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Abstract

Metaphor is a pervasive phenomenon in language that shapes how people conceptualize and communicate complex
ideas. Detecting and interpreting metaphor is not only relevant for linguistic theory but also for many Natural Language
Processing (NLP) applications, from machine translation to sentiment analysis, to mention a few. Despite its relevance,
no open-source annotated corpus of metaphors exists for one of the world’s most widely spoken languages: Brazilian
Portuguese. This paper addresses this gap by presenting an extension of Meta4XNLI, Meta4XNLI-ptBR, with token-
level metaphor annotation in Brazilian Portuguese. To achieve this, we propose a pipeline that combines automatic
translation via language models with human annotation, following guidelines adapted from MIPVU and Meta4 XNLI.
The final corpus contains 1,784 human-annotated sentences, of which 42.26% contain at least one metaphorical to-
ken. To our knowledge, this is the first open corpus of its kind for Brazilian Portuguese, and it is already freely available.

Keywords: metaphor detection, Brazilian Portuguese, corpus annotation, Meta4XNLI

1. Introduction

Metaphor is a pervasive phenomenon in natural lan-
guage, occurring frequently in everyday communi-
cation across domains such as politics, economics,
health, and social interaction. Far from being re-
stricted to literary or poetic language, metaphor
is deeply embedded in ordinary discourse, shap-
ing how speakers describe abstract ideas, eval-
uate situations, and structure arguments. Ac-
cording to Lakoff and Johnson (1980), metaphors
can be understood as systematic mappings be-
tween a source domain, typically more concrete
and grounded in physical experience, and a tar-
get domain, usually more abstract. Through these
cross-domain mappings, abstract concepts such
as democracy, institutions, or emotional states are
partially structured in terms of more concrete expe-
riences such as physical force, combat, or material
transformation.

This phenomenon is reflected in naturally occur-
ring data. For example, in the Meta4XNLI corpus
(Sanchez-Bayona and Agerri, 2025), we find sen-
tences such as the following, where italicized words
denote metaphorical usage:

(a) His lordship spoke sharply;

(b) It could defeat democracy;

(c) Mafias don't dissolve.

In (a), sharply evokes the physical property of
sharpness to characterize a manner of speaking; in
(b), defeat frames democracy in terms of combat;
andin (c), dissolve draws on the physical process of
material dissolution to describe the persistence of

criminal organizations. In each case, lexical items
extend beyond their more basic physical meanings
to structure more abstract concepts.

Research in automatic metaphor processing has
traditionally focused on two main tasks: metaphor
detection and metaphor interpretation. The for-
mer aims to identify whether words or expressions
are used metaphorically or non-metaphorically—at
varying levels such as token, phrase, or sen-
tence—while the latter seeks to infer their intended
literal meaning. The present work focuses on the
first task, addressing metaphor detection at the
token level.

In recent years, the development of annotated
corpora has played a central role in advancing this
area by providing essential data for model devel-
opment and systematic evaluation. Despite the
progress, existing resources remain concentrated
in a limited number of languages, with English being
by far the most represented. Parallel resources are
even rarer, though crucial for studying metaphor in
cross-lingual and multilingual settings. Meta4XNLI
represents an important step in this direction, ex-
tending the XNLI (Conneau et al., 2018) and es-
XNLI (Artetxe et al., 2020) corpora with metaphor
annotations for the token-level detection task in
English and Spanish. However, no comparable
resource currently exists for Brazilian Portuguese,
leaving an important gap for research on metaphor
detection in one of the world’s most widely spoken
languages.

In this paper, we address this gap by present-
ing a new human-annotated corpus for token-level
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metaphor detection in Brazilian Portuguese. Our
resource extends MetadXNLI by combining au-
tomatic translation via language models with hu-
man annotation following guidelines adapted from
MIPVU (Steen et al., 2010) and Meta4XNLI. As a
result, Meta4XNLI-ptBR provides a reasonably bal-
anced set of metaphorical and non-metaphorical
instances. To our knowledge, this is the first open
corpus of its kind for Brazilian Portuguese.

