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Abstract 
Context plays a crucial role in translation, enhancing both accuracy and fluency. With the advancement of machine 
translation (MT), the concept of context is now considered across an increasingly broader range of phenomena. 
Despite its importance, however, systematic definitions of context provided by communication studies and 
translation studies remain fragmented, and the concept of context remains elusive in MT research. To the best of 
our knowledge, no dataset currently exists that comprehensively evaluates MT’s sensitivity to context. In this study, 
we propose a systematic taxonomy of context and introduce Context-8, an evaluation dataset designed to assess 
context sensitivity in MT for English-to-Japanese translation. The initial release includes 130 groups comprising 533 
English-to-Japanese translation examples, each requiring different context categories to produce accurate and 
fluent translations. The data are taken from both hand-crafted and online materials. We release Context-81 to 
support the evaluation and benchmarking of MT systems with respect to context sensitivity. 

Keywords: context, dataset, machine translation, English-to-Japanese translation 

1. Introduction 
Understanding context is considered a sine qua 
non for translation, and its importance is widely 
acknowledged in translation studies. In recent 
years, Machine Translation (MT) research has 
increasingly incorporated context at various levels, 
as the field moves from sentence-level towards 
text-level translation (Bahdanau et al., 2015; 
Tiedemann and Scherrer, 2017; Maruf et al., 
2021). Despite its significance, the concept of 
context has not been systematically clarified. The 
term is used across numerous domains, including 
those that address beyond language-based 
communication (Brézillon, 2013), and is often 
“defined rather impressionistically” (van Dijk, 
2006). This situation is unsurprising given the 
breadth and flexibility of the term’s basic meaning. 
It is used to cover both linguistic and non-linguistic 
environments within which an utterance occurs. 
If we compare the range of concepts of context 
addressed in translation studies and in MT 
research, we find that translation studies employ 
a broader conception that covers both linguistic 
and non-linguistic context, whereas MT research 
tends to adopt a narrower, linguistic view. This 
may reflect the data-driven framework adopted in 
MT research, which in turn can limit how context 
sensitivity is understood and thus evaluated. To 
evaluate fully how contexts are reflected in MT 
systems, we need test sets that cover cases the 
translation of which requires taking into account a 
wide range of context categories. While there are 
some datasets for MT evaluation that take context 
into account, they are defined in task-oriented 
manner and they focus on some specific context 
categories instead of offering a comprehensive 
coverage. 

 
1 https://github.com/utlis/context-8 

In this paper, we first clarify the concept of context 
in language communication by reviewing existing 
definitions and proposing a taxonomy, in which 
context is divided into linguistic context with 3 
categories and non-linguistic context with 5 
categories. We then introduce Context-8, a 
context-sensitive evaluation dataset for MT. 
Context-8 covers eight context categories and is 
composed of groups of English-to-Japanese 
translation examples where different context 
categories need to be considered for translation. 
Its first release contains 130 groups (533 
examples, 1102 sentences in total). While 
examples within the same group share the same 
translation focus, they differ in the remaining parts, 
which often lead to different translations of the 
focus. The data are drawn from hand-crafted and 
online sources. We release the dataset to enable 
the assessment of context sensitivity in MT 
systems. 
This paper’s contributions are as follows: 
• a taxonomy that gives an overall picture of the 

concepts of context based on the review of 
context addressed in translation studies and 
MT research; 

• Context-8, a context-sensitive evaluation 
dataset for English-to-Japanese translation, 
which enables the evaluation and diagnosis of 
context sensitivity of MT models; and 

• a lightweight data-construction workflow that 
integrates hand-crafted items with web-
sourced examples for building similar datasets 
for other language pairs. 

In the following sections, we first review related 
work on context addressed in translation studies 
and MT research. We then introduce a taxonomy 
of context and detail the construction of Context-
8 including design principles, the constructing 

https://github.com/utlis/context-8
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procedures, data sources, dataset statistics and 
descriptions. We finally report illustrative 
experiments using Context-8 and conclude with 
future work and limitations. 

2. Related Work 
2.1 Context in Translation Studies and 

MT Research 
Context in Translation Studies: The concepts of 
context in translation studies are broadly 
construed, encompassing both linguistic and non-
linguistic context. Many studies refer to context as 
a critical factor for proper translation. We list 
below major categories of context introduced in 
translation studies: 
• lexico-grammatical context, which refers to 

elements that occur within the intratextual 
span of texts, including not only the immediate 
context or surrounding units (Nida, 1969; Joos, 
1972), but also the wider context (Nida, 1969; 
Newmark 1981).  

• intertextual context, which refers to other texts 
except the current text, including cross-book 
parallels (Nida, 1969), documents with 
background information, existing translations 
(Nida, 1964), non-translational target-
language texts on the same topic (Pym, 2014), 
and different versions of the source text in 
other languages (Pieta, 2023). 

• pragmatic context, which refers to phenomena 
including implicature, speech acts, relevance 
and conversation, as well as nonverbal 
communication (Mey, 1993) and the total 
discourse (Nida, 1964; Lindley, 1964). 

• situational context, which refers to the scene 
and the event in which the expression occurs 
(Bell, 1991; Gentzler, 1993); such scene and 
event is framed by field, tenor and mode 
features that specify the register of the text 
(Halliday, 1985).  

• cognitive context, which includes the 
purposes of the author (Poyatos, 1997), the 
purposes of the translator (Danks and Shreve, 
1997), decoding ability and potential interest 
of the audience (Gutt, 1991), and previous 
knowledge shared among communicators 
(Winter, 1964; Bell, 1991).  

• cultural context, which refers to cultural rules, 
conditions and practices that govern how 
people talk (Lindstrom, 1992), and relevant 
aspects of the social setting of an utterance 
(Leech, 1983). 

While these context categories together cover a 
wide range of context, they are not necessarily 
mutually exclusive or cover the same level of 
concepts of context. It is because context in 
translation studies is mostly discussed from a 
functional point of view, emphasizing the role of 
context in achieving translation equivalence 
rather than aiming to systematically categorize 
context. For human translators, these categories 

