





feature name description

action_component ought verbs, try verbs, travel verbs, descriptive action verbs
affect_friends_and_family_component affect nouns, participant affect, kin noun, affiliation nouns
certainty_component sureness nouns, quantity

economy_component economy words

failure_component power loss verbs, failure verbs
fear_and_digust_component fear- / disgust- / negative nouns

joy_component joy adjectives

negative_adjectives_component negative adjectives

objects_component objects

polarity _nouns_component polarity nouns, aptitude nouns, pleasantness nouns
polarity _verbs_component polarity verbs, aptitude verbs, pleasantness verbs
politeness_component politeness nouns

positive_adjectives_component positive adjectives

positive_nouns_component positive nouns

positive_verbs_component positive verbs

respect_component respect nouns

social_order_component ethic verbs, need verbs, rectitude words
trust_verbs_component trust verbs, joy verbs, positive verbs
virtue_adverbs_component hostility adverbs, rectitude gain adverbs, sureness adverbs
well_being_component well-being words

Table 16: Sentiment features: overview. Total number: 20

(a) no reference to common good (b) referernce to own country

(c) reference to common good

Figure 5: Beeswarm plot for COMMON GOOD. The horizontal location shows whether the effect of that value is
associated with a higher or lower prediction. Color shows whether that feature value is high (in red) or low (in
blue)
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Figure 6: Beeswarm plot for INTERACTIVITY. The horizontal location shows whether the effect of that value is
associated with a higher or lower prediction. Color shows whether that feature value is high (in red) or low (in

blue)
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Figure 7: Beeswarm plot for RESPECT. The horizontal location shows whether the effect of that value is associated
with a higher or lower prediction. Color shows whether that feature value is high (in red) or low (in blue).
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class

content words

function words

inferior

qualified

no justification

sophisticated

not, country, can, have, is, countries, people,
should, there, problem, be, so, EU, example,
’t”, culture, , think, problems

country, people, can, have, should, countries,
not, think, Europe, must, be, problem, EU,
is, problems, different, are, agree, money

is, are, question, immigrants, not, ’s”, t”,
So, illegal, know, do, people, Germany, also,
language

country, countries, people, borders, immi-
gration, money, should, must, cannot, pop-
ulation, think, companies, problem, pay, not,
economic, misery, life, bad

we, to, the, that, I, of, in, it, a, because, .
because, to, if, we, the, that, of, I, for, a, .
the, I, to, that, and, of, a, they, it, who, ., ?, :,

because, I, a, of, to, our, and, the, in, who, .

Table 17: Most frequent words with high attributions for JUSTIFICATION. Model: roberta-augment

class

content words

function words

common good

own country

no reference

Europe, European, EU, should, not, coun-
tries, is, can, global, think, agree, Well, Eu-
ropeans, member, level, would, are, so
immigrants, immigration, country, people, is,
countries, have, there, are, illegal, work, le-
gal, know, language, ”’s”, example, not, prob-
lem,

immigrants, country, immigration, problem,
countries, Spain, France, Poland, are, Ger-
many, work, know, Hungary, have, problems,
illegal, more, people, not

we, the, to, I, and, that, in, one, 27, us, .

the, of, a, to, about, who, in, that, what, I, .

in, to, the, I, from, each, their, our, of, all, .

Table 18: Most frequent words with high attributions for COMMON GOOD. Model: roberta-augment

class

content words

function words

neutral

no reference

negative

positive

immigrants, problem, immigration, there,
have, illegal, example, are, is, not, ’s”, know,
different, people, ’t”, do, question, come
immigrants, immigration, illegal, have, peo-
ple, example, country, not, is, countries, prob-
lem, are, say, come, should, be, borders

say, not, are, ’t”, can, have, , whole, world,
money, put, children, ”’s”, So, saying, nothing,
doesn, is, EU

agree, good, true, very, right, should, also,
problem, immigration, think, is, example, im-

portant, said, always, ”’s”, not, So, totally

to, the, that, I, a, of, in, about, for, this, ., ?

the, to, a, I, of, in, that, who, we, about, ., ?

a, I, their, to, them, us, my, we, all, they, .

I, with, Yes, that, the, this, because, like, it,
you, .

Table 19: Most frequent words with high attributions for INTERACTIVITY. Model: roberta-augment
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class

content words

function words

implicit

disrespectful

explicit

countries, country, immigration, people,
problem, have, money, work, would, there,
European, immigrants, solution, should,
question, EU, policy, be, problems

language, are, have, integrate, bian, is,
Poland, problem, ”’s”, Germany, know, has,
immigrants, here, then, region, whole

people, immigrants, would, life, illegal, live,
problems, better, Europe, do, money, not,
opinion, have, is, always, are, human, eat

to, the, a, this, in, I, we, of, that, for, .

the, I, you, to, and, of, That, that, with, their,

()

to, these, the, in, that, of, them, if, I, we, .

Table 20: Most frequent words with high attributions for RESPECT. Model: roberta-augment

#s As far as the discussion is concerned ; we have been saying that within the EU , there are countries where the economic

development is far lower than in other countries . That is why the EU funds could be invested in those less developed countries ,

in order to make their chances equal to everyone . That would mean that EU countries should contribute a part of the generated

wealth and welfare to the poorer . #/s

(a) COMMON GOOD: example for reference to common good

#s Yes , two examples of values : I think in Western Europe , for example , I take the image of women or I take the point

of view of revenge , which is clearly differently formed and translated into norms in the realm of Islam and also in their

peoples than in ours . I do believe that there Europe and Islam are clearly different . #/s

(b) RESPECT: disrespectful contribution

Figure 8: Examples of Europolis with highlighted important words picked up by the best model: green words have
a positive effect on the corresponding class and red words a negative effect.
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