By making this corpus publicly available, we aim
to foster further research on metaphor processing
in Brazilian Portuguese and to support the develop-
ment of multilingual and cross-lingual approaches
to metaphor detection.

In summary, the main contributions of this paper
are as follows:

* We present MetadXNLI-ptBR, the first open
human-annotated corpus for token-level
metaphor detection in Brazilian Portuguese.

* We define a pipeline that integrates auto-
matic translation using large language mod-
els (LLMs) and human annotation, following
adapted MIPVU and Meta4 XNLI guidelines.

* We make the corpus, annotation guidelines,
and supporting code publicly available' to fos-
ter future research on metaphor detection in
Brazilian Portuguese and other languages.

The remainder of this paper is organized as
follows. Section 2 reviews related studies on
metaphor annotation guidelines, corpora used for
metaphor detection, and metaphor processing in
Brazilian Portuguese. Section 3 details the con-
struction of Meta4dXNLI-ptBR, including the trans-
lation and annotation phases. Section 4 presents
the resulting corpus. Section 5 concludes the pa-
per and outlines directions for future work. Finally,
Section 6 presents the limitations.

2. Related Work

2.1. Annotation Guidelines

The Pragglejaz Group (2007) introduced the
Metaphor Identification Procedure (MIP) as a sys-
tematic method for identifying metaphorically used
lexical units in discourse. The protocol operates
at the lexical level. First, the text is segmented
into lexical units. For each lexical unit, annotators
determine its contextual meaning within the sen-
tence and then establish whether the lexical unit
has a more basic meaning in other contexts, typi-
cally more concrete, bodily-related, or historically
older. If the contextual meaning contrasts with the

"Mttps://github.com/LALIC-UFSCar/Meta
4XNLI-ptBR

basic meaning but can be understood in compari-
son with it, the lexical unit is marked as metaphori-
cal. This procedure provides a systematic way for
distinguishing metaphorical from non-metaphorical
usage.

MIPVU (Steen et al., 2010) extends the original
MIP framework to support large-scale corpus anno-
tation. It specifies procedures for identifying lexical
units, including multi-word expressions and func-
tion words, and formalizes decision criteria for de-
termining metaphorical usage. In addition, MIPVU
distinguishes among different types of metaphorical
expressions, including indirect metaphors, direct
metaphors, and metaphor signals. These exten-
sions provide a structured framework for corpus-
based annotation, which has been adopted in sev-
eral metaphor corpora.

2.2. Metaphor Detection Corpora

The VU Amsterdam Metaphor Corpus (Krennmayr
and Steen, 2017) is one of the largest token-level
resources for English. It was annotated following
the MIPVU guidelines and comprises 16,202 sen-
tences drawn from 115 text fragments of the BNC
Baby corpus 2. The corpus includes four regis-
ters—academic texts, fiction, news texts and con-
versations.

Two widely used English benchmarks focus
specifically on verb metaphors, in which target
verbs are annotated as either metaphorical or non-
metaphorical. The TroFi corpus (Birke and Sarkar,
2007) contains 3,737 sentences from the Wall
Street Journal corpus, covering 50 verbs with an-
notated instances across contexts. The MOH-X
corpus (Mohammad et al., 2016) consists of 647
sentences derived from WordNet (Miller, 1995) ex-
amples, including annotated target verbs in each
sentence.

Beyond English, metaphor corpora have been
created for other languages. The CoMeta corpus
(Sanchez-Bayona and Agerri, 2022) provides 3,633
Spanish sentences annotated according to MIPVU,
covering multiple genres. The PROMETHEUS cor-
pus (Ozbal et al., 2016) includes 1,054 English
proverbs annotated at the token-level, along with
aligned ltalian equivalents, enabling cross-lingual
analysis of metaphor in a specific domain.