may be practically useful and sufficient, but further 
systematization would be still useful. 
Context in MT Research: The concepts of 
context in MT research have recently been 
extended to a wider range, but they still mostly 
focus on linguistic elements that can be 
represented in text. At the level of individual 
definitions, explicit and straightforward definitions 
of context are often not given. Instead, context is 
understood as factors that contribute to 
disambiguation, cohesion, or style. MT treats 
context in an operational, problem-driven way. 
Sentence-bound MT/SMT relied on intra-
sentential cues, caches, and simple domain hints, 
where context means the local text itself (Carpuat 
and Wu, 2007; Huang et al., 2012), and character-
surround context for transliteration (Goto et al., 
2003) or phrase-surround context for bilingual 
embeddings (Wu et al., 2014). Separately, some 
works involve coarse side information such as 
domain or topic tags and conversational metadata 
such as speaker or time/place, used as priors 
rather than textual context (Zhang and Bach, 
2009; Saluja et al., 2011). 
Early context-aware NMT then added small cross-
sentence windows on the source and target sides 
to handle pronouns, ellipsis, and lexical cohesion, 
typically using the previous sentence or next one 
or two sentences as context (Jean et al., 2017; 
Bawden et al., 2018; Voita et al., 2018).  
Document-level MT consolidated this shift by 
conditioning on whole documents, treating 
context as all sentences with their discourse 
relations: via hierarchical attention (Maruf et al., 
2019; Tan et al., 2019), selection of useful context 
sentences (Kang et al., 2020; Zhang et al., 2021), 
direct evaluation of deixis, ellipsis, and lexical 
cohesion (Voita et al., 2019), etc.  
In parallel, work framed context as controllable 
attributes for usage norms, so context denotes 
extra-textual controls that condition form and style: 
domain labels (Zeng et al., 2018), honorific level 
from speaker relations (Hwang et al., 2021), 
formality signals (Kim et al., 2023), speaker role 
and film-genre metadata textualized with 
surrounding utterances (Vincent et al., 2023; 
Vincent et al., 2024), gender cues supplied as 
separate prompts (Sharma et al., 2022), etc. 
Most recently, systems externalize context via 
retrieval and memory, so context comprises 
external textual resources and knowledge added 
to document-internal co-text: non-parametric kNN 
over translation states (Khandelwal et al., 2021; 
Wang et al., 2022), in-prompt exemplars and 
instructions (Agrawal et al., 2023; Hendy et al., 
2023), cross-cultural entity knowledge from 
multilingual KGs (Conia et al., 2024), culture-
specific evaluation frames (Yao et al., 2024), etc. 
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2.2 Datasets for MT Evaluation 
MT evaluation hinges on the design and 
availability of suitable datasets. Over the past 
decades, researchers have created datasets to 
support system development, and facilitate both 
automatic and human evaluation, ranging from 
sentence-level benchmarks to text- and 
document-level resources.  
Early evaluation datasets, such as Europarl 
(Koehn, 2005), JRC-Acquis (Steinberger et al., 
2006), MultiUN (Eisele and Chen, 2010), and the 
WMT shared tasks sets (Callison-Burch et al., 
2007), primarily consist of sentence-level parallel 
texts with adequacy and fluency scores. They 
contributed to the development and dissemination 
of widely used automated evaluation metrics, 
including BLEU (Papineni et al., 2002) and 
COMET (Rei et al., 2020).  
In parallel, several datasets have been proposed 
to support domain- or task-specific evaluation. 
These include the reading comprehension 
dataset for MT evaluation (Scarton and Specia, 
2016), an extension from CREG dataset (Ott et al., 
2012), M1.2 for MT engine evaluation (España-
Bonet et al., 2018), a dataset for corporate 
websites MT evaluation (Rivera-Trigueros and 
Olvera-Lobo, 2021), and a human-made dataset 
for speech-to-text and speech translation 
evaluation (Miller et al., 2021). While valuable in 
their respective contexts, these datasets 
generally do not focus on contextual factors. 
More recently, several datasets have been 
developed to explore context-dependent 
challenges. Bawden et al. (2018) introduces a 
dataset for evaluating discourse-level 
phenomena. Liu and Zhang (2020) presents a 
dataset for document-level NMT, emphasizing the 
necessity of broader context beyond sentence 
boundaries. MT-GenEval (Nadejde et al., 2022) 
evaluates gender translation accuracy using 
controlled counterfactual test cases. GuoFeng 
(Xu et al., 2022) and Zero Pronoun datasets 
(Shimazu et al., 2020) are valuable for testing 
zero pronoun recovery and translation. These 
datasets support fine-grained evaluation of 
linguistic phenomena, but most tend to 
concentrate on specific features, and may not 
cover a broader range of contextual 
considerations. 
A broader orientation appears in DiaBLa (Bawden 
et al., 2019), for example, presents bilingual 
spontaneous written dialogue, enabling 
exploration of interactive context and speaker 
roles, and DOLFIN (Nakhlé et al., 2025) focuses 
on financial documents, where maintaining cross-
sentence consistency is crucial. CoCoA-MT 
(Nadejde et al., 2022) explores non-linguistic 
contextual dimensions by providing parallel 
translations that vary in formality across multiple 
languages, making it suitable for evaluating 
formality control in MT output. MMTE (Wang et al., 

2024) introduces a multilingual test set and 
associated metrics that account for metaphorical 
equivalence, emotional tone, and cultural nuance. 
These datasets mark promising directions; 
however, a dataset that systematically 
incorporate a wide range of context is still missing. 

3. Taxonomy of Context 
To construct Context-8, we reviewed the concepts 
of contexts in communication studies, translation 
studies and MT research, and defined a 
systematic taxonomy of contexts with wide 
coverage. The concept categories defined in this 
taxonomy are used in the construction of Context-
8 as the contextual factors that affect translations. 
3.1 Framework of the Concept of 

Context 
To explore what context is, we reviewed 69 
papers that invoke the concept of context and 
identified 53 distinct definitions spanning multiple 
levels and perspectives. We then defined a 
framework that organized different categories of 
context, referring to two communication models 
as a broad framework: Hymes’ SPEAKING Model 
(Hymes, 1967) and SMCR model of 
communication (Berlo, 1960). Though these 
studies are old, they are well established as the 
basic model of communications and can be used 
as the basic starting point for our task of defining 
context categories. Table 1 presents the resulting 
framework. 

A Linguistic 
Context 

A1 Message  
A2 Language Events  
A3 Genre  

B Non-linguistic 
Context 

B1 Participants  
B2 Channel  
B3 Social-cultural System  
B4 Setting and Scene  
B5 Truth Value  

Table 1: Framework of concepts of context 

We then examined in detail the 53 definitions of 
context and grouped them by referring to the 
framework in Table 1. The resultant taxonomy is 
shown in Table 2 (See Appendix A for detailed 
category descriptions and examples). 

As shown in Table 1, the framework of concepts 
of context consists of A Linguistic Context and B 
Non-linguistic Context. 

3.2 Linguistic Context 
Regarding A Linguistic Context, we define 3 
categories that determine what is to be conveyed: 
A1 Message, A2 Language Events and A3 Genre. 
They correspond mainly to message and 
information to be delivered in the communication, 
including its contents and structure, and the 
communication process itself.  
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A Linguistic 
Context 

A1 Message 

A1.1 Code any group of symbols that can be structured in a way that is 
meaningful to some person (Berlo, 1960) 

A1.2 Content 

A1.2.a. discourse shared by speaker and hearer (Hurford, 2007) 
A1.2.b. information from the immediate setting surrounding an item in 
a text (Richards and Schmidt, 2010) 
A1.2.c. information that can be used to characterize the situation of 
an entity (a person/place/object) (Dey and Abowd, 2000) 

A1.3 Elements 

A1.3.a. specific parts of an utterance (or text) near or adjacent to a 
unit which is the focus of attention (Crystal, 1991) 
A1.3.b. stretch of utterance or text in which a linguistic element 
occurs (Asher, 1994) 
A1.3.c. text that accompanies other text (Halliday and Hasan, 1989) 

A1.4 Structure 

A1.4.a. the discourse around a word or expression (Asher, 1994) 
A1.4.b. intertextual context: relations with other texts (Halliday, 1985) 
A1.4.c. intratextual context: coherence within the text (Halliday, 1985) 
A1.4.d. a frame whose job is to frame content by delimiting that 
content from its surroundings (Bateson, 1972) 

