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Figure 3: Screenshot of interface.
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Figure 4: Subsetting the test set to see the impact of filters.

Language Pair Topic Metric
en-de x Aa Corpus [_Socie(y&culmre x ] [hleu x ] Aa Provider Aa MinLength Aa MaxLength

Comparison Between Different Providers

Least Variance by lowe:

source ~ reference metric name  metric mean ~ metric stdev  corpus category circle MT

There might be some way of treating that as true. ngist,”  bleu 339

°

ted2020.en  Society & Culture s kbnnte eine Mogl
Franky will look out for you.

bleu 202 0 subtitlesen Society & Culture  Franky wird auf dich
bleu 286 0 ted2020en  Society&Culture  Und wenn man dard
bleu 366 0 ted2020en Society&Culture  Und andere mdgen s
It's not a matter of life or death, is it? bleu 281 0 subtitlesen Society &Culture  Esgeht nichtum Leb
1had to punish them for that. it, bleu 13 0 subtitlesen Society & Culture Ich musste sie dafiir
Rows1-60f10 « »
Most Variance By Metric
source reference metric name  metric mean  metric stdev " circle MT
Panbanisha s longing to go for a walk in the woods. bleu 58.71 4132
bleu 3718 3881
“Thank you very much. Vielen Dank. bleu 7303 3845 Danke sehr.
To new beginnings. Auf Neuanfinge bleu 4641 3809  Zuneuen Anfangen
They're coming. Sie kommen. bleu 8333 3727  Sie kommen.
bleu 4835 3328
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Figure 5: Identifying sentences where all providers do poorly, or there is a large variance between translations.

Language Pal Metric Provider
de-en Aa Corpus Aa Topic [’cometﬁqe x ] [squareﬁMT x ] Aa Min Length Aa Max Length

Single Provider

Worst Performing Sentences

source reference translation [l
Sieb in bi ie wett das bringt nicht viel ein. ki i inis h, but it don't amount to much. They burn a little booze, they bet... but that doesn't pay much. s
Leben in M d v i indi legen L i ... don't know, wherever the hell you fat cats go . Living wherever such money bags like tolieinthe sun. s
Mache ich die Lasche an der Kante, verbraucht sie einen Halbkreis Papier. If1 put the flap on the edge, it uses a half circle of paper. If I make the flap on the edge, it consumes a semicircle of paper. s
Wer bei kann in der o ins enli t dawn, can die fulfilled that night. Whoever attains enli d die full at night. s
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Best Performing Sentences
source reference translation provider  metric_name  metric va
Elizaveta. Elizaveta. Elizaveta. square MT  comet_ge o
Ich liebe dich. -Iloveyou. ~Ilove you. square MT  comet_ge o
Es knnte per in, per E-Mail, oder per Adresse It could be a phone number, it could be an e-mail address, it could be a postal address. It could be by phone, by email, or by postal address. ~square MT  comet_qe 0

‘Yeah, es tut mir Leid. Yeah, 'm sorry. Yeah, I'm sorry. square MT  comet_ge 0

Rows 1-40f 10 « »

Figure 6: Identifying sentences where a single provider performs the best or the worst.
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5. Conclusion

In this demo, we show an intuitive interface that al-
lows user to debug and analyze MT systems in isola-
tion or against each other through the use of a vari-
ety of filters such as test sets, metrics, input sentence
properties, topic, etc. The interface can be extended to
include additional filters such as lexical, morphologi-
cal, and syntactic features. As the scenarios we pre-
sented suggest, the application of filters can help iden-
tify poorly performing topics, which my indicate gaps
in training data, mistakes in reference translations, and
even shortcomings in evaluation metrics. Other filtra-
tion scenarios may uncover other problems that may
be intrinsic to a specific MT system or common across
multiple systems. To access the complete platform and
other benchmarking services, aiXplaiIE-] membership
is required.

For future work, we plan to integrate correlations be-
tween features of input sentences and evaluation met-
rics. This would allow us to introduce more sophis-
ticated filters and sentence ranking functions, such as
showing the worst performing sentences across all MT
systems given the morphological feature that correlates
most with a given evaluation metric. Another interest-
ing direction entails providing additional filters such as
lexical, morphological, and syntactic features. We also
plan to integrate human-in-the-loop evaluation in our
platform to supplement our automatic metrics.
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