The Meta4XNLI corpus (Sanchez-Bayona and
Agerri, 2025) comprises 13,320 sentences derived
from the XNLI (Conneau et al., 2018) and esXNLI
(Artetxe et al., 2020) benchmarks and enriched with
token-level metaphor annotations for English and
Spanish. The annotations were produced following
the MIPVU guidelines. The corpus maintains the
original premise—hypothesis structure and entail-

thtps ://natcorp.ox.ac.uk/corpus/baby
info.html

1669


https://github.com/LALIC-UFSCar/Meta4XNLI-ptBR
https://github.com/LALIC-UFSCar/Meta4XNLI-ptBR
https://natcorp.ox.ac.uk/corpus/babyinfo.html
https://natcorp.ox.ac.uk/corpus/babyinfo.html

N
PHASE I: Automatic Translation

MetadXNLI
corpus
(English and
Spanish)

Stage 1: Model selection and
optimization

Stage 2: Generation of translation
candidates

Stage 3: Translation quality
assessment and selection

MetadXNLI
instances
translated into
Brazilian
Portuguese

N
PHASE II: Human Annotation

Stage 4: Selection of a subset for
annotation

MetadXNLI-ptBR

[ Stage 5: Annotator training j

[ Stage 6: Annotation rounds ]
&

Figure 1: Overview of the Meta4XNLI-ptBR construction pipeline, illustrating the two main phases: (l)
automatic translation of Meta4XNLI texts into Brazilian Portuguese and (Il) human annotation for metaphor

detection.

ment labels while adding token-level metaphor tags,
enabling research on metaphor detection. The re-
source also supports experiments on metaphor in-
terpretation within an inference-based setting. In
this work, we extend the metaphor detection layer
of Meta4XNLI to Brazilian Portuguese, maintain-
ing compatibility with its annotation scheme and
focusing exclusively on the detection task.

2.3. Metaphor Processing in Brazilian
Portuguese

In the context of Brazilian Portuguese, research on
metaphor detection remains scarce. One notable
contribution is “A Program for Finding Metaphor
Candidates in Corpora” (Sardinha, 2010), which
focused on a specific domain but relied on anno-
tated corpora that were not released as publicly
available benchmark datasets. While significant as
an early step in computational metaphor studies for
Portuguese, its limited availability and scope have
restricted its broader use in NLP.

More recently, Stellet et al. (2025) proposed
Meta4BR, an approach that leverages back-
translation and outputs from multiple LLMs to eval-
uate the quality of metaphor translations from En-
glish into Brazilian Portuguese. The study relies
on NewsMet, a corpus of news headlines focusing
on metaphorical verbs (Joseph et al., 2023), where
each sentence is labeled for the presence or ab-
sence of metaphor. The results demonstrate the po-
tential of creating metaphor corpora for Portuguese
based on existing resources in other languages,
while also highlighting the importance of refined
analyses in cases of model disagreement and lit-
eral renderings. However, no annotated corpus is
produced in (Stellet et al., 2025).

Thus, to the best of our knowledge, no
open, human-annotated corpus for metaphor
detection currently exists for Brazilian Por-
tuguese—particularly not at a more fine-grained
level such as the token level.

Our contribution situates itself at the intersection
of these research threads: grounded in conceptual
metaphor theory, building on established annota-
tion protocols, and extending existing multilingual

metaphor corpora to a new language. By doing
so, we provide the first publicly available corpus for
metaphor detection in Brazilian Portuguese, foster-
ing future research in metaphor processing.

3. MetadXNLI-ptBR Construction
Pipeline

Meta4 XNLI-ptBR is a human-annotated corpus
of Brazilian Portuguese texts for metaphor detec-
tion. It extends the Meta4XNLI corpus by adding
Brazilian Portuguese translations and correspond-
ing metaphor annotations for a subset of the in-
stances. Meta4XNLI instances were automatically
translated into Brazilian Portuguese and subse-
quently manually reviewed and annotated in the
same stage. Figure 1 provides an overview of this
pipeline, illustrating the sequence of stages from
model selection and translation quality assessment
to the human annotation rounds that produced the
Meta4d XNLI-ptBR corpus. The following subsec-
tions describe each phase in detail.