A2 Language Events 

A2.a. a frame that surrounds the event being examined (Goffman, 
1974) 
A2.b. the configuration of field, tenor and mode features that specify 
the register of the text (Halliday, 1989) 

A3 Genre categories such as poem, myth, tale, proverb, riddle, curse, prayer, 
oration, lecture, commercial, form letter, editorial, etc. (Hymes, 1974) 

B Non-
linguistic 
Context 

B1 Participants 
 
(Sender, 
Receiver, 
Others) 

B1.1 Communication 
Skills 

B1.1.a. gestures of the speaker (Malinowski, 1923) (Duranti and 
Goodwin, 1992) 
B1.1.b. verbal and non-verbal action of the participants (Widdowson, 
2004) 

B1.2 Attitudes 
B1.2.a. the attentiveness of participants (Ochs, 1979) 
B1.2.b. an epistemological notion that reflects the properties of the 
thoughts that the speaker intended to convey (Jaszczolt, 2012) 

B1.3 Knowledge 

B1.3.a. knowledge shared by the speaker and hearer of what has 
been said earlier (Lyons, 1968) 
B1.3.b. a lore of understanding, an approach, a perspective 
(Goffman, 1974) 

B2 Channel a medium, a carrier of messages (Berlo, 1960) 

B3 Social-cultural System 

B3.a. relevant conventions, beliefs, and presuppositions of the 
speech community (Lyons, 1968; Ochs, 1979; Halliday, 1985) 
B3.b. the social and spatial framework within which encounters are 
situated (Duranti and Goodwin, 1992; Lyons, 1977) 
B3.c. the total cultural setting of the utterance (Malinowski 1923; 
Leech, 1983; Levinson, 1983; Lindstrom, 1992) 

B4 Setting and Scene 

B4.a. situations which prompt people to utter speech, include every 
object and happening in the universe (Bloomfield, 1953; Sperber and 
Wilson, 1986) 
B4.b. non-verbal goings-on — the total environment in which a text 
unfolds (Halliday, 1989) 
B4.c. information about its environment, such as location, time, 
temperature or user identity (Ryan et al., 1997) 

B5 Truth Value the status of being true or false in a given interpretation 

Table 2: Concepts of context
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The Message is defined as a physical product of 
the source, with Code, Content, Elements, and 
Structure being its four features (Berlo, 1960). 
The Code refers to a sign system to construct 
messages and to express information or a system 
of rules to convert information from one form into 
another, namely language. The Content refers to 
what was selected by the source to express their 
communicative purpose, namely information. The 
Elements refer to individual signs and symbols 
used, namely specific parts. And the Structure 
refers to the way these elements are arranged to 
their order. 

The Language Events refer to the process of 
delivering the message as a whole, and the 
relevant features of the situation of utterance 
(Lyons, 1995). And the process has an initial state, 
intermediary states, and a final state (van Dijk, 
1977). 

The Genre refers to the style or category of the 
message or a form or type of communication in 
any mode (written, spoken, digital, artistic, etc.). 
The notion of genre implies the possibility of 
identifying formal characteristics traditionally 
recognized (Hymes, 1974). 

3.3 Non-linguistic Context 
Regarding B Non-linguistic Context, we define 5 
categories that dependent from linguistic range 
but influence communication: B1 Participants, B2 
Channel, B3 Social-cultural System, B4 Setting 
and Scene, and B5 Truth Value. They correspond 
to actors involved in encoding and decoding 
messages, physical conditions and external 
environment of communication, and invisible 
circumstantial conditions that influence the 
process of message encoding and decoding. 
The Participants are further divided into Sender, 
Receiver and Others, who can be individuals or 
groups. The Participants are characterized by 3 
features: Communication Skills, Attitudes and 
Knowledge. The Communication Skills include 
encoding and decoding skills like gesturing to 
contribute to interpretation of messages being 
delivered. The Attitudes refer to a positive or 
negative stance the communicators take toward 
the topic of the communication. The Knowledge 
includes participants’ understanding of the subject 
being discussed, the knowledge of prior, ongoing, 
and future actions (verbal, non-verbal), the 
knowledge of senders and receivers, their beliefs, 
and assumptions about temporal, spatial, and 
social settings (Ochs, 1979) and the knowledge of 
the world.  
The Channel refers to the means the message 
being delivered. Choice of channel is the choice 
among oral, written, telegraphic, semaphore, or 
other medium of transmission of speech (Hymes, 
1974).  

The Social-cultural System refers to social and 
cultural rules governing the speech event and the 
participants’ actions and reactions, including 
background beliefs and values common in this 
culture. 
The Setting and Scene macroscopically refers to 
the physical circumstances as a frame including 
time and location, and microscopically refers to 
any other non-verbal goings-on including all 
objects and happenings involved in the process of 
communication.      
The Truth Value refers to the status of being true 
or false in a given interpretation. 

4. Data Set Construction 
4.1 Design Principle 
Drawing on the taxonomy of the concept of 
context, we define a methodology for constructing 
Context-8, a dataset for MT evaluation consisting 
of examples whose translation requires different 
context categories in order to produce accurate 
and fluent translations. The dataset is composed 
of groups of English-to-Japanese translation 
examples. We begin with the English-to-
Japanese pair in the first release. While some 
items are language-pair-dependent, a sizable 
portion of Context-8 is driven by properties of the 
English source. Combined with our construction 
workflow, this can support the construction of 
analogous datasets for other language pairs, 
including those with non-English source 
languages. The source text (hereafter ST) 
consists of groups of English examples. Each 
group is a contrastive set containing at least two 
examples. Examples within the same group share 
the same specific part as their translation focus 
(hereafter FOCUS) and differ in the surrounding 
text (hereafter CONTEXT). The FOCUS may be a 
word, phrase, sentence, or longer unit. In our 
design, the FOCUS serves as the primary 
evaluation target. The CONTEXT refers to the 
surrounding text that influences the interpretation 
and translation of the FOCUS. The CONTEXT 
may be a phrase, sentence, paragraph, or longer 
unit. The first example in each group presents the 
FOCUS alone, and the remaining examples in 
that group introduce alternative CONTEXTs.  
When adding CONTEXT, we consider all context 
categories introduced in Section 3. Holding 
FOCUS constant while varying CONTEXT allows 
controlled comparison and analysis of how 
different context categories affect translation. For 
each example, we provide a human translation as 
the target text (hereafter TT). 
An example is defined as context-sensitive if the 
translation of its FOCUS, either in form or in 
meaning, cannot be determined accurately 
without reference to context. That is, the same 
FOCUS demands different translations in different 
CONTEXTs. The key guiding criterion is that 
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context has a direct and essential influence on the 
translation.  
We present one example group below. The first 
example (4-0) presents the FOCUS, which is 
shown in italics. The other three examples (4-1, 4-
2, 4-3) introduce different CONTEXTs but all 
contain the FOCUS. The translation of the 
FOCUS may differ across examples. For clarity, 
we also provide a literal English gloss for each 
Japanese translation in parentheses. 

