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Figure 3: Screenshot of interface.
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Figure 4: Subsetting the test set to see the impact of filters.

Figure 5: Identifying sentences where all providers do poorly, or there is a large variance between translations.

Figure 6: Identifying sentences where a single provider performs the best or the worst.
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5. Conclusion
In this demo, we show an intuitive interface that al-
lows user to debug and analyze MT systems in isola-
tion or against each other through the use of a vari-
ety of filters such as test sets, metrics, input sentence
properties, topic, etc. The interface can be extended to
include additional filters such as lexical, morphologi-
cal, and syntactic features. As the scenarios we pre-
sented suggest, the application of filters can help iden-
tify poorly performing topics, which my indicate gaps
in training data, mistakes in reference translations, and
even shortcomings in evaluation metrics. Other filtra-
tion scenarios may uncover other problems that may
be intrinsic to a specific MT system or common across
multiple systems. To access the complete platform and
other benchmarking services, aiXplain11 membership
is required.
For future work, we plan to integrate correlations be-
tween features of input sentences and evaluation met-
rics. This would allow us to introduce more sophis-
ticated filters and sentence ranking functions, such as
showing the worst performing sentences across all MT
systems given the morphological feature that correlates
most with a given evaluation metric. Another interest-
ing direction entails providing additional filters such as
lexical, morphological, and syntactic features. We also
plan to integrate human-in-the-loop evaluation in our
platform to supplement our automatic metrics.
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