3.1.

The translation of English and Spanish sentences
from Meta4XNLI into Brazilian Portuguese was car-
ried out in two main stages. First, we identified
optimal combinations of LLMs, configurations, and
prompts using the training partition. Then, we ap-
plied these settings to translate the test partition
of MetadXNLI. This partition was chosen to sup-
port the creation of an evaluation dataset for the
metaphor detection task for Brazilian Portuguese.

In the first stage, we conducted experiments
to determine the most effective setups for a lan-
guage pair with available ground truth in the corpus.
Specifically, we used English texts as source, gen-
erated Spanish translations, and compared them
against the references. To do this, we relied on a
subset of the training partition, the largest partition
of the dataset (7,259 instances, compared to 3,630
in the test partition and 2,431 in the development
partition). From this partition, we selected 2,000
texts: half containing metaphors in English and half
not containing metaphors.

Translation Process
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For model selection, we prioritized open-source
LLMs accessible via the Grog API3. We initially
tested the following models: DeepSeek R1 Dis-
till Llama 70B (Guo, 2025), Gemma 2 9B (Gemma
Team, 2024), Llama 3 8B (Al@Meta, 2024a), Llama
3 70B (Al@Meta, 2024b), Llama 3.1 8B (Al@Meta,
2024c), Llama 3.3 70B (Al@Meta, 2024d), Llama
4 Maverick 17B (Al@Meta, 2025a), Llama 4 Scout
17B (Al@Meta, 2025b), Mistral Saba 24B (Mistral
Al Team, 2025), and QwQ 32B (Qwen Team, 2025).
Our initial runs set temperature and top_p as (0.2,
0.95) to reduce randomness while preserving lim-
ited diversity. We designed two prompt variants:
one for metaphorical texts, where we highlighted
annotated metaphors and instructed the model to
preserve them, and another for non-metaphorical
texts. In both cases, we framed the model as a pro-
fessional translator and restricted outputs to Span-
ish translations only.

Evaluation was conducted with XCOMET-XL
(Guerreiro et al., 2024), a neural metric for transla-
tion quality assessment. We used the reference-
based setup to identify the best translation configu-
rations. Our results showed that Llama 4 Scout 17B
and Llama 4 Maverick 17B achieved the highest
average XCOMET-XL scores on both metaphori-
cal and non-metaphorical texts. After identifying
these two top-performing models, we conducted
additional experiments to further optimize their de-
coding parameters. Specifically, we tested four
additional configurations: two optimized for non-
metaphorical texts (more deterministic) and two for
metaphorical texts. These configurations were ap-
plied only to the best-performing models because
testing every possible combination across all nine
models would have been computationally expen-
sive and redundant once the most promising can-
didates had been identified.

Additional tests were performed with Sabia 3.1
(Abonizio et al., 2024). Unlike previous models,
which were primarily trained on multilingual data,
Sabia 3.1 was specifically trained and optimized on
Brazilian Portuguese corpora, potentially making
it more suitable for translation into this target lan-
guage. This characteristic made it an interesting
candidate for inclusion in our experiments. Using
the same prompts and configurations as the previ-
ous experiments, we generated translations from
both English and Spanish sources and evaluated
them with XCOMET-XL without reference.

In the final stage, we translated the test par-
tition into Brazilian Portuguese using the best
model—configuration pairs identified in the previous
experiments (Table 2). We considered both English
and Spanish source texts, yielding six candidate
translations per instance (three models applied to
two source languages). We then evaluated the

Shttps://grog.com

candidates with XCOMET-XL without reference, us-
ing the English versions as source texts. For each
instance, we selected the candidate with the high-
est score as the final output, regardless of which
model(s) generated it.

3.1.1.