Example Group 
ST:  
4-0. It’s not working. 
4-1. Friday 3pm, hmm, it's not working for me. 
4-2. I pressed the power button twice, but it’s 
not working. 
4-3. I apologized and wanted to make up with 
Alex, but it’s not working. 
TT:  
4-0.それは動いていません。 (That is not 
moving.) 
4-1. 金曜日の午後 3 時ですか、うーん、私は
都合がつきません。(Friday at 3 p.m., hmm, I 
cannot make arrangements.) 
4-2. 電源ボタンを 2 回押したのですが、動い
ていません。 (I pressed the power button 
twice, but it is not moving.) 
4-3. アレックスに謝って仲直りしたかったの
ですが、うまくいっていません。(I wanted to 
apologize to Alex and make up, but it is not 
going well.) 

4.2 Constructing Procedures 
We collected examples partly from real-world 
sources and partly by constructing them manually. 
For real-world sources, we scanned multiple 
sources to locate segments whose FOCUS 
depends clearly on CONTEXT to be interpreted 
correctly. Candidate examples were selected 
based on their suitability for representing at least 
one context category. 
During this process, outputs from existing MT 
systems were used internally to identify which 
context categories are useful at the initial stage. 
These MT outputs were not stored or included in 
the final dataset but served as diagnostic aids for 
selecting representative or challenging examples. 
The MT systems used were Google Translate2, 
DeepL3, and TexTra4. An LLM (ChatGPT5) was 
also used for translation. This may be regarded as 
begging the question, but we did not 
straightforwardly adopt the examples and we did 

 
2 https://translate.google.com/  
3 https://www.deepl.com/translator  

not make choices depending on the performance 
of these systems. 
When real-world CONTEXT was insufficient or 
when specific context categories were 
underrepresented, examples were manually 
created to simulate realistic but controlled 
contextual contrasts. Manual examples were 
constructed with careful attention to naturalness, 
relevance, and alignment with observed MT 
system weaknesses.  
ST was reviewed by native English speakers to 
confirm grammatical accuracy and fluency. It was 
also reviewed by bilingual (English and Japanese) 
speakers to confirm that CONTEXT meaningfully 
affects the translation of the FOCUS. TT was 
provided by native Japanese speakers with 
advanced English proficiency. 
4.3 Data Sources 
As mentioned in 4.2, ST is either drawn from real-
world sources or created by hand. Real-world 
sources include publicly available written and 
online materials, covering a wide range of text 
types and registers. 
CONTEXT associated with each ST is similarly 
obtained from two sources. If a real-world ST 
contains sufficient surrounding text that serves as 
context, this CONTEXT is retained as-is. If ST 
does not include suitable CONTEXT, additional 
CONTEXT may be located from external real-
world sources or manually written to fit the 
scenario. For manually created ST, CONTEXT is 
also obtained accordingly, either from real-world 
sources or manually constructed, to simulate 
natural yet controlled contrasts. This approach 
ensures flexibility in constructing context-
sensitive examples while maintaining relevance to 
real-world translation challenges. 
4.4 Dataset Statistics and Description 
The first release of Context-8 consists of 130 
groups, 533 examples, and 1102 sentences in 
total. Each example is annotated with one or more 
context-category labels from our taxonomy (A1–
A3, B1–B5; see Section 3). In what follows, an 
example is assigned to a context category only 
when that category provides a relevant contextual 
cue for translating the focus accurately and 
fluently. Please note that context-category labels 
are non-exclusive: an example may be annotated 
with multiple context categories that jointly 
influence the translation of the FOCUS. We next 
report basic statistics of Context-8 with respect to 
the context categories listed in Table 2.  
For A1 Message, all 130 groups of 533 examples 
are annotated as message-sensitive. These 
examples reflect a range of linguistic phenomena, 
including lexical translation choices such as 
nouns, verbs, or idiomatic expressions, cases 

4 https://textra.nict.go.jp/  
5 https://openai.com/index/chatgpt/  

https://translate.google.com/
https://www.deepl.com/translator
https://textra.nict.go.jp/
https://openai.com/index/chatgpt/
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where surrounding text determines the 
appropriate sense of a word, and cases where 
terms must be translated consistently across 
occurrences. We also cover structural 
phenomena, such as coherence within a text, 
intertextual references that shape translation, and 
intratextual cues that constrain how a given unit is 
rendered in the target language. 
For A2 Language Events, 47 groups of 193 
examples are annotated as language-event-
sensitive, in which the type of communicative 
event provides the key contextual cue for 
translation. These examples reflect 6 types of 
language events with 14 categories, i.e. 
institutional and organizational communication 
(adjudication, education and academia, 
journalism, organizational and business 
communication, and public service encounters), 
task and operational communication 
(collaborative coordination, and procedural 
command communication), ritualized 
communication (ritual and ceremony), public and 
mediated communication (public address, and 
computer-mediated communication), 
interpersonal communication (phatic communion, 
and narrative discourse), and scripted and 
creative communication (literary adaptation, and 
audiovisual localization). 
For A3 Genre, 24 groups of 98 examples are 
annotated as genre-sensitive, in which genre 
information provides the key contextual cue for 
translation. These examples reflect 30 genres 
(Buck, 2016), i.e. newspaper article, satire, 
personal letter, greeting card, academic essay, 
schedule, things-to-do list, political campaign 
posters, poetry, song lyrics, autobiographical 
essay, business letter or correspondence, speech 
or debate, testimonial, animation, textbook article, 
science article or report, encyclopaedia article, 
dialogue of a conversation among two or more 
people, ghost story, recipe, brochure, TV 
advertisement or infomercial, restaurant 
description or menu, how-to or directions booklet, 
wedding/graduation or special event invitation, 
website, blog posting, Facebook update, and 
news program story or announcement. 
For B1 Participants, 30 groups of 136 examples 
are annotated as participant-sensitive, in which 
participant information provides the key 
contextual cue for translation. These examples 
reflect 12 types of interpersonal relationships, i.e. 
6 personal-domain relationships (strangers, 
acquaintances, friends, close friends, romantic 
partners, and family hierarchical relations) and 6 
institutional relationships (colleagues, superior 
and subordinate, teacher and student, 
professional and client, service staff and customer, 
and public authority and citizen); 13 common 
gestures/actions of participants in communication, 
i.e. nodding, head shaking, eye contact, smiling, 
frowning, hand raising, pointing, hand waving, 
shrugging shoulders, leaning forward, leaning 

back, crossing arms, and clapping; 13 types of 
attitudes as communicative stances, i.e. 
cooperative, defensive, supportive, critical, 
aggressive, passive, empathetic, enthusiastic, 
skeptical, polite, ironical, dominant, and 
submissive; and 7 audience types by level of 
understanding, i.e. expert audience, 
knowledgeable lay audience, general public, 
novice, child audience, multilingual or second-
language audience, and special-needs audience. 
For B2 Channel, 23 groups of 94 examples are 
annotated as channel-sensitive, in which channel 
information provides the key contextual cue for 
translation. These examples reflect 12 channel 
types, i.e. oral (face-to-face conversation, 
telephone, voice messaging, audio broadcast, 
video conference), written (handwritten letters 
and postcards, printed publications, email, text 
messaging, instant messaging, online forums), 
and visual-gestural (emoji). 
For B3 Social-cultural System, 23 groups of 90 
examples are annotated as social-cultural-
sensitive, in which social-cultural information 
provides the key contextual cue for translation. 
These examples reflect culturally anchored 
phenomena that make context salient in 
translation, including culture-specific expressions, 
idioms and proverbs, conventional metaphors, 
allusions and intertextual references, genre 
conventions and fixed expressions, politeness 
norms and honorific systems, address forms and 
titles, taboo and euphemism, ritual or religious 
formulae, and measurement and calendrical 
systems. 
For B4 Setting and Scene, 15 groups of 54 
examples are annotated as setting-and-scene-
sensitive, in which setting-and-scene information 
provides the key contextual cue for translation. 
These examples reflect the immediate 
environment of communication, including 
situations and objects that prompt speech, the 
non-verbal goings-on that form the background in 
which a text unfolds, and information about the 
physical environment. 
For B5 Truth Value, 9 groups of 29 examples are 
annotated as truth-value-sensitive, in which truth-
value information provides the key contextual cue 
for translation. These examples reflect 3 truth 
values, i.e. truth, false, and true in some world. 

