Group Top Features (AUC)
DE1 AvgTreeHeight (.67), AvgSentLen (.67),

VerbRatio (.65), AvgDepDist (.65), AuxRatio
(.64)

DE2 SconjRatio (.54), AdpRatio (.54)
SE1 PunctRatio (.80), AvgTreeHeight (.79),

AvgSentLen (.78), Lix (.78), AvgDepDist (.75)
SE2 PunctRatio (.58), AdvRatio (.58), VerbRatio

(.57), PronRatio (.57), AuxRatio (.56)

Table 8: Top predicting linguistic features (AUC >
0.55 at p-value < 0.01).

measures and disagreement (off-diagonal calcula-
tion).

Across all groups, topic overlap shows the
strongest and most consistent positive correlation
with agreement (Cramér’s V ranging from 0.57 to
0.71), suggesting that annotators are most likely
to agree on paragraphs belonging to similar topi-
cal clusters. Structural similarity, derived from ag-
gregated linguistic feature vectors, demonstrates
a moderate but significant association with agree-
ment, particularly in the Swedish groups ( 0.50). Se-
mantic similarity, while generally weaker, remains
statistically significant in most cases, indicating
some alignment in interpretive focus across an-
notators.

Tab. 8 presents the top paragraph-level linguistic
features identified as significant discriminators of
agreement, ranked by their AUC scores. Syntac-
tic indicators–dependency tree height, sentence
length, and dependency distance–emerged as
the most reliable discriminative features, achiev-
ing AUC values between 0.65 and 0.80. In
contrast, lexical features (e.g., type–token ra-
tio, lexical density) contributed less discriminative
power. The strongest effects were observed in
Swedish Group 1, where multiple syntactic mea-
sures reached AUC > 0.75, underscoring the role
of structural regularity and readability in driving con-
sistent annotation behavior.

These results suggest that agreement between
annotators is more strongly linked to structural and
topical coherence than to purely lexical similarity,
reflecting shared judgments about text organization
and content domain rather than word-level overlap.

10. Conclusion

We introduce a new OCR-processed dataset of
German and Swedish medical periodical texts an-
notated with textual genre, retaining individual an-
notations. Genre annotation of these texts is chal-
lenging due to the their historical, medical, and
journalistic nature. High agreement is achieved
for both languages in Advertisement, Fiction, Guid-
ance, and PO_report. Disagreements often arise
from differences in how annotators interpret the
context surrounding paragraphs. The analysis of
correlation of different metrics with agreement pat-
terns shows that topic distributions correlate with it
significantly, meaning that unknown topics are likely
to raise doubts on genre assignment. Structural
complexity also significantly impacts agreement,
which is especially noticeable in the largest double-
annotated samples for each language.

As observed in previous work (Peter and Lauf,
2002), linguistic and cultural background influence
annotation reliability. In future work, this dataset
will be used to examine how background factors
and category definitions affect reliability, as well as
to explore the role of linguistic factors, the hybrid na-
ture of genres, and differences between paragraph-
and column-level interpretations of communicative
purpose. A genre classifier will be trained to inves-
tigate patterns in communicative strategies.
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A. Example of the Annotated Dataset

Figure 4: Annotated dataset example

B. Word Overlap in Annotation Groups

To additionally quantify lexical similarity between genres, word overlap was calculated using the Jaccard
similarity coefficient. For every pair of genres assigned by Annotator 1 and Annotator 2, all unique tokens
from the corresponding texts were aggregated into two distinct sets. The overlap was then computed by
dividing the number of shared words (the intersection) by the total number of unique words across both
sets. The final score was converted to a percentage to populate a genre-by-genre similarity matrix:

(a) German Group 1 (b) German Group 2

(a) Swedish Group 2


	Introduction
	Existing Genre Datasets and Annotation Schemes
	Genre Categories
	Annotator Recruitment
	Annotation Procedure
	Sampling
	Annotation Framework
	Procedure

	Description of the Resulting Dataset
	Inter-Annotator Agreement
	Data Availability

	Re-Annotation
	Final Dataset Description
	Agreement Analysis
	Conclusion
	Ethical Statement
	Acknowledgements
	Bibliographical References
	Example of the Annotated Dataset
	Word Overlap in Annotation Groups