Table 1 presents the XCOMET-XL results for the
three models selected for the translation phase:
Llama 4 Maverick 17B, Llama 4 Scout 17B, and
Sabia 3.1. Each model was evaluated on transla-
tions generated from both English (en) and Span-
ish (es) source texts, considering three data sub-
sets: metaphorical, non-metaphorical, and overall.
The metaphorical and non-metaphorical subsets
comprised 898 and 2,732 instances for English,
and 616 and 3,014 instances for Spanish, respec-
tively. For each configuration, we report the aver-
age XCOMET-XL score, the number of instances in
which the model achieved the highest score (wins),
the number of cases with a strictly higher score than
all others (strict wins), and the number of sentences
that reached the maximum score of 1.0.

Across all models, translations of non-
metaphorical sentences achieved higher XCOMET-
XL scores than those containing metaphors,
reflecting the well-known difficulty of preserving
figurative meaning in machine translation. Despite
this challenge, all three models produced high-
quality outputs overall, with average scores above
0.87 across all configurations.

Among the evaluated models, Sabia 3.1 slightly
outperformed the Llama 4 models on metaphorical
sentences, while maintaining comparable results
on non-metaphorical ones. This may be related
to its training on Brazilian Portuguese data, which
could enhance lexical adequacy, syntactic fluency
in this target language, and even culturally contex-
tualized word use. In contrast, the Llama 4 models
displayed very stable performance across subsets,
suggesting robustness in their general translation
behavior.

These findings suggest that models trained
specifically on Brazilian Portuguese data may pro-
vide subtle advantages for complex linguistic phe-
nomena such as metaphor, while general multilin-
gual models remain strong and reliable for large-
scale translation workflows.

Results

3.2. Annotation Process

Annotation was carried out by six native speakers
of Brazilian Portuguese: four with a background in
computer science and two in linguistics. The group
was predominantly female and represented a range
of educational backgrounds, including undergrad-
uate, master’s, and PhD levels. Participants were
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Level Source Model Avg. Score # Wins # Strict Wins # Max Score
en Llama 4 Maverick 17B 0.9339 2044 638 830
en Llama 4 Scout 17B 0.9347 2110 703 836
Overall en Sabia-3.1 0.9361 2106 701 845
es Llama 4 Maverick 17B 0.9179 2214 669 747
es Llama 4 Scout 17B 0.9155 2170 649 735
es Sabia-3.1 0.9171 2124 600 727
en Llama 4 Maverick 17B 0.9144 404 195 140
en Llama 4 Scout 17B 0.9117 421 207 140
Metaphorical en Sabié-3..1 0.9171 469 247 160
es Llama 4 Maverick 17B 0.8846 304 131 90
es Llama 4 Scout 17B 0.8760 296 135 86
es Sabia-3.1 0.8883 320 154 88
en Llama 4 Maverick 17B 0.9403 1640 443 690
en Llama 4 Scout 17B 0.9423 1689 496 696
Non-metaphorical en Sabia-3.1 0.9424 1637 454 685
es Llama 4 Maverick 17B 0.9247 1910 538 657
es Llama 4 Scout 17B 0.9236 1874 514 649
es Sabia-3.1 0.9230 1804 446 639

Table 1: Automatic translation results by level (overall, metaphorical, and non-metaphorical). Models
were evaluated with XCOMET-XL (reference-free) on translations from English (en) and Spanish (es) into
Brazilian Portuguese. Bold values indicate the best score within each group.

Model Metaphorical Non-metaphorical

Llama 4 Maverick 17B (0.7, 0.9) (0.4, 0.85)
Llama 4 Scout 17B (0.2, 0.95) (0.2,0.7)
Sabia-3.1 (0.7, 0.9) (0.2,0.7)

Table 2: Best temperature and top_p configurations
for each model.

mostly in their twenties, with two more experienced
annotators in their forties.