5. Experiments 
5.1  Experimental Setup 
To demonstrate the usefulness of Context-8, we 
conduct baseline experiments with three 
commercial MT systems and an LLM system. The 
purpose of this experiment is to provide the 
results of a single baseline as an initial 
comparison point for future efforts. Context-8 can 
be used either for developer-oriented diagnostics 
of MT/LLM systems under development or for 
user-oriented benchmarking of existing systems. 
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In this paper, we take the latter perspective and 
evaluate publicly available MT and LLM systems. 
Translations were produced by Google Translate6, 
DeepL 7 , TexTra 8 , and an LLM (GPT-5.2) 9 , 
yielding one Japanese output per example for 
each system. We normalized whitespace and 
preserved punctuation; no additional tokenization 
was applied.  
5.2 Evaluations 
We evaluate all examples in Context-8. We adopt 
the reference-free COMET-QE metric (Rei et al., 
2020) with the public checkpoint Unbabel/wmt20-
comet-qe-da. We also compute reference-based 
COMET scores using Unbabel/wmt20-comet-da 
to compare system outputs against the reference 
translation. Both metrics return a segment-level 
score for each example. 
We also evaluate the translation of the FOCUS 
within each example. To obtain the corresponding 

target fragments, we first extract aligned spans 
from the system outputs using SimAlign (Jalili 
Sabet et al., 2020), a word alignment method 
based on multilingual BERT, and then manually 
correct the extracted fragments when necessary. 
Following common practice, we report: 
• system-level mean at the example level: 

arithmetic average across all examples 
• system-level mean at the FOCUS level: 

arithmetic average across all FOCUS 
• context-category-wise means at the example 

level: arithmetic averages over examples 
within each of the 8 context-category labels 
(A1–A3, B1–B5)10 

• context-category-wise means at the FOCUS 
level: arithmetic averages over FOCUS within 
each of the 8 context-category labels (A1–A3, 
B1–B5) 

 

Category No. COMET-QE (reference-free) COMET-DA (reference-based) 
Google DeepL TexTra GPT-5.2 Google DeepL TexTra GPT-5.2 

Mean 533 0.4277 0.3883 0.3648 0.4205 0.6724 0.5937 0.6244 0.7652 
A1 533 0.4277 0.3883 0.3648 0.4205 0.6724 0.5937 0.6244 0.7652 
A2 193 0.4328 0.3695 0.3367 0.4101 0.7022 0.6037 0.6129 0.8061 
A3 98 0.4069 0.3775 0.3547 0.3959 0.6806 0.5645 0.6067 0.7056 
B1 136 0.4928 0.4525 0.4108 0.4708 0.8247 0.7785 0.7572 0.8662 
B2 94 0.4608 0.4180 0.4195 0.4437 0.7849 0.6732 0.7259 0.8679 
B3 90 0.2989 0.2609 0.2468 0.3046 0.2835 0.2297 0.3787 0.5300 
B4 54 0.3624 0.3096 0.3169 0.3118 0.6624 0.5401 0.6520 0.7776 
B5 29 0.5121 0.4972 0.5173 0.5180 0.8858 0.8106 0.8819 0.9375 

Table 3: Mean COMET-QE and COMET-DA by context category (example level) 
 

Category No. COMET-QE (reference-free) COMET-DA (reference-based) 
Google DeepL TexTra GPT-5.2 Google DeepL TexTra GPT-5.2 

Mean 533 0.5293 0.4818 0.4661 0.4925 0.5940 0.5365 0.5645 0.6998 
A1 533 0.5293 0.4818 0.4661 0.4925 0.5940 0.5365 0.5645 0.6998 
A2 193 0.5162 0.4140 0.4148 0.4469 0.5522 0.4582 0.4692 0.7067 
A3 98 0.5231 0.5130 0.5131 0.5331 0.6668 0.6015 0.5600 0.6503 
B1 136 0.6307 0.6322 0.5450 0.6031 0.8517 0.8045 0.8230 0.9124 
B2 94 0.5235 0.4850 0.4931 0.5134 0.8075 0.7084 0.7540 0.8996 
B3 90 0.2966 0.2555 0.2313 0.2284 0.0077 -0.0372 0.1687 0.3003 
B4 54 0.5054 0.3932 0.4571 0.4224 0.5257 0.4756 0.5583 0.7268 
B5 29 0.6408 0.6516 0.6417 0.6574 0.9915 0.9904 1.0380 1.0586 

Table 4: Mean COMET-QE and COMET-DA by context category (FOCUS level) 

 
6 https://translate.google.com/ (accessed 2026-02-28) 
7 https://www.deepl.com/translator (accessed 2026-03-
01) 
8 https://textra.nict.go.jp/ (accessed 2026-03-02) 
 
9 We used OpenAI GPT-5.2 for English to Japanese 
translation (accessed 2026-03-04). Prompt: “You are a 
machine translation engine. Translate from English to 

Japanese. Do not add or omit information. Preserve 
meaning exactly. Output Japanese only.” The model 
was applied independently to each example. 
10 As mentioned in Section 4.4, context-category labels 
are non-exclusive: an example may be annotated with 
multiple context categories that jointly influence the 
translation of the FOCUS. 

https://translate.google.com/
https://www.deepl.com/translator
https://textra.nict.go.jp/
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5.3 Results 
In this section, we summarize the experimental 
results. Table 3 reports mean COMET-QE and 
COMET-DA at the example level, and Table 4 
reports the corresponding scores at the FOCUS 
level.  
Across the MT systems, both COMET-QE 
(reference-free) and COMET-DA (reference-
based) yield modest scores at both the example 
and FOCUS levels, suggesting that many items in 
Context-8 remain challenging for these systems. 
By contrast, the LLM (GPT-5.2) attains higher 
scores, especially under the reference-based 
COMET-DA metric. 
Across the eight context categories, the broad 
ordering is similar between the example-level and 
FOCUS-level views, though the exact ranking 
varies by metric and system. In particular, B1 
Participants and B2 Channel tend to be among 
the higher-scoring categories, whereas B3 Social-
cultural System and B4 Setting and Scene tend to 
score lower across systems. These differences 
suggest that examples associated with different 
context categories may pose different difficulties; 
however, because examples can carry multiple 
context-category labels and data sizes are 
uneven, the per-category means combine system 
behaviour with corpus composition. Accordingly, 
the results should be interpreted as descriptive 
diagnostics, not as causal evidence that any 
context category is easier or harder for MT/LLM 
systems to handle. We therefore avoid drawing 
causal conclusions from the ranking alone.  
Comparing the two metrics, COMET-DA scores 
are consistently higher than COMET-QE across 
systems and context categories. The absolute 
scales of the two metrics are not directly 
comparable, and we primarily use them as 
complementary views: COMET-QE provides a 
reference-free baseline, while COMET-DA 
provides a reference-based baseline. 
Comparing the example-level and FOCUS-level 
results across Tables 3 and 4, we observe 
different tendencies under COMET-QE and 
COMET-DA. Under COMET-QE, FOCUS-level 
scores are often higher than example-level scores, 
suggesting that the FOCUS can be translated 
plausibly in isolation but becomes less 
appropriate when broader context is considered. 
In contrast, under COMET-DA, example-level 
scores are often higher, suggesting that matching 
the reference translation benefits from the 
broader textual context available at the example 
level. Since the FOCUS-level view is derived from 
extracted target fragments (with manual 
correction when necessary), we interpret such a 
gap as a descriptive diagnostic signal rather than 
a definitive measure of context benefit. 
Overall, the results suggest that translating 
context-dependent text remains a challenging 

task, calling for further development. Reporting 
both per-example and per-FOCUS means 
provides complementary diagnostics, and can 
guide dataset growth and model development. 

6. Conclusions 
This study introduces a context-sensitive dataset 
for MT evaluation, motivated by the growing 
recognition of context as an important factor in 
both translation studies and MT research. We 
proposed a systematic taxonomy of context with 
broad coverage, clarifying that context 
encompasses both linguistic context and non-
linguistic context, and compared how context is 
addressed in translation studies and in MT 
research; the broader treatment in translation 
studies offers guidance for incorporating richer 
contextual information into MT. We also 
presented a dataset that allows systematic 
exploration of how different context categories 
influence translation. The dataset is composed of 
groups of English-to-Japanese translation 
examples where FOCUS remains constant while 
CONTEXT varies, enabling controlled 
observation of context effects. The first version 
has demonstrated the feasibility of this approach, 
while also highlighting the complexity of capturing 
and evaluating context-sensitive translation 
phenomena. We hope this study will support 
further studies on context in MT evaluation and 
contribute to the development of more context-
aware translation systems. Future work will 
expand and refine the dataset, focusing on 
improving the coverage and quality of examples 
that involve more complex context phenomena. 
We will also further validate the dataset with other 
automatic metrics and human evaluation and 
provide clear usage guidelines. We hope that the 
public release of the dataset will provide a useful 
resource for researchers interested in evaluating 
context-sensitive MT. 

7. Limitations 
One of the limitations in this work is that the 
current scale of the dataset is still small, which 
restricts fine-grained analyses by context 
category. Coverage is still uneven across context 
categories, and some non-linguistic categories 
(e.g., B4 Setting and Scene) are 
underrepresented. And most examples are short 
snippets, so results may not fully reflect long-
range discourse effects. 
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Appendix 

A: Context Category Descriptions and 
Examples 

This appendix provides detailed descriptions of 
the eight context categories defined in Section 3. 
For each category, we provide a representative 
example group with the source text (ST) and a 
reference translation (TT), and, where helpful, we 
add a brief literal gloss in parentheses. 
A1 Message: Message as context, as defined in 
Section 3.2, concerns information that is internal 
to the message itself and that is necessary to 
interpret and translate the FOCUS within the 
same communicative message. It covers both 
what is encoded in the message and how it is 
packaged, including the code and symbolic 
resources used to express meaning, the 
discourse content made available within the 
ongoing message, relevant co-textual elements 
that accompany the FOCUS and constrain its 
interpretation, and structural relations that 
organize the message and connect the FOCUS to 
other parts of the text, for example, coherence 
relations and requirements for consistent 
rendering across mentions. As illustrated below, 
the word “bank” is underdetermined in isolation, 
but the surrounding text clarifies whether it refers 
to a financial institution or a riverbank, leading to 
different translations. 

Example Group (Excerpt) 
ST:  
1-0. He went to the bank. 
1-1. He went to the bank and changed his 
money. 
1-2. He went to the bank and took a walk along 
the river. 
TT:  
1-0. 彼は銀行に行きました。(He went to the 
bank.) 
1-1. 彼は銀行に行って両替をしました。(He 
went to the bank and exchanged money.) 
1-2. 彼は川岸に行って散歩をしました。(He 
went to the riverbank and took a walk.) 

A2 Language Events: Language Events as 
context, as defined in Section 3.2, concern the 
situational context in which an utterance is 
produced and interpreted, namely the 

communicative event and its relevant features 
that constrain what the speaker is doing with the 
utterance and how it should be understood. This 
includes the activity in which the speech is 
embedded and the event-level frame that 
provides resources for interpretation, such as 
what type of interaction it is, what the participants 
are doing, and what counts as an appropriate 
contribution in that situation. As illustrated below, 
the same surface expression “Cheers!” receives 
different translations depending on the language 
event, for example, a toast in a drinking situation 
versus a conventional response in everyday 
exchange, and recognizing the event is necessary 
to choose an appropriate translation. 

Example Group (Excerpt) 
ST:  
2-0. Cheers! 
2-1. A: "It has been a long time since I had a 
beer." 
B: "Cheers!" 
A: "Cheers!" 
2-2. A: "I will send you the photos later." 
B: "Cheers!" 
2-3. A: "Oh thank you for helping me!" 
B: "Cheers!" 
TT: 
2-0. 乾杯！(Cheers!) 
2-1. A：「久しぶりにビールを飲みます。」 

B：「乾杯！」 
A：「乾杯！」(A: “It’s been a long time since I 
had a beer.” / B: “Cheers!” / A: “Cheers!”) 
2-2. A: 「後で写真を送りますね。」 

B: 「ありがとうございます！」(A: “I’ll send 
you the photos later.” / B: “Thank you!”) 
2-3. A: 「ああ、手伝ってくれてありがとうご
ざいます！」 
B: 「とんでもないです！」(A: “Ah, thank you 
for helping me!” / B: “You’re welcome.”) 

A3 Genre: Genre as context, as defined in 
Section 3.2, concerns the style or category of the 
message, that is, the type of communicative 
activity in which an utterance is produced, in 
which genre expectations are necessary to 
interpret the FOCUS and choose an appropriate 
translation. Genre cues can come from lexical and 
structural patterns typical of particular text types, 
such as news reporting, official statements, or 
narrative writing, and they guide how information 
should be framed, what register is appropriate, 
and what wording sounds natural in the target 
language. As illustrated below, the same core 
proposition is expressed in different genres, and 
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the translations differ accordingly in register, 
phrasing, and discourse style. 