As in Meta4XNLI, annotation was performed at
the token level, framing metaphor detection as a se-
quence labeling task. We adopted the Meta4 XNLI
annotation guidelines, which are grounded in the
MIPVU framework. The guidelines were manually
translated into Brazilian Portuguese, and all illus-
trative examples were adapted accordingly.

The annotation procedure consisted of the follow-
ing steps. First, annotators read the entire sentence
to understand its overall meaning. Second, they
segmented the sentence into lexical units. Third,
for each lexical unit, annotators determined its con-
textual meaning, that is, how the word is interpreted
in relation to the surrounding elements in the sen-
tence. This step required considering both preced-
ing and following context.

Next, annotators examined whether the lexical
unit had a contemporary meaning used with a more
basic sense in other contexts. A meaning was
considered more basic if it was typically (i) more
concrete, (ii) more directly related to sensory expe-
rience (e.g., touch, sight, hearing), (iii) associated
with physical movement, or (iv) more precise (as
opposed to vague). Importantly, the most basic
meaning was not necessarily the most frequent

one.

When a basic meaning was identified, annota-
tors assessed whether it contrasted with the con-
textual meaning while still allowing the contextual
meaning to be understood in comparison with the
basic one. If such a contrastive yet comparable
relationship was present, the lexical unit was anno-
tated as metaphorical. As illustrated in the example
provided in the original Meta4XNLI guidelines, con-
sider the sentence "It is impossible to build a State
project.” The lexical unit under analysis is "to build."
Its basic meaning according to the Cambridge Dic-
tionary* is "to make something by putting bricks
or other materials together." Its contextual mean-
ing in this sentence refers to creating or develop-
ing a State project. Since the contextual meaning
contrasts with the basic meaning but can be un-
derstood in comparison with it, this lexical unit is
labeled as metaphorical.

For the identification of basic meanings, anno-
tators consulted the Houaiss dictionary®, selected
due to its accessibility and online availability.

To build the corpus, we used automatically trans-
lated texts from the previous phase, aiming for a
more balanced distribution of non-metaphorical
and metaphorical cases. Selecting metaphori-
cal instances proved challenging, both because
they were less frequent in the corpus (919 in-
stances that were metaphorical in at least one of
the source languages, English or Spanish) than
non-metaphorical ones (2,711 instances that were

*https://dictionary.cambridge.org/
5https ://houaiss.uol.com.br/houaisson
/apps/uol_www
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non-metaphorical in both languages) and because
they generally received lower XCOMET-XL scores
on average (0.9472 for metaphorical vs. 0.9657
for non-metaphorical). To address this, we applied
stricter criteria to non-metaphorical cases, includ-
ing only those that reached the maximum score
of 1, since they were abundant. For metaphorical
cases, in contrast, we lowered the threshold to 0.9,
as very few achieved the maximum score.

The annotation process began with a training
phase of 50 instances: 25 non-metaphorical and
25 metaphorical. All six annotators labeled these
independently, after which disagreements were
resolved through discussion until consensus was
reached. The main annotation phase unfolded over
three rounds. During this stage, annotators worked
in rotating trios that changed weekly. Each anno-
tator received 110 instances per week, including
20 shared with their trio to calculate inter-annotator
agreement (IAA). Across the training phase and
the three annotation rounds, a total of 1,790 unique
instances were annotated. Of these, 6 instances
were discarded due to lack of context or low transla-
tion quality when annotators did not provide substi-
tute versions. At the end of the annotation rounds,
all 62 disagreement cases were processed as fol-
lows: for each token, the annotation with the major-
ity label was automatically selected, and a seventh
reviewer, with a background in computer science
and experience in automated metaphor processing,
then revised the cases, making the final decision.

3.2.1. Inter-Annotation Agreement (IAA)

To ensure the reliability of the annotation process,
IAA was measured in each of the three annotation
rounds. Agreement was computed using Fleiss’ x
for trios and Cohen’s « for each pair of annotators
within the trio, following the configuration described
in the previous section. Table 3 reports the « values
obtained across all rounds.