Example Group (Excerpt) 
ST:  
82-0. The person was later found deceased. 
82-1. Following an extensive investigation, it 
was concluded that the person was later found 
deceased due to hypothermia, with no 
evidence of foul play. 
82-2. According to the police, the person went 
missing from her home on the morning of Dec. 
20, 2024, and was later found deceased. 
82-3. They clung to hope as the hours dragged 
on, but by dawn, their worst fears were 
confirmed: the person was later found 
deceased, lying silently beneath the snow. 
TT: 
82-0. その人はのちに死亡しているのが確認
されました。(It was later confirmed that the 
person had died.) 
82-1. 大規模な捜査の結果によりますと、そ
の人は低体温症によって死亡していたとのち
に判明し、事件性はないとされました。
(According to the results of a large-scale 
investigation, it was later found that the person 
had died of hypothermia, and the case was 
deemed not to involve any foul play.) 
82-2. 警察によりますと、その人は 2024 年 12
月20日の朝、自宅から行方不明となり、その
後死亡しているのが確認されました。
(According to the police, the person went 
missing from home on the morning of 
December 20, 2024, and was later confirmed 
dead.) 
82-3. 時間が経過する中、彼らは希望に縋り
ついていた。しかし夜明けには、彼らにとっ
て最悪な絶望が現実のものとなった。その人
は遺体で発見されたのである。雪の下で、静
かに横たわっていた。(As time passed, they 
clung to hope. But by dawn, their worst despair 
had become reality. The person was found 
dead, lying quietly beneath the snow.) 

B1 Participants: Participants as context, as 
defined in Section 3.3, concern information about 
the sender, the receiver, and other relevant 
parties involved in a communicative event, in 
cases where such information is necessary to 
interpret the FOCUS and choose an appropriate 
translation. Other relevant parties may include 
additional addressees in group communication, 
overhearers or bystanders present in the situation, 
and, in translation, the translator as an active 
participant. This category includes participant 
roles and relationships, as well as participant-

 
11  The example numbers correspond to the original 
corpus IDs and may therefore be non-consecutive. 

related factors that shape meaning and form, 
such as communicative actions (verbal and non-
verbal), interactional skills, stances and attitudes, 
and knowledge assumed to be shared between 
participants. It also includes the receiver’s 
assumed knowledge and level of expertise, for 
instance whether the message is addressed to a 
child or an adult, or to a lay audience or a 
specialist audience, since these assumptions 
affect how information should be framed and 
expressed. As illustrated below, the same English 
expression “Thank you” can function as a polite 
response, a sincere expression of appreciation, or 
an interactionally marked utterance, and the 
appropriate rendering varies accordingly. 

Example Group (Excerpt11) 
ST:  
47-0. Thank you. 
47-2. “Then why do you never come near me?” 
she said. “Or kiss me, or talk to me. Why do 
you think I can bear it, what reason have you 
for treating me like that? Have you any 
reason?” 
“Yes,” I said, “I have a reason,” and added very 
softly, “My God.” 
… 
“Thank you for clarifying,” she said, raising her 
eyebrows. 
47-3. “I’m glad to hear that! You did an 
excellent job, and your hard work made a big 
difference.” 
“I appreciate that. It means a lot to have your 
guidance. Thank you again!” 
47-5. “Dad, Grandma’s on the phone!” Gary 
ambled across the yard. 
“Dad!” 
“Thank you, Aaron, I heard you the first time.” 
TT: 
47-0. ありがとうございます。(Thank you.) 
47-2. 「じゃあ、どうして私の近くに来ない
の？」と彼女は言った。「キスもしないし、
話しかけてもくれない。どうして私が耐えら
れると思うの？どうして私をあんな風に扱う
の？何か理由があるの？」 

「ええ」と私は答えた。「理由があるの」そ
して、とても優しく「マイゴッド」と付け加
えた。 

... 

「はっきり言ってくれてありがとう」と彼女
は眉を上げて言った。(“Then why don’t you 
come near me?” she said. “You don’t even kiss 
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me, and you won’t even talk to me. Why do you 
think I can stand it? Why do you treat me like 
that? Is there some reason?” “Yes,” I 
answered. “There is a reason,” and I added 
very gently, “my God.” … “Thank you for 
saying it plainly,” she said, raising her 
eyebrows.) 
47-3. 「それは嬉しいです！本当に素晴らし
いお仕事でした。その努力が大きな違いを生
みました。」 

「ありがとうございます。ご指導いただけて
本当に助かります。ありがとうございます！」
(“That’s wonderful! You did a truly great job. 
Your effort made a big difference.” “Thank you. 
Your guidance really helped me. Thank you!”) 
47-5. 「お父さん、おばあちゃんから電話だ
よ！」ゲイリーは庭をのんびりと横切った。 

「お父さん！」 

「わかってるよ、アーロン。一回目で聞こえ
たよ。」 (“Dad, Grandma’s on the phone!” 
Gary strolled across the yard. / “Dad!” / “I know, 
Aaron. I heard you the first time.”) 

B2 Channel: Channel as context, as defined in 
Section 3.3, concerns the medium through which 
a message is delivered and the communicative 
conventions associated with that medium. It also 
includes mode-related features such as spoken 
versus written communication and how the text is 
presented in the communicative event, in cases 
where such channel features are necessary to 
interpret the FOCUS and choose an appropriate 
translation (Berlo, 1960; Halliday, 1985; Halliday 
and Hasan, 1976). As illustrated below, the 
channel cues whether the translation should read 
like a brief instruction, a legal clause, a system 
guide entry, or a formal customer notice, and this 
affects lexical choices and politeness/register in 
the translation. 

Example Group 
ST:  
83-0. To cancel, please contact us one month 
in advance. 
83-1. Termination of this agreement requires 
prior notice. To cancel, please contact us one 
month in advance. 
83-2. Top > Appointment Booking System 
Usage Guide 
2023/12/18 
To cancel, please contact us one month in 
advance. 
83-3. Dear Customer, 
Thank you for choosing our service. To cancel, 
please contact us one month in advance. Let 
us know if we can assist any further. 
Best regards, 

TT: 
83-0. キャンセルされる場合は、1ヶ月前まで
にご連絡ください。(If you wish to cancel, 
please contact us at least one month in 
advance.) 
83-1. 本契約の解約には事前のご連絡が必要
となります。ご希望の場合は、1 ヶ月前まで
にお知らせください。 (Termination of this 
contract requires prior notice. If you wish to 
terminate, please inform us at least one month 
in advance.) 
83-2. トップ > 予約システム利用ガイド 
2023/12/18 
予約をキャンセルされる場合は、1 ヶ月前ま
でにご連絡ください。 
(Top > Reservation System User Guide / 
2023/12/18 / If you wish to cancel your 
reservation, please contact us at least one 
month in advance.) 
83-3. お客様各位 
この度は当社のサービスをご利用いただきあ
りがとうございます。本サービスの解約をご
希望の場合は、1 ヶ月前までにご連絡くださ
い。他にご不明点がございましたら、お気軽
にお問い合わせください。(Dear Customers, / 
Thank you for using our service. If you wish to 
cancel this service, please contact us at least 
one month in advance. If you have any other 
questions, please feel free to contact us.) 

B3 Social-cultural System: Social-cultural 
System as context, as defined in Section 3.3, 
concerns the shared social and cultural 
background that makes an utterance interpretable 
in a particular community. This includes culturally 
shared beliefs and values, expectations about 
acceptable behaviour, and community-level 
presuppositions that are taken for granted in 
communication (Malinowski, 1923; Berlo, 1960; 
Lyons, 1968; Halliday, 1985; Duranti and 
Goodwin, 1992; Lindstrom, 1992). Importantly, 
this involves not only the source-language culture 
that motivates the meaning of an expression, but 
also the target-language culture that provides 
conventionalized ways of expressing that 
meaning (Givón, 1984; Crystal, 2003; Bach, 
2005). As illustrated below, a culture-bound idiom, 
for example, can be translated using an 
established target-language idiom or a 
paraphrase. 

Example Group 
ST:  
102-0. Don’t count your chickens before they 
hatch. 
102-1. Bonuses aren’t final yet. Don’t count 
your chickens before they hatch. 
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102-2. The manager warned: “Let’s not count 
our chickens before they hatch. There’s still 
work left to get the deal over the line.” 
102-3. You may get the job, but don’t count 
your chickens before they hatch; wait for the 
offer letter before you throw a party. 
TT: 
102-0. 捕らぬ狸の皮算用はしてはいけません。
(Don’t count on profits from a raccoon dog you 
haven’t caught yet, don’t count your chickens 
before they hatch.) 
102-1. ボーナスはまだ確定していません。喜
ぶのはまだ早いです。 (The bonus isn’t 
confirmed yet. It’s too early to celebrate.) 
102-2. マネージャーは警告しました。「捕ら
ぬ狸の皮算用はやめましょう。取引を成立さ
せるには、まだやるべきことが残っています。
(The manager warned, “Let’s stop counting on 
profits from a raccoon dog before they hatch. 
There’s still work to do to close the deal.”) 
102-3. 仕事は決まるかもしれませんが、まだ
確定したわけではありません。パーティーを
開く前に、まずは内定通知が来るのを待ちま
しょう。(You might get the job, but it’s not 
confirmed yet. Before throwing a party, wait for 
the offer letter first.) 

B4 Setting and Scene: Setting and Scene as 
context, as defined in Section 3.3, concerns 
situational and environmental information that 
accompanies an utterance and is relevant to its 
interpretation, such as where and when an 
utterance occurs, what objects or events are 
present, and what non-verbal circumstances are 
ongoing, in cases where such information is 
necessary to interpret the FOCUS and choose an 
appropriate translation. As illustrated below, the 
surrounding setting (platform signage, police tape, 
a protest placard) determines what “the line” 
refers to and therefore affects the most natural 
Japanese rendering. 

Example Group 
ST:  
119-0. Do not cross the line. 
119-1. The yellow edge stencil on the platform 
reads: “Do not cross the line.” 
119-2. Blue-and-white police tape reads: “Do 
not cross the line.” 
119-3. A union steward held a placard: “Do not 
cross the line.” 
TT: 
119-0. 線を越えないで。(Don’t cross the line.) 
119-1. ホームの黄色い縁には「線の内側まで
お下がりください」と書かれています。(On 
the yellow edge of the platform it says, “Please 
stand back behind the line.”) 

119-2. 青と白の警察用テープには「立入禁止」
と書かれています。(On the blue-and-white 
police tape it says, “No entry.”) 
119-3. 労働組合の担当者は「このラインを越
えないで」と書かれたプラカードを掲げた。
(A union representative held up a placard that 
said, “Don’t cross this line.”) 

B5 Truth Value: Truth Value as context, as 
defined in Section 3.3, concerns whether a 
proposition is to be interpreted as true or false in 
the relevant discourse world, and what 
information is needed to establish that 
interpretation. Following Schumacher (2012), we 
treat truth value not as an abstract property of an 
utterance, but as the situational or factual 
conditions that make the utterance true or false, 
which can in turn affect the appropriate translation. 
B5 is related to B4 Setting and Scene, but B4 
concerns the physical setting or ongoing scene, 
whereas B5 concerns facticity and world 
knowledge that determine the intended truth-
conditions of the message. As illustrated below, 
the word “oldest” can be misconstrued as “oldest 
in history”; however, even when historical 
information is mentioned, world knowledge about 
what would make the statement true suggests 
that the intended meaning is better captured as 
“oldest in population”. 

Example Group 
ST:  
122-0. Japan is the world's oldest country. 
122-1. Japan is the world's oldest country, with 
more than 30 percent being over 60 years old. 
122-2. Japan is the world's oldest country, with 
its origin going back to 660 BC. 
TT:  
122-0. 日本は世界で最も高齢化が進んでいる
国です。(Japan is the country in which aging 
has progressed the most in the world.) 
122-1. 日本は世界で最も高齢化が進んでいる
国であり、全人口のうち30パーセントを超え
る人が 60歳以上です。(Japan is the country 
in which aging has progressed the most in the 
world, and among the total population more 
than 30 percent of people are 60 years old or 
above.) 
122-2. 日本は世界で最も高齢化が進んでいる
国であり、その起源は紀元前 660 年に遡りま
す。(Japan is the country in which aging has 
progressed the most in the world, and its origin 
goes back to 660 BC.) 

B: Data Format (JSON) 
This appendix describes the released JSON 
format of Context-8. The dataset is provided as a 
single JSON file with three top-level fields: 
schema_version, category_map, and items. 
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category_map specifies the mapping from 
context-category codes to category names. items 
contains a list of examples. Each example 
includes the following fields: group_id (group 
identifier), sid (example identifier within group), st 
(English source text), ref (Japanese reference 
translation), context_impact (whether the context 
mainly affects accuracy or fluency), and 
context_categories (a non-exclusive list of 
assigned context-category codes). Labels are 
non-exclusive, so one example may appear under 
multiple categories.  
JSON example (one item): 
{ 
      "group_id": 1, 
      "sid": "1-0", 
      "st": "He went to the bank.", 
      "ref": "彼は銀行に行きました。", 
      "context_impact": "accuracy", 
      "context_categories": [ 
         "A1", 
         "A2" 
      ] 
} 

C: FOCUS-level Scoring Procedure 
In addition to example-level evaluation, we also 
report scores at the FOCUS level. For each 
example, we extract the target-language fragment 
in the system output that corresponds to the 

FOCUS in the source. We first obtain an 
automatic word alignment between the source 
sentence and the system output using SimAlign 
(Sabet et al., 2020), and then derive a minimal 
contiguous target span aligned to the FOCUS. 
Because automatic alignment can be imperfect, 
we manually correct the extracted target 
fragments when necessary, primarily to adjust 
span boundaries (e.g., inclusion or exclusion of 
function words and punctuation) while preserving 
the system output. These extracted fragments are 
used to compute FOCUS-level COMET scores. 

D: LLM Prompt and Inference 
Settings 

This appendix documents the prompt used for 
generating LLM translations in our experiments, 
to support reproducibility. 
Model: GPT-5.2 (accessed on 2026-03-04). 
System prompt: 
None (the system prompt was left empty). 
User prompt: 
“You are a machine translation engine. Translate 
from English to Japanese. Do not add or omit 
information. Preserve meaning exactly. Output 
Japanese only.” 
Output constraints: The model was instructed to 
output only the Japanese translation, without 
additional explanations or formatting. 
Inference settings: We used the default API 
settings for this model. When an explicit 
temperature parameter was not supported, we 
used the model’s default settings.

 