According to the interpretation proposed by Lan-
dis and Koch (1977), « values between 0.31-0.40
indicate fair agreement, 0.41—-0.60 indicate mod-
erate agreement, 0.61—-0.80 indicate substantial
agreement, and values above 0.80 correspond to
almost perfect agreement. Overall, the agreement
levels observed in our study ranged from moderate
to substantial. Fleiss’ « values varied between 0.46
and 0.65, indicating a consistent understanding
of the annotation guidelines across different trios.
Pairwise Cohen’s x values showed similar behavior,
oscillating between 0.34 and 0.74 across rounds.
The variation observed between pairs reflects the
inherent subjectivity of metaphor identification, par-
ticularly given that the annotated texts consisted
of isolated sentences that often provided limited
contextual information, leading to divergent yet jus-
tifiable interpretations. A slight improvement was

observed in the final round, suggesting that the
annotators became more aligned as they gained
experience with the guidelines and the corpus’s
specificities.

4. The MetadXNLI-ptBR Corpus

Meta4XNLI-ptBR comprises a total of 1,784 anno-
tated sentences for the metaphor detection task at
token-level. Table 4 summarizes the overall compo-
sition of the corpus in terms of instances and tokens.
At the sentence level, 754 instances (42.26%) con-
tain at least one metaphorical token, while 1,030
instances (57.74%) are non-metaphorical. Atthe to-
ken level, the corpus includes 25,083 tokens in total,
of which 1,082 (4.31%) are annotated as metaphor-
ical and 24,001 (95.69%) as non-metaphorical. Al-
though the goal was to create a balanced corpus,
several factors contributed to non-metaphorical in-
stances being more prevalent: the original corpus
contained fewer metaphorical instances, metaphor-
ical instances generally received lower translation
quality scores compared to non-metaphorical ones,
and a considerable amount of instances (205) that
were metaphorical in Spanish or English did not
retain a metaphorical meaning in Brazilian Por-
tuguese.

Table 5 presents selected instances from the
Metad4 XNLI-ptBR corpus. It also displays the orig-
inal texts and annotations from Meta4XNLI to il-
lustrate cross-linguistic patterns of metaphorical
alignment among Brazilian Portuguese, English,
and Spanish. The instances were selected to allow
a clearer comparison of how metaphorical mean-
ing is preserved, altered, or lost across Brazilian
Portuguese, English, and Spanish for equivalent
sentences.

41.

To investigate the distribution of metaphors across
grammatical categories, each token in the corpus
was assigned a part-of-speech (POS) label using
the spaCy library®. Based on these annotations,
we calculated, for each POS: the total number of to-
kens, the number of metaphorically labeled tokens,
and the corresponding proportion of metaphoric
usage within that class. Figure 2 illustrates this
distribution, where the total number of tokens per
POS is represented by the full bar height, and the
darker lower segment indicates the subset of to-
kens identified as metaphoric.

It is important to note that, according to the anno-
tation guidelines, only verbs, nouns, adjectives, and
adverbs were eligible for metaphor labeling. How-
ever, during the automatic part-of-speech tagging
process performed by spaCy, a few metaphorically

Data Analysis

bhttps://spacy.io/
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Group / Metric Round 1 Round 2 Round 3
Fleiss’ « (Trios) 0.46/0.62 0.52/0.56 0.48/0.65
Cohen’s  (Pair A) 0.46/0.60 0.55/0.65 0.41/0.65
Cohen’s x (Pair B) 0.34/0.57 0.51/0.42 0.61/0.60
Cohen’s x (PairC) 0.74/0.74 0.51/0.61 0.49/0.71

Table 3: Inter-annotator agreement scores (Fleiss’ and Cohen’s k) across three annotation rounds. Each
round involved two trios. The table also presents pairwise agreement.

Category Count
Sentences

Metaphorical sentences
Non-metaphorical sentences
Total sentences

Tokens

Metaphorical tokens
Non-metaphorical tokens
Total tokens

754 (42.26%)
1,030 (57.74%)
1,784

1,082 (4.31%)
24,001 (95.69%)
25,083

Table 4: Summary of the composition of the
Metad4 XNLI-ptBR corpus by type of sentence and
token.

tokens W Metaphorical tokens

6000 7.54%
5000
4000

13.29%
3000

Token count

2000 8.34%
1.61%

1000

———
VERB NOUN ADJ ADV
Part of speech (POS)

Figure 2: Proportion of metaphorical tokens by
POS.

labeled tokens were assigned to other grammat-
ical categories (e.g., adpositions, pronouns, and
determiners). A manual review of these cases re-
vealed that such tokens were typically part of a
broader lexical unit that contained one of the four
categories eligible for annotation, thus preserving
the consistency of the annotation criteria.

Thus, Figure 2 presents the distribution of
metaphorically annotated tokens across the main
part-of-speech (POS) categories in the corpus.
Metaphorical usage is observed primarily in verbs
(442), followed by nouns (436) and adjectives (152),
with a smaller presence in adverbs (23).

5. Conclusions and Future Work

This paper presented the extension of Meta4XNLI
for Brazilian Portuguese. Meta4XNLI-ptBR is the
first linguistic resource of this kind and a valuable
resource for boosting research on metaphor detec-
tion in Portuguese.

The next step in this research is to use the final
annotated corpus as a test set to evaluate LLMs
on the token-level metaphor detection task. The
best-performing approach will be used to automati-
cally annotate the full Meta4XNLI translations pro-
duced in the first phase of our proposed pipeline.
By doing so, we intend to produce a full version of
Meta4 XNLI-ptBR.

6. Limitations

Meta4 XNLI-ptBR has limitations. The first one is its
small size compared to the full Meta4XNLI. We ac-
knowledge that 1,784 sentences are only 13.39%
of the full Meta4XNLI corpus (which consists of
13,320 sentences). As our next effort to address
this limitation, we intend to semi-automatically ex-
tend the corpus using the generated corpus to train
automatic metaphor-detection models that will label
the remaining sentences.

Another limitation lies in the automatic transla-
tion approach we adopted to extend Meta4 XNLI for
Brazilian Portuguese. By starting from the transla-
tion of sentences originally in English or Spanish,
the generated versions may not have the expected
fluency in the target language. To address this limi-
tation, we asked the human annotators to review
the automatically translated sentences into Brazil-
ian Portuguese and suggest alternative versions
that might be more appropriate. That happened in
22 cases.

A final limitation of our approach is that although
the annotation process was carried out by six na-
tive speakers of Brazilian Portuguese, with good
inter-annotator agreement, we acknowledge that
a more extensive annotation effort could lead to
more reliable metaphor annotations.
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# Brazilian Portuguese (ptBR) English (en)

Spanish (es)

1 Obrigado por apoiar o Museu de
Arte de Indianapolis em 1999.

Thank you for supporting the Indi-
anapolis Museum of Art in 1999.

Gracias por apoyar al Museo de
Arte de Indianapolis en el 1999.

2 OK, vocé consegue me ouvir?

OK, can you hear me?

Vale, ¢ puedes oirme?

3 As barreiras para o compartil-
hamento de informagdes ainda es-
tavam em vigor apds dois anos.

Information sharing barriers were
still in place after two years.

Dos afios después, aun existian ob-
staculos para compartir la informa-
cion.

4 Esta mistura coloca o corpo em

alerta e tensao. under stress.

This mix puts the body on alert and

Esta mezcla pone al cuerpo en
alerta y tension.

5 inclua um comercial da Coca-Cola
ai

throw a Coke ad in there

lanza un anuncio de cola ahi dentro

Table 5: Examples of metaphorical alignment across Brazilian Portuguese (ptBR), English (en), and
Spanish (es). Tokens marked in bold were annotated as metaphorical.
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